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I. Background and Report Structure
To assist the Village Board and the Wilmette community in determining whether Wilmette
should accept Cook County ordinances on minimum wage and paid sick leave, the Working
Group was charged with identifying the information that should be considered in making these
determinations.
The Working Group first met on January 8, 2018, and after seven meetings agreed on the
recommendations in this report. The recommendations are organized in the following sections:
I.
II.
III.
IV.
V.

Summary of the Ordinances
How to Weigh Different Types of Data
Questions about Minimum Wage
Questions about Paid Sick Leave
List of Appendices

The Working Group recommends that Trustees and members of the Wilmette community read
the Report in sequence, as interpreting the information presented for each of the questions
requires familiarity with the ordinances, types of data, studies, and other information.
The appendices themselves are provided in a separate document, which can be referenced by
Trustees and members of the community who are interested in the studies themselves or other
information deemed relevant by the Working Group.
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II. SUMMARY OF THE COOK COUNTY ORDINANCES
In collaboration with Village Staff, the Working Group approved the summary (Table below and
in Appendix 1) of basic facts of each ordinance. We encourage Trustees and the public to
familiarize themselves with these facts before considering the data in subsequent sections.
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III. HOW TO INTERPRET DIFFERENT TYPES OF DATA
To help interpret the volumes of data, studies and reports, some of them apparently
contradictory, the Working Group developed a framework for identifying a hierarchy of
information, starting with the most reliable and proceeding to what is less reliable (and, in
some cases, even to be avoided). This hierarchy is summarized in the table below.
Type Description
A
Facts and Data

B1

B2

C

I

Peer-reviewed
studies and metastudies of relevant
situations

Non-peer reviewed
studies (e.g., working
papers, papers from
advocacy groups)
Surveys about
current practices or
opinions

Information

Value / weight to give
While few questions will be answered fully by simple facts and data,
misconceptions can be clarified and the basis for more complex
analysis established.
Weight to give: Very High
Similar ordinances to those passed by Cook County have been
implemented in other regions. Where results have been studied and
published in peer reviewed journals, high weight should be given to
the conclusions. In particular, meta-studies (reviews of multiple
studies) are most illuminating.
Weight to give: High
While non-peer reviewed studies can provide ideas and raise
important questions, their recommendations should be interpreted
with caution, especially for those produced by advocacy groups.
Weight to give: Moderate, depending on availability of other, peer
reviewed studies
If constructed carefully to ensure that results are representative and
avoid speculation about future actions, surveys can provide
important input for Trustees on the opinions and current practices of
stakeholders. Survey questions which ask respondents to speculate
about future behavior should be avoided wherever possible and such
speculative responses weighed accordingly in light of the challenges
associated with predicting future behavior and respondents’ inherent
self-interest.
Weight to give: Moderate to High, for questions that are based on
current opinions and beliefs with low weight and great caution about
speculation regarding future purchasing decisions.
The Working Group identified qualitative background material that
may be relevant to the Village Board.
Weight to give: Information only
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IV. Questions On Minimum Wage
1. Who are the workers (i.e., demographics and why they work) who would be impacted by a
change in minimum wage?
Why does this matter?
To understand the employees that will be impacted by the change in minimum wage. The Cook
County Ordinance exempts businesses with less than four employees, employees under the age
of 18, trainees during their first 90 days of employment, and certain other employees; the Cook
County Ordinance also has different pay regulations for tipped employees. Understanding the
employees impacted by the Ordinance will help answer Question #4 below (what are the
impacts on Wilmette employees).
What does the data say?
Data Type: A (Facts and Data)
Source: Illinois Department of Employment Security (IDES)
Detail in: Appendix 2
IDES defines low-wage workers as those earning $1,250 per month or less:
• 1,347 of 6,557 workers in Wilmette are low-wage workers making less than $1,250 per
month in their primary job (about 20% of all Wilmette workers are low-wage)
• 250 (nearly 20%) low-wage workers in Wilmette live in Wilmette
• An estimated 70-80% of low-wage workers in Wilmette are working to support families,
rather than in “starter” or summer jobs
• Of the low-wage workers who are older than 29, nearly 2/3 have some college
education
• The vast majority of low-wage workers in Wilmette work in four sectors:
-

Retail (460 or 34%)
Hotel and Food Services (298 or 22%)
Other Services (142 or 11%)
Health Care and Social Assistance (133 or 10%)

Data Type: C (Surveys about current practices or opinions)
Source: Survey of Wilmette Business Owners
Details in Appendix: 3
The Working Group conducted an online and paper survey of Wilmette business owners. Of 558
licensed businesses, 220 responded (a 39% response rate).
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Below are four tables that characterize the type of worker employed in Wilmette (full-time,
part-time, temporary, under 18, tipped) and the pay rates for workers in Wilmette.

8

9

Question 2: What businesses might be impacted by a change in the minimum wage?
Why does this matter?
To understand the businesses that might be impacted by a change in minimum wage. The
Village has approximately 560 licensed businesses and some sectors tend to have more and
some fewer minimum wage workers. The Cook County Ordinance exempts businesses with
fewer than 4 employees, employees under the age of 18, trainees during their first 90 days of
employment, and certain other employees; the ordinance has different pay regulations for
tipped employees. Understanding the businesses impacted by the Ordinance will help answer
Question #5 below (what might be the impacts to Wilmette businesses).
What does the data say?
Data Type: A (Facts and Data)
Source: Village of Wilmette Business License Data
The table and chart below show the number of licensed businesses in each sector in Wilmette.
Categories Businesses
Food Service
59
Retail
96
Health Care
70
122
Service
Professional
65
Non-Profit
11
Other
41
Total
464

DISTRIBUTION OF LICENSED BUSINESSES
Other
9%

Non-Profit
2%

Food Service
13%

Professional
14%
Retail
21%

Service
26%

Health Care
15%

The total number of 464 licensed business is less than the total number of employers in
Wilmette (558) because churches, schools, units of local government and home occupations are
not required to obtain a local business license, though some voluntarily do, and are therefore
not reflected in these numbers.
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Question 3A: What is the cost of living in Wilmette and other places where Wilmette's lowwage workers live vs. other regions of the State?
Why does this this matter?
The primary rationale for a minimum wage that is different in one region of a state vs. another
is that the cost of living (and hence what defines a “living wage”- see page 12 for a definition of
living wage) can differ by region.
What does the data say?
Data Type: A (Facts and Data)
Source: US Department of Commerce, Bureau of Economic Analysis (www.bea.gov)
The cost of living, as measured by Regional Price Parity, 1 is about 20% higher in the Chicago
Region than in the rest of the State of Illinois:
Regional Price Parity for United States, Chicago MSA, and rest of IL
US
Chicago MSA 2
Rest of Illinois
100
104.6
85.2
Question 3B: What constitutes a “living wage” (in terms of hourly rate equivalent) for
workers living in Cook County? How do the current proposed minimum wage rates compare
to the generally accepted “living wage” in Cook County?
Why does this matter?
The rationale for a higher minimum wage is that those who work full-time and depend on work
to support their families should not, because of a low wage rate, be forced to live in poverty or
rely on public assistance; i.e., they should earn a “living wage.”
What does the data say?
Data Type: A (Facts and Data)
Source: MIT Living Wage Calculator for Cook County. http://livingwage.mit.edu/counties/17031
The living wage, as estimated by the MIT Living Wage Calculator, is the hourly rate that
an individual must earn to support his or her family, if that person is working full-time (2080
hours per year). All values are per adult in a family unless otherwise noted.
Regional Price Parities (RPPs) measure the differences in price levels across states and metropolitan
areas and are expressed as a percentage of the overall national price level. All items RPPs cover all
consumption goods and services, including rents.
2
A Metropolitan statistical area (MSA) is a geography having a high degree of social and economic
integration. The Chicago MSA includes Cook, DeKalb, DuPage, Grundy, Kendall, Lake, McHenry, and Will
Counties. Thus, workers living in Wilmette or in the surrounding communities have similar costs of living,
about 20% greater than the rest of Illinois.
1
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2 Adults
(1 Working)

2 Adults
(1 Working)
3 Children

1 Adult 1 Child

$13.30

$26.98

$38.58

$21.03

$30.08

current

$8.25

$8.25

$8.25

$8.25

$8.25

2018

$11

$11

$11

$11

$11

2019

$12

$12

$12

$12

$12

2020

$13

$13

$13

$13

$13

Cook County
Minimum Wage

Living Wage per
MIT Calculator

1 Adult

1 Adult
3 Children

2 Adults
(both working fulltime)

2 Adults
(both working)
1 Child

2 Adults
(both working fulltime) 2 Children

2 Adults
(both working fulltime) 3 Children

$10.51

$14.36

$17.01

$19.61

Current

$8.25

$8.25

$8.25

$8.25

2018

$11

$11

$11

$11

2019

$12

$12

$12

$12

2020

$13

$13

$13

$13

Hourly Wages

Cook County
Minimum Wage

Living Wage per
MIT Calculator

The MIT model is a market-based approach that draws on geographically specific expenditure
data related to a family’s likely minimum food, childcare, health insurance, housing,
transportation, and other basic necessities (e.g. clothing, personal care items, etc.) costs to
determine the minimum employment earnings necessary to meet a family’s basic needs while
also maintaining self-sufficiency.
The model accounts for only the basic needs of a family and does not allow for example preprepared meals or those eaten in restaurants. It does not include money for entertainment nor
does it allocate leisure time for unpaid vacations or holidays. It also does not provide a financial
means for planning for the future through savings and investment or for the purchase of capital
assets (e.g. provisions for retirement or home purchases). The model is the minimum income
standard that, if met, draws a very fine line between the financial independence of the working
poor and the need to seek out public assistance or suffer consistent and severe housing and
food insecurity.3

3

livingwage.mit.edu
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Question 4: What might be the impact of increasing the minimum wage on employees in
Wilmette?
Why does this matter?
The primary rationale for raising the minimum wage for employees is that it will increase the
opportunity for work to serve as a path out of poverty and allow those who work to support the
basic needs of themselves and their families. A concern with raising the minimum wage for
employees is that some low wage jobs may be lost or the hours of work of some employees
may be reduced, i.e., it would have a negative impact on overall employment.

What does the data say?
Data Type: B1 (peer reviewed or meta studies)
Sources:
• Doucouliagos and Stanley, “Public Selection Bias in Minimum Wage Research? A MetaRegression Analysis” (2009) – A peer-reviewed meta study – (Abstract only provided below)
•

Belman, Wolfson, and Nawakitphaitoon, “Who is Affected by the Minimum Wage?” (2015) A peer-reviewed study (Appendix 4)

The peer-reviewed studies reviewed by the Working Group suggest one of two impacts of
raising the minimum wage on employment: either no impact, or negative impact for a small
percentage of workers. Abstracts from the two most relevant (peer reviewed studies) are
provided below. Given the technical nature of the studies, the Working Group determined it
would appropriate to provide one study in full in the appendices (Belman, Wolfson,
Nawakitphaitoon) and only the abstract of the Doucouliagos and Stanley study.
Doucouliagos and Stanley, “Public Selection Bias in Minimum Wage Research? A MetaRegression Analysis” (2009)
Card and Krueger’s meta-analysis of the employment effects of minimum wages
challenged existing theory. Unfortunately, their meta-analysis confused publication
selection with the absence of a genuine empirical effect. We apply recently
developed meta-analysis methods to 64 US minimum-wage studies and corroborate
that Card and Krueger’s findings were nevertheless correct. The minimum-wage
effects literature is contaminated by publication selection bias, which we estimate to
be slightly larger than the average reported minimum wage effect. Once this
publication selection is corrected, little or no evidence of a negative association
between minimum wages and employment remains [emphasis added only to
direct reader’s attention to conclusion].
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Belman, Wolfson, and Nawakitphaitoon, “Who is Affected by the Minimum Wage?” (2015)
Prior surveys of empirical research on the minimum wage have been organized
around the question “What does the minimum wage affect?” This survey is
organized around the question “Who is affected by the minimum wage?” We review
the consequences of the minimum wage for teens and young workers, men and
women, African Americans and Hispanics, the less educated, workers in low-wage
industries, and low-wage/low-income populations. Although there is almost
universal agreement that the minimum wage boosts earnings, evidence for a
negative employment effect varies between mixed and nonexistent. An important
gap in the literature is the paucity of research on low-wage/low-income groups
[emphasis added only to direct reader’s attention to conclusion].
Data Type: B2 (non-peer reviewed working papers)
Sources:
• Congressional Budget Office, “The Effects of a Minimum-Wage Increase on Employment and
Family Income” (2014) (Appendix 5)
• Schmitt, “Why Does the Minimum Wage Have No Discernible Effect on Employment” (2013)
(Appendix 6)
• Jardim, Long, Plotnick, Inwegen, Vigdor, Wething, “Minimum Wage Increases, Wages, and LowWage Employment: Evidence From Seattle” (2017) (Appendix 7)
• Reich, Allegretto, and Godoey, “Seattle’s Minimum Wage Experience 2015-16” (2017)
(Appendix 8)
While not meeting the highest bar for consideration, the Working Group found four working
papers particularly enlightening and worth considering. The two working papers in this section
regarding the impact of the Seattle minimum wage highlight the problematic nature of utilizing
non-peer reviewed working papers as opposed to peer-reviewed studies. Working papers are
often amended over time and rebutted by other working papers and thus the Working Group
recommends greater weight be given to the peer-reviewed studies noted on page 13 of this
report.
Congressional Budget Office, “The Effects of a Minimum-Wage Increase on Employment and
Family Income” (2014)
Increasing the minimum wage would have two principal effects on low-wage
workers. Most of them would receive higher pay that would increase their family’s
income, and some of those families would see their income rise above the federal
poverty threshold. But some jobs for low-wage workers would probably be
eliminated, the income of most workers who became jobless would fall
substantially, and the share of low-wage workers who were employed would
probably fall slightly [emphasis added only to direct reader’s attention to
conclusion].
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Schmitt, “Why Does the Minimum Wage Have No Discernible Effect on Employment” (2013)
The employment effect of the minimum wage is one of the most studied topics in all
of economics. This report examines the most recent wave of this research – roughly
since 2000 – to determine the best current estimates of the impact of increases in
the minimum wage on the employment prospects of low-wage workers. The weight
of that evidence points to little or no employment response to modest increases in
the minimum wage.
The report reviews evidence on eleven possible adjustments to minimum-wage
increases that may help to explain why the measured employment effects are so
consistently small. The strongest evidence suggests that the most important
channels of adjustment are: reductions in labor turnover; improvements in
organizational efficiency; reductions in wages of higher earners ("wage
compression"); and small price increases.
Given the relatively small cost to employers of modest increases in the minimum
wage, these adjustment mechanisms appear to be more than sufficient to avoid
employment losses, even for employers with a large share of low-wage workers
[emphasis added only to direct reader’s attention to conclusion].
Jardim, Long, Plotnick, Inwegen, Vigdor, Wething, “Minimum Wage Increases, Wages, and LowWage Employment: Evidence From Seattle” (2017)
This paper evaluates the wage, employment, and hours effects of the first and
second phase-in of the Seattle Minimum Wage Ordinance, which raised the
minimum wage from $9.47 to $11 per hour in 2015 and to $13 per hour in 2016.
Using a variety of methods to analyze employment in all sectors paying below a
specified real hourly rate, we conclude that the second wage increase to $13
reduced hours worked in low-wage jobs by around 9 percent, while hourly wages
in such jobs increased by around 3 percent. Consequently, total payroll fell for such
jobs, implying that the minimum wage ordinance lowered low-wage employees’
earnings by an average of $125 per month in 2016. Evidence attributes more
modest effects to the first wage increase. We estimate an effect of zero when
analyzing employment in the restaurant industry at all wage levels, comparable to
many prior studies [emphasis added only to direct reader’s attention to
conclusion].
Reich, Allegretto, and Godoey, “Seattle’s Minimum Wage Experience 2015-16” (2017)

This brief on Seattle’s minimum wage experience represents the first in a series that
CWED will be issuing on the effects of the current wave of minimum wage policies—
those that range from $12 to $15. Upcoming CWED reports will present similar
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studies of Chicago, Oakland, San Francisco, San Jose and New York City, among
others. The timing of these reports will depend in part upon when quality data
become available. We focus here on Seattle because it was one of the early movers.
Seattle implemented the first phase of its minimum wage law on April 1, 2015,
raising minimum wages from the statewide $9.47 to $10 or $11, depending upon
business size, presence of tipped workers and employer provision of health
insurance. The second phase began on January 1, 2016, further raising the minimum
to four different levels, ranging from $10.50 to $13, again depending upon employer
size, presence of tipped workers and provision of health insurance. The tip credit
provision was introduced into a previously no tip credit environment. Any
assessment of the impact of Seattle’s minimum wage policy is complicated by this
complex array of minimum wage rates. This complexity continues in 2017, when the
range of the four Seattle minimum wages widened, from $11 to $15, and the state
minimum wage increased to $11.
We analyze county and city-level data for 2009 to 2016 on all employees counted in
the Quarterly Census of Employment and Wages and use the “synthetic control”
method to rigorously identify the causal effects of Seattle’s minimum wage policy
upon wages and employment. Our study focuses on the Seattle food services
industry. This industry is an intense user of minimum wage workers; if wage and
employment effects occur, they should be detectable in this industry. We use county
level data from other areas in Washington State and the rest of the U.S. to construct
a synthetic control group that matches Seattle for a nearly six year period before the
minimum wage policy was implemented. Our methods ensure that our synthetic
control group meets accepted statistical standards, including not being
contaminated by wage spillovers from Seattle. We scale our outcome measures so
that they apply to all sectors, not just food services.
Our results show that wages in food services did increase—indicating the policy
achieved its goal—and our estimates of the wage increases are in line with the
lion’s share of results in previous credible minimum wage studies. Wages increased
much less among full-service restaurants, indicating that employers made use of
the tip credit component of the law. Employment in food service, however, was not
affected, even among the limited-service restaurants, many of them franchisees,
for whom the policy was most binding. These findings extend our knowledge of
minimum wage effects to policies as high as $13. [emphasis added only to direct
reader’s attention to conclusion].

16

Question 5: What might be the impact of increasing the minimum wage on businesses in
Wilmette?
Why does this matter?
The most common concerns with raising the minimum wage is that businesses may be at a
competitive disadvantage and higher labor costs will force businesses to reduce employment,
close, move, or not open in Wilmette. At the same time, one rationale for increasing the
minimum wage is that it can enhance the recruitment and retention of good employees who
are important to the success of local businesses and the local economy.
The Working Group identified four sources of information relevant to this question:
A. Studies of Cross Border Impacts
B. Broader Studies on Business Impacts
C. Surveys of the Wilmette Business Community, North Shore Municipal Staff, North Shore
Businesses
D. Recent Tax Law Changes on Small Businesses
A. Cross Border Impacts – what does the data say?
Data Type: A (Facts and Data)
Source: Illinois Department of Employment Security, Where Workers Work (2017)
In December of 2014, the City of Chicago passed an ordinance that required annual increases
in the minimum wage starting July 1, 2015, from the State minimum wage of
$8.25/hour (currently the minimum wage in Wilmette) to $10.00 in 2015, $10.50 in 2016, and
$11.00 in 2017. During this time, the minimum wage in Suburban Cook County remained fixed,
at the State minimum wage of $8.25/hour.
Data from the Illinois Department of Employment Security demonstrates that there was no
correlation over the two years of minimum wage increase in Chicago between job growth in
Chicago and in Suburban Cook County, in either the aggregate or along border municipalities
and abutting Chicago neighborhoods [emphasis added only to direct reader’s attention to
conclusion].
In the aggregate (first chart on the following page) private sector job growth from 2015-16 in
Chicago and Suburban Cook County was roughly equal (1.7% in both the City and Suburban
Cook County) in the first year of implementing Chicago’s minimum wage increase. After the
second increase in Chicago (2016-17) job growth in the City was much greater (2.1%) than in
Suburban Cook County, where minimum wage remained fixed at $8.25/hour and employment
growth was essentially flat.
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Along borders (second chart below) there was likewise no correlation between minimum wage
increases and job growth. Each data point in Chart 2 represents growth in a border
municipality (y-axis) and abutting Chicago neighborhood (x-axis). The solid line represents
equal growth in both the border municipality and abutting Chicago neighborhood. Data points
above the line represent faster job growth in border municipalities and data points below the
line represent faster job growth in Chicago border neighborhoods. As evidenced by the broad
scattering of data points above and below the line, there is no statistical correlation between
increases in minimum wage and job growth along abutting Chicago / municipal borders.
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Data Type: B2 (non-peer reviewed working papers)
Sources:
• Dube, Lester, and Reich, “Minimum Wage Effects Across State Borders: Estimates Using
Contiguous Counties” (2010) (Abstract only provided below)
• Neumark, Salas, and Wascher, “More on recent evidence on the effects of minimum wages
in the United States” (2014) (Abstract only provided below)
In addition to the data from IDES, the Working Group reviewed economic studies related to this
question and identified two relevant studies. While not peer-reviewed, these studies provide
some insight into potential effects, concluding that there is either no effect or a limited adverse
effect involving job loss for very low skilled workers, especially teens. Note: The Cook County
Minimum Wage law exempts employees under the age of 18.
Dube, Lester, and Reich, “Minimum Wage Effects Across State Borders: Estimates Using
Contiguous Counties” (2010)
We use policy discontinuities at state borders to identify the effects of minimum
wages on earnings and employment in restaurants and other low-wage sectors. Our
approach generalizes the case study between 1990 and 2006. We compare all
contiguous county-pairs in the United States that straddle a state border and find no
adverse employment effects. We show that traditional approaches that do not
account for local economic conditions tends to produce spurious negative effects
due to spatial heterogeneities in employment trends that are unrelated to
minimum wage policies. Our findings are robust to allowing for long-term effects
of minimum wage changes [emphasis added only to direct reader’s attention to
conclusion].
Neumark, Salas, and Wascher, “More on recent evidence on the effects of minimum wages in
the United States” (2014)
A central issue in estimating the employment effects of minimum wages is the
appropriate comparison group for states (or other regions) that adopt or increase
the minimum wage. In recent research, Dube et al. (Rev Econ Stat 92:945-964, 2010)
and Allegretto et al. (Ind Relat 50:205-240, 2011) argue that past U.S. research is
flawed because it does not restrict comparison areas to those that are
geographically proximate and fails to control for changes in low-skill labor markets
that are correlated with minimum wage increases. They argue that using “local
controls” establishes that higher minimum wages do not reduce employment of
less-skilled workers. In Neumark et al. (Ind Labor Relat Rev 67:608-648, 2014), we
present evidence that their methods fail to isolate more reliable identifying
information and lead to incorrect conclusions. Moreover, for subsets of treatment
groups where the identifying variation they use is supported by the data, the
evidence is consistent with past findings of disemployment effects. Allegretto SA,
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Dube A, Reich M, Zipperer B (2013a) Credible research designs for minimum wage
studies. IZA Discussion Paper No. 7638, Bonn, Germany have challenged our
conclusions, continuing the debate regarding some key issues regarding choosing
comparison groups for estimating minimum wage effects. We explain these issues
and evaluate the evidence. In general, we find little basis for their analyses and
conclusions and argue that the best evidence still points to job loss from minimum
wages for very low-skilled workers – in particular, for teens [emphasis added only
to direct reader’s attention to conclusion].
B. Broader Studies on Business Impacts – what does the data say?
Data Type: B2 (non-peer reviewed working papers)
Sources:
• Schmitt, “Why Does the Minimum Wage Have No Discernible Effect on Employment” (2013)
(Appendix 6)
• Luca and Luca, “Survival of the Fittest: The Impact of the Minimum Wage on Firm Exist”
(2017) (Appendix 9)
The Working Group reviewed economic studies related to this question and identified two
relevant studies. While not peer-reviewed, these studies provide some insight into
potential effects on businesses. A note from the Working Group on the Luca and Luca
study: literature regarding the impacts of the minimum wage is almost entirely focused on
the impacts on employment; this is the only study the Working Group found that addresses
the specific impact on business entities.
Schmitt, “Why Does the Minimum Wage Have No Discernible Effect on Employment” (2013)
The employment effect of the minimum wage is one of the most studied topics in all
of economics. This report examines the most recent wave of this research – roughly
since 2000 – to determine the best current estimates of the impact of increases in
the minimum wage on the employment prospects of low-wage workers. The weight
of that evidence points to little or no employment response to modest increases in
the minimum wage.
The report reviews evidence on eleven possible adjustments to minimum-wage
increases that may help to explain why the measured employment effects are so
consistently small. The strongest evidence suggests that the most important
channels of adjustment are: reductions in labor turnover; improvements in
organizational efficiency; reductions in wages of higher earners ("wage
compression"); and small price increases.
Given the relatively small cost to employers of modest increases in the minimum
wage, these adjustment mechanisms appear to be more than sufficient to avoid
20

employment losses, even for employers with a large share of low-wage workers
[emphasis added only to direct reader’s attention to conclusion].
Lucas and Luca, “Survival of the Fittest: The Impact of the Minimum Wage on Firm Exit”
(2017)
We study the impact of the minimum wage on firm exit in the restaurant industry,
exploiting recent changes in the minimum wage at the city level. The evidence
suggests that higher minimum wages increase overall exit rates for restaurants.
However, lower quality restaurants, which are already closer to the margin of exit,
are disproportionately impacted by increases to the minimum wage [emphasis
added only to direct reader’s attention to conclusion]. Our point estimates suggest
that a one dollar increase in the minimum wage leads to a 14 percent increase in the
likelihood of exit for a 3.5-star restaurant (which is the median rating), but has no
discernible impact for a 5-star restaurant (on a 1 to 5 star scale).
C. Surveys of the Wilmette Business Community, North Shore Municipal Staff, and North
Shore Businesses – what does the data say?
Data Type: C (Surveys about current practices or opinions)
Source: Survey of the Wilmette Business Community
Details in Appendix 3
The Working Group conducted an online and paper survey of Wilmette business owners. Of 558
licensed businesses (including the 94 businesses that have voluntarily sought licenses), there
were 220 respondents (a 39% response rate). Full results are included in Appendix 3.
The survey found the following:
•

54% of Wilmette business owners responding to the survey oppose the minimum wage
increase while 44% support the increase (2% did not answer the question)

•

Of the three sectors with the most low wage workers:
o 70% of restaurant respondents oppose the minimum wage increase
o 70% of retail respondents oppose the minimum wage increase
o 53% of service respondents oppose the minimum wage increase
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Data Type: C (Surveys about current practices or opinions)
Source: Survey of the Business Owners in North Shore Communities
Details in Appendix 10
Note: The following information may not be representative of the North Shore business
community due to the low number of respondents.
The Minimum Wage & Paid Sick Leave Working Group asked Village staff to interview
businesses to help understand the effects of the Cook County Ordinances. Questions for the
interviews were developed by the Working Group. Village staff reached out to business owners
of surrounding communities that did not opt out of the Cook County Ordinances or who did not
have an option because they are not Home Rule municipalities. These communities include
Glencoe, Winnetka, Skokie and Evanston. Below is a summary of the responses to those
interviews.
As instructed, all interviews were conducted over the phone anonymously. An attempt was
made to obtain an equal proportion of surveys from business categories in other communities
as exist in Wilmette. For example, if 21% of the businesses in Wilmette are retailers, 21% of the
survey responses would be from retailers. This proved to be difficult, as most businesses did
not wish to participate in the survey.
Of the 70 businesses contacted only eight businesses agreed to be interviewed. Four were
retailers, two were restaurants and two were professional businesses. Many questions were
not answered because the business did not wish to answer the question or were not sure how
to answer the question.
Minimum Wage Question Results
•
•
•
•

Three retailers had less than 4 employees and were not subject to the ordinance
One retailer already paid above minimum wage
Two restaurants said they were impacted and increased prices, but did not want to
quantify
Two professional offices already paid above minimum wage

Sick Leave Question Results
•
•
•
•

One business started providing paid sick leave
Two businesses were unaware of the paid sick leave ordinance
Four businesses were already providing paid sick leave
One business did not respond to the question

Three businesses track sick time manually, three use computer software and one outsources
this function. The one business who outsources tracking is a professional office with 22
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employees. This business provided paid time off and outsourced payroll prior to the Cook
County ordinance. Thus, we are unable to quantify the additional costs, if any, to administer
paid sick leave.
When asked if the minimum wage and paid sick leave ordinances would be a factor in opening
or relocating their business, three of the eight businesses provided a response. Two businesses
said it would not be a factor and one business said it would account for 5-10% of their decision.
Data Type: C (Surveys about current practices or opinions)
Source: Survey of North Shore Municipalities
Details in Appendix: 10
Note: The following information may not be representative of North Shore municipalities due to
the low number of respondents.
The Minimum Wage & Paid Sick Leave Working Group asked Village staff to interview municipal
staff in other North Shore communities to help understand the effects of the Cook County
Ordinances. Questions for the interviews were developed by the Working Group. Village staff
reached out to municipal officials of surrounding communities that have not opted out of the
Cook County Ordinances or that did not have an option because they are not Home Rule
municipalities. These communities include Glencoe, Winnetka, Skokie and Evanston. Each of
these contacts were made via phone calls placed with economic development offices or
municipal administration.
None of the communities agreed to respond to the survey questions. While Glencoe did not
formally respond to the questions, they did say too little time has passed to gain much insight
into the impact of the ordinances. In addition, no businesses had contacted Glencoe to express
concern or support about the ordinances since they became effective in July of 2017.
Skokie and Winnetka stated they did not wish to participate in the surveys after checking with
municipal administration (Winnetka letter to the Village of Wilmette can be found at the end of
Appendix 10). In those cases, they felt the issue was still very sensitive in their business
community. They did not want to initiate/re-open debate by participating in the survey.
Evanston did not respond to our inquiries. None of the four communities wished to assist the
Village in finding potential businesses to survey.
D. Impact of Tax Law Changes on Small Businesses– what does the information say?
Data Type: I (Information)
Source: Memorandum from Wilmette resident Gina Kennedy
Details in Appendix: 11
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One concern expressed with raising the minimum wage is that businesses may have to
raise prices to compensate for the resulting increase in labor costs. Recently, major
changes were made in federal income tax laws, effective January 1 of this year, that,
among other things, reduces the income tax burden on businesses generally. Proponents
for these changes have asserted that this reduction in the federal tax burden would afford
businesses with the capital needed to increase employee compensation and hire additional
workers. However, the actual impact of these tax law changes are, of course, unknowable
at present.
Village resident Gina Kennedy, an attorney who specializes in federal tax issues affecting
corporate transactions, submitted a memorandum summarizing the recent tax law changes
applicable to business entities. It should be noted that the tax benefits described in this
section are not as significant for businesses that are marginally profitable or operating at a
loss. Ms. Kennedy summarizes the changes as follows:
The changes in federal tax law effectuated by the Act are among the most wideranging in recent decades. Overall, they will result in a significant reduction in the
federal tax obligations (and, in some cases, a corresponding reduction in the state
tax obligations) of businesses and their owners. While these benefits are not evenly
distributed across businesses -- larger businesses clearly stand to gain more than
smaller ones, in general, and certain classes of businesses are favored over others -most businesses and their owners will realize a substantial increase in their after-tax
income.
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Question 6: What might be the impact of increasing the minimum wage on Wilmette as a
community?
Why does this matter?
There are a number of possible impacts to the community of raising or not raising the minimum
wage. These may include, but are not limited to, the following: 1) Raising the minimum wage
might lead to increased prices for goods and services and uncertainty whether customers will
continue to patronize businesses; 2) Not raising the minimum wage might diminish the
perception of Wilmette as a thriving community that values the welfare of its workers; 3)
Raising the minimum wage might diminish the perception of Wilmette as an economically
attractive place to do business and might present an obstacle to the Village’s future economic
development efforts and ability to recruit new businesses; 4) Raising the minimum wage would
be consistent with the outcome of the 2014 statewide advisory referendum in Wilmette,
although the minimum wage rate presented in that referendum ($10 per hour effective January
1, 2015 on a statewide basis) is different from the minimum wage rates contained in the
County's minimum wage ordinance.
The Working Group reviewed this question in three separate parts:
A. Survey of Wilmette Residents
B. Survey of North Shore Commercial Brokers
C. Feedback from the Wilmette Faith Community
A. Survey of Wilmette Residents – what does the data say?
Data Type: C (Surveys about current practices or opinions)
Source: Fallon Research & Communications, Inc.
Details in Appendix: 12
The Working Group commissioned a phone survey of 300 4 Wilmette residents conducted by
Fallon Research & Communications, Inc.. This survey research data was gathered through
telephone interviews that specially-trained interviewers conducted with 303 randomly-selected
adult residents of the Village of Wilmette, Illinois, who had valid residential, VOIP or cellular
telephone numbers. The interviews were performed during the period of April 11, 2018
through April 13, 2018. The overall estimated margin of sampling error is +/- 5.62%, based on a
confidence level of 95%, although it varies for each individual question. This means that if this
survey were repeated, 95 times out of 100 the results would be within plus or minus 5.62% of
those provided herein. Some adjustments were made to weight the results toward
demographic and geographic characteristics of the village’s adult population, in order to
Although only 300 interviews were targeted by the Village, 303 were actually completed because simultaneous
interviews were conducted.

4
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account for under- and over-sampling that normally occurs as a result of the random selection
process, and to ensure that all major sub-groups are represented in proportion to their actual
percentages. Like all polls, this opinion survey research is subject to other possible sources of
error, such as unintentional bias in the wording of questions, data-entry error and nonresponse
bias.
While there were a total of 12 questions, the questions directly related to Minimum Wage are
as follows:

Appendix 12 includes the following data and information: 1) General survey results; 2) Crosstabulated survey results; 3) Report on the investigation of a resident survey incident.
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B. Survey of North Shore Commercial Brokers – what does the data say?
Data Type: C (Surveys about current practices or opinions)
Source: Phone Interviews Conducted by Village of Wilmette Staff
Details in Appendix: 10
The Minimum Wage & Paid Sick Leave Working Group asked Village staff to interview brokers
to help understand the effects of the Cook County Ordinances. Questions for the interviews
were developed by the Working Group. Three commercial real estate brokers were
interviewed. Each of them has listings throughout the North Shore with a good understanding
of local transactions. None of the brokers had heard the issue raised when discussing locations
with clients. They stated the most important factors tenants consider when selecting a location
are:
•
•
•

Price of rent
Physical location
Access to parking

The three brokers did not think the existence of the Cook County ordinances would attract or
discourage a tenant from locating in a particular community.
C. Feedback from the Wilmette Faith Community – what does the data say?
Data Type: I (Information)
Source: Letters from Members of the Wilmette Clergy
Details in Appendix: 13
At the suggestion of a Village resident, the Working Group solicited feedback from Wilmette
Clergy. A total of three Wilmette clergy members submitted written responses, all of whom
supported an increase in the minimum wage. A copy of the clergy responses can be found in
Appendix 13.
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V. Questions On Paid Sick Leave
1. Who are the workers (i.e., demographics and why they work) who would be impacted by
paid sick leave?
Why does this matter?
Unlike the minimum wage Ordinance, all employees (not including independent contractors)
are eligible for paid sick leave benefits under the County Ordinance. Understanding the
employees impacted by the Ordinance will help answer Question #6 below (what might be the
impacts on employees in Wilmette).
What does the data say?
Data Type: A (Facts and Data)
Source: Illinois Department of Employment Security
Detail in: Appendix 14
IDES provides the following data for all workers in Wilmette:
•
•
•
•

There are a total of 7,257 jobs in Wilmette
3,536 (48.7%) of workers in Wilmette are between the ages of 30 and 54
Workers in Wilmette are generally educated, nearly 3/4 have some college, an
associates, bachelors, or graduate degree
65% of workers in Wilmette work in five sectors:
o
o
o
o
o

Educational services (1,363 or 19%) 5
Retail (1,275 or 18%)
Hotel and food services (779 or 11%)
Health care and social assistance (634 or 9%)
Other services (569 or 8%)

Data Type: C (Surveys about current practices or opinions)
Source: Survey of Wilmette Business Owners
Details in Appendix: 3
The Working Group conducted an online and paper survey of Wilmette business owners. Of 558
licensed businesses, 220 responded (a 39% response rate). The survey results are included in
Appendix 3 and on the following page are two tables that summarize the paid time off provided
to workers in Wilmette.

Many educational service workers in Wilmette are exempt from the Ordinance as they work for a unit of local
government.

5
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The first charts demonstrates that 75% of responding businesses provide some form of paid
time off to full-time employees and 35% of responding businesses provide some form of paid
time off to part-time employees.

The second chart demonstrates that 95% of the responding businesses that offer paid time off
to full-time employees provide five or more days off per year and 77% of responding businesses
provide part-time employees with five or more days off.
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2. What might be the cost of providing paid sick leave to employees?
Why does this matter?
Employers have voiced concern about the cost of paying employees when they stay home sick.
Data Type: A (Facts and Data)
Source: Cost Model Developed by the Civic Consulting Alliance
Detail in: Appendix 15
A cost model developed by the Civic Consulting Alliance, which was utilized in the City of
Chicago’s 2016 Working Families Task Force report, found that paid sick leave would cost
employers 0.7 – 1.5% of payroll. The relevant excerpt from the Working Families Task Force
report can be found below:
The Task Force asked for a cost analysis to be done to determine the
recommendation’s potential cost implications for businesses. The model was built
based on the model used in the Mayor’s Minimum Wage Working Group. It relied
upon the best publicly available sources of data, including:
Bureau of Labor Statistics data on wages in the Chicago metropolitan statistical area,
Bureau of Labor Statistics data on the projected inflation in wages and healthcare, as
well as Congressional Budget Office estimates of the Consumer Price Index
Estimates of benefit costs to employers from the Bureau of Labor Statistics and
major payroll and accounting firms.
Using this information, the cost model provided an estimate of the potential costs.
Because of its underlying assumptions, the numbers it produced were not meant to
be taken as the certain outcome of any policy, but instead as a tool for the Task
Force to use when evaluating its proposals. Using the Task Force recommendations
discussed above (in particular, a 40 hour cap with one hour accrued for every 40
hours worked and a 20 hour cap on time rolling over from year to year), the model
projected that for a full-time, non-tipped worker making the median hourly wage in
the Chicago area in 2016, the proposals would cost employers:
0.8-1.5% of base wages
0.7-1.3% of compensation costs under current law for large companies
0.7-1.5% of compensation costs under current law for small companies
The ranges are based on different assumptions about usage, ranging from 40% (low)
to 80% (high). For reference, national estimates on usage range from two days in
leisure and hospitality to four days in professional services which would be between
40% to 80% of the proposed cap.
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The cost of the Task Force’s proposal on banking paid sick days toward days that
could be used for FMLA- eligible purposes was not included in the model as data on
usage of paid FMLA leave in the United States is less commonly available. Initial
estimates would indicate that these costs would be significantly lower than those of
paid sick leave, but further study on this issue is encouraged.
It should be noted that the model was meant to capture the additional costs
imposed on companies by the proposed policies, and does not cover the already
existing costs employers incur to replace sick employees when they take unpaid
time off. Moreover, it did not include any potential cost-savings to employers, which
could result due to improved employee morale, decreased turnover, or increased
productivity. While any potential cost-savings are not included in the model given
the lack of data available specific to the Chicago region, the task force considered
studies that outline these potential benefits.

31

3. What might be the additional cost to employers due to employees who might abuse sick
leave?
Why does this matter?
Employers have voiced concern that some employees may take time off when they are not
actually sick or caring for a sick family member.
The Working Group reviewed this question in two separate parts:
A. Cost Model Developed by the Civic Consulting Alliance
B. Broader Studies on Business Impacts
A. Cost Model Developed by the Civic Consulting Alliance – what does the data say?
Data Type: A (Facts and Data)
Source: Cost Model Developed by the Civic Consulting Alliance
Detail in: Appendix 15
The model utilized by the Civic Consulting Alliance to answer question #2 above (cost to
employers) assumed a sick leave usage rate of 40-80%. The ranges are based on different
assumptions about usage, ranging from 40% (low) to 80% (high). For reference, national
estimates based on a 2012 study by Barthold and Ford on sick leave usage range from two days
in leisure and hospitality to four days in professional services.
Assuming the worst case scenario from the standpoint of businesses – 100% usage by all
employees – the cost is projected to rise to no more than 2% of base wages.
B. Broader Studies on Business Impacts – what does the data say?
Data Type: B2 (non-peer reviewed working papers)
Sources:
• Drago and Lowell, “San Francisco’s Paid Sick Leave Ordinance: Outcomes for Employers and
Employees” (2011) (Appendix 16)
The Working Group reviewed an economic study that discussed positive impacts of paid sick
leave on employers and employees in San Francisco. Employee use of sick leave as identified
below is consistent with the model developed by the Civic Consulting Alliance.
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Drago and Lowell, ‘San Francisco’s Paid Sick Leave Ordinance: Outcomes for Employers and
Employees” (2011)
The nation’s first policy allowing all workers to earn and use paid sick days was
implemented in San Francisco in 2007. In general, surveys of workers and employers
suggest that the law is functioning well. Most employers support the law and
relatively few report adverse effects. Among employees, 59,000 or 17 percent of San
Francisco’s workforce, worked in firms that offered no paid sick days in the past, but
are now covered, and more than half of all San Francisco employees who now have
paid sick days report some benefit due to the law. Evidence suggests that it is rare
for employees to misuse paid sick days. More education and enforcement may be
needed to address remaining instances of employer non-compliance.
This report provides results from recent surveys of 727 employers and 1,194
employees working in San Francisco regarding the effects of the Paid Sick Leave
Ordinance (PSLO). For workers, survey results find:
Despite the availability of either five or nine sick days under the PSLO, the typical
worker with access used only three paid sick days during the previous year, and
one-quarter of employees with access used zero paid sick days.
Rates of utilization well below the caps of five and nine days suggest that
employees view paid sick days as a form of insurance—a valuable benefit when
illness strikes, but saved until then and only used as needed. For employers, the
findings imply that they will never pay for many paid sick days earned under the
PSLO [emphasis added only to direct reader’s attention to conclusion].
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4. What is the cost of administering a paid sick leave program?
Why does this matter?
Employers have voiced concern about the cost of tracking and administering paid sick leave.
The Working Group reviewed this question in two separate parts:
A. Survey of Wilmette Businesses
B. Survey of North Shore Businesses Impacted by the Paid Sick Leave Ordinance
A. Survey of Wilmette Businesses – what does the data say?
Data Type: C (Surveys about current practices or opinions)
Source: Survey of Wilmette Businesses
Details in Appendix: 3
The survey of Wilmette business owners was unable to determine projected costs to administer
a paid sick leave benefit. Instead, the survey identified how businesses currently track and
administer their payroll, which found the following:
•
•
•
•

55% of businesses administer payroll manually
25% utilize a computer program
5% outsource
15% utilize some other method to administer payroll

Businesses that outsource their payroll function may have to pay an increased fee to track paid
time off. However, of the responding businesses, only 5% are currently outsourcing payroll and
all of them already provide employees with paid time off.
B. Survey of North Shore Businesses Impacted by the Paid Sick Leave Ordinance – what
does the data say?
Data Type: C (Surveys about current practices or opinions)
Source: Survey of North Shore Businesses
Details in Appendix: 10
The survey of North Shore businesses found (8 respondents out of 70 contacted) that three
businesses track sick time manually, three use computer software and one outsources this
function. The one business that outsources payroll is a professional office with 22 employees.
This business provided paid time and outsourced payroll prior to the Cook County ordinance.
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5. What might be the impact to Village residents, teachers, students, patrons, etc. of
providing paid sick leave to employees?
Why does this matter?
Paid sick leave is generally mandated to improve public health by 1) Enabling an employee who
is ill to stay home from work and/or receive medical care; 2) To enable an employee to care for
their family members who are ill.
What does the data say?
Data Type: B2 (non-peer reviewed working papers)
Sources:
• DeRigne, Stoddard-Dare, Quinn, “Workers Without Paid Sick Leave Less Likely To Take Time Off
for Illness Or Injury Compared To Those With Paid Sick Leave” (2016) (Appendix 17)
• Pichler and Ziebarth, “The Pros and Cons of Sick Pay Schemes” (2015) (Abstract only provided)
• Drago and Lowell, ‘San Francisco’s Paid Sick Leave Ordinance: Outcomes for Employers and
Employees” (2011) (Appendix 16)
The Working Group identified three working papers which identified the public health benefits
of providing paid sick leave.
DeRigne, Stoddard-Dare, Quinn, “Workers Without Paid Sick Leave Less Likely To Take Time Off
for Illness Or Injury Compares To Those With Paid Sick Leave” (2016)
Paid sick leave is an important employer-provided benefit that helps people obtain
health care for themselves and their dependents. But paid sick leave is not
universally available to US workers. Little is known about paid sick leave and its
relationship to health behaviors. Contrary to public health goals to reduce the
spread of illness, our findings indicate that in 2013 both full- and part-time working
adults without paid sick leave were more likely than workers with that benefit to
attend work when ill. Those without paid sick leave were 3.0 times more likely to
forgo medical care for their family compared to working adults with paid sick leave
benefits. Moreover, the lowest-income group of workers without paid sick leave
were at the highest risk of delaying and forgoing medical care for themselves and
their family members [emphasis added only to direct reader’s attention to
conclusion]. Policy makers should consider the potential public health implications of
their decisions when contemplating guaranteed sick leave benefits.
Pichler and Ziebarth, “The Pros and Cons of Sick Pay Schemes” (2015) (Abstract only provided)
This paper proposes a test for the existence and degree of contagious presenteeism
and negative externalities in sickness insurance schemes. First, we theoretically
decompose moral hazard into shirking and contagious presenteeism behavior and
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derive testable conditions. Then, we implement the test exploiting German sick pay
reforms and administrative industry-level data on certified sick leave by diagnoses.
The labor supply adjustment for contagious diseases is significantly smaller than for
non-contagious diseases. Lastly, using Google Flu data and the staggered
implementation of US sick leave reforms, we show that flu rates decrease after
employees gain access to paid sick leave [emphasis added only to direct reader’s
attention to conclusion].
Drago and Lowell, “San Francisco’s Paid Sick Leave Ordinance: Outcomes for Employers and
Employees” (2011)
The findings that many employees benefitted from the PSLO, and were more often
able to keep ill children at home, as well as high levels of employer support, imply
that the PSLO generated health benefits. [emphasis added only to direct reader’s
attention to conclusion]. Health care costs for employers and the public should have
declined both because sick individuals and their children could get low-cost
preventive care, and by reducing the spread of contagious illnesses in workplaces
and schools.
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6. What might be the impact providing paid sick leave on employees in Wilmette?
Why does this matter?
A stated benefit of providing paid sick leave is that employees can be healthier or help care for
their families (e.g., stay home when a child is sick).
The Working Group reviewed this question in two separate parts:
A. Studies on the Impact of Paid Sick Leave on Employees
B. Testimony from Low-Wage Workers
A. Studies on the Impact of Paid Sick Leave on Employees – what does the data say?
Data Type: B2 (non-peer reviewed working papers)
Sources:
• Peipines, Soman, Berkowitz, White, “The lack of paid sick leave as a barrier to cancer screening
and medical care-seeking: results from the National Health Interview Survey” (2012) (Appendix
18)
• Drago and Lowell, ‘San Francisco’s Paid Sick Leave Ordinance: Outcomes for Employers and
Employees” (2011) (Appendix 16)
The Working Group identified two working papers which discussed the benefits of providing
paid sick leave to employees.
Peipines, Soman, Berkowitz, White, “The lack of paid sick leave as a barrier to cancer screening
and medical care-seeking: results from the National Health Interview Survey” (2012)
Background: Preventive health care services, such as cancer screening can be
particularly vulnerable to a lack of paid leave from work since care is not being
sought for illness or symptoms. We first describe the prevalence of paid sick leave by
broad occupational categories and then examine the association between access to
paid sick leave and cancer testing and medical care-seeking in the U.S. workforce.
Methods: Data from the 2008 National Health Interview survey were analyzed by
using paid sick leave status and other health-related factors to describe the
proportion of U.S. workers undergoing mammography, Pap testing, endoscopy, fecal
occult blood test (FOBT), and medical-care seeking.
Results: More than 48 million individuals (38%) in an estimated U.S. working
population of 127 million did not have paid sick leave in 2008. The percentage of
workers who underwent mammography, Pap test, endoscopy at recommended
37

intervals, had seen a doctor during the previous 12 months or had at least one visit to
a health care provider during the previous 12 months was significantly higher among
those with paid sick leave compared with those without sick leave after controlling
for sociodemographic and health-care-related factors.
Conclusions: Lack of paid sick leave appears to be a potential barrier to obtaining
preventive medical care and is a societal benefit that is potentially amenable to
change [emphasis added only to direct reader’s attention to conclusion].
Drago and Lowell, “San Francisco’s Paid Sick Leave Ordinance: Outcomes for Employers and
Employees” (2011)
This report provides results from recent surveys of 727 employers and 1,194
employees working in San Francisco regarding the effects of the Paid Sick Leave
Ordinance (PSLO). For workers, survey results find:
•

Despite the availability of either five or nine sick days under the PSLO, the
typical worker with access used only three paid sick days during the previous
year, and one-quarter of employees with access used zero paid sick days.

•

More than half of San Francisco employees with access reported benefitting
from the PSLO either because their employer became more supportive of
usage, the number of sick days provided increased, or they were better able
to care for themselves or family members.

•

Black, Latino, and low-wage workers were those who most often benefitted
from the law, but were also those most likely to report employer noncompliance.

•

Parents with paid sick days were more than 20 percent less likely to send a
child with a contagious disease to school than parents who did not have
paid sick days. [emphasis added only to direct reader’s attention to
conclusion].

B. Testimony from Low Wage Workers – what does the data say?
Data Type: I (Information)
Source: Arise Chicago- An organization which advocates on behalf of low-wage workers
Details in Appendix: 19
The Working Group initially intended to survey workers in Wilmette to determine the impact
paid sick leave would have on them. A Director from Arise Chicago (a low-wage-employee
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advocacy organization) was invited to attend the Working Group’s February 5, 2018 meeting, at
the suggestion of community members. He expressed serious concerns with the planned
worker survey. These concerns were based on the difficulty in obtaining accurate responses
from employees based on 1) the absence of an existing relationship of trust between the Village
and workers; 2) obstacles to communication posed by literacy and language issues; and 3) the
possibility that perceived employer pressure might skew survey results. In addition, the
Working Group was concerned about the practical difficulties of accessing workers without
employer participation. Arise Chicago instead suggested referring to testimonials from low
wage workers given in other forums. Accordingly, the Working Group determined that a survey
of employees in Wilmette would not be conducted and instead previous worker testimonials
would be included in this report. The worker testimonials speak to the importance of paid sick
leave in caring for family members and to prevent employees from going to work while sick.
The testimonials can be found in Appendix 19.
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7. What might be the impact of providing paid sick leave on businesses in Wilmette?
Why does this matter?
As identified in Questions V2 and V3, certain employers not currently providing paid time off
may incur additional costs in offering paid sick leave- the cost of the benefit itself and the cost
of tracking eligibility. On the other hand, certain working papers show that employers benefit
through cost savings from workforce stability, increased productivity, disease and illness
prevention, and lower health care costs.
Data Type: B2 (non-peer reviewed working papers)
Sources:
• DeRigne, Stoddard-Dare, Quinn, “Workers Without Paid Sick Leave Less Likely To Take Time Off
for Illness Or Injury Compares To Those With Paid Sick Leave” (2016) (Appendix 17)
• Drago and Lowell, ‘San Francisco’s Paid Sick Leave Ordinance: Outcomes for Employers and
Employees” (2011) (Appendix 16)
The Working Group identified two working papers which found that workers without paid sick
leave were more likely to attend work ill, and employer profitability did not suffer as a result of
providing paid sick leave (based on a survey of San Francisco businesses).
DeRigne, Stoddard, Dare, Quinn, “Workers Without Paid Sick Leave Less Likely To Take Time Off
for Illness Or Injury Compares To Those With Paid Sick Leave” (2016)
Paid sick leave is an important employer-provided benefit that helps people obtain
health care for themselves and their dependents. But paid sick leave is not
universally available to US workers. Little is known about paid sick leave and its
relationship to health behaviors. Contrary to public health goals to reduce the
spread of illness, our findings indicate that in 2013 both full- and part-time working
adults without paid sick leave were more likely than workers with that benefit to
attend work when ill. Those without paid sick leave were 3.0 times more likely to
forgo medical care for their family compared to working adults with paid sick leave
benefits. Moreover, the lowest-income group of workers without paid sick leave
were at the highest risk of delaying and forgoing medical care for themselves and
their family members [emphasis added only to direct reader’s attention to
conclusion]. Policy makers should consider the potential public health implications of
their decisions when contemplating guaranteed sick leave benefits.
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Drago and Lowell, ‘San Francisco’s Paid Sick Leave Ordinance: Outcomes for Employers and
Employees” (2011)
Survey results find for employers:
•

Employer profitability did not suffer. Six out of seven employers did not report
any negative effect on profitability as a result of the PSLO [emphasis added
only to direct reader’s attention to conclusion].

•

Most employers reported no difficulty providing sick days to their employees
under the ordinance. Approximately one-third of employers reported any
difficulties implementing the PSLO, and only one-sixth needed to introduce an
entirely new paid sick days policy because of the law. However, some employers
(also around one-sixth) are in violation of the law and still did not offer paid sick
days at the time of the survey.

•

Employers are supportive. Two-thirds of employers support the PSLO and onethird are “very supportive.”
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8. What might be the impact of providing paid sick leave on Wilmette as a community?
Why does this matter?
There are a number of possible impacts to the community of providing or not providing paid
sick leave. These may include but are not limited to: 1) Requiring paid sick leave could lead to
increased prices for goods and services, which might discourage customers from patronizing
Wilmette businesses; 2) Not requiring businesses to provide paid sick leave might diminish
Wilmette’s image as a thriving community that values the welfare of its workers; 3) Requiring
paid sick leave might diminish the perception of Wilmette as a good place to do business and
thus might adversely affect the Village’s future economic development efforts and ability to
recruit new businesses; 4) Requiring businesses to provide paid sick leave was supported by a
majority of Wilmette residents in a 2016 statewide advisory referendum, although the benefit
presented in the referendum is different than that contained in the County’s paid sick leave
ordinance.
The Working Group reviewed this question in three separate parts:
A. Survey of Wilmette Residents
B. Survey of North Shore Brokers
C. Feedback from the Wilmette Faith Community
A. Survey of Wilmette Residents – what does the data say?
Data Type: C (Surveys about current practices or opinions)
Source: Fallon Research & Communications, Inc.
Details in Appendix: 12
The Working Group commissioned a phone survey of 300 6 Wilmette residents conducted by
Fallon Research & Communications, Inc.. This survey research data was gathered through
telephone interviews that specially-trained interviewers conducted with 303 randomly-selected
adult residents of the Village of Wilmette, Illinois, who had valid residential, VOIP or cellular
telephone numbers. The interviews were performed during the period of April 11, 2018
through April 13, 2018. The overall estimated margin of sampling error is +/- 5.62%, based on a
confidence level of 95%, although it varies for each individual question. This means that if this
survey were repeated, 95 times out of 100 the results would be within plus or minus 5.62% of
those provided herein. Some adjustments were made to weight the results toward
demographic and geographic characteristics of the village’s adult population, in order to
account for under- and over-sampling that normally occurs as a result of the random selection
process, and to ensure that all major sub-groups are represented in proportion to their actual
Although only 300 interviews were targeted by the Village, 303 were actually completed because simultaneous
interviews were conducted.

6
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percentages. Like all polls, this opinion survey research is subject to other possible sources of
error, such as unintentional bias in the wording of questions, data-entry error and nonresponse
bias.
While there were a total of 12 questions, the questions directly related to Paid Sick Leave are as
follows:

Q. 10. Since research shows that, in order to avoid losing wages, nearly half of food service
employees who are ill come to work sick if they don’t have paid sick leave, would you be more
or less likely to patronize Wilmette restaurants if local restaurants provide paid sick leave or
does it have no effect on your decision?
32.3%
8.4
55.6
3.7

More likely
Less likely
No effect
Unsure/no answer

Appendix 12 includes the following data and information: 1) General survey results; 2) Crosstabulated survey results; 3) Report on the investigation of a resident survey incident.
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B. Survey of North Shore Brokers and Businesses – what does the data say?
Data Type: C (Surveys about current practices or opinions)
Source: Phone Interviews Conducted by Village of Wilmette Staff (North Shore Brokers)
Details in Appendix: 10
The Minimum Wage & Paid Sick Leave Working Group asked Village staff to interview brokers
to help understand the effects of the Cook County Ordinances. Questions for the interviews
were developed by the Working Group. Three commercial real estate brokers were
interviewed. Each of them has listings throughout the North Shore with a good understanding
of local transactions. None of the brokers had heard the issue raised when discussing locations
with clients. They stated the most important factors tenants look for when selecting a location
were:
•
•
•

Price of rent
Physical location
Access to parking

The three brokers did not think the existence of the Cook County ordinances would have an
impact in attracting or dissuading a tenant from locating in a particular community.
C. Feedback from the Wilmette Faith Community – what does the data say?
Data Type: I (Information)
Source: Letters from Members of the Wilmette Clergy
Details in Appendix: 13
At the suggestion of a Village resident, the Working Group solicited feedback from Wilmette
Clergy. A total of three Wilmette clergy members submitted written responses, all of whom
supported paid sick leave. A copy of the clergy responses can be found in the appendices.
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VI. LIST OF APPENDICES
Number
1
2
3
4
5
6
7
8
9
10

11
12
13
14
15
16
17
18
19

Appendix
Summary of Cook County Ordinances
Illinois Department of Employment Security (IDES) Low Wage Worker Data
Survey Results of Wilmette Businesses
Belman, Wolfson and Nawakitphaitoon, “Who is Affected by the Minimum Wage”
(2015)
Congressional Budget Office, “The Effects of a Minimum-Wage Increase on Employment
and Family Income” (2014)
Schmitt, “Why Does the Minimum Wage Have No Discernible Effect on Employment”
(2013)
Jardim, Long, Plotnick, Inwegen, Vigdor, Wething, “Minimum Wage Increases, Wages,
and Low-Wage Employment: Evidence From Seattle (2017)
Reich, Allegretto, and Godeoy, “Seattle’s Minimum Wage Experience 2015-16” (2017)
Luca and Luca, “Survival of the Fittest: The Impact of the Minimum Wage on Firm Exit”
(2017)
Memorandum from the Village’s Business Development Coordinator
• Survey of North Shore Municipalities
• Survey of North Shore Businesses
• Survey of North Shore Brokers
• Letter from the Village of Winnetka
Memorandum from Village resident Gina Kennedy on the Impacts of Federal Tax Law
Changes
Resident Survey Results
Letters from Wilmette Clergy (3)
Illinois Department of Employment Security (IDES) All Workers Data
Paid Sick Leave Cost Model Developed by the Civic Consulting Alliance
Drago and Lowell, “San Francisco’s Paid Sick Leave Ordinance: Outcomes for Employers
and Employees” (2011)
DeRigne, Stoddard-Dare, Quinn, “Workers Without Paid Sick Leave Less Likely to Take
Time Off for Illness or Injury Compared to those with Paid Sick Leave” (2016)
Peipines, Soman, Berkowitz, White, “The lack of paid sick leave as a barrier to cancer
screening and medical care-seeking: results from the National Health Interview Survey”
(2012)
Testimonials from Low Wage Workers Provided by Arise Chicago
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Appendix 1
Cook County Ordinances on Minimum Wage and Mandatory Paid Sick Leave
(April 5, 2018)
Minimum Wage
Definition of
Employer

Mandatory Paid Sick Leave

Any entity with any place of business in Cook County, or Any entity with any place of business in Cook County
licensed by Cook County, with at least 4 employees one with 1 or more “Covered Employees”
of which is a “Covered Employee” or just 1 “Domestic
Worker”*
*Based on Cook County’s Administrative Rules

Definition of
Covered Employee

Works 2 hours in any 2 week period

Works 2 hours in any 2 week period

Jurisdiction

Employees who perform work in covered portions of Employees who perform work in covered portions of
Cook County, regardless of the location of their business Cook County, regardless of the location of their business
office, may be entitled to the County Minimum Wage only office, may be entitled to the County Sick Leave.
for that work

Applies to persons
under 18

No

Yes

Applies to
No, for up to the first 90 days of employment (yes on the No, as a practical matter, if the employer restricts
seasonal/temporary 91st calendar day of employment)
accruement of sick leave benefit time for the first 180
employees
days of employment. After the first 180 days, the
employee is eligible for sick leave benefits
Applies to
Independent
Contractors

No*

No*

*Per the County’s administrative rules whether someone is an
employee or independent contractor depends on the application of a
multi-factor, fact intensive legal test.

*Per the County’s administrative rules whether someone is an
employee or independent contractor depends on the application of
a multi-factor, fact intensive legal test.

Gov’t Exemptions

All Units of Government other than Cook County

All Units of Government including Cook County

This matrix was created by the Village of Wilmette utilizing the text of the County Ordinances, County’s administrative rules, and the County FAQs. This matrix is not meant to provide
legal advice or is to be considered a legal authority on this matter. The interpretation and enforcement of the Cook County Ordinances is provided by the Cook County Commission on
Human Rights which may provide differing opinions than what is contained within these materials.

Minimum Wage

Mandatory Paid Sick Leave

Other Exemptions

Employees of religious organizations, certain persons None
with disabilities for which the employer has received
authorization from the State of Illinois, individuals in a
Subsidized Transitional Program, individuals in a
Subsidized Temporary Youth Employment Program

Collective
Bargaining
Agreements

Does not apply to employees covered under Collective
Bargaining Agreements (“CBA”) entered into or on before
July 1, 2017 and for those CBAs that have waived the
ordinance requirements.

Does not apply to employees covered under Collective
Bargaining Agreements (“CBA”) entered into or on before
July 1, 2017 and for those CBAs that have waived the
ordinance requirements.

Current Illinois
Law

Non – Tipped Employees:

No paid sick leave benefits

$8.25/hr.

Tipped Employees:
Employer must pay a base wage of $4.95/hr. and make
up any shortfall in tips that would result in the employee
making less than $8.25/hr.
Non – Tipped Employees:

Benefits provided
by Cook County
Ordinances

Accrual Rate –

1 hour sick leave per 40 hours of work

July 1, 2017

$10.00/hr. Max. Yearly Accrual –

July 1, 2018

$11.00/hr. Max. Carryover –

July 1, 2019

$12.00/hr. Total Max. Accrual –

July 1, 2020

$13.00/hr.

40 hours per 12 month period
20 hours to next 12 month period

July 1, 2021 and future: $13/hr., annual CPI adjustment
Benefits for Tipped Same as current law, adjusted annually for inflation Same as all other covered employees
Employees
beginning July 1, 2018

60 hours

Appendix 2

Work Area Profile Report
Workers Earning $1250 per month or less
Total Private Primary Jobs

Total Private Primary Jobs

2015
Count
Share
1,347
100.0%

Jobs by Worker Age

Age 29 or younger
Age 30 to 54
Age 55 or older

2015
Count
Share
628
46.6%
402
29.8%
317
23.5%

Jobs by Earnings

$1,250 per month or less
$1,251 to $3,333 per month
More than $3,333 per month

2015
Count
Share
1,347
100.0%
0
0.0%
0
0.0%

Jobs by NAICS Industry Sector

Agriculture, Forestry, Fishing and Hunting
Mining, Quarrying, and Oil and Gas Extraction
Utilities
Construction
Manufacturing
Wholesale Trade
Retail Trade
Transportation and Warehousing
Information
Finance and Insurance
Real Estate and Rental and Leasing
Professional, Scientific, and Technical Services
Management of Companies and Enterprises
Administration & Support, Waste Management and Remediation
Educational Services
Health Care and Social Assistance
Arts, Entertainment, and Recreation
Accommodation and Food Services
Other Services (excluding Public Administration)
Public Administration

2015
Count
Share
2
0.1%
0
0.0%
0
0.0%
14
1.0%
9
0.7%
9
0.7%
460
34.1%
1
0.1%
3
0.2%
55
4.1%
46
3.4%
59
4.4%
0
0.0%
22
1.6%
54
4.0%
133
9.9%
40
3.0%
298
22.1%
142
10.5%
0
0.0%

Jobs by Worker Race

White Alone
Black or African American Alone
American Indian or Alaska Native Alone
Asian Alone
Native Hawaiian or Other Pacific Islander Alone
Two or More Race Groups

2015
Count
Share
1,042
77.4%
158
11.7%
5
0.4%
118
8.8%
3
0.2%
21
1.6%

Jobs by Worker Ethnicity

Not Hispanic or Latino
Hispanic or Latino

2015
Count
Share
1,181
87.7%
166
12.3%

Jobs by Worker Educational Attainment

Less than high school
High school or equivalent, no college
Some college or Associate degree
Bachelor's degree or advanced degree
Educational attainment not available (workers aged 29 or younger)

2015
Count
Share
102
7.6%
171
12.7%
225
16.7%
221
16.4%
628
46.6%

Jobs by Worker Sex

Male
Female

2015
Count
Share
514
38.2%
833
61.8%

Appendix 3

The Village of Wilmette

Minimum Wage and Paid Sick Leave
Survey Results
Executive Summary
April 2018
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Summary
Surveys were sent via email and mail to 558 businesses, of which 254 responded
Of the 254 responses, 32 were removed due to not answering any questions beyond the

business demographic information, resulting in an overall response rate of 39%
Data is presented as follows:
 Executive Summary
 General Minimum Wage and Paid Sick Leave Summaries
 Minimum Wage Summary Excluding Responding Businesses with Less Than 4 Employees
 Sector Specific Summaries
‒Retail
‒Restaurant
‒Service
2018 © The Smart Cube. All Rights Reserved
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Executive Summary (1/4)

Overall Insights
Employment Status in an Organization –
Insights





Most responding businesses are from service
(25%), retail (24%), professional (15%), and
healthcare (15%) sectors
53% of responding businesses have been in
operation for over 20 years in Wilmette



41% of responding businesses have less than
4 employees



6% of the responding businesses have 4 or
more employees under the age of 18

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

Minimum Wage – Insights

Paid Sick Leave – Insights



70% of full-time and tipped employees are
paid an hourly wage of more than $13





55% of part-time employees earn an hourly
wage below $13

74% of full-time employees receive some
form of paid time off





48% of responding businesses stated that
the lowest starting hourly rate for full-time
employees is between $10.00 – $14.99

65% of part-time employees do not receive
any paid time off





54% of responding businesses oppose the
increased minimum wage rates and 44% are
in favor

Of those receiving paid time-off, 96% of fulltime and 77% of part-time employees have
at least 5 days of paid leave per year



57% of responding businesses oppose paidsick-leave regulations and 34% are in favor

2018 © The Smart Cube. All Rights Reserved

3

Executive Summary (2/4)

Retail Business Insights
Minimum Wage Insights
Businesses and Employee Tenure
• 62% of retail businesses have been in operation for more than 20 years
• The average tenure of the employees is evenly spread between 1 to 20 years

Number of Employees
• 31% of the businesses have less than 4 employees
• 67% of retail businesses have 10 or less employees
• 16% of businesses have 4 or more employees working less than 90 days in a
consecutive year
• 10% of the businesses have 4 or more employees under the age of 18 years

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

 73% of the full-time retail
employees are paid more than
$13/hour
 56% of part-time retail employees
are paid less than $12/hour
 63% of the full-time employees earn
a starting hourly wage between
$10.00 - $ 14.99
 70% retail businesses oppose
increasing the minimum wage
Paid Sick Leave Insights
 84% of full-time retail employees
receive paid time off
 60% of the part-time retail
employees do not receive any paid
time off
 68% retail businesses oppose
regulations pertaining to paid sick
leave

2018 © The Smart Cube. All Rights Reserved
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Executive Summary (3/4)

Service Business Insights

Employment Status in an Organization

Number of years business has been in
operation
% of Businesses with Employees
% of Businesses with Full-time /part –time
Employees
% of Businesses with Employees
Under the age of 18

Minimum Wage/Paid Sick Leave Insights



51% of service businesses have been in operation for
more than 20 years



46% of responding businesses have less than 4
employees

 73% of full-time service employees receive an

63% of the responding businesses have less than 4
full-time employees while 88% have less than 4
part-time employees

 62% of part-time service employees receive an





96% of the responding businesses have less than 4
employees under the age of 18 years

hourly rate of $13 or more

hourly rate of $13 or more

 53% of responding businesses oppose the
minimum wage rates and 42% are in favor

 64% of responding businesses oppose
regulations pertaining to paid sick leave and
20% are in favor

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

2018 © The Smart Cube. All Rights Reserved
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Executive Summary (4/4)

Business Level Insights
Professional

Non –Profit

 53% of the responding businesses have been in operation for
more than 20 years
 66% of the responding businesses have less than 4 employees
 60% of the part-time employees are not provided with
any paid-off
 56% of the responding businesses
Professional
support the minimum wage rate ordinance
 There is an even split of support and opposition
to the paid sick leave regulations

Healthcare

Health
care

• 41% of the healthcare businesses have
been operational in past 20 years
• 72% of the responding healthcare business do not
provide any paid-off to the part-time employees
• 47% of the responding businesses support the minimum
wage rate ordinance
• 55% of the responding businesses oppose the paid
sick leave regulations

Source: Minimum Wage & Paid Sick Leave Survey, Feb 2018

 79% of the responding businesses have been in operation
for more than 20 years
 92% of the non –profit businesses have less than
4 employees under the age of 18
• 64% support the minimum wage rate ordinance
 64% support the paid sick leave regulations

NonProfit

Restaurant
 60% of the restaurant businesses have been
operational for past 1–10 years

61%
of
full-time employees receive less than $13
Restaurant
per hour
 82% of part-time employees receive less than $13 per
hour
 70% of the responding businesses do not support the minimum
wage rate ordinance
 75% of the responding business do not support the paid sick
leave regulations

2018 © The Smart Cube. All Rights Reserved
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General Minimum Wage and Paid
Sick Leave Summaries

2018 © The Smart Cube. All Rights Reserved
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General Questions (1/2)

49% of businesses, which participated in the survey, were from service and retail
sectors; 54% have been operating their business for more than 20 years

% respondents

Type of Business (n=220)
Education and
Market Consulting

25.0%

24.1%

Service

Retail

Number of Years Business Has
Been Operational (n=220)
> 20 yrs
53.2%

11-20 yrs
19.5%

< 1 yrs
1.4%
1-3 yrs
7.7%
4-6 yrs
6.8%
7-10 yrs
11.4%

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

14.5%

14.5%

Professional

Healthcare

9.1%

6.4%

6.4%

Restaurant

Non-Profit

Others

Number of Years Business Has Been
Operational in Wilmette (n=219)
< 1 yrs
2.3%

1-3 yrs
10.9%

> 20 yrs
42.7%

4-6 yrs
9.5%
7-10 yrs
13.6%

11-20 yrs
20.5%

Average Tenure of Employees (n=213)
> 20 yrs
9.9%
11-20 yrs
18.3%

7-10 yrs
14.6%

< 1 yrs
8.0% 1-3 yrs
18.8%

4-6 yrs
30.5%

2018 © The Smart Cube. All Rights Reserved

8

General Questions (2/2)

42% of responding businesses have less than 4 employees
91% have less than 4 employees under the age of 18
Employee Status in an Organizations

% of Responding Businesses with
Number of Employees
Employee Group

<4

4–10

11–25

26–40

> 40

Total Employees (n=220)

41%

29%

18%

5%

7%

Full-time Employees (n=216)

54%

25%

13%

4%

4%

Part-Time Employees (n=212)
Employees Working Less than 90 Days in a Consecutive Year
(n=207)

71%

18%

8%

1%

2%

85%

10%

5%

0%

0%

Employees Under the age of 18 (n=200)

94%

4%

1%

0%

1%

Tipped Employees (n=197)

87%

7%

4%

1%

1%

n=responding businesses
Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018
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Minimum Wage Specific Questions (1/2)

63% of employees are paid an hourly wage of more than $13
% of Part – time Employees Paid* (n=132)

% of Full – time Employees Paid* (n=164)

75%
45%
6%
<$11/hr

5%

22%

14%

$11.00 - $11.99/hr $12.00 - $12.99/hr

$13/hr or more

% of Tipped Employees Paid* (n=24)

<$11/hr

15%

18%

$11.00 - $11.99/hr $12.00 - $12.99/hr

Lowest Starting Hourly Rate for Full-time Employees (n=186)

55%

49%
31%

31%
9%
<$11/hr

$13/hr or more

$11.00 - $11.99/hr $12.00 - $12.99/hr

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

10%

5%
$13/hr or more

<$11/hr

10%

$11.00 - $11.99/hr $12.00 - $12.99/hr

$13/hr or more

2018 © The Smart Cube. All Rights Reserved
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Minimum Wage Specific Questions (2/2)

54% of responding businesses oppose the increased minimum wage and 42%
support the increase while 2% did not answer (n=220)

Yes
No

54%

Type of Business (n=220)

Reasons for Supporting Minimum Wage Rates

44%
No Response

2%
No
Yes No Response
(n=4)
(n=120) (n=96)

Healthcare (n=32)

50.0%

46.9%

3.1%

Non-profit (n=14)

35.7%

64.3%

0.0%

Professional (n=32)

43.8%

56.3%

0.0%

Restaurant (n=20)

70.0%

25.0%

5.0%

Retail (n=53)

69.8%

30.2%

0.0%

Service (n=55)

52.7%

41.8%

5.5%

Others (n=14)

42.9%

57.1%

0.0%

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

Rank

Fair, living wage

1

Value for workers

2

Assurance for workers

3

Better retention

4

Attract hourly paid workers

5

Equality

6

Reasons for Not Supporting Minimum Wage Rates

Rank

Decision of market/type of work

1

Increase in payroll for employer

2

Flexibility requirement (to reduce cost) for small businesses

3

Decrease in employment (particularly unskilled)

4

Services become expensive

5

Reluctance to pay teenagers more

6
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11

Paid Sick Leave Specific Questions (1/2)

74% of full-time employees have some form of paid leave, and 95% of these
employees have at least 5 days of paid leave per year while 65% of part-time
employees do not receive any paid leave

Number of Days Earned Per Year

Paid Time – off

Full -time
Employees (n=190)

Vacation

Sick

60.5%

45.3%

84.8%

Part -time
Employees (n=182)

18.7%

18.1%

68.1%

3.0%

10.1%

4.3%
0.8%

1 day

2 days

8.7%
0.8%
3 days

Full Time Employees (n=132)
Holidays

53.2%

22.5%

General Paid Time off

28.4%

10.4%

None

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

25.8%

65.4%

10.6%
0.0%

0.0%

4 days

8.7%
5 days

>5 days

Part Time Employees (n=69)

Track and Administer Paid Time – off (n=168)
Manually

54.4%

Computer Program

25.4%

Outsourced

4.7%

Others

15.4%
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Paid Sick Leave Specific Questions (2/2)

57% of responding businesses oppose the paid-sick leave regulations, 34%
oppose, while 9% did not answer

34%

57%

Reasons for Supporting
Paid Sick Leave Regulations

?

No Response

9%

No
(n=125)

Yes No Response
(n=74)
(n=21)

Healthcare (n=32)

53.1%

40.6%

6.3%

Non-profit (n=14)

21.4%

64.3%

14.3%

Professional (n=32)

46.9%

46.9%

6.3%

Restaurant (n=20)

75.0%

25.0%

0.0%

Retail (n=53)

67.9%

26.4%

5.7%

Service (n=55)

63.3%

20.0%

16.4%

Others (n=14)

28.6%

50.0%

21.4%

Type of Business (n=220)

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

Rank

Fair and reasonable

1

Vacation/sick leave deserved

2

Sick workers not fit for workplace

3

Performance deteriorates when working sick

4

Reasons for Not Supporting
Paid Sick Leave Regulations

Rank

Determined by market/business

1

Increases cost

2

Abuse of facility

3

Too many hours offered

4

Unnecessary for part-time/under 18 employees

5

Hard to maintain records

6

2018 © The Smart Cube. All Rights Reserved

13

Minimum Wage Survey Results for Responding
Business with 4 or More Employees
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Minimum Wage Specific Questions (1/2) – removing respondents with less than 4 employees

63% of full and part-time employees are paid an hourly wage of more than $13
% of Full – time Employees Paid* (n=107)

% of Part – time Employees Paid* (n=92)
Average
Employees

3.71

5.00

5.83

5.09

75%
6%
<$11/hr

5%

14%

$11.00 - $11.99/hr $12.00 - $12.99/hr

$13/hr or more

% of Tipped Employees Paid* (n=25)
Average
Employees

11.87

31%
<$11/hr

7.14

6.00

<$11/hr

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

$11.00 - $11.99/hr $12.00 - $12.99/hr

$13/hr or more

22.71

55%
23%

14%

5%

$11.00 - $11.99/hr $12.00 - $12.99/hr

20%

15%

Lowest Starting Hourly Rate for Full-time Employees (n=118)

55%
9%

43%

22%

$13/hr or more

<$10/hr

$10.00 $14.99/hr

$15.00 $19.99/hr

6%

2%

$20/hr or more

Others
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Minimum Wage Specific Questions (2/2) – removing respondents with less than 4 employees

61% of responding businesses oppose the increased minimum wage, while 37%
support the increase
Acceptance of Minimum Wage Rates (n=128)

Yes
No

61%

Type of Business (n=128)*

Reasons for Accepting Minimum Wage Rates (n=49)

37%
No Response

2%

No
(n=78)

Yes No Response
(n=47)
(n=3)

Healthcare (n=16)

75.0%

25.0%

0.0%

Non-profit (n=9)

33.3%

66.7%

0.0%

Professional (n=11)

54.5%

45.5%

0.0%

Restaurant (n=19)

73.7%

21.1%

5.3%

Retail (n=36)

66.7%

33.3%

0.0%

Service (n=29)

55.2%

37.9%

6.9%

Others (n=8)

37.5%

62.5%

0.0%

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

Rank

Fair, living wage

1

Value for workers

2

Better retention

3

Assurance for workers

4

Attract hourly paid workers

5

Equality

6

Reasons for Not Accepting Minimum Wage Rates
(n=79)

Rank

Decision of market/type of work

1

Increased expenses for employers

2

Flexibility requirement for small businesses

3

Services become expensive

4

Decrease in employment (particularly unskilled)

5

Reluctance to pay teenagers more

6
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Retail Sector

General Questions (1/2)

62% of responding retail businesses have been operational for more than 20 years
with average employee tenure fairly evenly spread between 1 and 20 years
Retail

Number of Years Business Has
Been Operational (n=53)
1-3 yrs
6%

> 20 yrs
62%

Number of Years Business Has Been
Operational in Wilmette (n=53)

4-6 yrs
3%

> 20 yrs
51%

7-10 yrs
6%
11-20 yrs
23%

1-3 yrs
7%

4-6 yrs
6%
7-10 yrs
15%

11-20 yrs
21%

% respondents

Average Tenure of Employees (n=52)

21.2%

23.1%

9.6%
< 1 yrs

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

1-3 yrs

4-6 yrs

17.3%

17.3%

7-10 yrs

11-20 yrs

11.5%

> 20 yrs
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General Questions (2/2)

31% of responding retail businesses have less than 4 employees, while 90% of the
businesses have less than 4 employees under the age of 18 years
Retail

Employee Status in an Organizations

% of Responding Businesses with Number of
Employees
Employee Group

<4

4–10

11–25

26–40

> 40

Total Employees (n=52)

31%

37%

17%

5%

10%

Full-time Employees (n=52)

44%

35%

13%

6%

2%

Part-Time Employees (n=52)
Employees Working Less than 90 Days in a Consecutive Year
(n=51)

59%

29%

8%

2%

2%

84%

10%

6%

0%

0%

Employees Under the age of 18 (n=48)

90%

6%

4%

0%

0%

Tipped Employees (n=47)

83%

9%

4%

2%

2%

n=responding businesses
Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018
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Minimum Wage Specific Questions (1/2)

73% of the full-time retail employees are paid more than $13/hour
72% of part-time retail employees are paid less than $13/hour
Retail

% of Part – time Employees Paid* (n=32)

% of Full – time Employees Paid* (n=39)

73%

29%

27%
8%
<$11/hr

6%

13%

$11.00 - $11.99/hr $12.00 - $12.99/hr

<$11/hr

$13/hr or more

28%

16%

$11.00 - $11.99/hr $12.00 - $12.99/hr

$13/hr or more

Lowest Starting Hourly Rate for Full-time Employee (n=43)

60%
19%

16%
<$10/hr

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

$10.00 - $14.99/hr

$15.00 - $19.99/hr

0%

5%

$20/hr or more

Others
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Minimum Wage Specific Questions (2/2)

70% of responding retail businesses oppose the higher minimum wage rates
Retail

Acceptance of Minimum Wage Rates (n=53)

Yes

30%

No

70%

Reasons for Not supporting Minimum Wage Rates

Rank

Reasons for supporting Minimum Wage Rates

Rank

Increase in payroll for employer

1

Fair, living wage

1

Flexibility requirement (to reduce cost) for small businesses

2

Reasonable

2

Decision of market/type of work

3

Assurance for workers

2

Decrease in employment (particularly unskilled)

4

Attract hourly paid workers

2

Services become expensive

5

Value for workers

2

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018
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Paid Sick Leave Specific Questions (1/2)

83% of full-time retail employees receive paid time off while 60% of part-time
retail employees do not receive any paid time off
Retail

Number of Days Earned Per Year

Paid Time-off
Full-time
Employees (n=45)

Vacation

Sick

67%

44%

91%

Part-time
Employees (n=45)

22%

13%

56%
17%

11%

5%

3%

0%
1 day

2 days

0%
3 days

Full Time Employees (n=34)
Holidays

51%

18%

General Paid Time Off

33%

18%

None

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

16%

60%

0%

6%
0%

4 days

11%

5 days

>5 days

Part Time Employees (n=18)

Track and Administer Paid Time-off (n=42)
Manually

53%

Computer Program

26%

Outsourced

7%

Others

14%
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Paid Sick Leave Specific Questions (2/2)

68% of responding retail businesses opposed the paid sick leave regulations
Retail

Acceptance of Paid Sick Leave Regulations (n=53)

Reasons for supporting Paid Sick Leave Regulations

26%

Fair and reasonable

1

Sick workers not fit for workplace

2

Performance deteriorates when working sick

2

Reasons for Not supporting Paid Sick Leave Regulations (n=36)

68%

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

Rank

Rank

Determined by market/business

1

Increases cost

1

Abuse of facility

2

Too many hours

2

Unnecessary for part-time/under 18 employees

3
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Restaurant Sector

General Questions (1/2)

60% of responding restaurant businesses have been operational for past 1–10
years; 55% of them have an average employee tenure of 1–3 years
Restaurant

Number of Years Business Has
Been Operational (n=20)

Number of Years Business Has Been
Operational in Wilmette (n=19)

> 20 yrs
35.0%

7-10 yrs
10.0%
1-3 yrs
25.0%

11-20 yrs
5.0%

> 20 yrs
37.0%

11-20 yrs
5.0%

4-6 yrs
16.0%

4-6 yrs
20.0%

7-10 yrs
15.0%

1-3 yrs
32.0%

% respondents

Average Tenure of Employees (n=20)
55%

15%

10%
< 1 yrs

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

1-3 yrs

4-6 yrs

15%

7-10 yrs

5%
11-20 yrs

0%
> 20 yrs
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General Questions (2/2)

70% of responding restaurants have more than 11 employees
Restaurant

Employee Status in an Organization

% of Responding Businesses with Number of
Employees
Employee Group
Total Employees (n=20)

<4

4–10

11–25

26–40

> 40

5%

25%

45%

20%

5%

Full-time Employees (n=20)

25%

35%

35%

5%

0%

Part-Time Employees (n=20)

35%

20%

40%

0%

5%

Employees Working Less than 90 Days in a Consecutive Year (n=20)

55%

25%

15%

5%

0.0%

Employees Under the age of 18 (n=20)

75%

25%

0%

0%

0%

Tipped Employees (n=20)

35%

25%

35%

5%

0%

n=responding businesses
Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

2018 © The Smart Cube. All Rights Reserved

26

Minimum Wage Specific Questions (1/2)

A wide range of an hourly wage is observed for full-time, part-time, and tipped
employees employed in a restaurant
Restaurant

% of Full – time Employees Paid* (n=16)

39%

30%
15%
<$11/hr

% of Part – time Employees Paid* (n=15)

35%

16%

32%
18%

15%

$11.00 - $11.99/hr $12.00 - $12.99/hr

$13/hr or more

% of Tipped Employees Paid* (n=13)

<$11/hr

$11.00 - $11.99/hr $12.00 - $12.99/hr

$13/hr or more

Lowest Starting Hourly Rate for Full-time Employee (n=18)

64%
24%
8%
<$11/hr

22%

4%

$11.00 - $11.99/hr $12.00 - $12.99/hr

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

56%

$13/hr or more

<$11/hr

17%

6%

$11.00 - $11.99/hr $12.00 - $12.99/hr

$13/hr or more
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Minimum Wage Specific Questions (2/2)

70% of responding restaurants oppose the minimum wage increases
Restaurant

Acceptance of Minimum Wage Rates (n=20)

Yes

25%

No

70%

No Response

5%

Reasons for Not supporting Minimum Wage Rates

Rank

Flexibility requirement (to reduce cost) for small businesses

1

Better retention

1

Increased expenses for employers

2

Fair, living wage

2

Decision of market/type of work

2

Assurance for workers

2

Services become expensive

3

Decrease in employment (particularly unskilled)

3

Reluctance to pay teenagers more

4

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

Reasons for supporting Minimum Wage Rates

Rank
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Paid Sick Leave Specific Questions (1/2)

63% of full-time restaurant employees receive some form of paid time off while
83% of part-time restaurant employees do not receive any paid time off
Restaurant

Number of Days Earned Per Year

Paid Time-off
Full – Time
Employees (n=19)

67%

50%

Part – Time
Employees (n=18)

42%
33%

Vacation

53%

0%
0%

Sick

26%

17%

0%

0%

1 day

0%

2 days

8% 0%
3 days

Full Time Employees (n=12)
Holidays

32%

6%

General Paid Time Off

16%

0%

None

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

37%

83%

0%

0%

4 days

5 days

>5 days

Part Time Employees (n=3)

Track and Administer Paid Time-off (n=18)
Manually

45%

Computer Program

33%

Outsourced

0%

Others

22%
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Paid Sick Leave Specific Questions (2/2)

75% of responding restaurants oppose the paid sick leave regulations
Restaurant

Acceptance of Paid Sick Leave Regulations (n=20)

Reasons for supporting Paid Sick Leave Regulations (n=5)

25%

No Open-End Response

Reasons for Not supporting Paid Sick Leave Regulations

75%

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

Rank

Rank

Increases cost

1

Abuse of facility

2

Determined by market/business

3

Hard to maintain records

3

Unnecessary for part-time/under 18 employees

4

Too many hours

4
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Service Sector

General Questions (1/2)

Nearly 50% of service businesses have been in operations for more than 20 years
with average employee tenure fairly evenly spread between 1 and 20 years
Service

Number of Years Business Has
Been Operational (n=55)

7-10 yrs
7%

Number of Years Business Has Been
Operational in Wilmette (n=55)

11-20 yrs
26%

< 1 yrs
5%

> 20 yrs
42%

1-3 yrs
9%

4-6 yrs
6%

> 20 yrs
51%

1-3 yrs < 1 yrs
5%
5%

4-6 yrs
9%
7-10 yrs
9%

11-20 yrs
26%

% respondents

Average Tenure of Employees (n=52)
37%
25%
13%

10%

< 1 yrs

1-3 yrs

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

9%
4-6 yrs

7-10 yrs

6%
11-20 yrs

> 20 yrs
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General Questions (2/2)

46% of responding service businesses have less than 4 employees, while 96% of the
businesses have less than 4 employees under the age of 18 years
Service

Employee Status in an Organizations

% of Responding Businesses with Number of
Employees
Employee Group

<4

4–10

11–25

26–40

> 40

Total Employees (n=54)

46%

35%

13%

4%

2%

Full-time Employees (n=54)

63%

28%

4%

4%

1%

Part-Time Employees (n=49)

88%

8%

2%

0%

2%

Employees Working Less than 90 Days in a Consecutive Year (n=49)

88%

8%

4%

0%

0%

Employees Under the age of 18 (n=49)

96%

2%

0%

0%

2%

Tipped Employees (n=48)

90%

8%

0%

0%

2%

n=responding businesses
Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018
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Minimum Wage Specific Questions (1/2)

A mix of an hourly wage distribution is seen among the employees of responding
service businesses
Service

% of Part – time Employees Paid* (n=30)

% of Full – time Employees Paid* (n=37)
76%

4%
<$11/hr

62%
26%

17%

10%

3%
$11.00 - $11.99/hr $12.00 - $12.99/hr

$13/hr or more

% of Tipped Employees Paid* (n=9)

<$11/hr

2%

$11.00 - $11.99/hr $12.00 - $12.99/hr

$13/hr or more

Lowest Starting Hourly Rate for Full-time Employee (n=49)

65%

10%
<$11/hr

16%

$11.00 - $11.99/hr $12.00 - $12.99/hr

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

18%

9%
$13/hr or more

<$10/hr

30%

34%
8%

$10.00 - $14.99/hr$15.00 - $19.99/hr $20/hr or more

10%
Others
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Minimum Wage Specific Questions (2/2)

53% of responding service businesses oppose the higher minimum wage rate
Service

Acceptance of Minimum Wage Rates (n=55)

Yes

42%

No

53%

Reasons for Not supporting Minimum Wage Rates

Rank

No Response

5%

Reasons for supporting Minimum Wage Rates

Rank

Increased expenses for employers

1

Fair, living wage

1

Decision of market/type of work

2

Value for workers

1

Flexibility requirement for small businesses

3

Reasonable

2

Incentives can't be offered

4

Attract hourly paid workers

2

Decrease in employment

4

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018
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Paid Sick Leave Specific Questions (1/2)

35% of full-time service employees and 72% of part-time service employees do not
receive any paid time off
Service

Number of Days Earned Per Year

Paid Time-off
Full-time
Employees (n=45)

Vacation

Sick

49%

22%

Part-time
Employees (n=39)

21%

13%

77%
62%
15%
4%

4%
1 day

2 days

0%
3 days

Full Time Employees (n=26)
Holidays

47%

23%

General Paid Time Off

18%

0%

None

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

33%

72%

15%

15%

8%

0%

0%

4 days

0%
5 days

>5 days

Part Time Employees (n=13)

Track and Administer Paid Time-off (n=37)
Manually

73%

Computer Program

11%

Outsourced

8%

Others

8%
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Paid Sick Leave Specific Questions (2/2)

64% of responding service businesses opposed the paid sick leave regulations
Service

Acceptance of Paid Sick Leave Regulations (n=55)

Reasons for supporting Paid Sick Leave Regulations

20%

Fair and reasonable

1

Sick workers not fit for workplace

2

Performance deteriorates when working sick

2

Reasons for Not supporting Paid Sick Leave Regulations

64%

Source: Minimum Wage & Paid Sick Leave Survey, Mar 2018

Rank

Rank

Determined by market/business

1

Increases cost

2

Unnecessary for part-time/under 18 employees

3

Hard to maintain records

4

Abuse of facility

5
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Appendix 4

Who Is Affected by the Minimum Wage?*
DALE BELMAN, PAUL WOLFSON, and KRITKORN
NAWAKITPHAITOON
Prior surveys of empirical research on the minimum wage have been organized
around the question “What does the minimum wage affect?” This survey is organized around the question “Who is affected by the minimum wage?” We review
the consequences of the minimum wage for teens and young workers, men and
women, African Americans and Hispanics, the less educated, workers in lowwage industries, and low-wage/low-income populations. Although there is almost
universal agreement that the minimum wage boosts earnings, evidence for a negative employment effect varies between mixed and nonexistent. An important gap
in the literature is the paucity of research on low-wage/low-income groups.

Introduction
Surveys and literature reviews of empirical research on the minimum wage
are typically organized around speciﬁc outcomes that the minimum wage may
inﬂuence. Employment is the most common (Neumark and Wascher 2007),
perhaps in partnership with variables such as unemployment (Brown, Gilroy,
and Kohen 1982); the distribution of income (Brown 1999); and wages,
poverty, and the costs to employees and shareholders (Card and Krueger
1995). Neumark and Wascher’s (2008) book has chapters devoted to most of
these variables as well as skills and prices, as does our book, What Does the
Minimum Wage Do? (Belman and Wolfson 2014). In examining speciﬁc outcomes, the analyses considered in the surveys above almost always consider
them not in the abstract, not with respect to entire economies, but for speciﬁc
subpopulations or industries within an economy; common examples are teenagers and the food-and-drink sector. The result is a patchwork of effects with
limited insight into the comprehensive impact of the minimum wage on

*The authors’ afﬁliations are, respectively, Michigan State University, East Lansing, Michigan. Email:
drdale@msu.edu; The Tuck School of Business at Dartmouth College, Hanover, New Hampshire. Email:
paul.wolfson@tuck.
dartmouth.edu; Renmin University of China, Beijing, China. Email: kengha_di@hotmail.com.
The W. E. Upjohn Institute for Employment Research provided support for the work from which this
survey developed.
INDUSTRIAL RELATIONS, Vol. 54, No. 4 (October 2015). © 2015 Regents of the University of California
Published by Wiley Periodicals, Inc., 350 Main Street, Malden, MA 02148, USA, and 9600 Garsington
Road, Oxford, OX4 2DQ, UK.
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segments of the population. What follows is a survey organized around the
question, “who?” rather than “what”; a survey in which the primary dimension
for organizing and discussing analyses is the group or industry under study.
There are two beneﬁts to this approach. From a policy perspective, the
beneﬁt is that this article brings together in one place the known effects of
minimum wage policy on speciﬁc groups of people and on speciﬁc industries
in the economy: teenagers, women, people of color, the restaurant industry,
and employees from low-income families. From a research perspective, the
article highlights gaps in our knowledge. We use data from the 2012 CPS to
understand the importance of the minimum wage to each group and the
importance of each group to assessing outcomes of the minimum wage. The
combination of the data and research not only clearly reveals the presence of
gaps, it also displays the relative importance of each group and industry to
understanding the effects of the minimum wage. The most obvious example
is that of prime age and older workers and teenagers. Teens are the most
studied group in the minimum-wage literature; more than forty studies (onethird of this literature) provide estimates of the effect of the minimum wage
on teens. This provides rich information on consequences for employment,
accessions and separations, earnings, and the response of school enrollment.
Teenagers, however, comprise less than one-ﬁfth of workers who earn no
more than the minimum wage and barely one-tenth of those who earn no
more than 1.5 times the minimum wage.1 Older adults, those at least 25
years old, are a majority of these workers. By now, examination of consequences of the minimum wage for prime age and older adults, for whom
there is little speciﬁc research, is certain to be more revealing than yet
another study of teenagers.
After beginning with a discussion of some statistical issues necessary to
evaluate this research, we follow the literature, slicing the working-age population along different dimensions in order to focus on demographic groups suspected of being vulnerable to unintended consequences of the minimum wage.
In the second section, we begin by splitting the working-age population along
standard demographic lines: ﬁrst by age into teenagers, young adults, and older
adults; second by gender; and third by race and ethnicity into Hispanics and
non-Hispanic blacks. In the fourth classiﬁcation, nonstudent workers are distinguished according to the highest level of education achieved, in order to consider the interplay between the minimum wage and low levels of education.
The next section is a consideration of the very limited research of effects on
1
In point of fact, 103 percent rather than 100 percent of the actual minimum wage. This approximation,
not uncommon in the literature, allows for spikes in the measured wage distribution thought to reﬂect rounding and mistakes of respondent recall, without substantially changing the measurements.
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full- and part-time workers, followed by a section laying out the more
extensive research on speciﬁc low-wage industries. Finally, earners are classiﬁed by family income categories to examine the concern that in focusing on
low-wage workers, the minimum wage is insufﬁciently focused on low-income
workers.2

Methodological Issues
Identiﬁcation. The issue identiﬁed by the phrase “Correlation is not causation” has been of interest to economics, a largely observational science, at
least since Working (1927).3 Morgan (1990), and CHRIST, CARL F., Christ
(1994). Experimental sciences can resolve the issue either explicitly by systematic variation in causal variables or implicitly by randomly assigning
experimental subjects to treatment or control groups. Although these solutions are possible in the study of government participatory programs and
occasionally those of private organizations, statistical solutions have received
much attention because those of the experimental sciences are unavailable
for most topics of economic interest. Prior to the 1991 conference that
launched the New Minimum Wage Research (NMWR), minimum wage
research had not shared the increasing interest in the possibility of more
nearly mimicking controlled experiments (Meyer 1995). Instead, it relied on
estimated partial correlations from one-dimensional observational data, primarily time series, and less often cross-sectional, data (Brown, Gilroy, and
Kohen 1982).4,5
The conference papers contrasted sharply with earlier practice. Neumark and
Wascher (1992) introduced panel data and models to the ﬁeld, adapting the
analytic framework previously applied to time-series data in the hope that
greater variation in the data would allow for more careful measurement of the
relationship between employment and the minimum wage. Card (1992) and
Katz and Kreuger (1992) introduced what we would now recognize as early
versions of quasi-experiments (QEs): the latter, a differences analysis, the former
2
This review is not exhaustive. We limit ourselves to articles on developed countries, with a heavy
emphasis on studies of the U.S. experience. How far back we reach into the literature varies according to
how much recent work there has been on a topic; in discussing employment effects, we generally limit our
discussion to work published since 2000, but for topics where there are few articles, such as work on education and training, we include earlier studies.
3
See also Christ (1994), Epstein (1987), Morgan (1990).
4
In October 1992, Industrial and Labor Relations Review (46:1) included a symposium consisting of
ﬁve papers presented at the conference and Ehrenberg’s (1992) introduction.
5
Wooldridge (2010: Chapter 21) contains a more recent discussion of this quasi-experimental literature.
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a protosynthetic control framework. Following the conference, in perhaps the
most widely known analysis of the NMWR and one of the most widely known
analyses of its kind, Card and Krueger (1994) introduced the difference-in-differences technique to the study of the minimum wage.
In the next decade or so, panels and QEs separately became much more
widely used, with Neumark and Wascher’s approach coming to be referred to
as the canonical model (Allegretto, Dube, and Reich 2011). Each evolved variations. Eventually, serious questions arose concerning the estimated standard
errors and the validity of statistical inference based on them (discussed in the
next section), but the most important substantive criticism of each changed little during this time. For the QEs, this was doubt about generalizing from what
were essentially a few short-term case studies. For the panel model, this concerned the absence of any response to the objection, “Correlation is not causation,” and ultimately about poor identiﬁcation of the effect of the minimum
wage because treatment and control groups were not carefully matched.
The concerns about the QEs are straightforward and easy to understand but
the identiﬁcation issue is a bit more subtle, so a few words of elaboration are
in order. Is the minimum wage endogenous, and if so, what is an appropriate
correction? In their critique of Neumark and Wascher (1992), Card, Katz, and
Krueger (1994) objected that the Kaitz index was endogenous and by construction would vary inversely with employment even without any correlation
between employment and the minimum wage.6 Even without this artiﬁcial
introduction of endogeneity, if both minimum-wage legislation and leisure are
normal goods, the minimum wage and labor supply (and thus employment)
are correlated, without causation running from one to the other.
Little progress was made toward resolving either of these issues until three
analyses that showed how the canonical model could be transformed, step-bystep, to one that looked like a set of QEs (Allegretto, Dube, and Reich 2009,
2011; Dube, Lester, and Reich 2010). Because many state policies that affect
labor demand and supply are both correlated when considered contemporaneously across states and contemporaneously homogeneous within multi-state
regions (Allegretto, Dube, and Reich 2009) the census divisions can be understood as regional economies within which effects of the minimum wage can
be disentangled from those of other factors. Two of the studies (Allegretto,
Dube, and Reich 2009; Dube, Lester, and Reich 2010) take this one step
further, using county-level employment data to deﬁne local labor markets at
the level of neighboring counties. When adjacent counties straddle a state
6
The Kaitz index is the coverage adjusted relative minimum wage. It is calculated as the ratio of the
minimum wage to an average wage multiplied by the proportion of the relevant labor force covered by the
minimum wage.
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boundary and the states in question have contemporaneously different minimum wages, different parts of the labor market sort naturally into either the
treatment or control group.
In the simplest speciﬁcation of both the state-level and county-level data, all
variation in the minimum wage is used (along with some other control variables) to explain all variation in employment just as in the canonical model.
The incorporation of one set of dummy variables transforms this speciﬁcation
into a set of regional economies. In the two studies that use county-level
employment data, a different set of dummies transforms the analysis into a collection of QEs.7 In all three analyses, the simple, canonical model generates
results that resemble those of other analyses that rely on the canonical model.
In all three, the speciﬁcations that correspond to QEs have wage effects of the
same size as, or larger than, those in the canonical model but the employment
effects are uniformly not statistically signiﬁcant and more often than not the
point estimate of the minimum wage term is positive. The marriage of the two
approaches, long-term panel and QE, responds to the major criticisms of each
of the earlier approaches, that in the canonical model the effect of the minimum wage is not well identiﬁed and that each QE is a short-term case study
that cannot be reliably generalized.
In response to this line of work, Neumark, Salas, and Wascher (2014)
objected that the method for identifying observations to be controls and their
matching to the treatment observations is ad hoc, and questioned whether the
observations identiﬁed as controls are well suited for that function. The apparent solution is the synthetic control technique (Abadie, Diamond, and Hainmueller 2010), which Sabia, Burkhauser, and Hansen (2012) introduced to this
literature as the third of three QE analyses of the rise in New York’s minimum
wage in 2005 and 2006. The synthetic control technique forms an optimal
counterfactual (the synthetic control) for the treated subject from a weighted
mean of a prespeciﬁed list of untreated subjects. Done properly, the synthetic
control closely resembles the treated subject before the treatment and it is necessary to calculate only the ex post difference instead of a difference-in-differences. Of the twenty-ﬁve states that did not experience a rise in the minimum
wage during 2002–2006, this technique selected four to be part of the synthetic control; the two with greatest weight were among the control subjects
that Sabia, Burkhauser, and Hansen (2012) used in their two more conventional QEs. Despite this, the ex ante match was sufﬁciently poor that they felt
it necessary to calculate the difference-in-differences using the synthetic con-

7

The dummy variables effectively remove local labor markets with a uniform minimum wage from the
analysis.
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trol. The resulting point estimates were negative but not signiﬁcant at a 0.05
level according to their synthetic t-distribution.
The synthetic control technique is difﬁcult to combine with the canonical
framework of long panels because the minimum wage rises both frequently
and asynchronously across states. Neumark, Salas, and Wascher (2014) begin
the technique for a subsample of about one-quarter of the minimum wage
changes that occurred in the United States from 1990q1–2011q2 but reject it
because
this subset of minimum wage increases (there are a total of 544 minimum wage increases in our sample period) appeared to be unusual in
that it did not generate a signiﬁcantly negative minimum wage effect
using the modiﬁed panel data estimator described earlier. (p. 639)
Instead, they develop an ad hoc technique that bears at least a superﬁcial
resemblance to that of Abadie, Diamond, and Hainmueller (2010) and for
which
the counterfactual observations could include observations with minimum wage increases; however, because these counterfactual observations contribute to both the estimated employment rate and the
estimated minimum wage variables (as well as the other controls), this
is not problematic. (p. 639)
Including states with minimum wage increases in the pool of potential
donors to the synthetic control not only deprives their approach of much of
the intuitive appeal that adheres to this technique but also makes it difﬁcult
to understand precisely what its advantage is over not just a more conventional QE, but even over the canonical model. Both the qualitative similarity
and the lack of a statistically signiﬁcant difference between these results and
those of the canonical model reinforce these doubts. Dube and Zipperer
(2013) apply the technique of Abadie, Diamond, and Hainmueller (2010) to
part of the subsample that Neumark, Salas, and Wascher (2014) rejected in
favor of the whole sample. They report only three out of nineteen statistically
signiﬁcant effects on employment at the 0.10 level (one positive, two negative)—about what one would expect from a sample of this size if there is no
effect.
After more than two decades of NMWR, the central points of methodological dispute are no longer about the appropriate analytical framework, as they
were for much of that period. They are now about the best way to implement
the QE framework and how best to select or construct appropriate controls for
treatment observations.
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Biased or inconsistent standard errors. Complicating assessment of the literature are problems with the estimated standard errors that raise serious questions about the reliability of the statistical inference it contains. The most
common is serial correlation in panels and repeated cross-sections that is unaccounted for in the calculations. Bertrand, Duﬂo, and Mullainathan (2004),
BDM hereafter, is the best-known work to call attention to this issue, and
Hansen (2007a, 2007b) and Wolfson (2011) have conﬁrmed their concern.
Donald and Lang (2007) have called attention to a less common problem,
inconsistent standard errors in the simple two-by-two difference-in-differences
framework where it is plausible that the treatment and control dummies are
picking up random shocks in addition to any effect of policy. Having little
conﬁdence in inference from analyses likely to be suffering from these problems, we generally do not discuss them; where we do, we note the problem.
In our supplementary tables, which list all the analyses and their results, we
note those that are problematic. On the other hand, despite agreeing with
Kuehn (2014) about both the importance of careful matching of control and
treatment groups, and that there is no reason that best practice in the minimum-wage literature should be broadly different from that elsewhere in labor
policy analysis, the current lack of widespread agreement on this issue discourages us from using it to prune our list of studies.

Effects by Subgroup
By age. Teens and young adults have been the focus of much of the
research on the minimum wage. Belman and Wolfson (2014) discuss more
than forty analyses that consider the effect of the minimum wage on teenagers
and young adults. As Table 1 shows, this focus is both understandable and
unfortunate. Let us turn ﬁrst to “understandable.” Under the broad heading
“Row Percentages,” the left side of Table 1 displays the cumulative wage distribution (relative to the effective minimum wage) of teenagers and young
adults, as well as some basic labor-force statistics for each. About one-quarter
of teenagers are employed (line 1a), of whom about one-third earn no more
than the effective minimum wage; one-half earn no more than 1.1 times the
effective minimum wage; and four-ﬁfths and nine-tenths, respectively, earn no
more than 1.25 and 1.5 times the effective minimum wage.8 About 60 percent
8

The effective minimum wage is the higher of the state or federal minimum wage in the state where the
individual works. We use the two terms interchangeably unless otherwise indicated. We use 0.97 to 1.03
times the minimum wage instead of the exact minimum wage to allow for rounding and reporting errors.
All calculations are derived from the 2012 CPS outgoing rotation ﬁles.
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of young adults are employed (line 1b), of whom one-sixth earn no more than
the minimum wage; one-quarter earn no more than 110 percent of the minimum wage; and almost one-half and two-thirds earn, respectively, no more
than 125 percent and 150 percent of the minimum wage. Employed members
of both groups, but especially teenagers, are heavily concentrated in the wage
distribution near the minimum wage.
Now let us turn to “unfortunate,” and consider the right side of Table 1, under
the broad heading of “Column Percentages.” Teenagers comprise only 3 percent
of all employment and together with young adults comprise only 12 percent of
all employment. Although their shares of low wage earners are disproportionately large, teens comprise only 19 percent of those earning the exact minimum
wage and less than 1.1 times the minimum (which we shall refer to as “very-low
wages”), and this ﬁgure drops to 14 percent and 11 percent, respectively, of those
earning no more than 1.25 and 1.5 times the minimum (which we shall refer to
as “low wages”). Together, teens and young workers comprise less than half of
those who earn no more than the minimum wage. As we move up the wage distribution, this fraction falls until it is roughly one-third of those who earn no
more than 150 percent of the minimum wage. Figure 1 shows this visually: older
adults, those 25 and older, comprise more than half of each wage band. While
FIGURE 1
AGE COMPOSITION

OF

CUMULATIVE WAGE DISTRIBUTION: WAGE BANDS RELATIVE
MINIMUM WAGE
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the focus on young workers may be useful in determining whether the minimum
wage ever has a speciﬁc effect, it obscures a balanced understanding of the
effects of the minimum wage.
More than one-third of the studies considered in this survey examine some
aspect of the effect of the minimum wage on teenagers and young adults:
employment (37), hours (10), wages or earnings (13), human capital formation
(16), and labor market dynamics including labor force participation (15). Considering only employment, and not including those subject to the BDM critique,
two report a positive response (Giuliano 2013; Portugal and Cardoso 2006), eleven a negative response (Bazen and Marimoutou 2002; Campolieti, Fang and
Gunderson 2005b; Eckstein, Ge, and Petrongolo 2011; Kalenkoski and Lacombe
2008; Pacheco 2011; Pereira 2003; Sabia 2009a, 2009b; Sabia, Burkhauser, and
Hansen 2012; Thompson 2009; Yuen 2003), seven no response (Allegretto,
Dube, and Reich 2009, 2011; Lee and Suardi 2011; Neumark and Nizalova
2007; Stewart 2002, 2004a, 2004b), and six mixed responses (Addison, Blackburn, and Cotti 2013; Bazen and Le Gallo 2009; Hyslop and Stillman 2007;
Orrenius and Zavodny 2008; Pinoli 2010; Williams and Mills 2001).
This large number of studies poses challenges for assessing the results. We
are faced with many estimates based on different methodologies and measures
of the minimum wage. Negative elasticities comprise the largest category of
outcomes but they are almost perfectly balanced by those which report zero or
positive elasticities. This balance is strengthened by the seven studies reporting
mixed effects.
This approach can be supplemented with two meta-regression analyses of
research on teenage and young adult employment. Going beyond counts and
averaging, meta-regression provides a more systematic weighing of results,
and controls for differences in precision and methodology. Doucouliagos and
Stanley (2009) estimate meta-regressions using 1474 estimates from sixty-four
studies of minimum wage consequences for teen employment in the United
States, published between 1981 and 2006. Meta-estimates of the employment
elasticity are negative, but small in magnitude and never close to statistical signiﬁcance. Belman and Wolfson (2014) estimate meta-regressions for studies
published from 2001 to 2013. The effect on employment of teenagers and
young adults is negative and small in magnitude, with elasticities that range
from –0.117 and –0.070 and signiﬁcant in a 5-percent hypothesis test when all
countries are treated identically. Estimates for studies of the United States are
smaller in magnitude, ranging from –0.008 to –0.02 and are not close to
achieving signiﬁcance in a 10-percent one-tailed test. Together, these meta-regression results suggest that the minimum wage does not negatively affect
youth employment in the United States but may in other countries.
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Estimates of the effect of the minimum wage on teenagers and young
adults’ hours of work are also mixed, with four articles reporting a negative
effect (Pacheco 2011; Pereira 2003; Sabia 2009a, 2009b), two reporting no
effect (Allegretto, Dube, and Reich, 2009, 2011), one a positive effect (Hyslop and Stillman 2007), and one a mixed effect (Orrenius and Zavodny
2008). There are no patterns across these studies suggesting that effects differ when considering more ﬁnely deﬁned groups, such as teen women or
those in retail.
What of other employment-related outcomes? Hyslop and Stillman (2007)
ﬁnd the unemployment rate does not respond to minimum wage increases;
Flinn (2006) reports an increase in unemployment, employment, and laborforce participation; and Partridge and Partridge (1998) report that both
higher minimum wages and broader coverage of minimum wages raise teen
unemployment. Ahn, Arcidiacono, and Wessels (2011) report that teenagers
from better educated households increased their labor-force participation.
Three studies report that the accession rate falls following a minimum wage
increase (Dube, Lester, and Reich 2014; Portugal and Cardoso 2006;
Thompson 2009); Pinoli (2010) reports results for anticipated minimum
wage increases that are consistent with these studies but reports no decline
for those that are not; Giuliano (2013) reports that the effect varies. Two
studies report a decline in the separation rate (Dube, Lester, and Reich
2014; Portugal and Cardoso 2006) and one reports no effect (Guiliano
2013). Given limited numbers of estimates and the mix of results, there
appears to be no systematic effect for unemployment or participation. The
evidence on accessions and separations is richer, pointing toward a decline
in hiring and a possible fall in the separation rate.
Most studies of young workers’ wages or earnings report a positive effect
(Allegretto, Dube, and Reich 2011; Dube, Lester, and Reich 2014; Giuliano
2013; Lam et al. 2006; Orrenius and Zavodny 2008). Two partial exceptions
are Hyslop and Stillman (2007), who ﬁnd a positive effect on the weekly earnings of 16–17-year-olds, but not for 18–19-year-olds, and Neumark and
Wascher (2011), who ﬁnd a positive effect on hourly, but not weekly, earnings. Estimated elasticities range from 0.07 to 0.6. The virtual unanimity of
the evidence supports a conclusion that increases in the minimum wage raise
teen and young adult earnings.
Estimates for school enrollment are mixed but suggest that increases in the
minimum wage may reduce enrollment among some groups of students. One
study (Warren and Hamrock 2010) ﬁnds a negative effect on schooling, three
report no effect (Baker 2005; Campoleti, Fang, and Gunderson 2005a; Hyslop
and Stillman 2007), one ﬁnds a positive effect (Mattila 1981), and three report
mixed results (Chaplin, Turner, and Pape 2003; Cunningham 1981; Pacheco
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and Cruikshank 2007).9 The mixed results suggest that although higher minimum wages do not reduce enrollments among all teens, there could be a negative effect for some groups. Chaplin, Turner, and Pape (2003) ﬁnd that the
minimum wage reduces school continuation in states where teens may leave
school at 16 or younger, but not otherwise. The extension of coverage to teens
in New Zealand increased, while higher real minimum wages reduced, teen
enrollment (Pacheco and Cruickshank 2007). Together, these results suggest
that there may be a negative effect on the schooling of some groups of teens,
but the evidence is mixed.
Although there is nothing inherently wrong with researchers focusing on consequences of the minimum wage for teens and young adults, it reﬂects a misplaced perception that the minimum wage is fundamentally a matter of concern
primarily to young workers. Young workers are more likely to be employed at
the minimum wage than are older workers, but the majority of those directly
affected by the minimum wage or in jobs paying close to the minimum wage are
at least 25 years old. While the effect of the minimum wage on older workers has
been considered in the context of research on the less educated and less skilled,
more direct research on older workers is an avenue for future research.
By gender. According to the recent literature, the minimum wage has stronger effects on women than men. The evidence for men largely indicates that it
has no effect on employment, while the evidence for women leans in that direction but is more mixed. Single mothers have been of particular interest and we
discuss this group both in our review of demographic data and research.
Women comprise not quite half of either part of the labor force: 47 percent
of the employed and 46 percent of the unemployed are female (Table 1, line
2b). Single mothers, a subgroup singled out in some analyses, account for 6
percent and 10 percent of the employed and unemployed, respectively (Table 1,
line 2a). While their share among the employed is roughly in proportion to
their 5-percent share of the 16 and older population, they are over-represented
among the unemployed.
Women are over-represented at the bottom of the cumulative wage distribution. Despite making up less than half of the employed labor force, women are
59 percent of those who earn no more than the minimum wage and no more than
1.1 times the minimum wage, and more than 55 percent of those who earn no

9
The effects of serial correlation in panels on estimates of standard errors, as well as the Moulton
(1990) critique, have not been established for studies of the effect of the minimum wage on school enrollment, but there is reason to believe that, absent clustering of standard errors, statistical inference will be
unreliable. Articles for which this may be an issue are not discussed in the body of this study, but appear in
the Appendix.
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more than 1.25 and 1.5 times the minimum wage. Nevertheless, few employed
women earn very low wages; only 7 percent earn no more than the minimum
wage, and only 11 percent earn no more than 1.1 times the minimum wage. As
we turn to low (rather than very low) wages, the fractions rise substantially; 21
percent of women earn no more than 1.25 times the minimum wage and 32 percent no more than 1.5 times the minimum wage. For single mothers, the proportions are higher for very low wages; 9 percent earn no more than the minimum
wage and 15 percent earn no more than 1.1 times the minimum wage. The proportions are much higher for low wages, with 43 percent of all employed single
mothers earning no more than 1.5 times the minimum wage. Single mothers
comprise 9 percent of very low and low-wage employment.
Figure 2 clearly brings out two features. One is the stable fraction of lowwage employment made up of single mothers. The other is that although
women are slightly in the minority in the employed labor force, they are in the
majority at the lowest wage levels, a majority that only slowly declines as the
deﬁnition of “low-wage employment” is relaxed. The employment shares of
men and women converge above three times the minimum wage; continuing up
the wage distribution, the employment share of men surpasses that of women.

FIGURE 2
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Studies of the employment effect for men are consistent in reporting no
effect but that is not the case for women. Similar to men, women’s wages rise
with the minimum wage. Of the eight studies of women’s employment, four
suggest no effect on women’s employment (Orrenius and Zavodny 2008;
Stewart 2002, 2004a, 2004b), one ﬁnds negative effects (Laroque and Salanie
2002), and three ﬁnd mixed effects (Neumark and Wascher 2011; Pinoli 2010;
Sabia 2008). Sabia (2008) and Pinoli (2010) report negative effects for women
with limited education but no effect in samples not stratiﬁed by education.
Neumark and Wascher (2011) ﬁnd either no effect or a small positive effect
on the employment of women with no more than a high school degree.
Laroque and Salanie (2002) report a negative effect for a sample of married
women in France. Of the three hours studies, one ﬁnds no effect (Connolly
and Gregory 2002), and two mixed effects (Orrenius and Zavodny 2008;
Stewart and Swafﬁeld 2008). Finally, Pedace and Rohn (2011) ﬁnd that higher
minimum wages are associated with longer unemployment duration for older
women and women in lower skilled occupations. Overall, the evidence for
women’s employment is mixed, with several studies ﬁnding a negative effect
on the employment and hours of some groups of women, while other research
ﬁnds no decline in employment or hours for most women.
Studies of wage effects suggest that higher minimum wages are associated
with higher wages and earnings for women and that the effects are larger than for
men. Nine of the eleven articles that estimate the effect of the minimum wage on
women’s earnings ﬁnd a positive effect on hourly or weekly earnings (Butcher
2005; Dinardo, Fortin, and Lemieux, 1996; Easton 2006; Harvey and Bernstein
2003; Lee 1999; Neumark and Wascher 2011; Orrenius and Zavodny 2008; Stewart 2004a), one reports a mixed effect (Sabia 2008), and one reports no effect
(Grossberg and Sicilian 1999). Neumark and Wascher (2011) report a positive
effect on wages, but do not ﬁnd an effect on annual earnings in a sample which
includes those who have no labor earnings. Studies of wage distributions suggest
that higher minimum wages affect the ﬁrst two to three deciles of the wage distribution of women (Butcher 2005; Dinardo, Fortin, and Lemieux, 1996; Harvey
and Bernstein 2003; Lee 1999). Research on inequality consistently ﬁnds that the
decline in the real minimum wage after the 1970s had a markedly greater impact
in increasing earnings inequality among women than among men.10
Increases in the minimum wage do not reduce male employment, but may
reduce hours of work. Five of seven employment studies ﬁnd no male employment effect (Mulheirn 2008; Orrenius and Zavodny 2008; Stewart 2002, 2004a,
2004b), one ﬁnds a small negative effect (Eckstein, Ge, and Petrongolo 2011),
Sabia (2008) ﬁnds that the minimum wage does not affect whether single women are above or below
the poverty line.
10
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and one a positive effect for young men (Stewart 2004b). Stewart and Swafﬁeld
(2008) report a negative hours effect after one year for British men bound by
the minimum wage, Orrenius and Zavodny (2008) report no effect in the United
States for native-born or immigrant men with low education. In addition, Pedace and Rohn (2011) report that increases in the minimum wage increase unemployment duration for men without high school degrees and reduce
unemployment duration for older men and those with a high school degree.
Eight of nine studies of wages, wage distributions, or wage growth conclude
that higher minimum wages are associated with higher earnings among men
paid low wages (Autor, Manning, and Smith 2010; Butcher 2005; Easton
2006; Eckstein, Ge, and Petrongolo 2011; Krashinsky 2008; Lee 1999; Sicilian
and Grossberg 1993; Stewart 2004a). The target groups include bound workers, care home assistants, immigrants, less educated men and less educated
white men, and low-wage men in the United States and U.K. Harvey and
Bernstein (2003) ﬁnd that increases in the minimum wage do not affect the
male wage distribution. Grossberg and Sicilian (1999) indicate that wage
growth was slower among men hired at exactly the minimum wage than
among men hired at slightly higher wages, Easton (2006) and Stewart (2004a)
report higher wage growth for minimum-wage workers.11
Three studies of wage distributions and inequality ﬁnd that lower minimum
wages are associated with higher wage inequality (Autor, Manning, and Smith
2010; DiNardo, Fortin, and Lemieux, 1996; Lee 1999), but one reports that
“the lower deciles appear to be little affected by minimum-wage legislation”
(Harvey and Bernstein 2003).12
By race. Some objections to minimum wage increases focus on their possibly disparate effect on racial and ethnic minorities, primarily Hispanics and
non-Hispanic African Americans (“blacks” hereafter for brevity).13 Turning
ﬁrst to Hispanics, 60 percent are employed, 7 percent unemployed, and about
one-third are not in the labor force (Table 1, line 3a). Ten percent of employed
Hispanics earn no more than the minimum wage, 16 percent earn no more
11
The differences among these results are related to differences in samples and the measure of the minimum wage. Grossberg and Sicilian (1999) have data by ﬁrm, and classify workers as minimum wage if they
were hired at exactly the minimum wage, while Easton (2006) uses a repeated cross section in which the
minimum wage variable denotes the value of the applicable minimum wage by state, and Stewart (2004a)
measures the effect on bound workers in a U.K. sample.
12
An old study of the effect on training reports that higher minimum wages are associated with reduced
training for black males but not for white males (Leighton and Mincer 1981) while another, slightly less
old, reports that men hired at the minimum wage receive the same amount of training as those hired at low
wages (Sicilian and Grossberg 1993).
13
In August 2014, a web search on the (unquoted) phrase “minimum wage hurts minorities” returned
nearly three-quarters of a million results.
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than 1.1 times, 30 percent no more than 1.25 times, and nearly half no more
than 1.5 times the minimum wage. Hispanics comprise 15 percent of the
employed and 20 percent of the unemployed labor force, as well as a quarter
of the lower tail of the wage distribution for each of the cut-offs considered.
Compared to Hispanics, blacks are a smaller percentage of the employed, and
a larger percentage of the unemployed, labor force, and comprise a smaller
proportion of the lower left tail of the wage distribution, ranging from twothirds that of Hispanics at very low wages to four-ﬁfths at merely low wages
(Table 1, line 3b). As part of the labor force, blacks are a smaller share of the
employed than Hispanics (11 percent), an equal share of the unemployed (20
percent), and make up a fairly stable 13–14 percent of low-wage employment.
Figure 3 breaks out the shares of Hispanics and blacks in low-wage employment and is reminiscent of Figure 1, which breaks out teenagers and young
adults. In each ﬁgure, the identiﬁed groups are substantial minorities of lowwage employment, but in neither do they sum to form a majority of low-wage
employment.
Most analyses of the effect of the minimum wage on blacks and Hispanics
have focused on teenagers, but there are exceptions. In their analysis of the
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interplay between the earned income tax credit (EITC) and the minimum
wage, Neumark and Wascher (2011) separately examine the effects on single
black and Hispanic mothers, aged 21–44, on childless black and Hispanic individuals aged 21–34 with no more than a high school degree, and on the male
subset of the latter group. Carrington and Fallick (2001) break out blacks in
their study of the low-wage workforce in the decade following completing
schooling; Long (1999) does the same for both blacks and Hispanics in his
study of minimum wage earners in the early 1990s. Leighton and Mincer
(1981) distinguish between black and white men in their study of the minimum wage and on-the-job training.
Employment, the level and growth of wages and earnings, human capital
formation, and measures of economic well-being related to poverty are among
the consequences of the minimum wage that have been studied with regard to
racial and ethnic minorities. Starting with employment, Allegretto, Dube, and
Reich (2011) report that higher minimum wages do not affect the employment
of Hispanic or black teens, but that the hours of Hispanic teens decline.
Neumark and Wascher (2011) ﬁnd that the minimum wage and EITC together
increase employment of single black or Hispanic mothers (aged 21–44), but
reduce employment of childless blacks or Hispanics (aged 21–34) with no
more than a high school degree. Using a search model to study the labor market experience of southern teenage boys, Ahn et al. (2010) conclude that
although the unemployment rate is similar for 17-year-old white and 19-yearold black males, the minimum wage is the source of unemployment for whites
but ﬁrms’ perception of a skills mismatch is the source for blacks. Neumark
and Nizalova (2007) report that minimum-wage increases result in long-term
reductions in employment and hours, leading to scarring of black teenagers
and young adults relative to their white counterparts.14
Effects on wages and earnings are similarly mixed. Allegretto, Dube, and
Reich (2011) report that increases in the minimum wage raise the earnings of
white and black teens, but not the earnings of Hispanic teens. Neumark and
Wascher (2011) ﬁnd a strong, positive combined effect of the EITC and minimum wage on the earnings of single black and Hispanic mothers, aged 21 to
44; a small negative effect of the minimum wage by itself (that almost exactly
cancels its positive effect for the whole sample) on wages of childless black
and Hispanics, aged 21–34, with no more than a high school degree; and large
negative effects of the minimum wage and EITC in combination on earnings
14

The authors posit that scarring (which is supposed to affect individuals years after their experience
with a high minimum wage) is the result of reductions in contemporaneous employment due to the minimum wage; yet the contemporaneous effect that they report for black teenagers is not close to statistical signiﬁcance.
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of this population. Neumark and Nizalova (2007) report that the minimum
wage raises the contemporaneous wage of black teenagers, but scars both them
and young black adults so that the wage and the weekly earnings of blacks in
their late twenties are lower than they would be otherwise. Again, as noted in
the previous footnote, the posited mechanism causing scarring is not consistent
with their estimates.15
Little work has examined the consequences of the minimum wage for school
enrollment by race, and what there is, is either old or has issues with reliable
statistical inference. Leighton and Mincer (1981) is the most recent analysis
that examines the effect on training and allows for differences across races
(they report evidence of a reduction for black men when they examine the
National Longitudinal Survey of Youth (NLSY) data from the late 1960s, but
not for either black or white men using data from the Panel Study of Income
Dynamics). There is next to no work that examines the effect on income,
inequality, or poverty by race; Sabia and Nielsen (2015) is an exception, breaking out the effects of the minimum wage on several measures of poverty and
ﬁnancial or material hardship for young blacks (aged 16–24). In general they
ﬁnd no effect of the minimum wage on these measures of economic well-being
overall or speciﬁcally for young blacks. Similarly, they report that the minimum wage does not have a positive or negative effect on individuals’ likelihood of being in poverty or being in ﬁnancial or material hardship.
Several topics remain to be explored in greater depth. First, there are
hints of different consequences of the minimum wage for Hispanics and
blacks. This appears both in the CPS data tabulated in Table 1, in which
Hispanics are more likely to be in minimum-wage or close to minimumwage jobs than blacks, and in the research which distinguishes between Hispanics and blacks. In that research, hours are more likely to be negatively
affected and earnings are less likely to be positively affected for Hispanics.
None of the research addresses reasons for this; the reasons may be related
to the immigration status of part of the Hispanic labor force, language
issues, or relative levels of human capital. The work of Neumark and
Wascher (2011) also suggests a complex pattern of outcomes within racial
and ethnic groupings, as well as interactions between the minimum wage
and the EITC. This sophistication provides useful insights and should, where
appropriate, be followed in future research.

15

Long (1999) reports results for wage growth of blacks and Hispanics who initially earn the minimum
wage, and Carrington and Fallick (2001) perform a similar analysis for blacks in the years immediately after
leaving school. Both are descriptive; neither asserts causality running from the minimum wage to patterns of
wage growth.
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By education. An implication of human capital theory is that those with
low levels of education are more likely to be employed at low-wage levels,
especially at or near the minimum wage. The cross-tabulation of educational
attainment and wage levels in rows 4a–4c of Table 1 is consistent with this.16
Likely as a result, a number of analyses have examined how educational
attainment moderates the consequences of the minimum wage.
What story do these education-by-wage cross-tabs tell? The general pattern
in the row percentages is that those with no college have lower employment
rates and are considerably more likely not to be in the labor force than the
population as a whole. Workers affected by the minimum wage are very disproportionately those who did not complete high school, and disproportionately those who completed high school but either had no college experience or
did not complete a degree. The column percentages indicate that those without
a high school diploma make up the group most concentrated in low-wage jobs
but do not make up the largest group of low-wage employees. That group,
which is much larger by share of employment, consists of those whose formal
education ended with completion of high school. Figure 4 reinforces this point
and clearly indicates the strong connection between less education and lowwage employment. Those without any postsecondary education comprise more
than one-half of those in low-wage jobs; only one-ﬁfth of those in low-wage
jobs have a postsecondary degree of any kind.
Reversing the usual focus of minimum-wage research on employment, seven
studies consider the effect of the minimum wage on the compensation of individuals with limited education, while only four consider the effect on employment and hours. The deﬁnition of lesser educational attainment varies
considerably among studies. Whereas Sabia (2008) and Orrenius and Zavodny
(2008) distinguish between those with and without a high school degree,
Neumark and Wascher (2011) draw the line at whether an individual’s education went beyond high school and Eckstein, Ge, and Petrongolo (2011) study
only individuals whose education ended with a high-school degree.
Evidence about consequences of the minimum wage for employment and
hours of less educated individuals is mixed. According to Sabia (2008), there
is a negative employment and hours response for single mothers with less than
a high-school degree, but no effect for single mothers who have completed
high school. Orrenius and Zavodny (2008) ﬁnd that minimum-wage increases
do not affect the employment of men or women with less than a high school
education regardless of their immigration status. Eckstein, Ge, and Petrongolo
(2011) ﬁnd a very small negative employment effect for white male highTo avoid conﬂating those who have lower levels of ﬁnal educational attainment with those who have
not completed their education, the calculations exclude those who are enrolled in school.
16
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school graduates who have been in the labor force more than 1 year. In Neumark and Wascher’s (2011) complex speciﬁcation, the minimum wage appears
by itself, interacted separately both with the EITC and with a dummy variable
for low educational achievement, and with both variables together. Neither of
the two interactions with low educational achievement is statistically signiﬁcant although both are negative.
There is broad, if not universal, agreement that higher minimum wages are
associated with higher wages and earnings for less educated workers. Eckstein,
Ge, and Petrongolo (2011) report that the minimum wage elasticity of the
average wage of white male high-school graduates is between 0.1 and 0.2, rising with the time since completing school. Orrenius and Zavodny (2008)
report a positive effect for immigrants with less than a high-school education,
but no effect for the similarly educated native born. Sabia (2008) reports a
positive elasticity close to one for single mothers with less than a high-school
education, but no effect for those with at least a high-school degree. Krashinsky (2008) ﬁnds that the decline in the real minimum wage between the 1970s
and 1990s reduced the earnings of white men with a high-school degree or
less, and Easton (2006) reports that higher minimum wages and the concomitant wage growth had a positive effect on the earnings of those with no more
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than a high-school education. It is difﬁcult to determine the effect of the
minimum wage on wages and unconditional earnings in Neumark and
Wascher’s (2011) complex speciﬁcation. Estimates of the direct effects on both
wages and earnings are consistently large and statistically signiﬁcant, but those
for interactions with the EITC and less educated dummy vary in sign and signiﬁcance. The net effect of a 10-percent increase in the minimum wage on
earnings, inclusive of those without labor earnings, is not statistically signiﬁcant. Autor, Katz, and Kearney (2008) ﬁnd that a minimum wage which is 10percent higher reduces the ratio of college graduates’ wages to those of high
school graduates’ by less than 1 percent, less than one-tenth the magnitude of
the effect of aggregate labor-supply conditions.
Do employers offset a higher minimum wage with reductions in beneﬁts?
Simon and Kaestner (2004) ﬁnd no evidence of reductions in health or pension
coverage among less-educated workers. Marks (2011) reports that higher minimum wages are associated with reduced employer-provided health insurance,
but not pension coverage, for those who are employed by small ﬁrms and lack
a high school degree.
By part time/full time. The only study that distinguishes between effects
on full- and part-time workers is Connolly and Gregory’s (2002) analysis of
the 1998 implementation of the national minimum wage in the United Kingdom. They report that it did not reduce the hours of part-time or full-time
workers, or affect the transition between full- and part-time status.
Examination of CPS data suggests that this is a gap in the literature where
further research is likely to be productive. Table 1 displays the wage distributions of part-time workers and the small fraction who work variable hours,
both when students are included (lines 5a and 5b) and when they are not (lines
6a and 6b).17 Part-time workers make up 18 percent of all employees (Table 1,
line 5a); 17 percent to 27 percent of part-time workers earn very low wages
and 47 percent to 62 percent earn low or very low wages. Not only do a large
share of part-time workers earn low or very low wages, half of those who earn
very low wages report working part time, and they are also 38 percent to 45
percent of those who earn low wages.18 At 4 percent, variable hours workers
17

Workers are classiﬁed as full time if they report averaging 35 hours per week or more, part time if
they work fewer than 35 hour per week on average. Those who report that their hours vary are placed in
their own category.
18
Excluding students from consideration thins the lower end of the part-time workers’ wage distribution
(line 6a), but not by much; it remains the case that more than half of nonstudent part-time workers earn less
than 1.5 times the minimum wage. Because students are more likely to work part time, the share of parttime workers in low-wage jobs drops by about 20 percent (not percentage points) at each cutoff in the distribution.
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are a much smaller share of all employees, and slightly smaller shares of these
workers earn very low or low wages than is true of part timers (Table1, lines
5b and 6b). Variable-hours workers comprise about one-tenth of those who
earn low wages.
By industry. Although studying the minimum wage through its effects on
speciﬁc demographic groups is the most common approach, an alternative is to
study a speciﬁc industry or industries. For much the same reason that teenagers
and young adults are the most frequently studied demographic groups, the Restaurant and Retail sectors, which have disproportionately high representation
among low-paid workers, are the most studied in this approach.19 Between 28
percent and 41 percent of those employed in the Restaurant sector (“Food Services and Drinking Places”) earn very low wages and between 61 percent and
74 percent earn no more than low wages (Table 1, line 7a). Although the sector is only 6 percent of total employment, it comprises between 27 percent and
29 percent of those earning very low wages and between 17 percent and 21
percent of those earning no more than low wages. Employment in the Retail
sector is less concentrated at very low wages, but between one-third and onehalf of retail workers earn no more than low wages (Table 1, line 7c). Employment in the Retail sector is 12 percent of the total, but low-wage and verylow-wage employment is about 20 percent of those totals.20
Thirty-two studies of speciﬁc industries and of groups of low-wage industries have appeared in recent years. Nineteen have examined the effect of the
minimum wage on restaurants. Employment is studied most frequently (14
analyses), followed by wages (9), prices (5), gross employment ﬂows (4),
hours (3), and beneﬁts (2).
Studies of the employment response, with ﬁndings ranging from none to a
decline, deliver no consistent message. Six report no effect (Addison, Blackburn, and Cotti 2012; Dube, Lester, and Reich 2010, 2011, 2012; Dube,
Naidu, and Reich 2007; Hirsch, Kaufman, and Zelenska 2011), three report
mixed effects (Addison, Blackburn, and Cotti 2013; Persky and Baiman 2010;
Ropponen 2011), and four report negative effects (Aaronson and French 2007;
Even and Macpherson 2014; Powers 2009; Singell and Terborg 2007). Skedinger (2006) reports a negative effect for the Restaurant and Hotel sectors in
Sweden, which had a negotiated rather than legislated minimum wage. Singell

19
The older Standard Industrial Classiﬁcation system used the term “Eating and Drinking Places.” For
restaurants, the North American Industrial Classiﬁcation System uses “Food Services and Drinking Places.”
We use the word “restaurant” for both.
20
Because several studies in recent years have also considered the Accommodations industry, we
include those ﬁgures as well without discussion.

Who Is Affected by the Minimum Wage? / 605
and Terborg (2007) examine the employment response of the hotel sector and
report a positive effect on employment, but discount it. Three studies of hours
report no effect (Even and Macpherson 2014; Persky and Baiman 2010;
Powers 2009).21
The minimum wage is universally found to raise wages in the Restaurant
industry; all nine analyses report a positive effect (Addison, Blackburn, and
Cotti 2012, 2013; Anderson and Bodvarsson 2005; Dube, Lester, and Reich
2010, 2011, 2012; Dube, Naidu, and Reich 2007; Even and Macpherson 2014;
Hirsch, Kaufman, and Zelenska 2011). Dube, Naidu, and Reich (2007) ﬁnd
larger increases in restaurants that have larger fractions of bound workers.
Hirsch, Kaufman, and Zelenska (2011) report that minimum wage increases
result in wage compression as those who had been earning above the new
minimum realize smaller wage gains than those below. Considering wage
norms, Spriggs (1993–1994) ﬁnds that differences in human-relations strategies
are correlated with the effects of the minimum wage on a restaurant’s wage
structure.
The ﬁve analyses that examine the response of restaurant prices to the
minimum wage are generally consistent despite some minor ambiguity about
the effect. Aaronson (2001) examines price indices for the United States
and Canada, and price data for three fast-food chains; the price indices
clearly show a response but results from the chain-level data are murky,
with McDonald’s hamburgers responding strongly while prices at KFC and
Pizza Hut show more variation in response. MacDonald and Aaronson
(2006) study less aggregated U.S. price indices than Aaronson (2001);
Fougere, Gautier, and Le Bihan (2010) perform a similar analysis of data
for the French Restaurant sector. Both report a good deal of price rigidity,
and MacDonald and Aaronson (2006) report that a minimum-wage increase
of 10 percent roughly doubles the probability that the price of an item at a
fast-food restaurant will increase in the same month. Both studies report
elasticities, conditional on an increase, in the range of 0.10. Examining the
response of restaurant prices to the 2004 increase in the San Francisco minimum wage, Dube, Naidu, and Reich (2007) report higher prices for the
fast-food sector but not the full-service sector. Finally, Lee, Schluter, and
O’Roark (2000) conduct an input-output analysis of the food sector that
allows them, in combination with strong assumptions about technology and
proﬁt shares, to estimate a ceiling on the elasticity of restaurant prices with
respect to the minimum wage of about 0.1.
21
Our meta-analysis ﬁnds no effect on employment and hours in Restaurants in the United States but a
small, statistically signiﬁcant negative effect when the only international study, Skedinger’s (2006) study of
Sweden, is included.
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Turning to gross employment ﬂows, Dube, Naidu, and Reich (2007) ﬁnd no
effect on separations; Dube, Lester, and Reich (2011, 2012) report a drop in
the rates of both accessions and separations; and Skedinger (2006) reports a
drop in the former and a mixed effect on the latter. Two studies have considered the effect on employee beneﬁts in the industry; Dube, Naidu, and Reich
(2007) also ﬁnd no decline in health insurance coverage in response to
increases in the minimum wage, while Alpert (1986), using now-dated methods, reports a decline in coverage for four of twenty beneﬁts.
The balance of studies consider a mixed set of industries. For the United
States, the focus of these studies has been the Retail sector, not surprising
given the concentration of low-paid workers in retail. It should also be no surprise, given the relatively higher wage distribution in this sector, that the
results for any effects there are somewhat weaker than for the Restaurant sector. Some U.S. studies consider several speciﬁc retail industries (Addison,
Blackburn, and Cotti 2009), others the Retail sector as a whole (Sabia 2009a);
some a speciﬁc retailer (Giuliano 2013) and still others consider low-wage
industries without regard to sector (Belman and Wolfson 2010; Wolfson and
Belman 2001, 2004). Of the nine articles that measure the effect on employment or hours, three ﬁnd a negative effect (Orazem and Mattila 2002; Sabia
2009a, 2009b); four ﬁnd no effect (Addison, Blackburn, and Cotti 2009; Belman and Wolfson 2010; Potter 2006; Wolfson and Belman 2001); one ﬁnds a
positive effect (Giuliano 2013); and one ﬁnds a mix, with a preponderance of
no effect (Wolfson and Belman 2004).
The preponderance of the evidence concerning the effect on wages or earnings in retail is positive, but not uniformly so (Addison, Blackburn, and Cotti
2009, 2010; Belman and Wolfson 2010; Giuliano 2013; Orazem and Mattila
2002; Sabia 2009a; Wolfson and Belman 2001, 2004). Addison, Blackburn,
and Cotti (2009) report that increases in the minimum wage result in increases
in the average wages of convenience stores, specialty food stores, liquor stores,
sporting goods stores, general merchandise stores, department stores, miscellaneous retailers, and gasoline stations, but not in grocery stores or food-andbeverage stores. When they divide the sample between states with and without
right-to-work laws, the minimum wage consistently has a positive effect on
retail earnings, including grocery stores and food-and-beverage stores, in the
states with right-to-work laws. There is no earnings effect in grocery stores or
food-and-beverage stores in states without right-to-work legislation. Wolfson
and Belman’s (2001, 2004) work ﬁnds minimum-wage increases result in
higher average wages for 70 percent of the industries in their sample.
Little research exists concerning consequences of the minimum wage for
other dimensions of employment. In their analyses of the Economic Opportunity Pilot Project, a survey of three thousand small- and middle-sized ﬁrms in
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the Midwest and South in which small and low-wage ﬁrms were oversampled,
Grossberg and Sicilian (1999; Sicilian and Grossberg 1993) report that individuals hired at exactly the minimum wage are more likely to quit their jobs than
those hired at low but above minimum wages. Men hired at the minimum in
these ﬁrms have lower rates of wage growth, but women’s wage growth is not
affected. Being hired at the minimum wage does not affect training for either
gender.
Studies of other countries are consistent with U.S. studies in ﬁnding that
higher minimum wages result in higher wages in home care and in agriculture,
as well across more broadly deﬁned sectors. Evidence of negative employment
effects is stronger in these studies than in the U.S. studies. Machin and Wilson
(2004) and Machin, Manning, and Rahman (2003) report negative employment
effects for the home-care industry in the U.K. Georgiadis (2013) reports that
the minimum wage does not affect the accession or separation rates in home
care in the U.K.

Effects on Earnings, Family Income, and Poverty
The central purpose of the minimum wage is the improvement of the conditions of low-wage workers.22 A key matter is whether the minimum wage is
sufﬁciently well targeted that the increase goes not just to workers with low
earnings but mainly to low-income individuals and households. Critics argue
that this is not the case since many of those earning the minimum wage are
teenagers and young adults from higher income households.
For the employed, there is a broad positive association between an individual’s place in the wage distribution and family income; individuals from families in the lowest quartile of the income distribution are substantially overrepresented among those working at or close to the minimum wage. Lines 8a–
8c of Table 1 show the family incomes of earners from the lower part of the
family income distribution. Ten percent and 15 percent of employed individuals, respectively (25 percent altogether), belong to the ﬁrst two family income
bands: Less than $20,000 per year and at least $20,000 per year and less than
$35,000 per year. In combination with the third band, at least $35,000 per
year and less than $50,000 per year, they contain 49 percent, just under half,
of all earners.
Section 2 of the Fair Labor Standards Act states: (A) The Congress hereby ﬁnds that the existence, of
industries engaged in commerce or in the production of goods for commerce, of labor conditions detrimental
to the maintenance of the minimum standard of living necessary for health, efﬁciency, and general well
being of workers. . .”
22
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Two facts leap out immediately from lines 8a–8c. The ﬁrst is the strong
positive association between family income and the employment rate, and,
related to this, the very low employment rate for those in the lowest category
of family income. Individuals aged 16 and older whose families are in the bottom income category are employed at much lower rates than their counterparts
in less impoverished families. The second is that although the fraction that is
unemployed is higher in these very poor families, the fraction that is not in the
labor force is much higher, about 20 percent (not percentage points) higher
than for the next income category and 60 percent higher than for the next
income category above that. In the lower half of the family income distribution, both employment and labor-market participation have a very strong positive association with income.
Individuals in the lowest family income category ﬁnd themselves in verylow-wage jobs at about 2.5 times the rate as all earners, and in all low-wage
jobs at more than two times the rate (Table 1, line 8a). Considerably more than
half of all employed individuals from the lowest family income category (62
percent) work in low-wage jobs. Forty-four percent of individuals in the next
income category (between $20,000 and $34,000) are employed in low-wage
jobs, about 1.5 times the rates for all earners (Table 1, line 8b). In the highest
of these three income categories, the rates are close to, and even occasionally
less than, economy-wide averages (Table 1, line 8c). Turning to the “Column
Percentages”, we see that although individuals from the lowest income category
make up only 10 percent of employment, they make up 25 percent of those in
very-low-wage jobs, and more than 20 percent of those in all low-wage jobs.
Employed individuals in the next income category make up 15 percent of
employment and slightly more than 20 percent of employment in both verylow-wage jobs and all low-wage jobs. Individuals from these two lowest categories of family income make up only one-quarter of employment but almost
half of employment in very-low-wage or all low-wage jobs. Individuals in the
third income category are distributed in low-wage and very low positions in
very close proportion to their employment share.
The effect of the minimum wage on low-wage populations. How then does
the minimum wage affect the economic condition of the low-wage/low-income
populations it was intended to aid? Focusing on low-wage/low-income groups
offers the advantage of providing more focused estimates of the effect of
changes in minimum wage policies; employment and wage effects are less
likely to be difﬁcult to detect due to the inclusion of individuals unlikely to be
affected by the minimum wage. Use of proxies for low wage/low income such
as age, gender, and education are a step in this direction, but still potentially
dilute the impact by the inclusion of unaffected individuals.

Who Is Affected by the Minimum Wage? / 609
Eight studies of employment, most of data from the U.K., have focused
speciﬁcally on low-wage workers. Luttmer (2007) reports that increases in the
U.S. federal minimum wage between 1989 and 1992 reduced employment
among the lowest wage group but increased employment among the second
lowest wage group, the low skilled. He suggests that there would be no net
employment effect for a more broadly deﬁned low-wage group. The six studies of the U.K. examine employment outcomes of bound workers, those whose
current wage is less than the enacted minimum wage. Three report no employment effect for bound workers (Mulheirn 2008; Stewart 2002, 2004a); Connolly and Gregory (2002) ﬁnd no hours effect for bound women working part
or full time; and Dolton, Bondibene, and Wadsworth (2012) report mixed but
mostly positive employment effects. Robinson and Wadsworth (2007) ﬁnd no
change in second job holding but a decline in hours on the second jobs of
bound workers. While the U.K. studies ﬁnd no evidence of employment, Laroque and Salanie’s (2002) study of married French women from 1990 to 1998
report an elasticity of –0.7 for women bound by the new minimum.
Is a higher minimum wage associated with higher earnings among low-wage
workers? Ten of eleven studies using U.S. data report a positive effect on
absolute or relative wages (Aaronson, Agarwal, and French 2011; Autor, Katz,
and Kearney 2008; Autor, Manning, and Smith 2010; Card and DiNardo
2002; Dinardo, Fortin, and Lemieux 1996; Lee 1999; Lemieux 2002, 2006;
Luttmer 2007; Reich and Hall 2001). Studies of wage inequality consistently
ﬁnd that higher minimum wages are associated with reduced wage inequality;
the magnitude of the effect remains in play. Analyses of data from the U.K.
also report that higher minimum wages raise the earnings of bound workers
(Lam et al. 2006; Dolton, Bondibene, and Wadsworth 2012; Stewart 2004a)
and evidence of a spillover effect for workers who are not bound by the new
minimum wage (Lam et al. 2006). The sole negative effect with regard to
wages covers the late 1970s and early 1980s when legislated increases in the
minimum wage failed to keep pace with price and wage inﬂation (Currie and
Fallick 1996). The importance of the minimum wage is closely connected to
how long individuals earn the minimum wage or close to the minimum wage.
If a large proportion of those currently employed at the minimum wage rapidly
move to substantially higher earnings, the level of the minimum wage is less
important than if they remain at or near the minimum wage.23 Carrington and

23
Smith and Vavrichek (1992), Long (1999), and Even and MacPherson (2003) estimate the likelihood
of minimum wage earners remaining at the minimum wage in future years. Their results are less useful than
Carrington and Fallick (2001) because they divide the world between those earning exactly the minimum
wage and all other employees, and because they only have data on individuals for one or two years after
observing an employee at the minimum wage.
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Fallick (2001) provide the richest analysis of the careers of minimum-wage
earners using the NLSY to follow individuals for 10 years following completion of their schooling. Using a broad deﬁnition of minimum-wage worker,
individuals earning within 25 cents of the minimum wage, and tracking how
individuals move through wage bands up to $2.00 per hour above the minimum wage, Carrington and Fallick (2001) report
Most workers who begin their careers in minimum wage jobs eventually gain more experience and move on to higher paying jobs; some
workers spend substantial portions of their early careers consistently
working in minimum wage jobs.
Grossberg and Sicilian (1999) report that men, but not women, hired at the
exact minimum wage have lower wage growth than men hired at low but
above minimum wages. They also ﬁnd being hired at the minimum wage does
not affect the training received by men or women. In their earlier work with
the same data, Sicilian and Grossberg (1993) found that higher minimum
wages are associated with reduced quits.24 In later work using data from the
NLSY, they conﬁrmed this for women but reported a mixed effect for men
(Grossberg and Sicilian 2004).
Effects on earnings, family income, and poverty. Research on the effect of
the minimum wage on the incomes of low-income populations is problematic
because of conceptual and methodological issues. Of the sixteen analyses,
most investigate whether higher minimum wage levels raise individuals and
families out of poverty. As we discuss in our book (Belman and Wolfson
2014), this narrows the focus to a population, which, because of its limited
involvement with employment and the labor market, is unlikely to be affected
by the minimum wage. Such research largely misses the effect on the incomes
of low-income families with members who are employed.
Most of these studies use various forms of state-by-year data structures and,
due to their vintage, do not correct for the likelihood of biased standard errors.
The four remaining studies (Dube 2014; Sabia 2008; Sabia and Burkhauser
2010; Sabia and Nielsen 2015) reach contradictory conclusions about the effect
of the minimum wage on poverty and low-income families. Considering total
income including transfer payments, Sabia (2008) ﬁnds that the minimum
wage affects neither the probability of being in poverty nor the income-to-poverty ratio, both for all women and for women with less than a high-school
education. Broadening the research to the effect on post-transfer income for all
24

Similar to Currie and Fallick’s (1996) anomalous result for wages, the analysis of Sicilian and Grossberg (1993) relies on data from a period of high inﬂation.
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families, Sabia and Burkhauser (2010) also ﬁnd no effect on families’ being in
or near poverty. Sabia and Nielsen (2015) use the Survey of Income Program
Participation (SIPP) to estimate the effect of the minimum wage on poverty
levels, on material hardship, and on the income-to-needs ratio of a variety of
groups: workers age 16 to 64, the employed, those age 16 to 29 without a
high-school diploma, and blacks age 16 to 24. The authors ﬁnd little to no evidence for a minimum-wage effect, although there is some evidence that 16–
to–29-year-olds without a high-school diploma are more likely to be in or near
poverty when minimum wages are higher. Dube (2014) uses the technique of
re-centered inﬂuence factor regression with the 1990 to 2012 March CPS to
examine the effect of the minimum wage on the income-to-needs ratio.
Although he reports no effect on the income-to-needs ratio using Sabia and
Burkhauser’s (2010) speciﬁcation, addition of divisional time trends, state
recession ﬁxed effects, or state linear trends to the model results in a positive
and statistically signiﬁcant relationship between the minimum wage and family
income for income-to-needs ratios in the interval from 0.5 to 1.25.25

Overview
What have we learned by viewing the minimum wage literature through the
lens of “who?” rather than “what?” Table 2 presents a summary of results with
an object of study (who?) in each row and the most commonly studied effects
(what?) in the columns. Turning ﬁrst to teenagers (the smallest but most studied of all groups considered) and young adults, estimates of the employment
effect are about equally split between a negative effect (11 analyses) and a
range that takes in no effect (7 analyses), a positive effect (2 analyses), and a
mixed set of effects with results varying by sample, speciﬁcation, or the speciﬁc subgroup examined (6 analyses). In combination with the meta–regression
estimates, a reasonable conclusion is that there is either a de minimis effect or
no effect on employment in the United States (and perhaps a negative effect in
other developed countries). Raising the minimum wage reduces the accession
rate of teenagers and young adults, and perhaps the separation rate as well.
The minimum-wage effect with the strongest supporting evidence is that of
raising employed teenager’s wages (ﬁve analyses with positive effects versus
two with mixed effects)—not surprising given the concentration of teen work25

These studies provide a framework and direction for further research, but do not resolve the issue of
the relationship between the minimum wage and family income. Resolution of technical issues with differences between the CPS and SIPP, as well as the need to better understand the effect of the minimum wage
on earned as well as post-transfer income, remain open.
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TABLE 2

THE BOX SCORE: A TABULATION
Employment
(+, –, 0, mixed)

OF

RESULTS

BY

Hours
(+, –, 0, mixed)

GROUP

AND

OUTCOMES

Wages and
Earnings
(+, –, 0, mixed)

Poverty &
Inequality*
(+, –, 0, mixed)

Age
Teens and other
young workers
Gender
Men
Women

(2, 11, 7, 6)

(1, 4, 2, 1)

(5, ., ., 2)

(., ., ., .)

(1, 1, 5, .)
(., 1, 4, 3)

(., 1, 1, .)
(., ., 1, 2)

(8, ., 1, .)
(9, ., 1, 1)

(., 3,1, ., .)
(1,4,., .)

(1, ., ., 2)
(., ., 1, 1)

(., ., 1, .)
(., ., ., .)

(5, ., 2, 1)
(., ., ., .)

(.,1,1, .)
(., ., ., .)

(9, ., ., .)
(7, ., ., 1)

(., ., ., .)
(., ., ., .)

(14, 1, ., .)

(.,9, 3, .)

Race/Ethnicity
Black
Hispanic

(., ., 2, 1)
(., ., 1, 1)

(., .1, .)
(.,1, ., .)
Vulnerable Groups

Low education
Part time

(., 2, 2, .)
(., ., ., .)

(., 1, 1, .)
(., ., 1, .)
Industries

Food service
Retail and other industries

(., 4, 6, 3)
(1, 3, 5, .)

(., ., 3, .)
(., ., ., .)
Low Wage/Low Income

(1, 1, 5, 1)

(., ., ., .)

NOTES: The rows of the table are the group of interest, the columns are the four most commonly estimated outcomes. The
numeric entries in each cell are the number of articles reporting an outcome of a particular sign. The ﬁrst entry is the
number of articles that report positive outcomes that pass a two-tailed, 5%-signiﬁcance test. The second entry is the number of articles that report negative outcomes that pass a two-tailed, 5%-signiﬁcance test. The third is the number of articles reporting outcomes that do not pass a 5%, two-tailed test. The fourth and ﬁnal is the number of articles reporting
mixed, some combination of positive, negative and nonsigniﬁcant outcomes.
*A negative result is associated with a reduction in poverty and/or inequality

ers at very low wages. No current research parses the effect on young workers
between an effect on bound workers and a spillover effect. Evidence on the
schooling and training of young workers leans toward there being no effect,
but results are mixed.
Turning toward effects on each gender, a majority of studies of women ﬁnd
no effect on employment, but some report that women with less education suffer reduced employment as a result of higher minimum wages. What evidence
exists for a negative employment effect among men suggests that adjustments
come through reductions in hours. There is strong, if not universal, evidence
that higher minimum wages raise wages in the lower tail of the distributions
of both men’s and women’s wages. Evidence on other outcomes such as wage
growth and training is too limited and mixed to support any conclusions. A
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concern in research by gender is that broad divisions of the workforce include
too many individuals not affected by the minimum wage to detect minimum
wage effects. For example, the lack of employment effects in most full gender
samples may be due to the majority of the sample working at sufﬁciently high
wages as to be unaffected by the minimum wage. The almost universal ﬁnding
of wage effects for both genders may lessen this concern.
Blacks and Hispanics are two groups often cited in statements of concern
about disparate effects of the minimum wage. They make up slightly less
than one–ninth and one–sixth of employment, respectively, and disproportionately earn low wages, though whites are a majority in each of the low–
wage bands that we deﬁned. Making sense of this body of research is difﬁcult, not only because both the populations examined and the results vary
considerably across studies, but also because surprisingly little research considers the effects of the minimum wage on racial and ethnic minorities. The
only evidence for employment effects that inspires conﬁdence cuts both
ways, that of Neumark and Wascher (2011); the EITC and minimum wage
together stimulate employment of single black and Hispanic mothers, but this
is at least somewhat offset by negative effects on the employment of low–
skilled childless blacks and Hispanics. It appears that the minimum wage
leads to higher wages for black and Hispanic teenagers, and, for single black
and Hispanic mothers in combination with the EITC, but not for low–skilled
childless blacks and Hispanics.26 In a study of the restaurant industry
Spriggs (1993–1994) concludes that restaurants that hired a larger share of
African Americans minimized the cost of wage increases by limiting
increases to employees who previously were paid less than the new minimum (p. 223). The unstated implication is that these employees were at the
bottom of the wage distribution and immediately affected by an increase in
the minimum wage. This topic is one where the cliche “more research is
needed” applies, and there are indications that it is important to distinguish
between blacks and Hispanics. Finally, the (admittedly very thin) literature
provides no evidence that on average the minimum wage has effects on
training, school enrollment, poverty status, or ﬁnancial or material hardship
of any group of blacks or Hispanics.
Studies of consequences for those with less education typically involve a
binary distinction between less educated and more educated, with little
agreement on the classiﬁcation of those who completed high school and
went no further. Comparison of outcomes is therefore difﬁcult. The few
studies of the employment effects on less educated workers suggest small or
26

Neumark and Nizarova (2007) assert that it leads to lower wages for blacks some years later, but, as
we discuss, their evidence undercuts their hypothesized transmission mechanism.
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no effect for broad segments of that group but there is evidence of adverse
consequences for single mothers with less than a high-school degree. With
respect to compensation, the evidence suggests that higher minimum wages
are usually but not universally associated with higher wages and earnings
for those with less education. With one exception, studies of broad populations report a positive effect on less educated groups, as do studies from
more narrowly deﬁned targets, also with a single exception. As for beneﬁts,
available evidence indicates that the minimum wage does not affect pension
coverage, but reduces health coverage for employees of small ﬁrms who
have not completed high school.
In the United States, the most studied industry is Restaurants, followed by
Retail, while in the U.K., the industry of choice is the Home Care sector.
For the U.S. Restaurant industry, estimates of the employment effect are
mixed, including four each of no effect and of a negative effect, and three
reporting mixed effects. The far fewer studies of hours of employment agree
on no effect. All studies of restaurant wages agree that the minimum wage
increases them, and that is also the case for prices, at least in the Fast–Food
sector. There is limited but clear evidence that the minimum wage reduces
the accession rate, and contradictory evidence about separations. The evidence on employment and wages in the Retail sector is generally similar but
in each case, likely due to wages in retail being higher and thus less sensitive to the minimum wage, the evidence is weaker. Studies of the U.K.
Home Care industry agree that the National Minimum Wage has reduced
employment and raised wages, but the one study of gross ﬂows reports no
effect on separations or accessions.
The minimum wage was intended to improve the conditions of those
working at low wages and from families with inadequate income. Consistent with this purpose, individuals from the (employee weighted) bottom
deciles and quartile of the family income distribution are considerably more
likely than those from the upper half and upper quartile to be earning the
minimum wage or close to the minimum wage. British research on bound
workers ﬁnds no employment effect; there is too little U.S. research to support a conclusion for this country. Extensive research on wage effects ﬁnds
that higher minimum wages are associated with higher earnings and reduced
income inequality in the United States and the U.K., although the magnitude of the effect in the United States is a subject of some disagreement.
Laroque and Salanie’s (2002) study of French married women reminds us
of the importance of national institutions. While a majority of those earning
the minimum wage move to higher wages fairly quickly, a substantial
minority of individuals who have completed their schooling spend years
working in positions which pay close to the minimum wage. Employment
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at the exact minimum wage is reported to reduce wage growth among
men, relative to men hired above the minimum wage, but women’s wage
growth is not affected. Whether the minimum wage affects the incomes of
low-income families, one of the most important issues in assessing the
effect of the minimum wage, has not been studied sufﬁciently. A simple
count, three analyses reporting no effect on poverty and one reporting a
decline in poverty, leans toward there not being an effect. Given the centrality of this issue, this would be amongst the most fruitful areas for future
research.
What guidance for future research does organization by “who?” provide? It
both highlights gaps in the literature and identiﬁes groups and issues which
have been thoroughly investigated. The effect of the minimum wage on teen
employment has been well plowed; older employees, Hispanics, part-time
employees, and low-wage employees are fallow (and thus fertile) ﬁelds for
research. Similarly, U.S. literature has focused on employment effects, but, in
contrast with research in the U.K., has been less concerned with effects on
wages, earnings, and income. As earnings and income data are almost always
available in the data used to study employment, broadening the issues under
study will require modest additional effort.
Another step toward broadening research and making it more useful is more
careful construction of comparison groups, a point that Kuehn (2014) has forcefully made. For example, in studies that focus on education level, there is no
reason to use a bivariate division rather than several: viz., less than high school,
high school and no more, some college, a college degree or more. This would
provide better insights into the relationship between the minimum wage and
education, facilitate comparison across studies, and would reduce the likelihood
of false negatives or positives associated with comparison groups’ being largely
comprised of individuals who are unlikely to be affected by the minimum wage.
Perhaps the most important direction for future research is to focus on the
low-wage/low-income groups that are the target for minimum-wage legislation.
Young workers, women with less education, and minority groups are proxies
for the group most in need of study. The primary effect of the minimum wage
on employment, on earnings, on income, on education, and the other outcomes
of enduring interest must be for individuals who are bound by a minimum
wage change, whose earnings are close to the minimum wage, or who have
low family income. Techniques that allow for estimation across the income
and wage distribution, and that correct for endogeneity make it possible to
estimate outcomes by wage and income, and provide more policy-relevant
results than organization of research around groups which proxy for the
primary group of interest.
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Executive Summary
The employment effect of the minimum wage is one of the most studied topics in all of economics.
This report examines the most recent wave of this research – roughly since 2000 – to determine the
best current estimates of the impact of increases in the minimum wage on the employment
prospects of low-wage workers. The weight of that evidence points to little or no employment
response to modest increases in the minimum wage.
The report reviews evidence on eleven possible adjustments to minimum-wage increases that may
help to explain why the measured employment effects are so consistently small. The strongest
evidence suggests that the most important channels of adjustment are: reductions in labor turnover;
improvements in organizational efficiency; reductions in wages of higher earners ("wage
compression"); and small price increases.
Given the relatively small cost to employers of modest increases in the minimum wage, these
adjustment mechanisms appear to be more than sufficient to avoid employment losses, even for
employers with a large share of low-wage workers.
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Introduction
The employment effect of the minimum wage is one of the most studied topics in all of economics.
This report examines the most recent wave of this research – roughly since 2000 – to determine the
best current estimates of the impact of increases in the minimum wage on the employment
prospects of low-wage workers. The weight of that evidence points to little or no employment
response to modest increases in the minimum wage. The report also reviews evidence on a range of
possible adjustments to minimum-wage increases that may help to explain why the measured
employment effects are so consistently small.

Empirical Research on the Minimum Wage
The volume of research on the employment impact of the minimum wage is vast and a complete
review is beyond the scope of this report. Instead, I provide a quick summary of the state of the
debate as of the early 2000s and then concentrate on the main developments over the last decade.
Pre-2000s
In 1977, the Minimum Wage Study Commission (MWSC) undertook a review of the existing
research on the minimum wage in the United States (and Canada), with a particular focus on the
likely impact of indexing the minimum wage to inflation and providing a separate, lower, minimum
for younger workers. Four years and $17 million later, the MWSC released a 250-page summary
report1 and six additional volumes of related research papers.2 In their independent summary of the
research reviewed in the MWSC, Brown, Gilroy, and Kohen, three economists involved in
producing the report, distinguished between employment effects on: teenagers (ages 16-19), where
they concluded that a 10 percent increase in the minimum wage reduced teen employment, most
plausibly, from between zero and 1.5 percent; young adults (ages 20-24), where they believed the
employment impact is “negative and smaller than that for teenagers”; and adults, where the
“direction of the effect...is uncertain in the empirical work as it is in the theory.” 3, 4 Their summary
of the theoretical and empirical research through the late 1970s suggested that any "disemployment"
effects of the minimum wage were small and almost exclusively limited to teenagers and possibly
other younger workers.
For a decade, the MWSC's conclusions remained the dominant view in the economics profession.
By the early 1990s, however, several researchers had begun to take a fresh look at the minimum
wage. The principal innovations of what came to be known as "the new minimum wage research"
were the use of "natural experiments" and cross-state variation in the "bite" of the minimum wage.

1 Minimum Wage Study Commission (1981)
2 For an overview of the workings of MWSC and a review of its main findings, see Eccles and Freeman (1982). For a
lengthy review of the MWSC's finding, prepared by three economists involved in preparation of the MWSC report,
see Brown, Gilroy, and Kohen (1982).
3 Brown, Gilroy, and Kohen (1982), p. 524.
4 The employment impact on adults is uncertain in theory because an increase in the minimum wage might encourage
employers to replace some (presumably lower productivity) teenagers with more (presumably higher productivity)
adults.
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Natural experiments sought to reproduce in the real world some of the features of a laboratory
experiment. In the context of the minimum wage, these natural experiments typically measured the
employment impact of a single instance of a policy change (an increase in a state or the federal
minimum wage) by comparing a group of workers directly affected by the change (teenagers in a
state where the minimum wage increased, for example) with a similar group that was not affected
(teenagers in a neighboring state where the minimum did not change).
Without a doubt, the most influential of the studies using a natural experiment was David Card and
Alan Krueger's (1994) paper on the impact on fast-food employment of the 1992 increase in the
New Jersey state minimum wage.5 In advance of the 1992 increase in the New Jersey state minimum
wage, Card and Krueger conducted their own telephone survey of fast-food restaurants in New
Jersey and neighboring Pennsylvania. They repeated the survey after the increase had gone into
effect and then compared the change in employment in New Jersey's restaurants (the minimum
wage treatment group) with what happened in Pennsylvania (the control group). They found "no
evidence that the rise in New Jersey's minimum wage reduced employment at fast-food restaurants
in the state."6, 7
The "New Minimum Wage" research also emphasized research methods based on important
differences in the "bite" of the federal minimum across the states. Any given increase in the federal
minimum, the thinking went, should have more impact in low-wage states, where many workers
would be eligible for an increase, than it would in high-wage states, where a smaller share of the
workforce would be affected. Card, for example, divided the U.S. states into three groups – lowimpact, medium-impact, and high-impact – according to the share of their teenage workforce that
would be affected by the 1990 and 1991 increases in the federal minimum wage. His analysis
concluded: "Comparisons of grouped and individual state data confirm that the rise in the minimum
wage raised average teenage wages... On the other hand, there is no evidence that the rise in the
minimum wage significantly lowered teenage employment rates..."8
Card and Krueger's book Myth and Measurement: The New Economics of the Minimum Wage is the best
(though early) summary of these two strands of the "new minimum wage" research. Their detailed
review of studies using a variety of methods and datasets to examine restaurant workers, retail
employment, and teenagers, concludes: "The weight of this evidence suggests that it is very unlikely
that the minimum wage has a large, negative employment effect."9
Myth and Measurement also inspired a considerable response from economists more critical of the
minimum wage. David Neumark and William Wascher's book Minimum Wages brings together much
of this critique, with an emphasis on their own work. In Neumark and Wascher's assessment, the
most reliable recent research on the minimum wage has built on the earlier time-series analysis that
informed the main conclusions of the MWSC. This new generation of time-series analysis typically
5 Other important studies along these lines include Card's (1992a) analysis of the impact of the 1988 increase in
California's state minimum wage and Katz and Krueger's (1992) study of the impact of the 1990 and 1991 increases
in the federal minimum wage.
6 Card and Krueger (1994), p. 792.
7 Economists David Neumark and William Wascher (2000) criticized Card and Krueger's study, arguing that the
survey was poorly designed and implemented. Card and Krueger (2000) responded by confirming their original
results using payroll records from a virtual census of fast-food restaurants in New Jersey and eastern Pennsylvania.
8 Card (1992b), p. 36.
9 Card and Krueger (1995), pp. 389-390.
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applies modern econometric techniques to state-level data on teenagers (and sometimes lesseducated workers). Neumark and Wascher's conclusion is that "...the preponderance of evidence
supports the view that minimum wages reduce the employment of low-wage workers."10
Since the early 2000s
At the turn of the century, the minimum-wage debate had two poles: on the one side, researchers
broadly identified with the "new minimum-wage research" (though without Card and Krueger, who,
since their 2000 re-analysis of their famous New Jersey fast-food study, have not returned to write
on the minimum wage); and critics of the minimum wage and the new minimum-wage research, the
most prolific of whom have been Neumark and Wascher. The last decade has seen a continued
outpouring of research from both camps, and the emergence of what economist Arindrajit Dube
has called a "fourth generation" of research on the minimum wage that "tries to make sense of the
sometimes contradictory evidence."11
In the next two sections of this report, I first summarize the findings of two statistical "metastudies" (studies of studies) and two, more qualitative, literature reviews of this research; then, take a
closer look at several of the most important and influential studies published in the last decade.
Meta-studies
Meta-studies are “studies of studies” that use a set of well-defined statistical techniques to pool the
results of a large number of separate analyses. Meta-study techniques effectively increase the amount
of data available for analysis and can provide a much sharper picture of statistical relationships than
is possible in any individual study. Meta-studies are widely used in medicine, where the results of
many small clinical trials can be combined to produce much more accurate estimates of the
effectiveness of different kinds of treatments.
Hristos Doucouliagos and T. D. Stanley (2009) conducted a meta-study of 64 minimum-wage
studies published between 1972 and 2007 measuring the impact of minimum wages on teenage
employment in the United States. When they graphed every employment estimate contained in these
studies (over 1,000 in total), weighting each estimate by its statistical precision, they found that the
most precise estimates were heavily clustered at or near zero employment effects (see Figure 1).
Doucouliagos and Stanley's results held through an extensive set of checks, including limiting the
analysis to what study authors' viewed as their best (usually of many) estimates of the employment
impacts, controlling for possible correlation of estimates within each study, and controlling for
possible correlation of estimates by each author involved in multiple studies. Doucouliagos and
Stanley concluded that their results “...corroborate [Card and Krueger's] overall finding of an
insignificant employment effect (both practically and statistically) from minimum-wage raises.”12 In
10 Neumark and Wascher (2008), p. 104.
11 Dube detects “...four generations of minimum wage research: the older time series literature, the first wave of the
“new minimum wage” research that featured both case study and state-panel approaches, a third generation of
follow-up work largely based on these two methodologies, and a fourth generation of recent work that tries to make
sense of the sometimes contradictory evidence.” (2011, p. 763)
12 Doucouliagos and Stanley (2009), p. 422. Doucouliagos and Stanley put the size of the effects they find into
perspective: "A 10 per cent increase in the minimum wage reduces employment by about 0.10 per cent... But even if
this adverse employment effect were true, it would be of no practical relevance. An elasticity of -0.01 has no
meaningful policy implications. If correct the minimum wage could be doubled and cause only a 1 per cent decrease
in teenage employment." (2009, pp. 415-16)
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their view: “Two scenarios are consistent with this empirical research record. First, minimum wages
may simply have no effect on employment... Second, minimum-wage effects might exist, but they
may be too difficult to detect and/or are very small.”13
FIGURE 1
Trimmed Funnel Graph of Estimated Minimum-Wage Effects (n = 1,492)
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Source: Doucouliagos and Stanley (2009).

Paul Wolfson and Dale Belman have carried out their own meta-analysis of the minimum wage,
focusing on studies published only since 2000. They identified 27 minimum wage studies that
produced the necessary elasticity estimates and corresponding standard errors, yielding 201
employment estimates in total. They then produced a range of meta-estimates, controlling for many
features of the underlying studies, including the type of worker analyzed (teens or fast food
workers), whether the study focused on the supply or the demand side of the labor market, who the
authors of the study were, and other characteristics. The resulting estimates varied, but revealed no
statistically significant negative employment effects of the minimum wage: "The largest in magnitude

13 Doucouliagos and Stanley (2009), p. 422. Doucouliagos and Stanley also "find strong evidence of publication
selection for significantly negative employment elasticities" (2009, p. 422) They conclude: "Even under generous
assumptions about what might constitute 'best practice' in this area of research, little or no evidence of an adverse
employment effect remains in the empirical research record, once the effects of publication selection are removed."
(p. 423)
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are... positive [and] statistically significant... Several are economically irrelevant though statistically
significant and several others [are] slightly larger but...statistically insignificant."14
Reviews
Meanwhile, Neumark and Wascher (2006, 2007) conducted a qualitative review of the research since
the early 1990s on the employment effects of the minimum wage in the United States, other OECD
countries, several Latin American countries, and Indonesia.15 In their summary remarks, focusing on
the U.S. experience, they note:
"What may be most striking to the reader who has managed to wade through our
lengthy review of the new minimum wage research is the wide range of estimates of
the effects of the minimum wage on employment, especially when compared to the
review of the earlier literature by Brown et al. in 1982 [for the Minimum Wage Study
Commission]. For example, few of the studies in the Brown et al. survey were outside
of the consensus range of −.1 to −.3 for the elasticity of teenage employment with
respect to the minimum wage. In contrast, even limiting the sample of studies to
those focused on the effects of the minimum wage of teenagers in the United States,
the range of studies comprising the new minimum wage research extends from well
below −1 to well above zero."16
Based on their subjective weighting of the quality of the research and the reliability of the resulting
estimates, Neumark and Wascher conclude:
"Although the wide range of estimates is striking, the oft-stated assertion that the
new minimum wage research fails to support the traditional view that the minimum
wage reduces the employment of low-wage workers is clearly incorrect. Indeed, in
our view, the preponderance of the evidence points to disemployment effects."17
By their calculations, of the 33 studies "providing the most credible evidence; 28 (85 percent) ...
point to negative employment effects."18
The Neumark and Wascher review, however, is considerably more subjective and arguably less
relevant to the United States than the two meta-studies discussed earlier. Only 52 of the 102 studies
reviewed by Neumark and Wascher analyzed U.S. data. Of these, Neumark and Wascher designated
19 as "most credible," five of which were their own studies.19 The Neumark and Wascher (2006)
review also excludes several important papers that were not published until after the review was
completed, including the important contributions of Arindrajit Dube, William Lester, and Michael
Reich (2010) and Sylvia Allegretto, Dube, and Reich (2011) (to which we will return to below).20

14 Wolfson and Belman (forthcoming), p. 10.
15 An abbreviated version of their findings, with a few additional studies added, appears in chapter three of Neumark
and Wascher (2008). For a critical review of Neumark and Wascher's book, see Dube (2011).
16 Neumark and Wascher (2006), p. 120.
17 Neumark and Wascher (2006), p. 121.
18 Neumark and Wascher (2006).
19 Following the procedure that Neumark and Wascher appear to have used, I count Sabia (2006) as two studies
because it has two separate entries in their Table 1.
20 In their subsequent book, Neumark and Wascher (2008) do critique a pre-publication version of the Dube, Lester,
and Reich paper.
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Wolfson and Belman (forthcoming) also produced an extensive qualitative review of minimum wage
research since 2000, including a significant number of studies published too late for inclusion in
Neumark and Wascher (2006, 2008). Of the studies they reviewed, 40 analyzed U.S. data. Fourteen
of these found negative employment effects; thirteen found no effects; one found positive effects;
and twelve, a mixture of negative, positive, and no effects. To sort out these conflicting findings,
Wolfson and Belman appealed to their meta-study, which as noted earlier, concluded that there were
no statistically and economically meaningful employment losses associated with the minimum wage.
A closer look at several key recent studies
This section takes a closer look at several of the most important studies conducted over the last
decade.
Dube, Lester, and Reich (2010)

Probably the most important and influential paper written on the minimum wage in the last decade
was Dube, Lester, and Reich (2010)'s study,21 which offered a comprehensive reappraisal of both the
new minimum wage research and its critics. The study was built around a key methodological
innovation, which essentially generalized Card and Krueger's New Jersey study to make it nationally
representative, and identified a significant weakness in much of the earlier minimum-wage research
based on the analysis of state employment patterns, which had failed to control for regional
differences in employment growth that were unrelated to the minimum wage.
The most convincing critique of Card and Krueger's (1994, 2000) study of the increase in the New
Jersey minimum wage (relative to Pennsylvania, where the minimum wage did not go up) was that it
is difficult to generalize from a single case study. Even a perfect experiment will have random error
that could affect the results in a single experiment. Imagine that the minimum wage had a small, but
real, negative employment effect. Random errors will lead the results of separate tests to be
distributed around this hypothetical negative employment effect, sometimes producing a larger
disemployment effect than the "true" level, sometimes producing a smaller disemployment effect
than what is "true" – even zero or positive measured disemployment effects. By this thinking, Card
and Krueger's experiment could have been perfectly executed, but still represent only one result
from a distribution of possible outcomes. Absent other information, the best estimate of the true
effect of the minimum wage would be Card and Krueger's actual results, but we cannot convincingly
rule out, based on that single case, that the effects were in truth larger or smaller than what was
observed in the case of New Jersey in 1992.
In recognition of this problem, Dube, Lester and Reich (2010) essentially replicated Card and
Krueger's New Jersey-Pennsylvania experiment thousands of times, by comparing employment
differences across contiguous U.S. counties with different levels of the minimum wage. The three
economists carefully constructed a data set of restaurant employment in every quarter between 1990
and 2006 in the 1,381 counties in the United States for which data were available continuously over
the full period.22 They also matched these employment data with the level of the federal or state
minimum wage (whichever was higher) in the county in each quarter of each year in the sample.
They then compared restaurant employment outcomes across a subset of 318 pairs of bordering
21 The paper first circulated in 2007.
22 They drew the data from the Quarterly Census of Employment and Wages, which collects data from unemployment
insurance records, a virtual census of employees in the United States. There were a total of 3,081 counties in total in
the United States over the period they analyzed.
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counties where the prevailing minimum wage could differ, depending on the level of the federal and
state minimum wage.
Their methodology effectively generalizes the Card and Krueger New Jersey-Pennsylvania study, but
with several advantages. First, the much larger number of cases allowed Dube, Lester, and Reich to
look at a much larger distribution of employment outcomes than was possible in the single case of
the 1992 increase in the New Jersey minimum wage. Second, since they followed counties over a 16year period, the researchers were also able to test for the possibility of longer-term effects. Finally,
because the relative minimum wage varied across counties over time, the minimum wage in a
particular county could, at different points in time, be lower, identical to, and higher than the
minimum wage in its pair, providing substantially more experimental variation than in the New
Jersey-Pennsylvania (and many similar) studies. Using this large sample of border counties, and these
statistical advantages over earlier research, Dube, Lester, and Reich "...find strong earnings effects
and no employment effects of minimum wage increases."23
Dube, Lester, and Reich's study also identified an important flaw in much of the earlier minimumwage research based on the analysis of state-level employment patterns. The three economists
demonstrated that overall employment trends vary substantially across region, with overall
employment generally growing rapidly in parts of the country where minimum wages are low (the
South, for example) and growing more slowly in parts of the country where minimum wages tend to
be higher (the Northeast, for example). Since no researchers (even the harshest critics of the
minimum wage) believe that the minimum wage levels prevailing in the United States have had any
impact on the overall level of employment, failure to control for these underlying differences in
regional employment trends, Dube, Lester, and Reich argued, can bias statistical analyses of the
minimum wage. Standard statistical analyses that do not control for this "spatial correlation" in the
minimum wage will attribute the better employment performance in low minimum-wage states to
the lower minimum wage, rather than to whatever the real cause is that is driving the faster overall
job growth in these states (good weather, for example). Dube, Lester, and Reich use a dataset of
restaurant employment in all counties (for which they have continuous data from 1990 through
2006), not just those that lie along state borders and are able to closely match earlier research that
finds job losses associated with the minimum wage. But, once they control for region of the country,
these same earlier statistical techniques show no employment losses. They conclude: "The large
negative elasticities in the traditional specification are generated primarily by regional and local
differences in employment trends that are unrelated to minimum wage policies."24, 25
Independently of Dube, Lester, and Reich, economists John Addison, McKinley Blackburn, and
Chad Cotti used similar county level data for the restaurant-and-bar sector to arrive at similar
conclusions. Addison, Blackburn, and Cotti found no net employment effect of the minimum wage
in the restaurant-and-bar sector. More importantly, using reasoning similar to Dube, Lester, and
Reich, they also concluded that the standard state panel-data techniques that have typically yielded
negative employment effects of the minimum wage appear to be biased toward finding that result:
"Our evidence does not suggest that minimum wages reduce employment once controls for trends
in county-level sectoral employment are incorporated. Rather, employment appears to exhibit an
23 Dube, Lester, and Reich (2010), p. 961.
24 Dube, Lester, and Reich (2010), p. 962.
25 Note that several prominent studies since 2000 that use state panel data and estimation techniques of this type do
not control for or address the "spatial heterogeneity" identified by Dube, Lester, and Reich. See, for example,
Burkhauser, Couch, and Wittenburg (2000), Neumark and Wascher (2007), and Sabia (2009).
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independent downward trend in states that have increased their minimum wages relative to states
that have not, thereby predisposing estimates towards reporting negative outcomes."26
Allegretto, Dube, and Reich (2011)

Sylvia Allegretto, Dube, and Reich (2011) applied the insights of Dube, Lester, and Reich (2010) to
teen employment over the period 1990-2009. Their work made at least two important contributions
to the policy debate. First, they analyzed teen employment, rather than industry employment,
making their results more directly comparable to the bulk of earlier research on the minimum wage.
Second, they included data covering the deep recession that ran from December 2007 through June
2009, allowing them to measure any possible interactions between the minimum wage and strong
economic downturns.27
Allegretto, Dube, and Reich analyzed data on teenagers taken from the Current Population Survey
(CPS) for the years 1990 through 2009.28 Because the CPS sample is smaller than the QCEW data
used in the county-analysis, Allegretto, Dube, and Reich instead tracked teen employment at the
state level. When they produced standard statistical analyses of the kind used in much of the
research since the mid-1990s on teen employment, the three economists found results similar to
those found in that earlier research (a 10 percent increase in the minimum wage reduces teen
employment slightly more than 1 percent). But, once they controlled for different regional trends,
the estimated employment effects of the minimum wage disappeared, turning slightly positive, but
not statistically significantly different from zero.
Allegretto, Dube, and Reich also investigated whether the impact of the minimum wage is greater in
economic downturns. They "...do not find evidence that the effects are systematically different in
periods of high versus low overall unemployment."29
Hirsch, Kaufman, and Zelenska (2011)

Barry Hirsch, Bruce Kaufman, and Tatyana Zelenska (2011) studied the impact of the 2007-2009
increases in the federal minimum wage on a sample of 81 fast-food restaurants in Georgia and
Alabama. In principle, the size of the minimum-wage increase was identical across all the restaurants
studied, but, in practice, the impact of the increase varied because there was significant variation in
pay across the restaurants. Their paper makes an important contribution to the policy debate
because it seeks to shift the discussion toward understanding why, in their words, "[d]espite decades
of research, pinning-down the labor market effects of [the minimum wage] has proven elusive."30 In
particular, they propose looking at a range of possible "channels of adjustment" to minimum wage
increases and examine evidence on some of these potential channels.
Hirsch, Kaufman, and Zelenska gathered two kinds of data. The first were electronic payroll data
obtained from the three owners of the 81 establishments. The data covered a three-year period from
January 2007 through December 2009, which brackets the July 2007, July 2008, and July 2009
26 Addison, Blackburn, and Cotti (2012), p. 412. This research first circulated in 2008, at about the same time that
Dube, Lester, and Reich's work first appeared.
27 Of course, Dube, Lester, and Reich (2010) included data covering the 1990-91 and 2001 recessions.
28 The detailed data on restaurant employment that Dube, Lester, and Reich (2010) used in their study do not contain
information on workers' characteristics such as age, so Allegretto, Dube, and Reich (2011) used the smaller CPS data
set.
29 Allegretto, Dube, and Reich (2011), p. 238.
30 Hirsch, Kaufman, and Zelenska (2011), p. 1.
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increases in the federal minimum wage. These data allowed the researchers to conduct before-andafter tests of changes in wages and employment at the restaurants. If the minimum wage had a
negative effect on employment, they would expect to observe larger increases in wages at the lowerwage restaurants, accompanied by bigger declines in employment. In fact, they found: "...in line with
other recent studies, that the measured employment impact is variable across establishments, but
overall not statistically distinguishable from zero. The same absence of a significant negative effect is
found for employee hours, even when examined over a three-year period."31
Hirsch, Kaufman, and Zelenska also collected data through separate interviews with managers and
employees, using a survey designed to investigate channels of adjustment to the minimum wage –
other than changes in employment or hours.32 The other channels they considered included: price
increases; changes to the internal wage structure (including slower pay increases for higher-wage
workers); reductions in turnover; "operational and human resource efficiencies;" reductions in nonlabor costs; reductions in customer service; and lower profits.
After analyzing the establishment data on wages, employment, and hours, Hirsch, Kaufman, and
Zelenska concluded that while wages did rise after the federal minimum-wage increase, any
employment and hours changes were not statistically distinguishable from zero. Based on the rest of
the information they gathered in their survey and interviews with employers and employees, they
write:
"...our study offers a new [three-part] explanation for the small and insignificant
[minimum wage] employment effects found in the literature... first... is that even large
increases in the [minimum wage] may be modest as compared to other cost increases
that business owners must routinely offset or absorb... The second is that a
[minimum-wage] cost increase flows through more adjustment channels than
economists have typically considered. And the third is that managers regard
employment and hours cuts as a relatively costly and perhaps counter-productive
option, regarding them as a last resort."33
Hirsch, Kaufman, and Zelenska’s empirical investigation of the wage, employment, and other
impacts of the federal minimum wage is subject to a number of reasonable critiques. The most
important of these (as was the case with Card and Krueger's 1994 and 2000 New Jersey studies) is
that it is difficult to generalize from only one minimum wage experiment, particularly when the
analysis is based on the experience of only 81 restaurants, all in the same chain, all owned by a only
three franchisees in just two states. Nevertheless, the employment effects they find lie at the
consensus estimate in the two most recent meta-studies: little or no negative employment outcomes.
The key contribution of this paper, however, is its focus on the wide range of ways that employers
respond to minimum-wage increases other than adjusting employment or hours.
Sabia, Burkhauser, and Hansen (2012)

Joseph Sabia, Richard Burkhauser, and Benjamin Hansen (2012) used research methods similar in
spirit to the original Card and Krueger New Jersey study to analyze the effects of an increase (in
three steps) in the New York state minimum wage from $5.15 per hour in 2004, to $7.15 per hour in
2007 (a cumulative 39 percent increase). They compared the effect of the increase on the
31 Hirsch, Kaufman, and Zelenska (2011), p. 32.
32 In the summer of 2009, they interviewed or surveyed 66 of the 81 managers and 1,649 of the 2,640 employees
(Hirsch, Kaufman, and Zelenska, 2011, p. 12).
33 Hirsch, Kaufman, and Zelenska (2011), p. 33.
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employment of less-educated 16-to-29 year olds in New York with similar workers in nearby
Pennsylvania, Ohio, and New Hampshire, which experienced no increase in the minimum wage
over the same period. The three economists also compared employment outcomes for less-educated
16-to-29 year olds in New York with better-educated New York state workers of the same age.34
Their analysis shows that the minimum-wage increases in New York raised the wages of less-skilled
younger workers relative both to similar workers in the control states and to better-educated
workers of the same age in New York state. But, they also found: "...robust evidence that raising the
New York minimum ... significantly reduced employment rates of less-skilled, less-educated New
Yorkers." Their estimates implied "...a median elasticity of around -0.7, large relative to consensus
estimates ... of -0.1 to -0.3 found in the literature."35
The Sabia, Burkhauser, and Hansen study, however, is subject to the same critique applied to
Hirsch, Kaufman, and Zelenska (and Card and Krueger before them). Sabia, Burkhauser, and
Hansen analyzed only one experience of the minimum wage. Even if the effects of the minimum
wage were, in truth, zero, we would expect to see a distribution of estimates around zero, including
both positive and negative estimates. As Doucouliagos and Stanley demonstrated in their large metastudy of employment effects through the middle of the 2000s, the minimum-wage literature on
teenagers showed a range of positive and negative effects, but also a large spike of the most accurate
estimates at, or very near, zero. Wolfson and Belman’s meta-study, which focused on the period
from about 1990 through 2010, confirms Doucouliagos and Stanley's findings with more recent
research. Given how far the Sabia, Burkhauser, and Hansen estimates lie outside this consensus
range, the burden of proof would seem to fall on Sabia, Burkhauser, and Hansen to explain why
their study of a single experiment with the minimum wage should outweigh the cumulative
experience of scores of studies of the U.S. minimum wage since the early 1990s.

Adjustment Channels
The standard competitive model makes stark predictions about the employment effects of the
minimum wage: a binding minimum wage will price at least some low-wage workers out of jobs and
will unambiguously lower employment. Why, then, does the bulk of the best statistical evidence on
the employment effects of the minimum wage cluster at zero or only small employment effects?
This section attempts to answer that question, adopting and adapting the simple "channels of
adjustment" framework proposed by Hirsch, Kaufman, and Zelenska.
Hirsch, Kaufman, and Zelenska argue for a "channels of adjustment" approach through which cost
increases associated with the minimum wage change "...the behavior of firms, with impacts on
workers, consumers, owners, and other agents."36 Hirsch, Kaufman, and Zelenska analyze the
possible channels of adjustment emphasized by three different theoretical approaches to the
minimum wage: the standard competitive model; the "institutional" model; and the (dynamic)
"monopsony" model.
34 Sabia, Burkhauser, and Hansen (2012) also constructed a synthetic control group of individuals drawn from a larger
collection of states, designed to most closely match the characteristics of the "treated" New York state group. These
tests produced qualitatively similar results to the ones discussed here.
35 Sabia, Burkhauser, and Hansen (2012), p. 23.
36 Hirsch, Kaufman, and Zelenska (2011), p. 1.
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Competitive model
The competitive model generally emphasizes adjustment through declining employment (or hours).
But, the same competitive model also allows for other possible channels of adjustment, including
higher prices to consumers, reductions in non-wage benefits such as health insurance and retirement
plans, reductions in training, and shifts in the composition of employment. If the only channel of
adjustment available is employment, the competitive model implies that binding minimum wages
will reduce employment. But, the existence of other possible channels of adjustment means that
minimum wages could have little or no effect on employment, even within a standard competitive
vision of the labor market.
Institutional model
The institutional model, as Hirsch, Kaufman, and Zelenska note, was the "dominant paradigm for
evaluating the minimum wage" from the time the federal minimum wage was first established in the
1930s through the decade of the 1950s. The institutional view has several key features, including:
"rejection of a well-defined downward sloping labor demand curve; labor markets that are
imperfectly competitive, institutionally segmented, socially embedded, and prone to excess supply;
and the importance of technological and psycho-social factors in firm-level production systems and
internal labor markets ... as determinants of cost and productivity."37
This institutional approach to the labor market allows for several additional channels of adjustment
to a minimum-wage increase. Probably the most important of these concern productivity.
Employers may respond to a minimum-wage increase by exerting greater managerial effort on
productivity-enhancing activities, including the reorganization of work, setting higher performance
standards, or demanding greater work intensity. In the competitive model, firms are assumed already
to be operating at peak efficiency, but in the institutional framework, firms are assumed to often
operate below their peak efficiency because it is costly to managers and to workers to identify,
implement, and maintain practices that continuously maximize efficiency.38 In this context, a
minimum-wage increase gives new incentives to employers to undertake additional productivityimproving practices. Alternatively, a higher minimum wage may also boost productivity through
"efficiency wage" effects. A strong theoretical and empirical basis exists for the idea that wages set
above the competitive market rate can induce workers to work harder,39 either to ensure that they
keep their job40 or in reciprocity for the higher wages paid.41, 42
Another important potential channel of adjustment in the institutional model is the possibility that a
higher minimum wage, by increasing spending power of low-wage workers, might act as a form of
economic stimulus, spurring greater demand for firms' output, at least partially offsetting the rise in
wage costs.43

37 Hirsch, Kaufman, and Zelenska (2011), p. 5. For an excellent discussion of the institutional framework as it relates to
the minimum wage, see Kaufmann (2010).
38 Kaufman (1999, 2010).
39 Katz (1986).
40 Shapiro and Stiglitz (1984).
41 Akerlof (1982).
42 See Hirsch, Kaufman, and Zelenska (2011), pp. 5-7 for additional possible channels of adjustment under the
institutional model.
43 See Hall and Cooper (2012).
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As a result of these various alternative channels of adjustment, the institutional model suggests that
the minimum wage "may have, particularly in the short-run, an approximately zero or small positive
employment effect."44
Dynamic monopsony model
The dynamic monopsony model is a third theoretical approach to the labor market that opens up
additional channels of adjustment.45 The most important new channel is the possibility that the
minimum wage reduces the costs of turnover to low-wage employers.
The key difference between the standard competitive model and the monopsony model concerns
the circumstances employers face when it comes to recruiting and retaining staff. In the competitive
model, employers can hire all the labor they desire by paying the prevailing market wage; and, in the
event that a worker quits, employers can instantly replace that worker with an identically productive
worker at the same wage. By contrast, in the dynamic monopsony model, employers, even those
operating in low-wage labor markets, face real costs associated with hiring new workers. These costs
flow from inevitable frictions in the labor market. Workers incur costs (time, effort, financial
expenditures) to find job openings; and, workers must limit their job searches to openings that fit
their geographic, transportation, and scheduling constraints. To overcome these frictions, employers
must either pay above the going wage (to draw extra attention to the particular vacancy) or wait
(with implied costs in lost output) until they are able to fill the vacancy with a worker willing to
accept that particular opening at the going rate.
At first glance, these frictions seem to work against low-wage employers, who must pay higher
wages to attract additional workers. In reality, however, these frictions put low-wage workers at a
significant disadvantage relative to their employers. Employers must pay above the going rate to fill
vacancies quickly (or wait longer until the vacancy is filled at the going rate) because unemployed
workers face real barriers (transportation, scheduling, information, financial, and others) to locating
suitable jobs. Low-wage employers are well-positioned to take advantage of these difficulties. Even
though employers must pay new workers a higher wage to fill a vacancy quickly, employers are able
to pay their current workers – who had to overcome various frictions to find their current job –
below their "marginal product."
In the monopsony model, employers are unlikely to pay higher wages in order to fill vacancies
because they would then have to raise the pay of their existing workers to match the pay offered to
their last hire. As a result, in monopsonistic settings, employers habitually operate with unfilled
vacancies, rather than raising the wage for their entire workforce. In this context, raising the
minimum wage can actually increase employment by raising the wages of the existing workforce to
the "competitive" level (no existing jobs are lost because these workers were being paid below their
"marginal product") and filling existing vacancies (which increases overall employment). 46
44 Hirsch, Kaufman, and Zelenska (2011), p. 6, citing Lester (1946, 1960).
45 Traditional monopsony models assume that the labor market is characterized by a single employer who hires all of
the large number of possible workers. The standard example is an isolated "company town" with many workers and
only one large employer. By using the term "dynamic monopsony" economists are attempting to keep some of the
analytical features of the standard monopsony model, while emphasizing that the source of the monopsony power
does not flow from being a single employer, but rather from the dynamics –especially, the frictions– of the low-wage
labor market.
46 For a detailed, technical discussion of dynamic monopsony, see Manning (2003).
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TABLE 1
Total wage bill impact of recent minimum-wage increases

Minimum
wage
(nominal
dollars)

Legislated
increase
(percent)

Number of
full-time
equivalent
workers
affected
(thousands)

1989
1990
1991

3.35
3.80
4.25

13.4
11.8

3,612,491
4,199,152

4.8
5.6

3.6
4.2

0.32
0.34

2.4
3.0

26.2
34.2

2,267.4
2,369.0

9.2
8.7

0.11
0.13

1995
1996
1997

4.25
4.75
5.15

11.8
8.4

2,959,023
4,902,738

3.8
6.0

2.8
4.5

0.41
0.26

2.5
2.7

26.8
49.9

3,068.8
3,242.7

9.4
5.3

0.08
0.08

2006
2007
2008
2009

5.15
5.85
6.55
7.25

13.6
12.0
10.7

1,214,946
1,936,789
2,407,638

1.3
2.1
2.7

1.0
1.6
2.0

0.49
0.45
0.37

1.2
1.8
1.9

13.6
24.5
34.5

5,317.6
5,536.5
5,546.5

9.1
7.4
5.4

0.02
0.03
0.03

Share of all
employees
(percent)

Notes: Authors' analysis of Current Population Survey.

Share of all
hours
worked
(percent)

Average hourly
increase for
workers
receiving
an increase
(dollars)

Total
annual cost
of wage
increase
(billions of
dollars)

Total
annual
wage bill,
in sweep
(billions of
dollars)

Total
annual
wage bill,
all workers
(billions of
dollars)

Total
increase
as share of
wage bill,
in sweep
(percent)

Total
increase
as share of
wage bill,
all workers
(percent)
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Size of Adjustment
The three distinct theoretical approaches to the minimum wage suggest a large number of possible
channels of adjustment. Before reviewing the evidence on these various channels, however, it is
useful to have an idea of the size of the adjustment that a typical minimum-wage increase requires.
Table 1 presents data on the wage costs of last three rounds of federal minimum wage increases: the
1990-91 increases (from $3.35 to $4.25); the 1996-97 increases (from $4.25 to $5.15); and the 20072009 increases (from $5.15 to $7.25). Each of the annual increases in the statutory level of the
minimum wage was in the range of about 10 percent per year (a low of 8.4 percent to a high of 13.6
percent – see column two). The average increase in the wage costs of affected workers, however,
was in all cases smaller than the increase in the statutory rate, ranging from a low of 5.3 percent to a
high of 9.4 percent (see next-to-last column). The lower average actual increase simply reflects that
not all of the workers who receive a pay boost after a minimum-wage increase receive the full
increase (because they are already earning something above the old federal minimum, but below the
new federal minimum). Even more importantly, the total direct wage cost of each of these
minimum-wage increases was tiny relative to the total wage bill paid by employers – consistently less
than 0.1 percent of total wages paid. Relative to the wage costs of minimum-wage workers, the size
of each recent minimum-wage increases was modest (between about 5 and 10 percent of total wage
costs for minimum-wage workers).47 Relative to the total wage costs in the economy (that is
including the wages of all employees, not just those earning the minimum wage), the wages costs of
recent minimum-wage increases are very small.48
The size of these increases is directly relevant to the evaluation of possible channels of adjustment.
For the typical minimum-wage increase, one or more of these alternative channels of adjustment –
whether they are related to productivity increases, cuts in profits, reductions in earnings of higher
earners, higher prices to consumers, or other mechanisms – must cope with what are relatively small
total cost increases, when expressed as either a share of the total wages paid to minimum-wage
workers or as a share of the total wages paid to all workers.
Possible Channels
1. Reduction in hours worked

The minimum wage does not raise the cost of hiring workers – it raises the cost of hiring an hour of
work performed by those workers. Even within the competitive framework, employers might choose
to respond to a minimum-wage increase by reducing workers' hours, rather by reducing the total
number of workers on payroll.49
If firms were to adjust entirely by cutting hours (that is, they used no other adjustment channel), a
minimum-wage increase could still raise the living standard of minimum-wage workers, even in a
competitive model of the labor market. Imagine, for example, that the minimum wage increased
wages by 20 percent and lowered the number of hours worked by 10 percent. A part-time worker
working, say 20 hours per week, would experience a 10 percent fall in hours to, 18 hours a week, but
47 Moreover, these increases were typically preceded and followed by years when the minimum wage did not change at
all.
48 The cost of minimum-wage increases is even smaller when expressed as a share of total compensation – wages plus
non-wage benefits such as health insurance.
49 Michl (2000).
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would be paid 20 percent more for each of these 18 hours worked, for a net increase in weekly pay
of 8 percent. Even if the reduction in hours was so large that it exactly offset the increase in the
hourly wage, minimum-wage workers would still be better off after the increase because they would
be earning exactly what they made before, but would now be working fewer hours per week to earn
it. Hours adjustments would only reduce a worker's standard of living if the fall in hours were
steeper than the rise in wages.50
The empirical evidence on hours effects is not conclusive. Based on indirect evidence, Dube, Lester,
and Reich's study of the minimum wage across contiguous counties tentatively suggests that "the fall
in hours is unlikely to be large."51 Neumark and Wascher's review of the evidence concludes that
"the question of how employers adjust average hours in response to a minimum wage increase is not
yet resolved."52
2. Reductions in non-wage benefits

Within the competitive framework, employers might respond to a minimum-wage increase by
lowering the value of non-wage benefits, such as health insurance and pension contributions.
The empirical evidence, however, points to small or no effects along these lines. Based on their
review of research as of the mid-1990s, Card and Krueger conclude: "The quantitative importance
of nonwage offsets in response to a minimum-wage increase is an open question."53 Their own study
of fast-food restaurants in New Jersey showed no tendency for employers to cut the most common
nonwage benefit offered, which was free or low-priced meals.54 Simon and Kaestner's somewhat
more recent review of the "relatively few studies of the effect of minimum wages on fringe benefits
and working conditions"55 also reports small or no effects of the minimum wage on nonwage
benefits.56 Simon and Kaetner's own analysis of data from the Current Population Survey found
that: "...minimum wages have had no discernible effect on fringe benefits (specifically, on the receipt
of health insurance, on whether the employer paid the whole premium cost, on whether family
health insurance was provided, and on receipt of employer pensions)."57
3. Reductions in training

Another channel of adjustment consistent with the competitive framework is the possibility that
employers might reduce their expenditures on job training for low-wage workers.
The empirical evidence is not conclusive. In their review of the recent research on the minimum
wage and training, Neumark and Wascher write: "Summing up all of the evidence on training, we
50 Given the high level of turnover in many low-wage jobs, the distinction between employment and hours adjustments
might be less important than it first seems. If low-wage jobs are typically of short duration and low-wage workers
cycle in and out of low-wage jobs during the course of the year, even a reduction in the number of low-wage jobs
might, in practice, look to low-wage workers like only a reduction in hours. Low-wage workers would spend
somewhat more time in between jobs, but be paid more for each job they did land. As a result, depending on the
elasticities involved (the responsiveness of employment to minimum-wage changes), their annual hours could fall,
but their annual incomes could rise.
51 Dube, Lester, and Reich (2010), p. 956.
52 Neumark and Wascher (2008), p.78.
53 Card and Krueger (1995), p. 169.
54 Card and Krueger (1994).
55 Simon and Kaestner (2004), p. 53.
56 Citing Wessels (1980); Alpert (1986); Card and Krueger (1994); Royalty (2000).
57 Simon and Kaestner (2004), p. 67.
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can only conclude that the evidence is mixed. Our own research tends to find negative effects of
minimum wages on training, but most of the other recent research finds little evidence of an effect
in either direction."58
One reason that the research has not identified clear effects of the minimum wage on training may
be that the institutional model provides a better description of the labor market than the standard
competitive model. In the institutional model, employers may respond to a higher wage floor by
increasing training for low-wage workers in order to raise their productivity to a level commensurate
with their new, higher earnings.59
4. Changes in employment composition

Employers may adjust to a higher minimum wage by "upgrading" the skill level of their workforce,
rather than cutting the level of their staffing. This process could conceivably work against the
employment prospects of less-educated and less-experienced workers, especially, the argument goes,
black and Latino teens. As Walter E. Williams argues:
"...when faced with legislated wages that exceed the productivity of some workers,
firms will make adjustments in their use of labor. One adjustment is not only to hire
fewer youths but also to seek among them the more highly qualified candidates. It
turns out for a number of socioeconomic reasons that white youths, more often than
their black counterparts, have higher levels of educational attainment and training.
Therefore, a law that discriminates against low-skilled workers can be expected to
place a heavier burden on black youths than on white ones."60
Donald Deere, Kevin Murphy, and Finis Welch (1995) and Sabia, Burkhauser, and Hansen (2012)
make arguments along these lines in their studies of workers with less than a high school degree.61
As Allegretto, Dube, and Reich note, however, a theoretical case can be made that minimum wages
might instead improve the relative employment prospects of disadvantaged workers: "An alternative
view suggests that barriers to mobility are greater among minorities than among teens as a whole.
Higher pay then increases the returns to worker search and overcomes existing barriers to
employment that are not based on skill and experience differentials."62 A higher minimum wage
could help disadvantaged workers to cover the costs of finding and keeping a job, including, for
example, transportation, child-care, and uniforms.
Allegretto, Dube, and Reich's (2011) own research on the employment effect of the minimum wage
on teens looks separately at the effects on white, black, and Hispanic teens. For the period 1990
through 2009, which includes three recessions and three rounds of increases in the federal minimum
wage, they find no statistically significant effect of the minimum wage on teens as a whole, or on any
of the three racial and ethnic groups, separately, after they control for region of the country. Using a
58 Neumark and Wascher (2008), p. 207.
59 In their analysis of the minimum wage and training, Acemoglu and Pischke (2001) use a noncompetitive, but not
explicitly "institutional" model and arrive at a similar conclusion: "In contrast, in noncompetitive labor markets,
minimum wages tend to increase training of affected workers because they induce firms to train their unskilled
employees."
60 Williams (2011), pp. 45-46
61 Deere, Murphy, and Welch also studied outcomes for minority youth.
62 Allegretto, Dube, and Reich (2011), p. 228, who cite Raphael and Stoll (2002) on this point.
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similar methodology, Dube, Lester, and Reich (2012) detect no evidence that employers changed the
age or gender composition in the restaurant sector in response to the minimum wage. In a study of
detailed payroll records for a large retail firm with more than 700 stores, Laura Giuliano (2012)
found that teens from more affluent areas increased their labor supply (and employment) after the
1996-1997 increases in the minimum wage, while employment of teens in less affluent areas
experienced no statistically significant change in employment. Recent research by Sabia, Burkhauser,
and Hansen (2012) finds job losses among younger, less-educated workers, but not older, lesseducated workers. The Sabia, Burkhauser, and Hansen findings, however, are subject to the critiques
mentioned earlier – they find job losses well outside the range of the bulk of earlier research and
their results are based on a single state-level experiment with the minimum wage and may not be
representative.
5. Higher prices

Employers may respond to a higher minimum wage by passing on the added costs to consumers in
the form of higher prices. In a purely competitive economy, where all firms are experiencing the
same increase in labor costs in response to a minimum-wage increase, economic theory predicts that
at least a portion of the cost increase will be passed through to consumers.
Sara Lemos has conducted a comprehensive review of the 30 or so academic papers on the price
effects of the minimum wage. She concludes: "Despite the different methodologies, data periods
and data sources, most studies reviewed above found that a 10% US minimum wage increase raises
food prices by no more than 4% and overall prices by no more than 0.4%"; and "[t]he main policy
recommendation deriving from such findings is that policy makers can use the minimum wage to
increase the wages of the poor, without destroying too many jobs or causing too much inflation."63
Neumark and Wascher agree with Lemos's assessment about the likely price effects (while
disagreeing with her conclusions about the overall usefulness of the minimum wage): "Both because
of the relatively small share of production costs accounted for by minimum wage labor and because
of the limited spillovers from a minimum wage increase to wages of other workers, the effect of a
minimum wage increase on the overall price level is likely to be small."64 Other recent research by
Daniel Aaronson, Eric French, and James MacDonald on restaurant pricing, a sector with a high
share of low-wage workers suggests that the price effects are likely to be lower than the upper
bounds suggested by Lemos. Aaronson, French, and MacDonald "find that a 10 percent increase in
the minimum wage increases prices by roughly 0.7 percent."65
6. Improvements in efficiency

The "institutional" model of the labor market suggests that employers may respond to a minimumwage increase with efforts to improve operational efficiency including "tighter human resource
practices..., increased performance standards and work effort, and enhanced customer services." 66
Employers might prefer these kinds of adjustments to cutting employment (or hours) because
employer actions that reduce employment can "hurt morale and engender retaliation"67 In
63 Lemos (2008), p. 208.
64 Neumark and Wascher (2008), p. 248.
65 Aaronson, French, and MacDonald (2008), p. 697. In their study of the San Francisco citywide minimum wage,
Dube, Naidu, and Reich found that prices "increased significantly" at fast-food restaurants, but not at table-service
restaurants (2007, p. 542).
66 Hirsch, Kaufman, and Zelenska (2011), p. 7.
67 Hirsch, Kaufman, and Zelenska (2011), pp. 6-7.

CEPR

Why Does the Minimum Wage Have No Discernible Effect on Employment?



19

institutional models – different from competitive models where firms are always assumed to be
operating at peak efficiency – firms generally have some scope for increasing output, albeit usually at
a cost of greater managerial effort.
Little direct evidence exists on operational and human resource efficiencies as a channel of
adjustment. Hirsch, Kaufman, and Zelenska's study of the impact of the federal minimum-wage
increase on 81 fast-food restaurants in Georgia and Alabama, however, asked fast-food managers
specifically about scope for efficiency improvements in response to the minimum-wage rise. About
90 percent of managers indicated that they planned to respond to the minimum-wage increase with
increased performance standards such as "requiring a better attendance and on-time record, faster
and more proficient performance of job duties, taking on additional tasks, and faster termination of
poor performers."68 Roughly the same share of managers said that they sought to "boost morale" by
presenting the minimum-wage increase as a "challenge to the store" and using this as a way "to
energize employees to improve productivity"69 Based on their interviews with store managers,
Hirsch, Kaufman, and Zelenska suggest that a minimum-wage increase may function as a "catalyst
or shock that forces managers to step out of the daily routine and think about where cost savings
can occur." 70, 71
7. "Efficiency wage" responses from workers

A higher minimum wage may also motivate workers to work harder, independently of any actions by
employers to increase productivity. According to "efficiency wage" theory, wages above the
competitive-market rate may elicit greater work effort for several reasons. As Carl Shapiro and
Joseph Stiglitz (1984) have argued, higher pay increases the cost to workers of losing their job,
potentially inducing greater effort from workers in order to reduce their chances of being fired.72
George Akerlof (1982), arguing from a more sociological point of view, has suggested that workers
may see higher wages as a gift from employers, leading workers to reciprocate by working harder.73
While a large body of research has attempted to test for the existence of "efficiency wages," few
studies directly address the theoretical or empirical link between efficiency wages and the minimum
wage. James Rebitzer and Lowell Taylor (1995), for example, have developed a formal model that
demonstrates that a minimum wage in the context of efficiency wages "may increase the level of
employment in low wage jobs." But, to my knowledge, there are no studies testing for efficiency
wage effects in connection with the U.S. minimum wage.

68
69
70
71

Hirsch, Kaufman, and Zelenska (2011), p. 27.
Hirsch, Kaufman, and Zelenska (2011), pp. 28-29.
Hirsch, Kaufman, and Zelenska (2011), p. 29.
Card and Krueger report that the "Dollar General Corporation noted in its 1992 annual report that the impact of the
1992 minimum wage hike was minimized due to "greater employee productivity." (1995, p. 323) It is not clear
whether Dollar General viewed these changes as related to management's cost-saving efforts or "efficiency wage"
considerations (the next channel of adjustment considered here) or some other channel.
72 Shapiro and Stiglitz (1984).
73 Efficiency wages may work through other channels, some covered elsewhere here, others less relevant to the
minimum wage, see, for example, Katz: "Efficiency wage theories suggest that firms may find it profitable to pay
workers' wages above the market clearing level since such wage premiums can help reduce turnover, prevent worker
malfeasance and collective action, attract higher-quality employees, and facilitate the elicitation of effort by creating
feelings of equitable treatment among employees." (1986, pp. 270-271)
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8. Wage compression

Employers faced with higher wage costs for their low-wage workers may also seek to make up for
these costs by cutting the earnings of higher-wage workers. Large changes over time within the
United States, as well as large differences across countries, in the relative pay of high- and low-wage
workers suggest that employers have some scope in setting relative wages. In the specific context of
a minimum-wage increase, Hirsch, Kaufman, and Zelenska found that almost half of the employers
they interviewed said that, in the wake of a federal minimum-wage increase, they "would delay or
limit pay raises/bonuses for more experienced employees."74 Broader studies of the U.S. economy
also conclude that the minimum wage compresses the overall wage distribution.75 These empirical
findings give some support to the possibility that employers may compensate for higher wage costs
at the bottom by cutting wages of workers who nearer to the top.
9. Reduction in profits

Employers may also absorb the extra costs associated with a minimum-wage increase by accepting
lower profits.76 Unfortunately, "there is almost a complete absence of any study directly examining
the impact of minimum wages on firm profitability"77 Card and Krueger (1995) report the results of
several attempts to analyze the impact of minimum-wage increases on firm profits in the United
States, but found only a "mixed" and "tentative" effect. More recently, Mirko Draca, Stephen
Machin, and John Van Reenen analyzed British firm-level data and concluded that "wages were
significantly raised, and firm profitability was significantly reduced by the minimum wage
introduction." 78
10. Increases in demand (minimum wage as stimulus)

Particularly when the economy is in a recession or operating below full employment, a minimumwage increase may also increase demand for firms' goods and services, offsetting the increase in
employer costs.
Since the minimum wage transfers income from employers (who generally have a high savings rate)
to low-wage workers (who generally have a low savings rate), a minimum-wage rise could spur
consumer spending. This increase in spending could potentially compensate firms for the direct
increase in wage costs.
Doug Hall and David Cooper (2012), for example, estimate that an increase in the minimum-wage
from its current level of $7.25 per hour to $9.80 per hour by July 2014 would increase the earnings
low-wage workers by about $40 billion over the period. The result, they argue, would be a significant
increase in GDP and employment:

74 Hirsch, Kaufman, and Zelenska (2011), p. 28.
75 See, for example, DiNardo, Fortin, and Lemieux (1996), and Autor, Mannning, and Smith (2010).
76 In the competitive labor-market case, Neumark and Wascher note: "prices rise to match the increase in marginal
costs associated with a higher minimum wage, but, as a result, output and profits decline." (2008, p. 243) In the case
of dynamic monopsony, however, as Card and Krueger explain: "...if a minimum wage forces the firm to pay slightly
more than its optimally-selected wage, then the firm will offset virtually all of this extra cost by savings from being
able to fill vacancies more rapidly, having lower turnover, improved morale, etc. Any decline in profitability is of
second-order magnitude..." (1995, p. 323).
77 Draca, Machin, and Van Reenen (2011), p. 130.
78 Draca, Machin, and Van Reenen (2011), p. 149. They also found "no significant effects on employment or
productivity." (p. 130)
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"Using... standard fiscal multipliers to analyze the jobs impact of an increase in
compensation of low-wage workers and decrease in corporate profits that result
from a minimum-wage increase, we find that increasing the national minimum wage
from $7.25 to $9.80... would result in a net increase in economic activity of
approximately $25 billion over the phase-in period and... generate approximately
100,000 new jobs."79
11. Reduced turnover

The "dynamic monopsony" model of the labor market is sometimes referred to as a "frictions
model"80 because these models take seriously the idea that workers and employers must contend
with important deviations from the smooth functioning of the standard, perfectly competitive
model. Perhaps the most important frictions in the low-wage labor market involve the high rate of
turnover (which is assumed to be zero in the standard competitive model). Because many low-wage
workers are constrained by scheduling responsibilities (child care, for example), transportation
limitations (lack of a reliable car or inadequate public transportation), and only partial information
about available vacancies in their local labor market, employers paying the "going wage" often face
significant recruitment costs in the form of unfilled vacancies, rapid turnover, and related screening
and training expenses.
In frictions models, a higher minimum wage makes it easier for employers to recruit and retain
employees, lowering the cost of turnover. These cost savings may compensate some or all of the
increased wage costs, allowing employers to maintain employment levels.81 Moreover, if the
minimum wage reduces the number and the average duration of vacancies, the employment
response to a minimum-wage increase could even be positive.82
Dube, Lester, and Reich (2012) adapted their "contiguous counties" methodology (Dube, Lester,
Reich, 2010), which they had used to measure the effect of differences in minimum wages on
restaurant employment across U.S. counties, to look at the effect of the minimum wage on labor
turnover among teens and restaurant workers. They find "...striking evidence that separations, new
hires, and turnover rates for teens and restaurant workers fall substantially following a minimum
wage increase..."83 Their findings, using nationally representative data, are consistent with local case
studies of the minimum wage and related "living wage" laws, including Dube, Naidu, and Reich's
(2007) analysis of the San Francisco city-wide minimum wage; Fairris (2005) studying local
government contractors in Los Angeles; Howes (2005) on homecare workers in California; and
Reich, Hall, and Jacobs (2005) on workers at the San Francisco airport.84

79 Hall and Cooper (2012), p. 9.
80 Dube, Lester, Reich (2012).
81 This raises the question of why employers don't already pay the higher wages. The short answer is that some firms
already do so. The key issue here is that both strategies – lower wages and high turnover versus higher wages and low
turnover – can both be profitable. Employers choose the strategy that they prefer or that works best for them, but
both strategies can succeed, side-by-side, in the market place. The minimum wage limits employers' choices to
strategies that are consistent with wages at least as high as the minimum wage.
82 The costs of turnover can be high, even for low-wage workers. See, for example, the CLASP-CEPR Turnover
Calculator, http://www.cepr.net/calculators/turnover_calc.html or Boushey and Glynn (2012).
83 Dube, Lester, Reich (2010), p. 2.
84 All cited in Dube, Lester, and Reich (2012).
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Discussion
Across all of the empirical research that has investigated the issue, minimum-wage increases are
consistently associated with statistically significant and economically meaningful increases in the
wages of affected workers. At the same time, what is striking about the preceding review of possible
channels of adjustment – including employment – is how often the weight of the empirical evidence
is either inconclusive (statistically insignificant or positive in some cases and negative in others) or
suggestive of only small economic effects.
One plausible explanation for these findings is that employers (and workers) respond on multiple
fronts to any increase in the minimum wage. Individual establishments will follow different paths
that depend on a complex set of circumstances that economists – operating with what is, even in the
best of circumstances, a limited set of data – cannot fully capture or explain. Some employers may
cut hours; others, fringe benefits; still others, the wages of highly paid workers. Some employers may
raise prices (particularly if their competitors are experiencing similar cost increases in response to the
minimum wage). Some employers may see their profits fall (along with those of their competitors),
while others may reorganize the work process in order to lower costs. Some of the strongest
evidence suggests that many employers may experience declines in costly turnover. And workers
may respond to the higher wage by working harder. Any of these channels might be sufficient to
eliminate the need for employment cuts or reduce the size of employment cuts to a level below
where they can be reliably measured.
Employers and workers at the same establishment may follow more than one of these adjustment
paths at the same time. Given the modest costs associated with historical increases in the minimum
wage, it seems entirely plausible that small adjustments across a few of these margins could more
than compensate for the higher wage floor.
Some of these adjustment paths reduce the benefit of the minimum wage to affected workers
(reductions in non-wage benefits or training), but most have an ambiguous effect (reductions in
hours or increased work effort) or no effect (lower profits or wage compression within a firm) on
the well-being of low-wage workers. And some adjustment channels arguably improve workers' wellbeing (lower turnover or increased consumer demand).
The strongest evidence suggests that the most important channels of adjustment are: reductions in
labor turnover; improvements in organizational efficiency; reductions in wages of higher earners
("wage compression"); and small price increases.

Conclusion
Economists have conducted hundreds of studies of the employment impact of the minimum wage.
Summarizing those studies is a daunting task, but two recent meta-studies analyzing the research
conducted since the early 1990s concludes that the minimum wage has little or no discernible effect
on the employment prospects of low-wage workers.
The most likely reason for this outcome is that the cost shock of the minimum wage is small relative
to most firms' overall costs and only modest relative to the wages paid to low-wage workers. In the
traditional discussion of the minimum wage, economists have focused on how these costs affect
employment outcomes, but employers have many other channels of adjustment. Employers can
reduce hours, non-wage benefits, or training. Employers can also shift the composition toward
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higher skilled workers, cut pay to more highly paid workers, take action to increase worker
productivity (from reorganizing production to increasing training), increase prices to consumers, or
simply accept a smaller profit margin. Workers may also respond to the higher wage by working
harder on the job. But, probably the most important channel of adjustment is through reductions in
labor turnover, which yield significant cost savings to employers.
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Minimum Wage Increases, Wages, and Low-Wage Employment:
Evidence from Seattle
1. Introduction
Economic theory suggests that binding price floor policies, including minimum wages,
should lead to a disequilibrium marked by excess supply and diminished demand. Previous
empirical studies have questioned the extent to which this prediction holds in the labor market,
with many estimates suggesting a negligible impact of higher minimum wages on employment.
This paper, using rich administrative data on employment, earnings and hours in Washington
State, re-examines this prediction in the context of Seattle’s minimum wage increases from $9.47
to $11/hour in April 2015 and to $13/hour in January 2016. It reaches a markedly different
conclusion: employment losses associated with Seattle’s mandated wage increases are in fact
large enough to have resulted in net reductions in payroll expenses – and total employee earnings
– in the low-wage job market. The contrast between this conclusion and previous literature can
be explained largely if not entirely by data limitations that we are able to circumvent in our
analysis. Most importantly, much of the literature examines the impact of minimum wage
policies in datasets that do not actually reveal wages, and thus can neither focus precisely on
low-wage employment nor examine impacts of policies on wages themselves.
Theory drastically oversimplifies the low-skilled labor market, often supposing that all
participants possess homogeneous skill levels generating equivalent productivity on the job. In
reality, minimum wages might be binding for the least-skilled, least-productive workers, but not
for more experienced workers at the same firm. Empirically, it becomes challenging to identify
the relevant market for which the prediction of reduced employment should apply, particularly
when data do not permit direct observation of wages. Previous literature, discussed below, has
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typically defined the relevant market by focusing on lower-wage industries, such as the
restaurant sector, or on lower-productivity employees such as teenagers.
This paper examines the impact of a minimum wage increase for employment across all
categories of low-wage employees, spanning all industries and worker demographics. We do so
by utilizing data collected for purposes of administering unemployment insurance by
Washington’s Employment Security Department (ESD). Washington is one of four states that
collect quarterly hours data in addition to earnings, enabling the computation of realized hourly
wages for the entire workforce. As we have the capacity to replicate earlier studies’ focus on the
restaurant industry, we can examine the extent to which use of a proxy variable for low-wage
status, rather than actual low-wage jobs, biases effect estimates.
We further examine the impact of other methodological choices on our estimates. Prior
studies have typically drawn “control” cases from geographic regions immediately adjoining the
“treatment” region. This could yield biased effect estimates to the extent that control regions
alter wages in response to the policy change in the treatment region. Indeed, in our analysis
simple geographic difference-in-differences estimators fail a simple falsification test. We report
results from synthetic control and interactive fixed effects methods that fare better on this test.
We can also compare estimated employment effects to estimated wage effects, more accurately
pinpointing the elasticity of employment with regard to wage increases occasioned by a rising
price floor.
Our analysis focusing on restaurant employment at all wage levels, analogous to many
prior studies, yields minimum wage employment impact estimates near zero. Estimated
employment effects are higher when examining only low-wage jobs in the restaurant industry,
and when examining total hours worked rather than employee headcount. Even when analyzing
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low-wage employment across all sectors, employment elasticities as conventionally calculated
lie within the range established in prior literature, if somewhat on the high side.
Our analysis reveals a major limitation of conventional elasticity computation methods,
however. When comparing percent changes in employment to percent changes in wage,
conventional methods assume that the impact of a minimum wage policy on wages is equal to
the statutory increase in the minimum. This is often a necessity, as analysis is performed using
datasets that do not permit the estimation of policy impacts on wages themselves. We show that
the impact of Seattle’s minimum wage increase on wage levels is much smaller than the statutory
increase, reflecting the fact that most affected low-wage workers were already earning more than
the statutory minimum at baseline. Our estimates imply, then, that conventionally calculated
elasticities are substantially underestimated. Our preferred estimates suggest that the rise from
$9.47 to $11 produced disemployment effects that approximately offset wage effects, with
elasticity estimates around -1. The subsequent increase to as much as $13 yielded more
substantial disemployment effects, with net elasticity estimates closer to -3.1
While these findings imply that Seattle’s minimum wage policy served to decrease total
payroll expenses on low-wage employees, and by extension those employees’ earnings, several
caveats are in order. These estimates pertain to a minimum wage increase from what had been
the nation’s highest state minimum wage to an even higher level, and might not indicate the
effects of more modest changes from lower initial levels. In fact, our finding of larger impacts of
the rise from $11 to $13/hour than the rise from $9.47 to $11/hour suggests non-linearity in the
response. Second, our data do not capture earnings in the informal sector, or by contractors, and
minimum wage policies could conceivably lead employers and workers to shift towards these
Because we calculate elasticity by taking the ratio of the estimated effect on employment to estimated effect on
hourly wages, these estimates are imprecise. For instance, the 95% confidence intervals for the elasticities associated
with a $13 minimum wage range from -2.8 to 0.3.
1
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labor market arrangements. Some employers may have shifted jobs out of Seattle but kept them
within the metropolitan area, in which case the job losses in Seattle overstate losses in the local
labor market. Because of limitations of our data, smaller single-site employers are overrepresented in our sample, and these businesses may react differently than larger multi-site
employers – though survey evidence, discussed below, indicates that multi-site employers were
if anything more likely to report staffing reductions in the wake of the minimum wage increase.
Finally, the mechanisms activated by a local minimum wage ordinance might differ from those
associated with a state or federal increase; it is reasonable to expect that policies implemented at
a broader geographic scale offer fewer opportunities to reallocate employment in response.
We emphasize that any analysis of the welfare implications of a minimum wage increase
must consider how income gains and losses distribute across the low-wage workforce. Some
low-wage workers are household heads responsible for maintaining a family’s standard of living.
Others are secondary or tertiary earners whose income is less necessary for basic survival. Our
previously reported longitudinal analysis of experienced workers suggests that their earnings
have held steady or slightly increased over the time period examined here (The Seattle Minimum
Wage Study Team, 2016). A pattern of gains for experienced workers coupled with losses for
new entrants would be consistent with qualitative evidence indicating employers’ focus on hiring
employees who do not require on-the-job training. In future work we anticipate studying effect
heterogeneity in detail by linking administrative payroll data to other administrative data with
more socioeconomic and demographic information on individual workers.
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2. Challenges in estimating the impact of minimum wage increases
Traditional competitive models of the labor market suggest that an increase in a binding
minimum wage will cause reductions in employment. Any number of modifications to the
standard model can raise doubts about this prediction. These include the presence of monopsony
power, the possibility that higher wages intensify job search and thus improve employeeemployer match quality, and the possibility that some low-wage workers exhibit symptoms of a
“backward-bending” supply curve associated with a need to earn a subsistence income. Even in
the absence of these theoretical modifications, there has long been debate regarding the empirical
magnitude of the theorized effect.
Over the course of the past 25 years, a robust literature has developed with researchers
using a variety of strategies to estimate the effect of minimum wages on employment and other
outcomes. While this literature has often generated significant debate over econometric
specifications and data sources, the heavy reliance on proxies for low-wage employment in the
absence of actual wage data has figured less prominently.2

2.1 What is the relevant labor market?
Previous literature has not examined the entire low-wage labor market but has focused
instead on lower-wage industries such as the restaurant sector, or on stereotypically lowerproductivity employees such as teenagers. Studies of the restaurant industry harken back to Card
and Krueger (1994), which utilized a case study approach to estimate the employment effects of
New Jersey’s then-new minimum wage ordinance. The authors argue that fast-food restaurants
One notable exception is the work of Belman and Wolfson (2015). They note: “Focusing on low-wage/low-income
groups offers the advantage of providing more focused estimates of the effect of changes in minimum wage policies;
employment and wage effects are less likely to be difficult to detect due to the inclusion of individuals unlikely to be
affected by the minimum wage. Use of proxies for low wage/low income such as age, gender, and education are a
step in this direction, but still potentially dilute the impact by the inclusion of unaffected individuals (p. 608).”
2
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are not just a leading employer of low-wage workers, but also display high rates of compliance
with minimum-wage regulations. Many authors have subsequently chosen the restaurant and fast
food industry to study federal and state level minimum wages (Addison, Blackburn and Cotti,
2012, 2014; Dube, Lester and Reich, 2010; Dube, Lester and Reich, 2016; Neumark, Salas and
Wascher, 2014; Totty, 2015; Allegretto, Dube, Lester and Reich, 2016). Other authors have
focused on retail (Kim and Taylor, 1995; Addison, Blackburn and Cotti, 2008).
Another strand of studies estimates the effect of minimum wages on teenagers. These
studies argue that teenagers are typically at the bottom of the wage and earnings distribution and
make up a large share of the low-wage workforce. Studies of minimum wage effects on
teenagers have occurred at the federal and state level (Card, 1992, Allegretto, Dube, and Reich,
2011; Neumark and Wascher, 1994, 1996, 2004, 2008, 2011; Neumark, Salas, and Wascher,
2014).
Using restaurant or retail employees or teenagers as proxies for the entire low-wage labor
market might lead to biased minimum wage effects. Intuitively, a sample mixing jobs directly
affected by the minimum wage with others for which the price floor is irrelevant would generally
skew estimated impacts towards zero. Isolating one industry, such as the fast food industry, may
lead to downwardly biased wage and employment effects due to heterogeneity in wages in the
industry (i.e., some workers whose wages are above the minimum wage will be misclassified as
belonging to the “treatment” group). The estimates capture the minimum wage’s net effects on
all restaurant employees, not the effects on low-wage employees, which would likely be
stronger. Similarly, using teenagers may lead to artificially large employment estimates as this
group omits other low-wage workers, particularly those that have a stronger attachment to the
labor force and are full-time full-year workers, for whom the wage-elasticity of demand may be
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smaller. On the other hand, since some teens earn wages well above the minimum, including
them in the sample would lead to artificially low estimates of the impacts for that demographic
group.
This discussion begs the question of what, exactly, should count as a low-wage job. An
intuitive approach – and the one pursued in this analysis – focuses on jobs that pay below a
certain (inflation-adjusted) hourly wage.3 Analysis of employment at or below a specified wage
threshold may overstate disemployment effects to the extent that minimum wage policy may
cause some employers to raise wages of workers from below to above the threshold. A more
purist approach would focus on jobs that entail any of a variety of tasks for which there are no
specialized skill requirements, which any able-bodied person might perform. Practically, few if
any employment datasets contain such information.
In theory, analysis of employment at or below a specific real wage level will be
unproblematic if the wage distribution can be effectively partitioned into a component affected
by minimum wage policy and an unaffected counterpart. Imagining a reaction function relating
pre-policy to post-policy wages, the partition would be associated with a fixed point. It is not
clear that any such fixed point exists. Our analysis below is informed by efforts to estimate
reaction functions, which reveal little evidence of significant responses to the minimum wage
above relatively low thresholds. We also report the results of sensitivity analyses that vary the
threshold substantially.

This approach bears a strong resemblance to Cengiz et al., (2017) who use pooled Current Population Survey data
to study the impact of state-level minimum wage increases on employment at wages just above and below the newly
imposed minimum between 1979 and 2016.
3
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2.2 Debates over methodology
While much of the previous literature has elided the difficult problem of identifying the
relevant labor market by using simple industry or demographic proxies, there has been no
shortage of debate over causal estimation strategy. The traditional approach uses variation in
state-based minimum wages and estimates minimum wage-employment elasticities using a twoway fixed effect OLS regression (Neumark and Wascher, 2008). This approach assumes parallel
pre-trends across treatment and control states and estimates the overall impact of minimum
wages on wage and employment of multiple minimum wages over time. The two-way fixed
effect approach has come under criticism in recent years because there are spatial patterns in
minimum wage adoption (Allegretto, Dube, Lester and Reich, 2016). States with higher
minimum wages are concentrated in the Northeast and West coast, regions that have different
employment patterns from states in the South and parts of the Midwest. If this underlying
regional pattern affects state employment trends differentially, then the parallel trends
assumption of the two-way fixed effects model does not hold. Subsequently, difference-indifferences estimation strategies, which weight all states without a higher minimum wage
equally as their control region, may bias employment elasticity estimations to be more negative
than they are in reality.
To account for this issue, researchers have argued for a variety of different specifications.
These include: the use of local area controls, such as division-period fixed effects or a border
discontinuity approach, (Allegretto, Dube and Reich, 2011; Dube, Lester and Reich, 2010; 2016;
Allegretto, Dube, Lester, Reich, 2016); the use and order of region-specific time trends
(Addison, Blackburn, Cotti, 2012, 2014); the use of a synthetic control to identify control regions
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with pre-trend employment levels similar to the treatment region (Neumark, Salas, and Wascher;
2014); and linear factor estimation (Totty, 2015).4
Local area control designs assume that neighboring counties or states within a census
division region are more similar in trends and levels than regions further away. Researchers
using local-area controls (Dube, Lester and Reich 2010, 2016; Allegretto, Dube, Reich, 2011)
show strong and significant earnings elasticity estimates but insignificant employment elasticities
near zero. While it is reasonable to think that nearby regions share many background
characteristics with the treated region, a local area control design will yield biased estimates
when policies have spillover effects in nearby areas, such as when businesses raise wages in
response to a wage increase in a nearby jurisdiction.
The notion that nearby regions offer the best match on background characteristics is itself
a matter of debate. Using a synthetic matching estimator approach, Neumark, Salas, and
Wascher (2014) show that local areas are not picked as donors in the synthetic estimator of panel
national data, and thus should not be used as the control region. Allegetto, Dube, Lester and
Reich (2016) rebut this claim noting a recent paper found statistically significant larger mean
absolute differences in covariates not related to the minimum wage for noncontiguous counties
compared to contiguous counties (Dube, Lester and Reich, 2016).5
A final strand of estimation has used linear factor estimation and interactive fixed effects.
Totty (2015) utilizes Pesaran’s (2006) common correlated effects estimators as a linear factor
estimation. Pesaran’s common correlated effects estimators do not estimate common factor and

In this study we do not replicate region-specific time trends due to the limited time-frame of our treatment group.
However, this specification has become popular; see Dube, Lester and Reich (2010, 2016) and Addison, Blackburn
and Cotti (2014) for use of linear and polynomial time trends in minimum wage estimation strategies.
4

Covariates included log of overall private sector employment, log population, private-sector employment-topopulation ratio, log of average private sector earnings, overall turnover rate and teen share of population.
5
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common factor loadings, like the interactive fixed effects estimator, but rather use cross-sectional
averages of the dependent and independent variables as a proxy for factors. Totty also uses an
interactive fixed effects estimator, identical to ours, which involves estimating the common
factors and factor loadings across space and over time and finds insignificant and null
employment effects of minimum wages.

3. Policy Context
In June 2014, the City of Seattle passed a Minimum Wage Ordinance, which gradually
increases the minimum wage within Seattle City boundaries to $15 an hour. The phase-in rate
differs by employer size, and offers some differentiation for employers who pay tips or health
benefits. The minimum wage rose from the state’s $9.47 minimum to as high as $11 on April 1,
2015. The second phase-in period started on January 1, 2016, when the minimum wage reached
$13.00 for large employers (see Table 1 for details). In this paper, we study the first and second
phase-in periods of the Seattle Minimum Wage Ordinance (hereafter, the Ordinance) during
which the minimum wage rose from $9.47 to $13 for most businesses – a 37.3% increase.6 This
ordinance, which at the time would have raised Seattle’s minimum wage to the highest in the
country, came toward the beginning of a wave of state and local minimum wage laws passed in
2012-2016.7, 8

As of 2016, employers with fewer than 501 employees worldwide who provide health benefits or pay tips could
pay a minimum wage of $10.50 if they contribute at least $1.50 towards tips and health benefits. Our data do not
allow us to observe if a worker gets health benefits, but we do observe total compensation, which includes tips. We
come back to this issue in greater detail when we discuss the data.
7
Most prior research has, by necessity, focused on increases at the federal (Card 1992, Katz and Krueger 1992,
Belman and Wolfson 2010) or state (Dube, Lester, Reich 2010; 2016, Card and Krueger 1994, Neumark and
Wascher 1995, Meer and West 2016) level. This ordinance provides an opportunity to study the minimum wage on a
smaller geographic area with an integrated labor market that could allow businesses and workers flexibility to
relocate. Prior research on local minimum wage changes (Dube, Naidu, Reich 2007, Potter 2006, Schmitt and
Rosnick 2011) have found small or no employment effects of the local wage policies, results consistent with the
bulk of the minimum wage literature.
6
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4. Data
We study the impact of the 2015 and 2016 minimum wage hikes in Seattle using
administrative employment data from Washington State covering the period 2005 through the
third quarter of 2016. Washington’s Employment Security Department collects quarterly payroll
records for all workers who received wages in Washington and are covered by Unemployment
Insurance (UI).9 Washington is one of four states in the US that collects not only data on
earnings, but also on hours worked during the quarter. Employers are required to report actual
hours worked for employees whose hours are tracked (i.e. hourly workers), and report either
actual hours worked or total number of hours assuming a 40 hour work week for employees
whose hours are not tracked (i.e. salaried workers).10
This unique dataset allows us to measure the average wage paid to each worker in each
quarter.11 We measure hourly wage rate as total quarterly earnings divided by quarterly hours
worked, which corresponds to average hourly earnings, or realized hourly wage rate. As such, we
can identify jobs that would appear to be affected by an increase in the minimum wage, and track

During the years we study (2005 to 2016), the State of Washington had a state-specific minimum wage that was
indexed to CPI-W (growing at an average annual rate of 2%) and was, on average, 30% higher than the federal
Minimum Wage. As a result, none of the increases in federal minimum wage over this time period have been
binding in Washington.
9
Most papers that analyze employment responses to minimum wage hikes in the US rely on data from the Quarterly
Census of Employment and Wages, which in turn relies on information from the same data source as we do –
payroll data on jobs covered by the UI program. As a result, our estimates will be comparable to many results in the
literature.
10
The Employment Security Department collects this information because eligibility for unemployment benefits in
Washington is determined in part by an hours worked test. Comparison of the distribution of hours worked in the
ESD data with the distribution of self-reported hours worked in the past week among Washington respondents to the
CPS reveals some points of departure. In particular, self-reported data show more pronounced “spikes” at even
numbers such as 40 hours per week. In general, given the statutory reporting requirement driven by benefits
determination provisions, ESD considers the hours data reliable.
11
The average wage may differ from the actual wage rate for workers who earn overtime pay, or have other forms of
nonlinear compensation including commissions or tips. Workers may occasionally be paid in one quarter for work
performed in another. In analysis below, we exclude observations with calculated wages below $9 or above $500 in
2015 dollars. We also exclude observations reporting under 10 or over 1,000 hours worked in a calendar quarter.
These restrictions exclude 6.7% of all job/quarter observations.
8
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trends in both employment counts and calculated average hourly wages.12 As a result, unlike the
prior literature, we can plausibly identify low-wage jobs across industries and in all demographic
groups, obviating the need for proxies based on those factors. We can estimate effects solely for
low-wage jobs within all industries.
The data identify business entities as UI account holders. Firms with multiple locations
have the option of establishing a separate account for each location, or a common account.
Geographic identification in the data is at the account level. As such, we can uniquely identify
business location only for single-site firms and those multi-site firms opting for separate
accounts by location.13 We therefore exclude multi-site single-account businesses from the
analysis, referring henceforth to the remaining firms as “single-site” businesses. As shown in
Table 2, in Washington State as a whole, single-site businesses comprise 89% of firms and
employ 62% of the entire workforce (which includes 2.7 million employees in an average
quarter).
Multi-location firms may respond differently to local minimum wage laws. On the one
hand, firms with establishments inside and outside of the affected jurisdiction could more easily
absorb the added labor costs from their affected locations, and thus would have less incentive to
respond by changing their labor demand. On the other hand, such firms would have an easier
time relocating work to their existing sites outside of the affected jurisdiction, and thus might
reduce labor demand more than single-location businesses. Survey evidence collected in Seattle
at the time of the first minimum wage increase, and again one year later, increase suggests that
The average hourly wage construct used here is not directly comparable to, say, the self-reported hourly wage in
the CPS – in which respondents are instructed to exclude overtime, commissions, or tips. Results obtained through
analysis of this average hourly wage measure may differ from those gleaned from self-reported wage studies to the
extent that employers alter the use of overtime, tips, or commissions in response to the wage increase.
13
To determine the exact location of each business, we geocode mailing addresses to exact latitude and longitude
coordinates. We then use these data to determine if a business is located within Seattle, and to place businesses into
PUMAs within Washington State.
12
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multi-location firms were in fact more likely to plan and implement staff reductions.14 Our
employment results may therefore be biased towards zero.
The ESD data exclude jobs not covered by the UI program, such as contract employment
generating IRS 1099 forms instead of W-2s, or jobs in the informal economy paid with cash. Our
estimates may overstate actual reductions in employment opportunities if employers respond to
the minimum wage by shifting some jobs under the table or outsourcing workers on payroll to
contractor positions.
The ESD data contain industry (NAICS) codes, which permit us to estimate results using
the restaurant industry proxy used in much of the prior literature (Addison, Blackburn and Cotti,
2012, 2014; Dube, Lester and Reich, 2010; Dube, Lester and Reich, 2016; Neumark, Salas and
Wascher, 2014; Totty, 2015; Allegretto, Dube, Lester and Reich, 2016).15
We measure employment both as the number of jobs (headcount) and the number of
hours worked during the quarter. Because the data provide information on all jobs that were on
payroll during a quarter, including jobs which lasted only for a few weeks or even days, we
follow prior studies in focusing on the number of beginning-of-quarter jobs, defined as a personemployer match which existed both in the current and previous quarter.16 The hours worked
measure includes all employment, regardless of whether a person-employer match persists for
more than one quarter. Because the hours measure captures shifts in staffing on both the
intensive and extensive margins, we focus on it in our preferred specifications.
The Seattle Minimum Wage Study surveyed over 500 Seattle business owners immediately before and a year after
the Ordinance went into effect. In April 2015, multi-site employers were more likely to report intentions to reduce
hours of their minimum wage employees (34% versus 24%) and more likely to report intentions to reduce
employment (33% versus 26%). A one-year follow-up survey revealed that multi-location employers were more
likely to report an actual reduction in full-time and part-time employees, with over half of multi-site respondents
reporting a reduction in full-time employment (52%, against 45% for single-site firms).
15
Specifically, we examine employment and wages in the 3-digit NAICS code 722 “Food and Drinking Places”.
16
This definition is used by the Quarterly Workforce Indicators, based on the Longitudinal Employer Household
Data (LEHD), and produces the total number of jobs comparable to the employment counts in the Quarterly Census
of Employment and Wages.
14
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5. Methodology
5.1 Determining a threshold for low-wage employment analysis
As indicated in section 2 above, we focus our analysis on jobs with calculated hourly
wages below a fixed (inflation-adjusted) threshold. This proxy for low-skilled employment will
produce accurate estimates of the impact of minimum wage increases to the extent that a wage
threshold accurately partitions the labor market into affected and unaffected components. It will
overstate employment reductions if the threshold is set low enough that the minimum wage
increase causes pay for some work to rise above it. This concern is particularly relevant given
previous evidence of “cascading” impacts of minimum wage increases on slightly higher-paying
jobs (Neumark, Schwizer, and Wascher, 2004). It may understate proportional employment and
wage effects if set too high, as effects on relevant jobs will be diluted by the inclusion of
irrelevant positions in the analysis.
Imagining a reaction function linking initial wages to post-increase wages, we aim to
identify a fixed point above which there does not appear to be any impact – that is, the point
where this reaction function strikes the 45-degree line. Directly estimating a reaction function
would require a longitudinal analysis of wages paid before and after a wage increase,
complicated in this application by the high turnover rates common in the low-wage job market.17
We instead present results of a repeat-cross-section analogue in Figure 1. This exercise
estimates a series of difference-in-differences and synthetic control models to estimate the
impact of Seattle’s minimum wage increases on the number of hours worked in jobs with
average wages in bins of width $1, up to the $39-40/hour level.18 We expect minimum wage
increases to result in negative estimates at the lowest wage rates, positive estimates at slightly
Longitudinal analysis of ESD data reveals that more than one-third of low-wage employees observed in one
calendar quarter are no longer employed anywhere in Washington state six quarters later.
18
This exercise strongly resembles the “bunching” analysis presented in Cengiz et al. (2017).
17
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higher wage rates, and negligible estimates at the highest wage rates. The empirical question is
where, exactly, the transitions lie.
The upper panels of Figure 1 show large declines in the hours worked in jobs paying less
than $11/hour by the 4th quarter of 2015 relative to the baseline 2nd quarter of 2014, when the
Ordinance was passed. This result is to be expected given the intervening minimum wage
increase from $9.47 to $11/hour. Both difference-in-differences and synthetic control methods
show evidence of an increase in jobs paying between $11 and $12 per hour. Across these two
specifications, there is not consistent evidence of systematic increases in the number of hours
worked in jobs paid between $12 and any other threshold.19 The synthetic control estimates,
which, as we explain below, we consider more reliable, suggest some increase in work paid at
wage rates up to roughly $18/hour. Above that level, point estimates are generally small, with
the majority unable to reject the hypothesis of no effect even at the highly conservative 50%
confidence level.20
The lower panels repeat this analysis examining transitions from the baseline quarter to
the 3rd quarter of 2016, at which time the minimum wage had reached as high as $13/hour.
Predictably, the data show marked drops in the number of hours worked for wages under $13.
The preferred synthetic control estimates show remarkably little evidence of significant increases
in hours worked at wages above that level.21
While the preponderance of evidence suggests that a low-wage threshold slightly above
the statutory minimum poses little risk of miscoding jobs as lost when they have really been

This pattern exemplifies the “bunching” referenced in Cengiz et al. (2017), and can be interpreted as evidence that
significant numbers of lower-paid workers had their wages increased to comply with the law.
20
The 50% confidence level is employed here as the goal is to assess the hypothesis that the true effect is zero,
rather than the traditional alternate hypothesis that the true effect is not zero.
21
Again referencing Cengiz et al. (2017), and foreshadowing results to be presented, this pattern suggests that the
second minimum wage increase led to a proportionately stronger reduction in employment opportunities.
19
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promoted to higher wage levels, in our preferred specifications we report findings based on a
relatively conservative $19 threshold. The $19 threshold is roughly twice the initial value of the
minimum wage, a level beyond which cascading effects are less likely to occur (Neumark,
Schwizer, and Wascher, 2004).22

5.2 Causal identification strategy
We estimate effect of the Ordinance on changes in employment and wages in Seattle
relative to the 2nd quarter of 2014, when the Ordinance was passed. From this baseline period, we
analyze effects over the next nine calendar quarters. The first three correspond to the period after
the Ordinance was passed but before the first phase-in; this period is considered “post-treatment”
in our analysis so that we can assess whether anticipatory effects ensued. The minimum wage
reached as high as $11/hour in the fourth through sixth quarters after baseline and as high as
$13/hour in the remaining quarters. The “pre-treatment” period includes quarterly observations
beginning in 2005.
Though we are interested in the cumulative effect of the minimum wage, we analyze
variation in year-over-year changes in each outcome. This approach differences out seasonal
fluctuations, and conforms to a standard time-series approach used in the prior literature. We
define the year-over-year change in outcome 𝑌 as follows:
(1)
where

Δ𝑌𝑟𝑡 = 𝑌𝑟𝑡 / 𝑌𝑟,𝑡−4 − 1
denotes region (e.g. Seattle or comparison region), and

denotes quarter (with

ranging

from -33 to 9, and 𝑡 = 0 corresponding to the quarter during which the Ordinance was passed).

In the years before the minimum wage increase, a median Seattle worker earning the minimum wage worked
about 1,040 hours per year (Klawitter, Long, and Plotnick, 2014). Using this figure, a family of two adults and one
child with one adult working 1,040 hours at a wage of $19 per hour, would have a family income of $19,760, which
is right above the official poverty threshold for such a family.
22
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We begin with three candidate causal identification strategies. We will subject these
strategies to a basic falsification test utilizing pre-treatment data before proceeding to the main
analysis.
First, we consider a simple difference-in-differences specification, in which the outcomes
of the treated region (Seattle in our case) are compared to the outcomes of a neighboring control
region. We consider two different control regions. Comparison of Seattle to immediately
surrounding King County can be thought of as equivalent to the contiguous county specification
used by Dube, Lester and Reich (2010). Next, we compare growth rates in employment in Seattle
to Snohomish, Kitsap, and Pierce Counties (abbreviated to SKP), which surround King County
but do not share a border with Seattle (see Figure 2). Since a higher minimum wage might have a
spillover effect on the parts of King County immediately adjacent to Seattle, we chose the
counties which have similar local economic climates to Seattle’s, but are not immediately
adjacent to Seattle, as a candidate control region. We expect SKP to experience a smaller (if any)
spillover effect of the Ordinance compared to King County, and thus yield a less biased estimate
of its impact.23
In both cases, we estimate the following difference-in-differences specification:
(2)

Δ𝑌𝑟𝑡 = 𝛼𝑟 + 𝜓𝑡 + ∑9𝑞=1 𝛽𝑞 𝑇𝑟𝑡 + 𝜀𝑟𝑡 ,

where 𝛼𝑟 is a region fixed effect, 𝜓𝑡 is a period fixed effect,

is the treatment effect of the

Ordinance in quarter 𝑡 = 𝑞 (corresponding to the nine quarters after the Ordinance was passed),
𝑇𝑟𝑡 is an indicator that equals one for the treated region during which 𝑡 = 𝑞, and

is an

idiosyncratic shock.

Our companion paper (Jardim et al., 2017) examines this possibility of spillover and mechanisms for estimating
spillovers in greater detail.
23
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In equation (2), 𝑞 = 1 corresponds to the third quarter of 2014, the first quarter after the
Ordinance had been passed; 𝑞 = 4 corresponds to the second quarter of 2015, when the first
phase-in of the Ordinance occurred; 𝑞 = 7 corresponds to the first quarter of 2016, when the
second phase-in occurred; and 𝑞 = 9 corresponds to the third quarter of 2016, the last period of
data currently available. Since our interest is in the cumulative effect of the Ordinance on each
outcome, we convert these coefficients into cumulative changes, using the following rules. For
quarters one to three 𝛽𝑞𝑐𝑢𝑚 = 𝛽𝑞 ; for quarters four to eight, 𝛽𝑞𝑐𝑢𝑚 = (1 + 𝛽𝑞 )(1 + 𝛽𝑞−4 ) − 1;
and for quarter nine 𝛽9𝑐𝑢𝑚 = (1 + 𝛽9 )(1 + 𝛽5 )(1 + 𝛽1 ) − 1. We present all results in terms of
cumulative changes, and adjust the standard errors accordingly using the delta method.
The model in Equation 2 is a standard two-way fixed effect specification used in the
literature (Neumark and Wascher, 2008). As pointed out in Bertrand, Duflo, and Mullainathan
(2004), local economic outcomes in this model are not independent from each other, because
they come from the same region. We account for this correlation by clustering the standard errors
at the region and year level.
Difference-in-differences specifications assume that the treated and control region have
the same trends in the absence of the policy (parallel trends assumption), and will generally fail
to produce consistent treatment effect estimates if this assumption is not true. It is prudent to be
especially cautious about the parallel trends assumption given that the greater Seattle region
experienced rapid economic growth coming out of the Great Recession, and the pace of recovery
could have varied in different sub-regions. As we show below, our two difference-in-differences
specifications fail a falsification test, which suggests divergent trends.
To overcome this concern, we estimate the impact of the minimum wage using two
methods which allow for flexible pre-policy trends in control and treated regions: the synthetic
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control estimator (Abadie and Gardeazabal, 2003) and the interactive fixed effects estimator
(Bai, 2009). Both methods have been used in the regional policy evaluation literature and applied
to the minimum wage as well (see Allegretto, Dube, Reich and Zipperer (2013) for an
application of synthetic control, and Totty (2015) for an application of interactive fixed effects).
Both methods assume that changes in employment in each region can be represented as a
composition of 𝐾 unobserved linear factors 𝜇𝑡𝑘 :
(3)

9
Δ𝑌𝑟𝑡 = ∑𝐾
𝑘=1 𝜆𝑟𝑘 𝜇𝑡𝑘 + ∑𝑞=1 𝛽𝑞 𝑇𝑟𝑡 + 𝜀𝑟𝑡 ,

where 𝜇𝑡𝑘 is an unobserved factor, common across all regions in each year-quarter, and 𝜆𝑟𝑘 is a
region-specific factor loading, constant across time.
The unobserved factors can be thought of as common economic shocks which affect all
regions at the same time, such as an exchange rate shock, common demand shock, or changes in
weather. However, regions are allowed to have different sensitivity in response to these shocks.
As a result, the treated and control regions are no longer required to have parallel trends.
Though both the synthetic control and interactive fixed effects estimators have the same
underlying model, their implementation is quite different. The synthetic control estimator does
not explicitly estimate the factors or factor loading, and uses pre-policy observations to find an
optimal set of (weighted) control regions, which collectively match the pre-policy trend in the
treated region. Denote Seattle by 𝑟 = 1 and denote 𝑟 = 2,, R all potential control regions.
Then the weights for synthetic control can be found by minimizing forecasting error in the prepolicy period:
(4)

2

min ∑0𝑡=−33(Δ𝑌𝑟=1,𝑡 − ∑𝑅𝑟=2 𝑤𝑟 Δ𝑌𝑟𝑡 ) ,
𝑤𝑟
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subject to the constraints ∑𝑟 𝑤𝑟 = 1 and ∀𝑟 𝑤𝑟 ≥ 0.24 Given a set of weights 𝑤
̂,
𝑟 the impact of
the Ordinance in quarter 𝑞 is estimated as follows:
(5)

𝑆𝑦𝑛𝑡ℎ

𝛽𝑞

= Δ𝑌𝑟=1,𝑞 − ∑𝑅𝑟=2 𝑤
̂𝑟 Δ𝑌𝑟𝑞 .

The interactive fixed effects approach estimates the factors and factor loadings in
Equation 3 explicitly, by imposing normalization on the sum of the factors. Since the number of
unobserved factors is not known, we estimate the model allowing for up to 30 unobserved
factors, and pick the model with the optimal number of factors using the criterion developed in
Bai and Ng (2002). 25 We implement the interactive fixed effects estimator following Gobillon
and Magnac (2016) who have developed a publicly-available program to estimate the treatment
effects in the regional policy evaluation context.
We implement the synthetic control and interactive fixed effects estimators by
approximating Seattle’s economy using data on employment trends across Public Use Microdata
Areas (PUMAs) in Washington State. A PUMA is a geographic unit defined by the U.S. Census
Bureau with a population of approximately 100,000 people, designed to stay within county
boundaries when possible.26 We exclude King County PUMAs from analysis because of
potential spillover effects. The remainder of Washington includes 40 PUMAs (see Figure 3).
Appendix Table 2 shows the estimated weights chosen by the synthetic control estimator
by outcome and lists PUMAs with positive weights. Appendix Figures 1-4 show the sensitivity
of the interactive fixed effects estimates as a function of the number of factors used, as well as

We implement synthetic control estimator using the R programs provided by Gobillon and Magnac (2016).
The coefficients, 𝛽𝑞 , can be identified as the number of factors is smaller than the number of periods in the data
minus the number of coefficients to be estimated minus one. In our case, we cannot have more than 32 factors in the
model (43 periods – 9 coefficients – 1). We use a global criterion developed by Bai and Ng (2002) to pick the
optimal number of factors, and the optimal number of factors is always smaller than the maximum number of factors
allowed by the model.
26
Twenty-seven of Washington’s thirty-nine counties have fewer than 100,000 inhabitants, implying that they must
share a PUMA with territory in at least one other county.
24
25
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showing the choice of the optimal number of factors using the criterion developed in Bai and Ng
(2002).27
Though the synthetic control and interactive fixed effects estimators generally perform
similarly in Monte Carlo simulations (Gobillon and Magnac, 2016), analytic standard errors for
interactive fixed effects estimator have been established, while standard errors for the synthetic
control estimator are usually obtained using placebo estimates. We provide the baseline standard
errors for the synthetic control estimates using an approach of “placebo in space,” suggested by
Abadie, Diamond, and Hainmueller (2014). We implement it by randomly selecting 5 PUMAs in
Washington State as “treated” and estimate the placebo impact for these PUMAs.28 As in
Gobillon and Magnac (2016), we implement 10,000 draws to obtain the standard errors. We then
take the standard deviation of these estimated placebo impacts to be our estimate of the standard
error.29

6. Results
6.1 Simple first-difference analysis
Table 3 presents summary statistics on the number of jobs, total hours worked, average
wages, and total payroll in Seattle’s single-location establishments for all industries and for food
and drinking places by wage level for the quarter the Ordinance was passed (t = 0, including June
2014), the first three quarters after the law was passed (t = 1, 2, or 3, July 2014-March 2015), and
We choose the optimal number of factors using criterion IC2 suggested in Bai and Ng (2002), as it was shown to
have good performance in small samples.
28
Note that Seattle spans 5 PUMAs, thus our placebo treatment region replicates Seattle’s size.
29
We have also estimated the standard errors based on “placebo in time” approach. It is implemented by randomly
picking a period when the Ordinance is implemented using the data before the actual Ordinance went in effect, and
estimating a placebo effect for this period. We then take the standard deviation of these estimated placebo effects as
an estimate of the standard error. Standard errors using “placebo in space” approach prove to be more conservative
(i.e., larger) than the standard errors using “placebo in time” approach, so we report “placebo in space” standard
errors in our baseline estimates.
27
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the first six quarters after the law was in force (t = 4, 5, 6, 7, 8, or 9, April 2015-September
2016). These statistics portray a general image of the Seattle labor force over this time period
and should not be interpreted as estimates of the causal impact of the Ordinance.
As shown in Panel A of Table 3, comparing the baseline second quarter of 2014 to the
second quarter of 2016, the number of jobs paying less than $13 per hour in all industries
declined from 39,807 to 24,420 (a decline of 15,387 or 39%).30 The decline is consistent with
legislative intent, and the persistence of employment at wages below $13 can be explained by the
fact that lower minima applied to small businesses and those offering health benefits.31
The reduction in employment at wages under $13 could reflect either movement of wage
rates above this threshold or the elimination of jobs. Table 3 panel A shows that over the same
two-year time period, the number of jobs paying less than $19 per hour fell from 92,959 to
88,431 (a decline of 4,528). Measuring hours worked at low wages rather than employee
headcount, the table shows a 5.8 million hour reduction at wage rates under $13, and a 1.7
million hour reduction at wages under $19. Though it would be premature to make causal
inferences on the basis of this single-differenced data, both headcount and hours data suggest
that reduced low-wage employment can be apportioned primarily, but less than entirely, to wage
increases.
Over this same period, overall employment in Seattle expanded dramatically, by over
13% in headcount and 15% in hours. Table 3 makes clear that the entirety of this employment
growth occurred in jobs paying over $19 per hour. The impression of skewed growth – driven in

Note that we are using the second quarter of 2016 to avoid issues with seasonality. Seattle’s low-wage labor force
tends to peak in the third quarter of each year during the summertime tourist season, and exhibits a trough in the
winter months.
31
Low-wage employment could also reflect overestimation of hours by the employer, underreporting of tips, hours
worked for wages paid in a different calendar quarter, or a subminimum wage set equal to 85% of the minimum for
workers under 16 years old.
30
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part by rapid growth in the technology sector – extends to wage data.32 Average hourly wages at
jobs paying less than $19 rose from $14.14 to $15.01 (a 6.1% increase), while average hourly
wages at all jobs surged from $36.93 to $44.04 (a 19.2% increase).33
Table 3 documents that payroll reductions attributable to declines in hours worked very
nearly offset the observed wage increases for jobs paying under $19. Comparing “peak” third
quarter statistics in 2014 and 2016, the sum total of wages paid at rates under $19 actually
declines by over $6 million. Similar comparisons of second quarter statistics reveal a
comparably sized increase.
Panel B of Table 3 restricts attention to Food and Drinking Places (NAICS industry 722),
which, respectively, comprised 30%, 23%, and 11% of jobs in Seattle’s single-location
establishments paying less than $13, less than $19, and overall during the quarter the Ordinance
was passed. Although this industry accounts for a minority of all low-wage employment, we
highlight it for purposes of comparison with existing literature.
In contrast to overall low-wage labor market, low-wage employment in the restaurant
industry increased slightly (by 0.1% in terms of hours) between second quarter of 2014 and the
second quarter of 2016. At all wages, industry employment expanded by 12.0%, only slightly
more slowly than the labor market as a whole. As in the full economy, growth in hours at jobs
paying above $19 per hour exceeded growth in lower-paying jobs. Relative to the full labor
market, wage increases in the restaurant sector are distributed more evenly across the initial
wage distribution.

Quarterly Census of Employment and Wage (QCEW) data for King County indicate that between 2014 and the
third quarter of 2016, the county added 94,000 jobs. The majority of these job gains can be attributed to four
industries: non-store retail, information, professional/technical services, and construction. The food service industry
added more than 10,000 jobs countywide over this same time period.
33
The average hourly wage statistic at all wage levels includes a large number of salaried jobs in which hours may
be imputed at 40 per week rather than tracked.
32
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6.2 Falsification tests
Previous analyses have raised concerns regarding the applicability of the parallel trends
assumption in minimum wage evaluation. As noted above, the short duration of our posttreatment panel makes it infeasible to employ the traditional linear time-trend correction. For
this reason, and to more generally assess the performance of our proposed estimators, we
conduct a simple falsification test by estimating the effects of a “placebo” law as if it were
passed two years earlier (June, 2012). We restrict this analysis to data spanning from the first
quarter of 2005 to the third quarter of 2014. Table 4 presents the results.
We find strong evidence that total hours worked in jobs paying less than $19 per hour in
Seattle diverged from both surrounding King County and SKP after June 2012, as shown in
columns 2 and 4. In both columns, all of the estimated pseudo-effects are negative and
significant, and would falsely suggest the placebo law caused a reduction in hours of 4.1% or
5.0%, respectively, in the average quarter following the second quarter of 2012. Given this
divergent trend, we consider the two difference-in-differences estimators to have failed the
falsification test and dispense with them henceforth.
In contrast, the synthetic control results shown in columns 5 and 6 behave well. In the
average quarter following the placebo law, we find a 0.4% increase in wages and 0.1% increase
in total hours. The pseudo-effects on wages, which are all positive, but mostly insignificant, are
somewhat concerning – if these same positive pseudo-effects persist into the period that we
study, we would be modestly overstating the effect of Seattle’s minimum wage on wages, and
thus understating elasticities of hours with respect to changes in wages. The pseudo-effects on
hours flip back-and-forth between positive and negative.
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Finally, columns 7 and 8 show the estimates of the pseudo-effects using the interactive
fixed effects specification. This specification finds no pseudo-effect on wages, while the
pseudo-effects on hours are all negative, yet insignificant (with larger standard errors), and
average -1.9%. If these same negative pseudo-effects on hours persist into the period that we
study, we would be moderately overstating the negative effect of Seattle’s minimum wage on
hours. Consequently, we conclude that the synthetic control method is the most trustworthy, but
include interactive fixed effect models below with the caveat that they may be prone to
overstating negative employment impacts.

6.3 Causal effect estimates
Table 5 presents our first estimates of the causal impact of the Ordinance for workers
earning less than $19 per hour. Looking at results using both the synthetic control and
interactive fixed effects methods, we associate the first minimum wage increase, to $11, with
wage effects of 1.4% to 1.9% (averaging 1.7%). The second increase, to $13, associates with a
larger 2.8% to 3.6% wage effect (averaging 3.1%). A 3.1% increase in the wage of these
workers corresponds to a $0.44 per hour relative to the base average wage of $14.14.34 We do
not find strong evidence that wages rose in anticipation of enforcement during the three quarters
following passage of the law. The small coefficients range from 0.3% to 0.7% and most are
statistically insignificant.
These wage effect estimates appear modest in comparison to much of the existing
literature. We note that the first-difference results presented in Table 3 themselves indicate
modest increases in wages at the low end of the scale (under $19), about 4.5% during the first
Estimated wage impacts are larger when the low-wage threshold is lowered from $19. This is consistent with the
minimum wage ordinance having sizable effects on the lowest-paid workers and smaller cascading impacts on
workers with initial wages closer to $19.
34
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phase-in and 6.0% during the second. These estimates suggest that wages increased in the
control region as well.35 We further note that Table 3 indicates that the majority of low-wage
jobs observed at baseline – 62% when defined as jobs paying under $19 per hour and weighted
by hours – were not directly impacted by the minimum wage increase to $13. Any impacts on
wages paid for jobs between $13 and $19 per hour at baseline would be “cascading” effects
expected to be much smaller than the impact on lowest earners. If we were to presume that our
estimate reflects some sizable impact on jobs directly impacted by the increase and no effect on
other jobs under $19, the sizable impact works out to 7.9%, a level in line with existing
literature.36 Finally, we note that the measure of wages used here – average hourly wages –
would by construction capture employer responses such as a reduction in the use of overtime.
These would not be captured in, for example, self-reported CPS wage data.
Table 6 shows employment impacts for jobs paying less than $19 per hour. As shown in
columns 1 and 2, relative to the baseline quarter (2014.2), we estimate statistically insignificant
hours reductions between 0.9% and 3.4% (averaging 1.9%) during the three quarters when the
minimum wage was $11 per hour. By contrast, the subsequent minimum wage increase to $13
associates with larger, significant hours reductions between 7.9% and 10.6% (averaging 9.4%).
Columns 3 and 4 present a parallel analysis for jobs, with qualitatively similar results:
statistically weak evidence of reductions in the first phase-in period followed by larger
significant impacts in the second. The adverse effects on hours in the final three quarters are
proportionately greater than the effects on jobs, suggesting that employers are not only reducing
the number of low-wage jobs, but also reducing the hours of retained employees. Multiplying
Data from the Bureau of Labor Statistics’ Current Employment Statistics indicate that seasonally adjusted average
hourly earnings for all employees increased about 5.5% nationwide from June 2014 to September 2016.
36
Belman and Wolfson (2014) point to elasticities of wages paid to statutory minimum wage increases in the range
of 0.2 to 0.5. An effect of 7.9% on a minimum wage increase of 37% would imply an elasticity just over 0.2. We
note, moreover, that the full $13 minimum did not apply to small business or businesses providing health benefits.
35
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the -6.8% average job estimate by the 92,959 jobs paying less than $19 per hour at baseline
suggests that the Ordinance caused the elimination of 6,317 low-wage jobs at single-location
firms.37 Scaled up linearly to account for multi-location firms, job losses would amount to
roughly 10,000.38
Figure 4 illustrates the sensitivity of the estimated effect on hours using different
thresholds ranging from jobs paying less than $11 to jobs paying less than $25. For the effect of
raising the minimum wage to $11 per hour, shown in the top panel, the estimated impacts
become insignificant once the threshold rises to around $17. It appears that any “loss” in hours
at lower thresholds is likely to reflect a cascade of workers to higher wage levels. In contrast, as
shown in the bottom panel, the negative estimated effects of the second phase-in to $13 are
significant as we raise the threshold all of the way to $25 per hour. Thus, there is no evidence to
suggest that the estimated employment losses associated with the second phase-in reflect a
similar cascading phenomenon.
Figure 5 illustrates these same results, but multiplies the estimated coefficients by the
baseline number of hours worked in jobs paying below the threshold. These results show the
estimated absolute change in total hours. We find that during the second phase-in period lowwage hours fell by 3.5 million hours per quarter when the threshold is set at $19 per hour, and
this result is maintained as we increase the threshold to $25 per hour.
Because the estimated magnitude of employment losses exceeds the magnitude of wage
gains in the second phase-in period, we would expect a decline in total payroll for jobs paying
under $13 per hour relative to baseline. Indeed, we observe this decline in first-differences when
If we base this calculation on just the synthetic control estimates, we would conclude that the Ordinance led to
5,133 fewer jobs paying less than $19 per hour.
38
We cannot ascertain whether the effect on single-location firms should extrapolate to multi-location firms. As
noted above, survey evidence suggests that multi-location firms were more likely to have reported reducing staffing
in the wake of minimum wage increases.
37
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comparing “peak” calendar quarters, as shown in Table 3 above. Table 7 confirms this inference
in regression specifications examining the impact on payroll for jobs paying less than $19 per
hour. Although results are not consistently significant, point estimates suggest payroll declines of
4.0% to 7.6% (averaging 5.8%) during the second phase-in period. This implies that the
minimum wage increase to $13 from the baseline level of $9.47 reduced income paid to lowwage employees of single-location Seattle businesses by roughly $120 million on an annual
basis.39
Note that the largest and only statistically significant payroll estimate corresponds to the
first quarter of 2016. This result is notable as the first quarter tends to be a time of slack demand
for low-wage labor (after Christmas and before the summer tourist season) – in effect, Seattle
suffers a mini recession every winter. This result could be a harbinger of the effects of the
minimum wage in a full recession, or in a less robust local economy, as wages will have less
ability to decrease to equilibrate the low-wage labor market.40

6.4 Elasticity estimates
Column 1 of Table 8 shows our estimate of the elasticity of labor demand with respect to
changes in wages computed as the ratio of our estimate of the effect on hours to our estimate of
the effect on wages, using the synthetic control method, for the six quarters after the Ordinance
was enforced.41 We also compute measures of statistical uncertainty for these elasticities since

Simple calculations based on preceding results suggest an effect of comparable magnitude. Wage results suggest
a 3% boost to earnings, which on a base of about $530 million paid in the baseline quarter amounts to a $16 million
increase in payroll. Employment declines of 3.5 million hours per quarter, valued at $9.47/hour, equate to a loss of
$132 million – and a net loss of $116 million – on an annual basis.
40
See Clemens (2015), Clemens and Wither (2016), and Clemens and Strain (2017) for evidence of the effects of
the Great Recession on impacts of minimum wage increases.
41
One might think that the decline in hours worked was due to a voluntary cut in hours, and thus interpret our
findings as showing a labor supply elasticity in the region where the labor supply curve is “backwards bending.”
While there may be some voluntary reductions in hours by some workers, it would be unreasonable to expect such
39
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they reflect the ratio of two estimates.42 During the first phase-in, when the minimum wage was
$11 per hour, estimated elasticities range from -0.97 to -1.80 (averaging -1.31). Notably, we
cannot reject elasticity = -1 with 95% confidence, which is consistent with our finding in Table 7
that we could not reject zero effect on payroll, and we cannot reject elasticity = 0, which is
consistent with our finding in Table 6 that we could not reject zero effect on hours. These
findings are not artifacts of setting the threshold at $19 per hour. As shown in the upper part of
Figure 6, the estimated elasticities range between -1 and 0 when the threshold is set anywhere
between $17 and $25 per hour. In summary, the relatively modest estimated wage and hours
impacts of the first phase-in create considerable statistical uncertainty regarding the associated
elasticity estimate.
After the minimum wage increased to $13 per hour, we find much larger estimated
elasticities ranging from -2.66 to -3.46 (averaging -2.98). During these three quarters, we can
reject the hypothesis that the elasticity equals zero (consistent with Table 5), and we can reject
the hypothesis that the elasticity equals -1 in 2016.1, consistent with the significant decline in
payroll during this quarter shown in Table 6. Point estimates of elasticities imply that, within
Seattle, low-wage workers lost $3 from lost employment opportunities for every $1 they gain
due to higher hourly wages. These very large elasticities are not artifacts of setting the threshold
at $19 per hour. As shown in the lower part of Figure 6, the estimated elasticities are very close
to -3 when the threshold is set anywhere between $17 and $25 per hour.43

workers to reduce their hours so far that their total earnings declined. Given that we find that hours fall more than
wages rise, the results are more likely to reflect a decline in labor demand.
42
Standard errors for the estimates elasticities have been computed using the delta method and take into account the
correlation between estimated effect of the minimum wage on employment and wages.
43
While it may be argued that our wage effects combine a large effect on the lowest-paid workers with near-zero
impacts on those paid above $13 at baseline, this only implies an overestimated elasticity for the least-paid workers
if the employment effects are somehow concentrated among higher-paid workers. Our evidence does not support
this conjecture.
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The larger elasticities in the second phase-in period relative to the first suggest that the
sum total of earnings paid to low-wage workers in Seattle might be maximized with a statutory
minimum wage somewhere in the range of $9.47 to $11. By contrast, increases beyond $11
appear to have resulted in net earnings losses in Seattle for these workers.

6.5 Reconciling these estimates with prior work
Most prior studies compute employment elasticities by dividing regression-estimated
percentage changes in employment by the percentage change in the statutory minimum wage.
Applied in this case, this method would use a denominator of 16.2% (i.e., ($11-$9.47)/$9.47) for
the first phase-in period, and 37.3% ($13-$9.47)/$9.47) for the second. The conventional
method clearly overstates the actual impact on wages given that many affected workers’ wages
are above the old minimum but below the new. This method is also unsuitable for evaluating the
impacts on workers who began over the new minimum wage but are nonetheless affected by
cascading wage increases (defined as the range of either $11 or $13 to $19 per hour). In column
2 of Table 8, we use the conventional approach for computing employment elasticities and find
estimates in the range of -0.08 to -0.28 (averaging -0.20). This range is high but not outside of
the envelope of estimates found in prior literature (see Appendix Table 1).44 Thus, computing
the elasticity based on the Ordinance’s impact on actual average wages suggests that the
conventional method yields substantial underestimates.
We conclude our analysis by attempting to reconcile our results with prior studies
focused on restaurant industry employment. In Table 9, we walk our results back to a sample
and outcome that is similar to Card and Krueger’s (1994) examination of fast food employment
Estimates on the high end are plausible because theory suggests that labor demand elasticity would generally be
larger for a small, open economy such as Seattle than for a state or the nation.
44
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in New Jersey and Pennsylvania in response to New Jersey’s increase in its minimum wage. The
traditional focus on restaurant employment reflects its common perception as a canonical lowwage industry, and the general absence of data resources allowing a more precise analysis of jobs
paying low wages. In 46 of 50 states, there is no data resource allowing the systematic
computation of average hourly wage rates for the entire UI-covered workforce.
Column 1 of Table 9 repeats the main results findings from Column 1 of Table 6, and is
included as a point of reference. Moving from Column 1 to Column 5 of Table 9, we make one
change at a time to evaluate the sensitivity of our results to various modeling choices. In
Column 2, we use the same specification as in Column 1, but restrict the analysis to hours in
low-wage jobs in Food Services and Drinking Places (NAICS industry 722). The results are
comparable to those shown in Column 1 for all industries – if anything, the results show larger
decreases in hours, particularly when the minimum wage was raised to $11, suggesting roughly a
7% decline, although two of these three estimates are insignificant. Moving from Column 2 to 3,
we switch the focus to headcount employment, the outcome used in most prior literature. Again,
these results are quite comparable, suggesting that nearly all of the reduction in hours worked by
low-wage workers in Food and Drinking Places is coming from a reduction in jobs rather than a
reduction in hours worked by those who have such jobs.
In Column 4, we shift from examining low-wage jobs to all jobs in the restaurant
industry. Here we see a dramatic change: the effect on all jobs is insignificant in all quarters and
averages precisely 0.0% in the last three quarters when the wage increased to $13 per hour.
Thus, by using the imprecise proxy of all jobs in a stereotypically low-wage industry, prior
literature may have substantially underestimated the impact of minimum wage increases on the
target population. Finally, column 5 returns to evaluating effects on total hours, but now for all
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jobs in NAICS 722. While the estimates continue to be insignificant, they are now more
negative, averaging -3.3% in the last three quarters. This result is consistent with Neumark and
Wascher’s (2000) critique of Card and Krueger (1994).
In summary, utilizing methods more consistent with prior literature allows us to almost
perfectly replicate the conventional findings of no, or minor, employment effects. These
methods reflect data limitations, however, that our analysis can circumvent. We conclude that
the stark differences between our findings and most prior literature reflect in no small part the
impact of data limitations on prior work.

7. Conclusion
There is widespread interest in understanding the effects of large minimum wage
increases, particularly given efforts in the US to raise the federal minimum wage to $15 per hour
and the adoption of high minimum wages in several states, cities and foreign countries in the past
few years. There is good reason to believe that increasing the minimum wage above some level
is likely to cause greater employment losses than increases at lower levels. Wolfers (2016)
argues that labor economists need to “get closer to understanding the optimal level of the
minimum wage” (p. 108) and that “(i)t would be best if analysts could estimate the marginal
treatment effect at each level of the minimum wage level” (p. 110). This paper extends the
literature in a number of ways, one of which is by evaluating effects of two consecutive large
local minimum wage increases.
Beyond basic causal inference challenges, prior studies have attempted to analyze
minimum wage effects using data resources that do not permit the direct observation of hourly
wages. In those situations, researchers resort to using proxies for low-wage workers by
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examining particular industries that employ higher concentrations of low-wage labor or by
restricting the analysis to teenagers. This paper demonstrates that such strategies likely misstate
the true impact of minimum wage policies on opportunities for low-skilled workers. Our finding
of zero impact on headcount employment in the restaurant industry echoes many prior studies.
Our findings also demonstrate, however, that this estimation strategy yields results starkly
different from methods based on direct analysis of low-wage employment.
Our preferred estimates suggest that the Seattle Minimum Wage Ordinance caused hours
worked by low-skilled workers (i.e., those earning under $19 per hour) to fall by 9.4% during the
three quarters when the minimum wage was $13 per hour, resulting in a loss of 3.5 million hours
worked per calendar quarter. Alternative estimates show the number of low-wage jobs declined
by 6.8%, which represents a loss of more than 5,000 jobs. These estimates are robust to cutoffs
other than $19.45 A 3.1% increase in wages in jobs that paid less than $19 coupled with a 9.4%
loss in hours yields a labor demand elasticity of roughly -3.0, and this large elasticity estimate is
robust to other cutoffs.
These results suggest a fundamental rethinking of the nature of low-wage work. Prior
elasticity estimates in the range from zero to -0.2 suggest there are few suitable substitutes for
low-wage employees, that firms faced with labor cost increases have little option but to raise
their wage bill. Seattle data show – even in simple first differences – that payroll expenses on
The finding of significant employment losses, particularly after the second minimum wage increase in 2016, may
seem incongruent with unemployment statistics for the City of Seattle, which suggest very low numbers of
unemployed individuals seeking work. The Bureau of Labor Statistics' Local Area Unemployment Statistics
program estimates city-level unemployment statistics on the basis of unemployment insurance claims, data from
other government surveys such as the Current Population Survey, and statistical modeling. The unemployment
statistics pertain to the residents of a city, not individuals employed in a city (indeed, unemployed workers are
employed in no city). Our analysis pertains instead to individuals employed in Seattle.
In Washington State, workers are eligible for UI benefits only after they have accumulated 680 hours of
work. In low-wage, high-turnover businesses, the proportion of separated workers who reach this threshold may be
low. Further, longitudinal analysis of ESD data suggest that reduced employment largely impacts new entrants to the
labor force, rather than experienced workers. New entrants are not eligible for UI benefits and thus cannot generate
claims. These unemployed new entrants might be captured in the CPS, but with a relatively small sample size these
estimates are subject to significant noise and are smoothed considerably.
45
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workers earning under $19 per hour either rose minimally or fell as the minimum wage increased
from $9.47 to $13 in just over nine months. An elasticity of -3 suggests that low-wage labor is a
more substitutable, expendable factor of production. The work of least-paid workers might be
performed more efficiently by more skilled and experienced workers commanding a
substantially higher wage. This work could, in some circumstances, be automated. In other
circumstances, employers may conclude that the work of least-paid workers need not be done at
all.
Importantly, the lost income associated with the hours reductions exceeds the gain
associated with the net wage increase of 3.1%. Using data in Table 3, we compute that the
average low-wage employee was paid $1,897 per month. The reduction in hours would cost the
average employee $179 per month, while the wage increase would recoup only $54 of this loss,
leaving a net loss of $125 per month (6.6%), which is sizable for a low-wage worker.
The estimates may be much larger than those reported in prior minimum wages studies
for three reasons. First, theory suggests that labor demand elasticity would generally be larger
for a small, open economy such as Seattle than for a state or the nation. Yet, there is evidence to
suggest that our results are not simply divergent from the literature due to this issue. Note that
Seattle data produce an effect estimate of zero when we adopt the traditional approach of
studying restaurant employment at all wage levels.
Second, rather than using the statutory change in the minimum wage as the denominator
in an elasticity computation, we use the change in actual wage rates for low-skill workers, which
we can estimate from the Washington data. Because the actual change is necessarily smaller
than the statutory change, the arithmetic of elasticity computation leads to larger estimated
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elasticities than those derived using conventional methods of computing the elasticity of demand
for low-skill workers with respect to the statutory change in minimum wage.
Third, we analyze the impact of raising the minimum wage to a significantly higher level
than what has been analyzed in most prior work. Deflating by the Personal Consumption
Expenditures price index, the real value of the Federal minimum wage has never reached the $13
level studied in our analysis. Theory suggests that the impact of raising the minimum wage
depends critically on the starting point; Seattle started from the nation’s highest state minimum
wage, and our own evidence indicates that the effects differed dramatically from the first phasein period to the second.
A few cautions should be noted. Our analysis is restricted to firms reporting employment
at specific locations, as we cannot properly locate employment for multi-location firms that do
not report employment separately by location. It may be the case that the labor demand elasticity
of single-site firms is larger than that of multi-site firms who do not report employment at
specific locations. Yet, as discussed above, multi-site firms who we surveyed were more likely to
self-report cuts in employment than smaller firms.46
Further, we lack data on contractor jobs which get 1099 forms instead of W-2s and on
jobs in the informal economy paid with cash. If the Ordinance prompted an increase in lowwage workers being paid as contractors or under the table, our results would overstate the effect
on jobs and hours worked. However, such a move would not be without consequence for the
workers, who would lose protections from the Unemployment Insurance and Worker’s
Compensation systems and not receive credit toward future Social Security benefits for such

If we ignore our survey evidence and suppose that multi-site firms' wage impact was the same as reported here but
their hours impact was zero, the elasticity would still be high compared to earlier work – around -1.9 (as single-site
businesses employ 62% of the workforce).
46
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earnings (though they would not have to pay the full amount of taxes for Social Security and
Medicare).

In addition, some employers may have shifted jobs out of Seattle but kept them within the
metropolitan area, in which case the job losses in Seattle overstate losses in the local labor
market. Reductions in payroll attributable to the minimum wage may exceed reductions in
income for the affected workers, to the extent they were able to take advantage of relocated
opportunities in the metropolitan area. Finally, the long-run effects of Seattle’s minimum wage
increases may be substantially greater, particularly since subsequent changes beyond a final
increase to $15 per hour will be indexed to inflation, unlike most of the minimum wage increases
that have been studied in the literature, which have quickly eroded in real terms (Wolfers, 2016).
One cannot assume our specific findings generalize to minimum wage policies set by
other localities or at the federal or state level. The impacts of minimum wage policies
established by other local governments likely depend on the industrial structure, characteristics
of the local labor force, and other features of the local and regional economy.
Last, there may be important forms of effect heterogeneity across workers. Some
workers may well have experienced significant wage increases with no reduction in hours; others
may have encountered significantly greater difficulty in securing any work at all. From a welfare
perspective, it is critical to understand how this heterogeneity plays out across low-skilled
workers in varying life circumstances. Such an exploration is beyond the scope of this paper,
which uses a data resource that identifies no pertinent information about individual workers.
Future work will take advantage of linkages across administrative data resources within
Washington State to understand how the minimum wage affects workers in varying demographic
categories, or with a history of reliance on means-tested transfer programs.
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Tables and Figures
Table 1: Minimum Wage Schedule in Seattle under the Seattle Minimum Wage Ordinance
Large Employersa
Effective Date

No benefits

January 1, 2015

$9.47

April 1, 2015
January 1, 2016
January 1, 2017
January 1, 2018
January 1, 2019
January 1, 2020
January 1, 2021

$11.00
$13.00
$15.00d

Small Employers
Benefits or
No benefits or tips
tipsc

With benefitsb

Before Seattle Ordinance
$9.47
$9.47
After Ordinance
$11.00
$11.00
$12.50
$12.00
$13.50
$13.00
$15.00e
$14.00
$15.00f

Notes:
a
b
c
d
e
f
g

$9.47
$10.00
$10.50
$11.00
$11.50
$12.00
$13.50
$15.00g

A large employer employs 501 or more employees worldwide, including all franchises associated with a
franchise or a network of franchises.
Employers who pay towards medical benefits.
Employers who pay toward medical benefits and/or employees who are paid tips.
Total minimum hourly compensations (including tips and benefits) is the same as for small employers
who do not pay towards medical benefits and/or tips.
For large employers, in the years after the minimum wage reaches $15.00 it is indexed to inflation using
the CPI-W for Seattle-Tacoma-Bremerton Area.
Starting January 1, 2019, payment by the employer of medical benefits for employees no longer affects
the hourly minimum wage paid by a large employer.
After the minimum hourly compensation for small employers reaches $15 it goes up to $15.75 until
January 1, 2021 when it converges with the minimum wage schedule for large employers.
The minimum wage for small employers with benefits or tips will converge with other employers by
2025.
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Table 2: Characteristics of Included and Excluded Firms, Washington State
Included in
Excluded from
Analysis
Analysis
Share Included
Number of Firms
123,180
14,917
89.2%
Number of Establishments (i.e., Sites)
140,451
Unknown
Total Number of Employees
1,672,448
1,019,875
62.1%
Employees / Firm
14
68
Employees / Establishment
12
Unknown
Notes: Firms are defined as entities with unique federal tax Employer Identification Numbers.
Statistics are computed for the average quarter between 2005.1 to 2016.3. “Excluded from
Analysis” includes two categories of firms: (1) Multi-location firms (flagged as such in UI data),
and (2) Single-location firms which operate statewide or whose location could not be determined.
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Table 3: Employment Statistics for Seattle Single-Site Establishments
Number of Jobs
Total Hours (thousands)
Average Wage
Hourly wage rates:
Hourly wage rates:
Hourly wage rates:
Under
Under
Under
Under
Under Under
$13
$19
All
$13
$19
All
$13
$19
All

Total Payroll ($mlns.)
Hourly wage rates:
Under Under
$13
$19
All

Quarters After
Passage/
Quarter
Enforcement
Panel A: All Industries
2014.2
0
39,807 92,959 292,640 14,117 37,408
130,007 11.14
14.14 36.93
157
529
4,802
2014.3
1
40,706 94,913 300,892 14,527 38,565
132,604 11.15
14.15 37.76
162
546
5,007
2014.4
2
35,421 89,598 303,089 11,999 35,589
136,012 11.27
14.37 39.78
135
511
5,410
2015.1
3
35,085 90,813 305,229 11,335 34,269
132,275 11.28
14.41 40.61
128
494
5,371
2015.2
4/1
35,075 92,668 311,886 12,174 37,270
139,197 11.47
14.48 38.52
140
540
5,362
2015.3
5/2
33,959 93,382 320,807 11,589 37,472
142,638 11.54
14.58 39.83
134
546
5,681
2015.4
6/3
30,002 87,067 320,195 9,924
34,943
146,960 11.64
14.74 41.73
116
515
6,133
2016.1
7/4
24,662 87,122 321,360 7,645
33,031
140,429 11.82
14.97 43.90
90
494
6,164
2016.2
8/5
24,420 88,431 331,927 8,315
35,681
149,514 11.87
15.01 44.04
99
535
6,584
2016.3
9/6
23,232 86,842 336,517 8,046
35,867
153,603 11.87
15.03 43.60
96
539
6,697
Panel B: Food and Drinking Places (NAICS 722)
2014.2
0
11,980 21,800 32,648
4,310
8,198
11,938
10.99
13.10 17.77
47
107
212
2014.3
1
12,114 22,614 34,356
4,382
8,685
12,787
10.98
13.21 18.00
48
115
230
2014.4
2
10,997 22,392 34,811
3,749
8,276
12,514
11.10
13.48 18.76
41
112
235
2015.1
3
10,896 22,530 34,893
3,523
7,912
12,006
11.13
13.55 18.91
39
107
227
2015.2
4/1
10,123 22,228 35,072
3,534
8,380
12,758
11.42
13.77 18.74
40
115
239
2015.3
5/2
9,451
22,749 36,577
3,339
8,806
13,668
11.54
14.01 19.13
39
123
261
2015.4
6/3
8,464
22,672 37,177
2,830
8,561
13,577
11.60
14.26 19.83
33
122
269
2016.1
7/4
6,422
21,679 36,120
1,935
7,635
12,373
11.86
14.61 20.33
23
112
252
2016.2
8/5
6,728
21,556 36,618
2,213
8,209
13,368
11.96
14.63 19.99
26
120
267
2016.3
9/6
6,480
21,647 37,283
2,212
8,780
14,440
11.89
14.70 20.21
26
129
292
Note: Data derived from administrative employment records obtained from the Washington Employment Security Department. Multi-site
employers excluded.
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Table 4: Falsification Test: Pseudo-Effect of Placebo Law Passed 2012

Quarter

Quarters after
(pseudo)
Passage/
Enforcement

2012.3

1

2012.4

2

2013.1

3

2013.2

4/1

2013.3

5/2

2013.4

6/3

2014.1

7/4

2014.2

8/5

2014.3

9/6

Average
Obs.

Difference-in-Differences between Seattle and:
Snohomish, Kitsap, and
Outlying King County
Pierce Counties
Wage
Hours
Wage
Hours
0.001*
-0.044***
-0.003**
-0.014***
(0.001)
(0.004)
(0.002)
(0.006)
-0.002***
-0.033***
-0.003*
-0.038***
(0.001)
(0.004)
(0.002)
(0.006)
0.002***
-0.034***
0.001
-0.028***
(0.001)
(0.004)
(0.002)
(0.006)
0.003***
-0.022***
0.005***
-0.036***
(0.001)
(0.004)
(0.002)
(0.006)
0.003***
-0.063***
-0.002
-0.063***
(0.001)
(0.007)
(0.003)
(0.012)
0.003**
-0.069***
-0.006*
-0.095***
(0.001)
(0.007)
(0.003)
(0.012)
0.003**
-0.031***
0.001
-0.047***
(0.001)
(0.007)
(0.003)
(0.012)
0.006***
-0.031***
0.004
-0.059***
(0.001)
(0.007)
(0.003)
(0.012)
0.004**
-0.046***
-0.001
-0.073***
(0.002)
(0.011)
(0.005)
(0.017)

Synthetic Control
Washington excluding
King County
Wage
Hours
0.001
-0.014
(0.003)
(0.015)
0.001
-0.018
(0.003)
(0.021)
0.001
-0.002
(0.003)
(0.020)
0.001
0.004
(0.003)
(0.026)
0.004
-0.006
(0.005)
(0.022)
0.006
-0.009
(0.004)
(0.033)
0.005
0.028
(0.004)
(0.029)
0.008***
0.014
(0.004)
(0.031)
0.010*
0.013
(0.005)
(0.031)

Interactive
Fixed Effects
Washington excluding
King County
Wage
Hours
-0.002
-0.012
(0.003)
(0.013)
-0.001
-0.022
(0.003)
(0.014)
0.000
-0.017
(0.003)
(0.038)
0.001
-0.016
(0.003)
(0.038)
-0.002
-0.024
(0.004)
(0.041)
0.000
-0.034
(0.004)
(0.049)
-0.001
-0.008
(0.004)
(0.053)
0.003
-0.024
(0.004)
(0.055)
0.000
-0.019
(0.005)
(0.081)

0.003

-0.041

0.000

-0.050

0.004

0.001

0.000

-0.019

68

68

68

68

1,530

1,530

1,530

1,530

Notes: Clustered standard errors in parentheses. Estimates for all jobs paying < $19 in all industries. The number of observations used in the synthetic control
and interactive fixed effects specifications equals the number of PUMAs (45) times the number of quarters included in this analysis (34). However, note that
some of these PUMAs are assigned zero weight in the synthetic control results.
***, **, and * denote statistically significance using a two-tailed test with p ≤ 0.01, 0.05, and 0.10, respectively.
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Quarter

Table 5: Main Results: Effect on Wages
Quarters after
Passage/
Enforcement
Synthetic Control
Interactive FE

2014.3

1

0.003
(0.003)

0.003
(0.003)

2014.4

2

0.003
(0.003)

0.006**
(0.003)

2015.1

3

0.005
(0.004)

0.007***
(0.003)

2015.2

4/1

0.014***
(0.004)

0.014***
(0.003)

2015.3

5/2

0.019***
(0.005)

0.019***
(0.004)

2015.4

6/3

0.018***
(0.004)

0.018***
(0.004)

2016.1

7/4

0.031***
(0.005)

0.028***
(0.005)

2016.2

8/5

0.033***
(0.006)

0.029***
(0.005)

2016.3

9/6

0.036***
(0.007)

0.031***
(0.006)

Notes: n=1,890. Clustered standard errors in parentheses. Estimates for all jobs paying <
$19 in all industries, where the control region is defined as the state of Washington excluding
King County. The number of observations equals the number of PUMAs (45) times the
number of quarters included in this analysis (42). However, note that some of these PUMAs
are assigned zero weight in the synthetic control results.
***, **, and * denote statistically significance using a two-tailed test with p ≤ 0.01, 0.05, and
0.10, respectively.
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Quarter

Table 6: Main Results: Effect on Employment
Hours
Quarters since
Passage/ Enforcement
SC
IFE
SC

Jobs

IFE

2014.3

1

0.008
(0.018)

0.004
(0.013)

0.004
(0.017)

-0.006
(0.015)

2014.4

2

0.003
(0.018)

-0.001
(0.013)

-0.010
(0.021)

-0.023
(0.015)

2015.1

3

-0.023
(0.018)

-0.018
(0.013)

0.000
(0.023)

-0.013
(0.015)

2015.2

4/1

-0.013
(0.019)

-0.014
(0.014)

-0.014
(0.019)

-0.032**
(0.015)

2015.3

5/2

-0.034
(0.025)

-0.022
(0.020)

-0.019
(0.021)

-0.035*
(0.021)

2015.4

6/3

-0.021
(0.033)

-0.009
(0.019)

-0.045
(0.029)

-0.048***
(0.020)

2016.1

7/4

-0.106***
(0.031)

-0.090***
(0.024)

-0.051*
(0.028)

-0.053***
(0.021)

2016.2

8/5

-0.087***
(0.031)

-0.079***
(0.027)

-0.052*
(0.028)

-0.083***
(0.020)

2016.3

9/6

-0.102***
(0.042)

-0.100***
(0.034)

-0.063*
(0.036)

-0.106***
(0.024)

Notes: n=1,890. Estimates for all jobs paying < $19 in all industries, where the control region is defined as the state
of Washington excluding King County. The number of observations equals the number of PUMAs (45) times the
number of quarters included in this analysis (42). However, note that some of these PUMAs are assigned zero
weight in the synthetic control results.
***, **, and * denote statistically significance using a two-tailed test with p ≤ 0.01, 0.05, and 0.10, respectively.
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Quarter

Table 7: Main Results: Effect on Payroll
Quarters since passage/
enforcement
Synthetic Control
Interactive Fixed Effects

2014.3

1

0.011
(0.018)

0.010
(0.013)

2014.4

2

0.008
(0.018)

0.003
(0.013)

2015.1

3

-0.016
(0.019)

-0.014
(0.014)

2015.2

4/1

0.002
(0.019)

0.002
(0.014)

2015.3

5/2

-0.013
(0.025)

0.004
(0.020)

2015.4

6/3

-0.002
(0.034)

0.011
(0.019)

2016.1

7/4

-0.076***
(0.034)

-0.054*
(0.029)

2016.2

8/5

-0.053
(0.032)

-0.040
(0.031)

2016.3

9/6

-0.065
(0.044)

-0.060
(0.038)

Notes: n=1,890. Clustered standard errors in parentheses. Estimates for all jobs paying < $19 in all
industries, where the control region is defined as the state of Washington excluding King County. The
number of observations equals the number of PUMAs (45) times the number of quarters included in this
analysis (42). However, note that some of these PUMAs are assigned zero weight in the synthetic control
results.
***, **, and * denote statistically significance using a two-tailed test with p ≤ 0.01, 0.05, and 0.10,
respectively.
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Table 8: Estimates of the Elasticity of Labor Demand with respect to Minimum Wages
Quarters
Denominator is synthetic
Denominator is statutory
after
control estimated wage effect
increase in minimum wage
Passage/
Point
Point
Enforcement
Quarter
Estimate
95% Conf. Int.
Estimate
95% Conf. Int.
2015.2

4/1

-0.97

(-3.75, 1.81)

-0.08

(-0.32, 0.15)

2015.3

5/2

-1.80

(-4.49, 0.90)

-0.21

(-0.51, 0.09)

2015.4

6/3

-1.16

(-4.81, 2.50)

-0.13

(-0.53, 0.27)

2016.1

7/4

-3.46

(-5.87, -1.04)

-0.28

(-0.45, -0.12)

2016.2

8/5

-2.66

(-4.79, -0.54)

-0.23

(-0.40, -0.07)

2016.3

9/6

-2.82

(-5.38, -0.27)

-0.27

(-0.50, -0.05)

Notes: Estimates for all jobs paying < $19 in all industries, where the control region is defined as the state of
Washington excluding King County. % Δ Min. Wage is defined as ($11 - $9.47)/$9.47 for quarters 1-3 after
enforcement, and as ($13 - $9.47)/$9.47 for quarters 4-6 after enforcement.
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Quarter

Table 9: Effect of Restricting Analysis to Food Service and Drinking Places
All
industries
Restaurant Industry (NAICS 722)
Wages
Quarters since
under
$19
Wages under $19
All wage levels
Passage/
Enforcement
Hours
Hours
Jobs
Jobs
Hours

2014.3

1

0.008
(0.018)

-0.014
(0.031)

0.023
(0.031)

0.036
(0.027)

-0.004
(0.028)

2014.4

2

0.003
(0.018)

0.023
(0.033)

-0.005
(0.036)

0.032
(0.033)

0.037
(0.031)

2015.1

3

-0.023
(0.018)

-0.035
(0.038)

0.008
(0.039)

0.019
(0.037)

-0.014
(0.036)

2015.2

4/1

-0.013
(0.019)

-0.065*
(0.038)

-0.055
(0.035)

-0.010
(0.033)

-0.041
(0.036)

2015.3

5/2

-0.034
(0.025)

-0.071
(0.049)

-0.025
(0.046)

0.013
(0.043)

-0.042
(0.046)

2015.4

6/3

-0.021
(0.033)

-0.074
(0.050)

-0.087**
(0.043)

-0.013
(0.046)

-0.018
(0.052)

2016.1

7/4

-0.106***
(0.031)

-0.120***
(0.047)

-0.117***
(0.05)

-0.010
(0.056)

-0.046
(0.053)

2016.2

8/5

-0.087***
(0.031)

-0.110**
(0.055)

-0.133***
(0.053)

0.000
(0.063)

-0.031
(0.064)

2016.3

9/6

-0.102***
(0.042)

-0.099
(0.062)

-0.090
(0.056)

0.010
(0.069)

-0.022
(0.069)

Notes: n=1,890. Clustered standard errors in parentheses. The control region is defined as the state of Washington
excluding King County. Estimates using Synthetic Control reported. NAICS 722 = Food services and drinking
places. The number of observations equals the number of PUMAs (45) times the number of quarters included in
this analysis (42). However, note that some of these PUMAs are assigned zero weight in the synthetic control
results.
***, **, and * denote statistically significance using a two-tailed test with p ≤ 0.01, 0.05, and 0.10, respectively.
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Figure 1: Finding a Reasonable Threshold – Effect on Quarterly Hours Worked (000s)
Relative to Baseline Quarter (2014.2) for Those Paid Within Each Wage Bin
Difference-in-Differences
(Control Region = King County)

Synthetic Control
(Control Region = WA Excl. King County)

Notes: Point estimates (i.e., bars) and 50% confidence intervals centered around zero are shown.
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Figure 2: Geography of Seattle and King, Snohomish, Kitsap, and Pierce Counties
Panel A: Seattle’s Water Boundaries

Source: https://www.google.com/maps/
Panel B: Difference-in-Differences Regions

Panel C: Population Density by Census Block, 2010

Source: http://www.ofm.wa.gov/pop/census2010/pl/maps/map05.asp
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Figure 3: Geography of Washington’s PUMAs
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Figure 4: Sensitivity of the Estimated Effects on Percentage Change in Hours Worked
Using Different Thresholds

Notes: Point estimates using the synthetic control method are shown by the lines, while 95%
confidence intervals centered around these estimates are shown by the shaded regions.
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Figure 5: Sensitivity of the Estimated Effects on Total Hours Worked Using Different
Thresholds

Notes: Point estimates using the synthetic control method are shown by the lines, while 95%
confidence intervals centered around these estimates are shown by the shaded regions.
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Figure 6: Sensitivity of the Estimated Elasticity of Labor Demand With Respect to Wages
Using Different Thresholds

Notes: Point estimates using the synthetic control method are shown by the lines, while 95%
confidence intervals centered around these estimates are shown by the shaded regions.
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Appendix Table 1: Elasticity Estimates from Selected Literature

Level of
Government

Industry and Outcome

Years

Totty, 2015

State

Restaurant Employment
All Jobs

19902010

NSW, 2014

State

Paper

Restaurant Employment
All Jobs

DLR, 2010

State

Restaurant Employment
All Jobs

DLR, 2016

State

Restaurant Employment
All Jobs

ABC, 2014

ALDRZ, 2016

State

State

Elasticity
-0.04
-0.01
-0.01

20002011

DnD (State and Time FE)
Synthetic Matching Estimator

-0.12
-0.06

19902006

DnD (Census division-by-period fixed effects and County FE)
+ State linear trend
Contiguous Border County Pair Sample (County and Quarter FE)
Contiguous Border County Pair Sample (County-pair × period FE)

-0.02
-0.04
-0.11
0.02

20002011

DnD (County and Quarter FE)
DnD (Contiguous County-Pair Quarter FE + County FE)

-0.07
-0.02

19902005

DnD (County and Quarter Fixed Effects)
+ Linear County Trends
+ Quadratic County Trends
+ Cubic County Trends
+ Quartic County Trends
+ Fifth-order County Trends

-0.10
-0.01
-0.05
-0.04
-0.06
-0.05

19902012

DnD (County and Quarter FE)
+ Linear County Trends
+ Quadratic County Trends
+ Cubic County Trends
+ Quartic County Trends
+ Fifth-order County Trends

0.00
-0.04
-0.02
-0.04
-0.02
-0.01

19902014

DnD relative to All Counties (County and Quarter FE)
DnD Contiguous Border County Pair with (County and Quarter FE)
DnD Contiguous Border County Pair with (County-pair × Quarter FE)

-0.24
-0.18
0.02

Restaurant Employment
All Jobs

Restaurant Employment
All Jobs

Method
Interactive FE
Common Correlated Effects-Pooled Estimator
Common Correlated Effects-Mean Group Estimator
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Unweighted Average

-0.05

Unweighted Standard Deviation

0.06

Appendix Table 2: PUMAs with positive weights chosen by Synthetic Control Estimator.
PUMA
ID

PUMA Name

Weight in
Synthetic Control, %

A. Average Wages
1
10503
2
11702
3
11701
4
11402
5
10300
6
10702
7
11502
8
11801
9
11505

Spokane County (East Central)--Greater Spokane Valley City PUMA
Snohomish County (West Central)--Mukilteo & Everett (Southwest) Cities PUMA
Snohomish County (Southwest)--Edmonds, Lynnwood & Mountlake Terrace Cities PUMA
Thurston County (Outer) PUMA
Chelan & Douglas Counties PUMA
Benton County (East Central)--Kennewick & Richland (South) Cities PUMA
Pierce County (Northwest)--Peninsula Region & Tacoma City (West) PUMA
Kitsap County (North)--Bainbridge Island City & Silverdale PUMA
Pierce County (North Central)--Tacoma (Port) & Bonney Lake (Northwest) Cities PUMA

25.39
19.29
15.22
10.08
9.86
9.34
5.30
4.82
0.69

B. Number of Jobs
1
11401
2
11706
3
11101
4
11701
5
11702
6
10100
7
10503
8
11102
9
11704
10
11402
11
10701

Thurston County (Central)--Olympia, Lacey & Tumwater Cities PUMA
Snohomish County (North)--Marysville & Arlington Cities PUMA
Clark County (Southwest)--Vancouver City (West & Central) PUMA
Snohomish County (Southwest)--Edmonds, Lynnwood & Mountlake Terrace Cities PUMA
Snohomish County (West Central)--Mukilteo & Everett (Southwest) Cities PUMA
Whatcom County--Bellingham City PUMA
Spokane County (East Central)--Greater Spokane Valley City PUMA
Clark County (West Central)--Salmon Creek & Hazel Dell PUMA
Snohomish County (South Central)--Bothell (North), Mill Creek Cities & Silver Firs PUMA
Thurston County (Outer) PUMA
Benton & Franklin Counties--Pasco, Richland (North) & West Richland Cities PUMA

21.95
21.92
13.35
11.81
9.78
6.45
6.26
4.65
2.31
0.91
0.61

C. Quarterly Hours Worked
1
11706
Snohomish County (North)--Marysville & Arlington Cities PUMA
2
11401
Thurston County (Central)--Olympia, Lacey & Tumwater Cities PUMA
3
11402
Thurston County (Outer) PUMA
4
11701
Snohomish County (Southwest)--Edmonds, Lynnwood & Mountlake Terrace Cities PUMA
5
11101
Clark County (Southwest)--Vancouver City (West & Central) PUMA
6
11702
Snohomish County (West Central)--Mukilteo & Everett (Southwest) Cities PUMA
7
11102
Clark County (West Central)--Salmon Creek & Hazel Dell PUMA
8
10503
Spokane County (East Central)--Greater Spokane Valley City PUMA
9
10800
Grant & Kittitas Counties PUMA

23.55
23.10
14.86
10.75
9.66
7.00
6.08
3.23
1.78

D. Quarterly Payroll
1
11401
2
11706
3
11101
4
11402
5
11102
6
11702
7
11701
8
10702
9
10503
10
10800

20.46
16.05
12.95
12.94
12.39
8.22
7.32
3.66
3.21
2.81

Thurston County (Central)--Olympia, Lacey & Tumwater Cities PUMA
Snohomish County (North)--Marysville & Arlington Cities PUMA
Clark County (Southwest)--Vancouver City (West & Central) PUMA
Thurston County (Outer) PUMA
Clark County (West Central)--Salmon Creek & Hazel Dell PUMA
Snohomish County (West Central)--Mukilteo & Everett (Southwest) Cities PUMA
Snohomish County (Southwest)--Edmonds, Lynnwood & Mountlake Terrace Cities PUMA
Benton County (East Central)--Kennewick & Richland (South) Cities PUMA
Spokane County (East Central)--Greater Spokane Valley City PUMA
Grant & Kittitas Counties PUMA
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Appendx Figure 1: Estimated impact of the minimum wage on the average wages in jobs
paying <$19 per hour, all industries.
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Appendix Figure 2: Estimated impact of the minimum wage on the number of jobs paying
<$19 per hour, all industries.
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Appendix Figure 3: Estimated impact of the minimum wage on the quarterly hours worked
in jobs paying <$19 per hour, all industries.
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Appendix Figure 4: Estimated impact of the minimum wage on the quarterly payroll to
jobs paying <$19 per hour, all industries.
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ABSTRACT
This brief on Seattle’s minimum wage experience represents the first in a series that CWED will be
issuing on the effects of the current wave of minimum wage policies—those that range from $12 to
$15. Upcoming CWED reports will present similar studies of Chicago, Oakland, San Francisco, San
Jose and New York City, among others. The timing of these reports will depend in part upon when
quality data become available. We focus here on Seattle because it was one of the early movers.
Seattle implemented the first phase of its minimum wage law on April 1, 2015, raising minimum
wages from the statewide $9.47 to $10 or $11, depending upon business size, presence of tipped
workers and employer provision of health insurance. The second phase began on January 1, 2016,
further raising the minimum to four different levels, ranging from $10.50 to $13, again depending
upon employer size, presence of tipped workers and provision of health insurance. The tip credit
provision was introduced into a previously no tip credit environment. Any assessment of the impact of
Seattle’s minimum wage policy is complicated by this complex array of minimum wage rates. This
complexity continues in 2017, when the range of the four Seattle minimum wages widened, from $11
to $15, and the state minimum wage increased to $11.
We analyze county and city-level data for 2009 to 2016 on all employees counted in the Quarterly
Census of Employment and Wages and use the “synthetic control” method to rigorously identify the
causal effects of Seattle’s minimum wage policy upon wages and employment. Our study focuses on
the Seattle food services industry. This industry is an intense user of minimum wage workers; if wage
and employment effects occur, they should be detectable in this industry. We use county level data
from other areas in Washington State and the rest of the U.S. to construct a synthetic control group
that matches Seattle for a nearly six year period before the minimum wage policy was implemented.
Our methods ensure that our synthetic control group meets accepted statistical standards, including
not being contaminated by wage spillovers from Seattle. We scale our outcome measures so that they
apply to all sectors, not just food services.
Our results show that wages in food services did increase—indicating the policy achieved its goal—
and our estimates of the wage increases are in line with the lion’s share of results in previous credible
minimum wage studies. Wages increased much less among full-service restaurants, indicating that
employers made use of the tip credit component of the law. Employment in food service, however,
was not affected, even among the limited-service restaurants, many of them franchisees, for whom the
policy was most binding. These findings extend our knowledge of minimum wage effects to policies
as high as $13.
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PART 1 INTRODUCTION
Minimum wage policy in the U.S. has entered a new wave of state and local activity, in response to
over a decade of inaction at the federal level. As of June 2017, nine large cities and eight states have
enacted minimum wage policies in the $12 to $15 range. San Francisco’s minimum wage will
increase to $14 on July 1, 2017 and to $15 on July 1, 2018. Seattle’s 2017 minimum wage ranges
from $11 to $15 and will reach $15 for all employers in 2021. Dozens of smaller cities and counties
have also enacted wage standards in this range. These higher standards, which will be gradually
phased in, already cover well over 20 percent of the U.S. workforce. And a substantial number of
additional cities and states are poised to soon enact similar policies.
These minimum wage levels substantially exceed the previous peak in the federal minimum wages,
which reached just under $10 (in today’s dollars) in the late 1960s. These new policies will also raise
pay substantially for a large share of the workforce—roughly 30 percent in most areas and as much as
40 to 50 percent of the workforce in some jurisdictions. By contrast, individual minimum wage
increases in the period 1984-2014 increased pay for less than 10 percent of the workforce. 1
Although minimum wage effects on employment have been much studied—and debated, this new
wave of policy initiatives reaches levels that lie well beyond the reach of previous studies. To better
inform public discussion, CWED is studying and will report on the effects of the new wave of
minimum wage policies in as close to real time as is possible.
This brief represents the first of a number of reports that CWED plans to issue on this topic. Their
timing and coverage will be determined by the phase-in schedules of each jurisdiction and the
availability of sufficient post-policy data to make credible assessments. We begin with Seattle because
it was one of the first movers in this new wave of minimum wage policies.
We begin by reviewing briefly how economists have studied minimum wage effects. Part 2 describes
the Seattle policies; Part 3 describes our methods and findings. Appendix A provides our conceptual
framework of how minimum wages affect an economy; Appendix B lists the counties that we use for
our comparisons with Seattle.

Background: How economists study minimum wage effects on employment
Ever since George Stigler’s pioneering 1946 essay, “The Economics of Minimum Wage Legislation,”
economists have used the familiar downward-sloping labor demand curve of Econ 101 as the
conceptual framework to analyze the expected employment effects of minimum wages. In this
framework, a higher wage floor implies that a smaller amount of labor will be demanded. The size of
1

Nonetheless, $15 is insufficient, anywhere in the U.S., to allow a livable wage for households with children—even when
supplemented by safety net programs such as food stamps or the Earned Income Tax Credit.
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the disemployment effect depends upon how elastic labor demand is to wages. This elasticity is
determined both by the slope of the demand curve and the relevant point on the line, since each point
on a given labor demand curve represents a different elasticity. On a given curve, demand elasticities
are smaller at lower wages and higher at higher wages. Stigler’s framework thus leaves open the
possibility that the wage gains of those receiving increases could be greater or smaller than the wage
losses of those losing their jobs. Further, Stigler recognized that higher minimum wages could
generate positive employment effects when employers possessed some power to set wages. Yet
Stigler’s analysis provided only a partial analysis based upon the effects of a minimum wage increase
in a single industry. A more expanded analysis, which adds the effects of higher minimum wages
upon worker purchasing power and consumer demand, finds that minimum wage effects upon
employment can be positive or negative. 2
Given these ambiguities in the theory’s predictions, labor economists turned their attention to
empirical studies to estimate the actual employment effects of minimum wages. Since the 1990s
alone, economists have conducted hundreds of such studies (Bellman and Wolfson 2016). Some find a
very small negative employment effect, while others find an effect that is difficult to distinguish from
zero.
Almost all of these studies utilize a “difference-in differences” framework that has become standard in
empirical economics (Angrist and Pischke 2009). This phrase refers to two sets of differences, each
measuring changes in an outcome before and after a policy intervention, but in different areas, one
that received the policy treatment and one that did not. The policy intervention in our case is a
minimum wage change; the outcomes of interest are actual pay levels and employment among lowwage workers.
A key challenge in these studies is to identify a comparable area—or group—that did not experience
the policy. We want to avoid control groups that are influenced by other changes, such as local
economic conditions, that might be correlated with but not caused by minimum wage changes.
Ideally, we would split the population randomly into two parts—a treatment group that would be
given minimum wage increases, and a control group that would not. We could then be assured that
differences in the outcomes between these two groups reflected only the causal effects of the
treatment.
Of course, randomization is not feasible in the real world of minimum wage policies. Economists have
therefore devised different strategies to ensure that our findings reflect causation and not correlation.
The outcomes of differing minimum wage studies often vary simply because they use different
methods and standards to define their comparison group.
In the past decade, the field of econometrics has made major advances—often known as the
“credibility revolution”—that codify the best methodological practices in such studies (Angrist and

2

We present a revised and expanded conceptual framework for analyzing minimum wages effects in Appendix A.
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Pischke 2009). In particular, econometricians emphasize that a treatment and control study should
pass three simple but very important tests:
1. The treatment and control groups should behave similarly in the pre-treatment period.
This principle is often referred to as the parallel trends assumption. It is important to
pass this test to rule out confounding factors that produce a biased causal estimate. The
test is stronger when the pre-trend study period is much longer than the period of the
post-trend time period.
2. The treatment should have a detectable effect on the treated group but not on the
control group. That is, the minimum wage should have increased pay on the treated
group by a detectable amount. Otherwise, there should be no expectation of a detectable
effect on employment.
3. Groups that did not get a treatment should not exhibit any treatment effects. That is,
minimum wages should not have any effects on high-paid groups or on areas that did
not experience a minimum wage change. This principle is often examined by
administering a “placebo” treatment to the control group.
CWED researchers and affiliates—and others—have reviewed many of the recent studies that obtain
negative minimum wage effects. We find that these studies do not conform to one or more of the
above three principles. When we deploy methods that do meet these principles—such as by
comparing contiguous border county pairs that straddle a state line with a minimum wage difference,
we find substantial wage effects but only very small or nonexistent negative employment effects. 3
Some labor economists nonetheless continue to dispute whether adjoining areas make good
comparison groups (Neumark, Salas and Wascher 2014). In response, we and other researchers have
used a relatively new method to analyze minimum wage policies, called synthetic controls (Dube and
Zipperer 2015; Allegretto, Dube, Reich and Zipperer 2017). This method, when properly deployed, is
designed to generate the best control group possible by using an objective data-generated algorithm.
We describe further and then use the synthetic control method in Part 3 of this report. Synthetic
control methods, when not properly used, may not meet all of the three basic principles above. Under
such conditions, they can give misleading results.

3

See Allegretto, Dube, Reich and Zipper 2017 as well as Zipperer 2016 for examples.
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PART 2 SEATTLE’S POLICY TIMETABLE AND COVERAGE
Table 1 displays Seattle’s effective minimum wages from 2010 to 2022. We include the years from
2010 on as our study period begins then.
The citywide minimum wage law was enacted on June 20, 2014 and first implemented on April 1,
2015. As Table 1 shows, Seattle adopted a long phase-in policy, with a complex schedule. Two
different minimum wages applied in 2015—$10 and $11, depending on size of employer, provision of
medical benefits for employees and, for firms with 500 or fewer employees, whether employees
receive tips. The law measures employer size using the firm’s national employment, not employment
just in Seattle, and it defined franchises as part of larger business entities for this purpose. These 2015
rate increases amount to increases of 5.6 percent and 16.2 percent, respectively, from the 2015 state
minimum wage of $9.47.
Table 1 Seattle minimum wage timeline
Large firms (500+)

Date

No health
insurance

Health
insurance

Small firms (500 or fewer)
No health
Health
insurance, no
insurance
tips
/tips

January 1, 2010

a

$8.55

$8.55

$8.55

$8.55

January 1, 2011

a

$8.67

$8.67

$8.67

$8.67

January 1, 2012

a

$9.04

$9.04

$9.04

$9.04

January 1, 2013

a

$9.19

$9.19

$9.19

$9.19

January 1, 2014

a

$9.32

$9.32

$9.32

$9.32

January 1, 2015

a

$9.47

$9.47

$9.47

$9.47

$11.00

$11.00

$11.00

$10.00

January 1, 2016

$13.00

$12.50

$12.00

$10.50

January 1, 2017

$15.00

$13.50

$13.00

$11.00

January 1, 2018

Indexed

$15.00

$14.00

$11.50

January 1, 2019

Indexed

Indexed

$15.00

$12.00

January 1, 2020

Indexed

Indexed

Indexed

$13.50

January 1, 2021

Indexed

Indexed

Indexed

$15.00

January 1, 2022

Indexed

Indexed

Indexed

Indexed

April 1, 2015

b

Notes: a.Seattle followed Washington State’s minimum wage, which was indexed each year.
b.Initiative 1433 went into effect on April 1, 2015. Employers of tipped workers receive a $1 tip
credit in 2015 and a $2 tip credit in 2016. After the minimum wage reaches $15, it will be adjusted
each year on January 1, based on the CPI for the Seattle-Tacoma-Bremerton Area.

Four different mandated wage standards were introduced on January 1, 2016, varying from $10.50 to
$13, again depending upon employer size, provision of medical benefits and, for firms with fewer than
500 employees, whether the employees received tips. These increases ranged from 5 percent to 22
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percent. The state minimum wage did not increase in 2016, even though it is indexed each year, as the
CPI was unchanged. All Seattle employers will face at least a $15 minimum wage in 2021.
On January 1, 2017, the minimum wage range among Seattle employers became even wider,
extending from $11 to $15. Meanwhile, a statewide November 2016 ballot initiative raised the state
minimum wage to $11 in 2017, to be increasing further to $13.50 by 2020.
Seattle’s complex schedule, which does not appear in other $15 citywide minimum wage ordinances,
makes it difficult to compute an average minimum wage effect for each year, as we lack data on how
many employees fall under each of the four categories. Our data also do not permit us to discern
whether individual employers actually adopted the minimum that applied to them, nor whether
employees responded to these differences by moving to employers that had to pay higher minimums.
These are important issues, in part because Seattle’s franchise businesses, which employ about six
percent of all private sector workers, according to the International Franchise Association (IFA),
contested their inclusion in the large employer category. Many of the franchises are limited-service
restaurants (think fast food chains) and many of the franchisees own multiple stores. The IFA sued the
city, arguing that it was unfair to include these businesses among large employers just because their
franchisor employed 500 employees or more throughout the U.S. Despite losing in lower courts, the
franchises’ minimum wage requirements remained uncertain until May 2016, when the U.S. Supreme
Court refused to hear the case (Reuters May 2, 2016).
The Seattle policy instituted an allowable subminimum wage (lower than the regular minimum wage)
to be paid to workers who customarily and regularly receive tips—such as wait staff and bartenders.
The sub-wage hinges on a tip credit provision—the amount of the wage bill that an employer can pass
on to customers in the form of tips. This provision effectively limited the minimum cash wage for
restaurant servers to $10 in 2015 and 2016, giving employers a tip credit of $1 in 2015 and $2 in
2016.
This introduction of a tip credit for employers, aka a subminimum wage for tipped workers, into a
previously non-tip credit policy environment in Seattle is extremely rare, perhaps unique. Previous
research using panel data has shown that cash wages are indeed lower in states with greater tip credits
without creating more employment (Allegretto and Nadler 2015). Our data permits us to distinguish
differences in wage and employment effects between limited- and full-service restaurants. Since
limited-service restaurants by definition rarely employ tipped servers, we may be able to observe the
effects of introducing a tip credit on employer-provided pay in Seattle.
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PART 3 SYNTHETIC CONTROL ANALYSES
Data and Methods
Data
We use the Bureau of Labor Statistics’ Quarterly Census on Employment and Wages (QCEW)
administrative data for our analysis. The QCEW tabulates employment and wages of all business
establishments that belong to the Unemployment Insurance (UI) system. The UI system covers about
97 percent of all wage and salary civilian employment. We obtained QCEW data from 2009q4
through 2016q1, for all counties in the U.S., from the website of the U.S. Bureau of Labor Statistics.
We obtained Seattle city-level QCEW tabulations from Seattle’s Office of Economic and Financial
Analysis.
The coverage of the QCEW is thus much more complete than household or employer surveys. But
like all datasets, it is not perfect. QCEW data can be noisy for areas smaller than a county, insofar as
businesses change location or their name. Moreover, some multi-site businesses report payroll and
head counts separately for each of their locations, while others consolidate their data and provide
information as if their business operated only at a single location. Moreover, the Bureau of Labor
Statistics recently began to organize data spatially by geocodes (exact addresses), rather than by zip
codes. Postal zip codes do not exactly match city boundaries. In some cities these changes affected
both how multi-unit businesses report their results and whether some businesses were located in the
city. Our tests find that the statistical noise level in the city-level Seattle QCEW data was very low.
Finally, QCEW data do not include independent contractors, such as Uber and Lyft drivers. The
number of such workers has grown in Seattle in recent years, and faster than in other areas of the U.S.
(Seattle Minimum Wage Team 2016b). This growth is unrelated to minimum wage policy and thus
should not affect our analysis.

Outcomes
Our main outcomes of interest are average weekly wages (reported quarterly) and employment
(reported monthly). 4 We construct the average weekly wage variable using the ratio of total industry
payroll to employment; it thus reflects both the hourly wage paid to workers and the number of hours
worked every week. Employers who react to the minimum wage increase by reducing employee hours
will thus impart a negative effect on our wage measure. In the presence of negative effects on hours,
our estimated effects on wages represent a lower bound on the true wage effect. However, studies that
have hours data (including Seattle Minimum Wage Team 2016a, b), find a very small hours effect.

4

We obtain the average weekly wage by dividing total payroll by average employment and then dividing by 13 weeks for
a quarterly measure. Monthly employment counts only filled jobs, whether full or part-time, temporary or permanent, by
place of work on the twelfth of the month.
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We focus our analysis on the food service/restaurant industry because it is the most intensive
employer of the minimum wage workforce. We examine wages both to determine if there is a
treatment effect (which assures us we are analyzing an affected industry) and to quantitatively
estimate the increase in worker pay. We report employment and wage outcomes for the major industry
category of Food Services and Drinking Places, the combined subsectors of Full Service (FSR) and
Limited Service Restaurants (LSR), and separately for the two latter industries. 5
Wage increases and employment effects in food services are likely to be larger than in other
industries, precisely because it has the highest proportion of low-wage workers affected by the
minimum wage policy. Therefore, as is standard in minimum wage research, we express our outcome
measures as elasticities rather than as absolute changes. Minimum wage elasticities measure the
percent change in an outcome, such as actual wages or employment, for a one percent change in the
minimum wage. We also report the labor demand elasticity, which is the ratio of the employment
elasticity to the wage elasticity. With these scaling, that results from the food services industry are
comparable to results for all minimum wage jobs.

Methods
We evaluate the causal effects of minimum wages on wages and employment by using synthetic
control estimation. While we can observe wages and employment directly in Seattle, we cannot
observe how wages and employment would have evolved if Seattle had not implemented its minimum
wage policies. To evaluate the policy empirically, we estimate a counterfactual—what would have
happened in a counterfactual or “Synthetic” Seattle, made up of a weighted average of donor counties
that did not raise their minimum wage standards. More precisely, the synthetic control method
estimates the counterfactual outcomes by constructing an optimally-weighted average of counties in
non-treated areas that track pay and employment trends in pre-treatment Seattle. 6 The data-driven
nature of this procedure reduces the role of subjective judgment by the researchers in determining the
appropriate control region.
We specify a pool of potential donor counties that have similar population size, and which come only
from states that, like Washington, index their minimum wages each year, but did not experience any
other changes to the minimum wage during the study period. We are thus careful to ensure (unlike
Neumark, Salas and Wascher 2014) that our pool of synthetic donor counties is not contaminated by
minimum wage increases.
As Appendix B shows, the synthetic control algorithm picks mainly donor counties that are outside
Washington State. This result contrasts with previous studies (Dube and Zipperer 2015), which may
reflect idiosyncrasies of the Seattle area. In particular, other areas of Washington (outside of King
5

Food Services and drinking places (NAICS 722), Full Service Restaurants (NAICS 722110 pre-2011, 722511 in 2011+)
and Limited Service Restaurants (NAICS 722211 pre-2011, 722513 in 2011+).
6
A more formal discussion of the synthetic control methods used in these studies will be available in a forthcoming
working paper. For insight and intuition regarding this method, see Abadie et al. 2010.

Seattle’s Minimum Wage Experience 2015-16

9

County) are quite dissimilar to Seattle itself. In any case, the large distance between Seattle and the
most highly-weighted donors ensures that wage spillovers from Seattle do not contaminate our
synthetic control. We are also careful to construct independent synthetic controls for each outcome.
We use as long a period as possible to construct the synthetic control for the time period that runs up
close to, but not right at, the minimum wage increase (the “learning” period). We then test to ensure
that we can actually obtain a good synthetic Seattle by a) examining the goodness of fit for the
outcomes during the learning period and b) testing the goodness of fit for quarters that fall between
the learning period and when the treatment is introduced.
We then estimate minimum wage effects by comparing post-treatment outcomes in Seattle with posttreatment outcomes in our Synthetic Seattle. For each outcome, we calculate point estimates as the
difference between the outcome in Seattle and Synthetic Seattle, averaged over the post-treatment
period and relative to the average outcome in Synthetic Seattle. We then calculate elasticities by
scaling the point estimates using the corresponding minimum wage changes.
To assess the statistical significance of these effects, we follow the usual approach in the literature,
estimating a series of placebo models for untreated donors. By construction, there have been no
changes in minimum wage policies in the donor counties, so any apparent effect on wages or
employment are caused by random variation. By looking at the share of donor counties that show
apparent wage or employment effects greater than that in Seattle, we obtain an indication of the
statistical significance of the estimated effects. For each estimate, we construct the percentile rank
statistic as the rank of the estimated treatment effect divided by the number of donors +1. If p<0.025
or p>0.975, the estimated effect is significant at the 5 percent level.

Key findings
Wage effects
Figure 1 below presents our synthetic control results for the wage effect of the Seattle minimum wage
law. Our data begin in 2009q4 and end in 2016q1. The dashed vertical line represents the time of
implementation of the first phase of the policy—in April 2015. The second phase began in January
2016. The data have been seasonally corrected using standard procedures.
As the figure shows, wages in Synthetic Seattle track wages in Seattle remarkably well, and over the
entire pre-treatment period. 7 This finding indicates that our application of the synthetic control method
strongly passes the parallel trends requirement. These results thereby satisfy the first of the three
credible causal identification conditions we laid out in the beginning of this brief.

7

The synthetic control method is not appropriate if the researcher cannot obtain close fits in the pre-treatment period. This
is often the case. For copious such examples, see Donohue, Aneja and Weber 2017. Researchers who do not display these
time paths raise questions about their ability to come up with a synthetic cohort with a good fit.
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After the treatment begins, wages in each of the industry groupings increase faster in Seattle than in
Synthetic Seattle. This result supports the presence of a wage effect, indicating that the treatment did
what it was supposed to do. This finding satisfies the second condition for a credible causal
identification.
Importantly, wages increase substantially more in limited service restaurants than in the overall food
service industry. And wages in full-service restaurants barely increase relative to Synthetic Seattle.
The larger wage increase among limited-service restaurants, many of which are part of franchise
chains, suggests widespread compliance with the law, despite the opposition of the International
Franchise Association. On the other hand, the very small wage increase among full-service restaurants
suggests that these employers made great use of the tipped wage credit.
Figure 1 Wage outcomes, Seattle and Synthetic Seattle

Notes: City-level QCEW data for Seattle. County-level QCEW data for the donors that make up Synthetic Seattle.
See Appendix B for a list of donors. The vertical dashed line refers to April 1, 2015, the implementation date of
the first phase. The second increase occurred on January 1, 2016.
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Employment effects
Figure 2 displays our synthetic control results for employment. Once again, each of the four industry
groupings show a close fit between employment in Seattle and employment in Synthetic Seattle over
the entire pre-treatment period. Post-treatment employment gains are slightly greater in Seattle than in
Synthetic Seattle for all restaurants and among full-service restaurants, and slightly smaller among
limited-service restaurants.
Figure 2 Employment trends, Seattle and Synthetic Seattle

Notes: City-level QCEW data for Seattle. County-level QCEW data for the donors that make up Synthetic Seattle.
See Appendix B for a list of donors. The vertical dashed line refers to April 1, 2015, the implementation date of the
first phase. The second increase occurred on January 1, 2016.

Wage and employment elasticities
Table 2 presents our estimated wage and employment elasticities for each of the four industry
groups. The percentile rank statistic in the last column provides a measure of the statistical
significance of the estimate. Percentile ranks above .975 and below .025 indicate conventional
statistical significance—at the ten percent level. Percentile ranks between these two
progressively indicate lower levels of statistical significance.
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The estimated wage elasticities in the top panel of Table 2 for food services, all restaurants and limited
service restaurants all fall within the range of previous studies and all are highly significant.
The wage elasticity of 0.229 for limited service restaurants is nearly identical to our findings in
Allegretto et al. (2017). The 0.036 wage elasticity for full-service restaurants is very small and less
precisely estimated. These results suggest that full-service restaurants made use of the tip credit to
limit the wage increases they would otherwise have paid.
These estimated wage results are subject to a standard caveat. Wages in Seattle may have diverged
from Synthetic Seattle just when the minimum wage was implemented for reasons that have little to
do with the minimum wage. For example, Seattle’s economy may have entered an especially boom
period at that time (Tu, Lerman and Gates 2017). We will be able to test this issue by including
additional controls in our regressions in future years, as additional quarters of data become available.
The bottom panel of Table 2 displays the employment elasticities. Three of the elasticities are
positive, implying a positive effect on employment and one is negative. All are very small and none
are precisely estimated, implying that they are not significantly different from zero. All of them are
similar to employment elasticities in previous research (such as Allegretto et al. (2017).

Table 2 Estimated wage and employment elasticities
Dependent variable

Industry

Wage

Employment

Elasticity

Percentile rank statistic

Food services & drinking places

.098**

.985

Restaurants (all)

.098**

.984

Limited service restaurants

.229**

.987

Full service restaurants

.036

.946

Food services & drinking places

.010

.538

Restaurants (all)

.058

.739

Limited service restaurants

-.060

.333

Full service restaurants

.045

.704

Notes: Statistical significance levels: ***1 percent, **5 percent, *10 percent. To calculate elasticities,
we use the fastest phase-in schedule in Table 1 (employees of large firms who are not covered by
employer-sponsored health insurance).
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Labor demand elasticities
Although our estimated employment elasticities are not statistically significant from zero, for
completeness we present here their equivalents when scaled as labor demand elasticities. Estimated
labor demand elasticities in low-wage labor markets in other studies generally center on -0.3. Should
they be any different for Seattle? The industries most affected by minimum wages provide local
services (in economists’ terms, they are not tradeables). Moreover, Seattle is large enough that most of
the consumption by Seattle residents occurs within the city’s boundaries.
We compute labor demand elasticities for each of our four industry groupings by taking the ratio of
the employment elasticity to the wage elasticity, using the results in Table 2. The labor demand
elasticities are 0.102 for food services and drinking places, 0.592 for all restaurants, -0.262 for
limited-service restaurants, and 1.25 for full-service restaurants. These results vary in part because our
estimated wage increases vary by industry and in part because our employment effects vary by
industry. However, we do not place much weight on these results as they are measured very
imprecisely.

Placebo tests
We turn next to examining how our donor counties, which did not receive the minimum wage
treatment, respond when they are given a “placebo” minimum wage treatment. The synthetic control
algorithm conducts this test separately for each donor county. 8 Recall that the purpose of these tests is
to validate the statistical significance of the results reported in Figures 1 and 2 and Table 2.
Figure 3 displays the placebo results with thin gray lines, one for each donor county. (The vertical
lines in Figure 3 are located one quarter after the first minimum wage implementation; we will correct
this in a future version.) The gray lines trace the difference between the outcomes of interest for each
donor, relative to its “synthetic area.” Since these donor counties did not actually receive a minimum
wage treatment, we expect considerable random variation in the large post-treatment outcomes. If the
post-treatment individual gray lines diverge considerably from each other, we are observing random
variation—the absence of a treatment effect.
Figure 3 also displays the results for Seattle (using the thicker orange line), relative to Synthetic
Seattle. The orange lines that lie well within the envelope of the numerous gray lines indicate that the
orange line could just reflect random variation. If an orange line hugs or reaches outside the envelope
8

The starting point for these placebo graphs consists of all the potential donors with data available for all periods for the
industry subcategory. The potential donors were counties in states that indexed minimum wages but had no other
minimum wage events. We estimated two versions: (1) ranking the Seattle result relative to all potential donors; (2)
ranking the Seattle results against donors with a "good" pre- intervention fit (RMSPE<2 times that of Seattle). This second
criterion excludes potential donors for whom we were unable to construct a good-fitting synthetic control. The placebo
graphs illustrate the second approach. Although the second approach excludes some potential donors, potentially reducing
significance levels, the actual significance levels are not materially different.
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of gray lines, we have additional support that the Seattle results reflect a statistically significant
treatment.
In the upper panel of Figure 3, the gray lines diverge during the placebo treatment period, consistent
with random variation and no observed treatment effect. For all food services and for all restaurants,
this panel also shows a substantial difference between the Seattle results (the thick orange line) and
the set of individual donor placebo results (the thin gray lines), indicating that the wage effect is not
likely the result of random variation. These results satisfy the three basic principles articulated by the
credibility revolution in econometrics.
The upper panel of Figure 3 shows a particularly large and significant effect on wages in limitedservice restaurants (note the compression of the vertical axis in this industry’s figure). This result is
consistent with lower initial pay in limited-service restaurants than in the rest of the industry and with
substantial compliance among fast-food restaurants, whether franchises or company-owned. 9 The
orange line in the full-service sector is not so steep, indicating smaller and statistically insignificant
pay increases, consistent with the results in Table 2. These results are also consistent with the
establishment of a tip credit for employers in this industry.
The lower panel of Figure 3 displays the equivalent results for the employment outcomes. Again, the
placebo test lines diverge considerably in the post-placebo treatment period, indicating the absence of
a treatment effect on employment when there was no treatment. The thick orange line now falls within
the enveloped of individual gray lines for food services and for all restaurants.
The orange line is closer to the bottom envelope of the placebo results for limited-service restaurants
in the first treatment phase and then bounces back in the second phase. 10 In both periods, it remains
within the envelope, indicating that the observed outcome could reflect random variation. The orange
line for full-service restaurant employment rises within the top of the placebo envelope in the first
phase and bounces back toward zero in the second phase. These results confirm the finding in Table 2:
the employment effects in limited- and full-service restaurants are not statistically different from zero.

9

Ji and Weil (2015) find that franchised outlets of fast food restaurants exhibit much lower compliance rates with
minimum wages than do company-owned outlets.
10
This effect looks larger than it is because the vertical axis is elongated, relative to the other outcomes.
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Figure 3 Placebo graphs for wages and employment

Note: The vertical dashed line in this Figure refers to one quarter after the implementation of the first phase. The
vertical axis in the limited services figure is elongated relative to those in the other three figures, exaggerating
the actual deviations from zero. Placebos where RMSPE<2 times that of Seattle are reported.
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SUMMARY
The evidence collected here suggests that minimum wages in Seattle up to $13 per hour raised wages
for low-paid workers without causing disemployment. Each ten percent minimum wage increase in
Seattle raised pay by nearly one percent in food services overall and by 2.3 percent in limited-service
restaurants. The pay increase in full-serve restaurants was much smaller and not statistically
significant, consistent in part with higher pay in full-service restaurants and the establishment of a tip
credit policy. Employment effects in food services, in restaurants, in limited-service restaurants and in
full-service restaurants were not statistically distinguishable from zero. These results are all consistent
with previous studies that credibly examine the causal effects of minimum wages.
These findings of no significant disemployment effect of minimum wages up to $13 significantly
extend the minimum wage range studied in the previous literature. Of course, unobserved factors,
such as Seattle’s hot labor market compared to that in Synthetic Seattle (Tu, Lerman and Gates 2017),
may have positively affected Seattle’s low-wage employment during this period. We will monitor this
possibility as the city’s $15 policy continues to phase in. And Seattle makes up just one case study;
examination of a wider set of cities may lead to different conclusions. Our future reports will throw
further light on this possibility.
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APPENDIX A
Why minimum wage increases produce little to no employment effects
CWED researchers and other labor economists have challenged the Stigler downwardly-sloping labor
demand framework and developed an alternative framework that considers how minimum wages
affect an entire economy (Reich, Allegretto and Montialoux 2017). We refer to this alternative
framework as the CWED minimum wage model. It contains five components:
1. Building upon Stigler’s insight that employers may possess some wage-setting power, we
recognize that employers can choose whether to set low wages and experience high turnover
costs or set higher wages and face lower turnover costs. This formulation follows modern
search theories of the labor market. Wage rates are indeed inversely related to employee
turnover rates, often exceeding 100 percent per year in low-wage industries. Wage-setting
power in low-wage labor markets then becomes the norm and not the exception (as Stigler
had expected). Our previous empirical work confirms that raising minimum wages does
significantly reduce the high rate of employee turnover in low-wage industries (Dube, Lester
and Reich 2016). We estimate that the reduced costs of recruiting and retaining workers
absorb about 15 percent of the increased payroll costs.
2. Raising wages directly increases worker productivity somewhat, even in low-skilled jobs. A
recent study by Burda, Genadek and Hamermesh (2016) confirms this relationship. Increased
productivity may arise directly because workers are more experienced or motivated or more
likely to receive employer-based training.
3. Higher minimum wages can lead to increased substitution of technology for labor. However,
the magnitude of this effect is smaller than is commonly recognized—especially in low-paid
service occupations that remain difficult to routinize, such as restaurant food preparation,
childcare and eldercare, driving emergency vehicles and janitorial work. Technology has
transformed more routinized work mainly because the cost of technology has fallen so
sharply, while wages have remained stagnant.
4. Higher costs due to minimum wages will be passed on in higher prices and reduce the scale of
output, thereby reducing labor demand. This effect is also much smaller than is usually
recognized, for five reasons. First, some workers in affected industries are already well-paid
and will not get increases. Second, the pay of workers getting increases does not bunch
entirely at the old minimum wage—it ranges across the entire range to just above the new
minimum wage. As a result, actual wage increases are about 20-25 percent of the statutory
increase. Third, labor consists of only about 30 percent of operating costs in the affected
industries. Fourth, prices increases are limited to the industries that most employ minimum
wage workers. Fifth, consumer demand in these industries is relatively inelastic to changes in
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prices, so the effect on sales and on demand for workers is even smaller than the effects on
prices.
5. Minimum wage increases raise take-home pay primarily among workers who have high
propensities to spend on consumer goods. This increased consumption increases the demand
for labor in the entire consumer goods sector. When larger numbers of workers will get pay
increases, the magnitude of this effect grows in relative importance to the others above.
Each of these components affects employment, some in a negative direction and others in a positive
direction. Adding them together generates the net effect on employment. Our CWED team has used
parameters from various literatures and the Implan Input-Output model to calibrate our model. We
have already estimated the model for $15 minimum wage policies in New York State, California, San
Jose and Fresno County. We have in progress a study of the effects of a federal $15 policy on the U.S.
and on Mississippi. All of these enacted or proposed policies would phase in over five to seven years.
$15 in 2024 is the equivalent of $12.50 to $13 today.
These studies all suggest that a $15 minimum wage policy would substantially raise pay for millions
of workers and their families with only negligible net effects on employment. Of course, much bigger
increases, such a $50 minimum wage, would not have the same effects and indeed would require
building an entirely different model.
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APPENDIX B: DONOR COUNTIES AND WEIGHTS
Appendix Table B1: Wages
Food service

Restaurants

Limited service

Full service restaurants
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Boulder County, Colorado
Pickaway County, Ohio
Charlotte County, Florida
Carroll County, Ohio
Coconino County, Arizona
Clear Creek County, Colorado
Park County, Colorado
St. Louis County, Missouri
Lafayette County, Missouri
Pend Oreille County, Washington
Larimer County, Colorado
Trumbull County, Ohio
Stevens County, Washington
Larimer County, Colorado
Kitsap County, Washington
Missoula County, Montana
Charlotte County, Florida
St. Johns County, Florida
Medina County, Ohio
Trumbull County, Ohio
Union County, Ohio
Jefferson County, Colorado
Sarasota County, Florida
Walla Walla County, Washington
Jefferson County, Colorado
Stevens County, Washington
Union County, Ohio
Cochise County, Arizona
Douglas County, Colorado
Missoula County, Montana
Delaware County, Ohio
Benton County, Washington
Charlotte County, Florida
Chelan County, Washington
Clay County, Florida
Skagit County, Washington
Platte County, Missouri
Spokane County, Washington
Yavapai County, Arizona
Larimer County, Colorado
Pinal County, Arizona
Whatcom County, Washington
Portage County, Ohio
Lafayette County, Missouri
Teller County, Colorado
Santa Rosa County, Florida
Cass County, Missouri
Park County, Colorado

.537
.105
.100
.062
.061
.041
.031
.023
.016
.008
.007
.006
.004
.310
.157
.132
.128
.071
.061
.056
.036
.025
.024
.165
.165
.147
.125
.094
.073
.066
.059
.055
.025
.024
.002
.276
.147
.133
.119
.100
.080
.051
.037
.020
.011
.010
.008
.008
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Appendix Table B2: Employment
Food service

Restaurants

Limited service
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Lee County, Florida
Delaware County, Ohio
Nassau County, Florida
Denver County, Colorado
Jefferson County, Ohio
Flagler County, Florida
El Paso County, Colorado
Osceola County, Florida
Walla Walla County, Washington
Allen County, Ohio
Newton County, Missouri
Carbon County, Montana
Collier County, Florida
Buchanan County, Missouri
Highlands County, Florida
DeKalb County, Missouri
Park County, Colorado
Lee County, Florida
Lorain County, Ohio
Newton County, Missouri
Platte County, Missouri
Jasper County, Missouri
Brevard County, Florida
Carbon County, Montana
Gulf County, Florida
Hernando County, Florida
Asotin County, Washington
Lafayette County, Missouri
Gadsden County, Florida
Teller County, Colorado
Sumter County, Florida
Park County, Colorado
Cochise County, Arizona
Clear Creek County, Colorado
Carroll County, Ohio
Pickaway County, Ohio
Pinal County, Arizona
Jasper County, Missouri
Bay County, Florida
Polk County, Florida
Sumter County, Florida
Snohomish County, Washington
Fulton County, Ohio
Santa Rosa County, Florida
Walton County, Florida
Geauga County, Ohio
Flagler County, Florida
St. Johns County, Florida
Citrus County, Florida
Collier County, Florida
Asotin County, Washington
Franklin County, Washington

.257
.143
.081
.075
.074
.069
.060
.059
.033
.032
.032
.029
.029
.017
.006
.003
.001
.225
.193
.148
.109
.079
.076
.051
.020
.020
.015
.013
.012
.010
.009
.009
.006
.002
.002
.001
.295
.161
.088
.058
.052
.046
.044
.043
.04
.038
.024
.023
.021
.013
.013
.011

23

Full service restaurants
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Charlotte County, Florida
Brevard County, Florida
Yavapai County, Arizona
Denver County, Colorado
Lee County, Florida
Allen County, Ohio

.011
.011
.008
.156
.133
.110
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Abstract
We study the impact of the minimum wage on firm exit in the restaurant
industry, exploiting recent changes in the minimum wage at the city level.
The evidence suggests that higher minimum wages increase overall exit
rates for restaurants. However, lower quality restaurants, which are already
closer to the margin of exit, are disproportionately impacted by increases to
the minimum wage. Our point estimates suggest that a one dollar increase in
the minimum wage leads to a 14 percent increase in the likelihood of exit
for a 3.5-star restaurant (which is the median rating), but has no discernible
impact for a 5-star restaurant (on a 1 to 5 star scale).
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I. Introduction
The minimum wage has recently re-entered the forefront of policy discourse as federal
proposals range from leaving it as is, or increasing it to $10.10 or even higher. Some proposals
include raising the federal minimum to uncharted territory of $15 per hour.1 While the federal
minimum wage has remained stagnant since 2009, states – and more recently, cities – have
increasingly set local minimum wages above the federal mandate of $7.25. In the San Francisco
Bay Area alone, there have been twenty-one local minimum wage changes over the past decade.
In this paper, we investigate the impact of the minimum wage on restaurant closures
using data from the San Francisco Bay Area. We find suggestive evidence that an increase in the
minimum wage leads to an overall increase in the rate of exit. However, this masks important
heterogeneity. At any minimum wage level, lower quality restaurants, as proxied by their ratings
on the review platform Yelp are more likely to exit. Moreover, lower quality restaurants are
disproportionately affected by minimum wage increases. In other words, the impact of the
minimum wage on exit is more pronounced among lower-rated restaurants.
The restaurant industry in the Bay Area makes a compelling setting to investigate the
impact of the minimum wage on small businesses. First, the restaurant industry is the most
intensive employer of minimum wage workers (U.S. Bureau of Labor Statistics, 2016b). Second,
there is high turnover within the restaurant industry. In our sample – which covers restaurants in
the Bay Area from 2008 through 2016 – roughly 5 percent of restaurants go out of business each
year. Hence, the exit margin is economically meaningful. Additionally, there is no tip credit in

1

While his exact stance on the minimum wage is not clear, President Trump has intimated that he would prefer to
eliminate the federal minimum wage and let states determine their own minimum wages
(http://www.politico.com/blogs/2016-presidential-debate-fact-check/2016/10/trump-kaine-minimum-wage-229149).
Bernie Sanders proposed a $15 federal minimum wage as part of his presidential campaign in 2016
(https://berniesanders.com/issues/a-living-wage/).
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California. Hence, tips do not count toward the official wage and wait staff are covered by the
same minimum wage as other employees, so the minimum wage is more likely to be binding.
Finally, there has been a substantial number of city-level minimum wage increases in the area
since 2008, with a number of cities implementing minimum wages upwards of $12.
Our analysis proceeds in three stages. First, we provide evidence that lower quality
businesses are, on average, closer to the margin of exit and fail at higher rates than higher quality
restaurants irrespective of the minimum wage level. A one-star increase in rating is associated
with more than a 50% decrease in the likelihood of going out of business. This qualitative
relationship holds both with and without restaurant effects.
We then exploit the multiple city-level minimum wage changes in recent years across the
Bay Area to implement a difference-in-differences design to investigate the effects of the
minimum wage. We find suggestive evidence that a higher minimum wage leads to overall
increases in restaurant exit rates – depending on the specification, we find that a $1 increase in
the minimum wage leads to approximately a 4 to 10 percent increase in the likelihood of exit,
although the estimate is only statistically significant in certain specifications.
Next, we present robust evidence that the impact of the minimum wage varies with the
rating of the business. Our point estimates suggest that a $1 increase in the minimum wage leads
to an approximate 14 percent increase in the likelihood of exit for the median 3.5-star restaurant
but the impact falls to zero for five-star restaurants. These effects are robust to a number of
different specifications, including controlling for time-varying county characteristics that may
influence both minimum wage policies and restaurant demand, city-specific time trends to
account for preexisting trends, as well as county-year fixed effects to control for spatial
heterogeneity in exit trends.
3

Our results contribute to the existing literature in several ways. First, our findings relate
to a large literature seeking to estimate the impact of the minimum wage, most of which has
focused on identifying employment effects. While some studies find no detrimental effects on
employment (Card and Krueger 1994, 1998; Dube, Lester & Reich, 2010), others show that
higher minimum wage reduces employment, especially among low-skilled workers (see
Neumark & Wascher, 2007 for a review). However, even studies that identify negative impacts
find fairly modest effects overall, suggesting that firms adjust to higher labor costs in other ways.
For example, several studies have documented price increases as a response to the minimum
wage hikes (Aaronson, 2001; Aaronson, French, & MacDonald, 2008; Allegretto & Reich,
2016). Horton (2017) find that firms reduce employment at the intensive margin rather than on
the extensive margin, choosing to cut employees hours rather than counts. Draca et al. (2011)
document lower profitability among firms for which the minimum wage may be more binding.
Our study contributes to the existing literature by examining one channel of adjustment to
the minimum wage that has received relatively little attention – firms could exit the market
altogether. We provide suggestive evidence that the minimum wage increases overall restaurant
exit. This finding is consistent with Aaronson et al. (forthcoming), who use a border
discontinuity approach to show that restaurant exit increases after the minimum wage increases.
However, our results reveal that the average treatment effect can be substantially
different from the impact on sets of businesses that are predictably closer to the margin. While
lower rated restaurants are driven to exit by increases to the minimum wage, higher rated
restaurants tend to be more insulated from such shocks. This helps to shed light on the likely
impact of minimum wage increases on existing businesses. .

4

Our analysis also highlights how digital data can be used to better understand labor policy
and the economy. Historically, datasets from the US Census Bureau and the Bureau of Labor
Statistics (BLS) have formed the backbone of analyses looking to estimate the impact of the
minimum wage in the US (e.g. Dube, Lester & Reich, 2010, Aaronson et al., forthcoming). Other
analyses consist mainly of researcher-administered surveys (e.g. Katz & Krueger, 1992; Card &
Krueger, 1994).
While administrative datasets are critical to our understanding of the minimum wage and
the economy more generally, the effects we identify in this paper would have been difficult to
observe using standard datasets. The growth of online review platforms such as Yelp allows for
unique insights into the economy. First, we can use each restaurant’s rating as a proxy for its
quality, , a measure that is not captured by conventional datasets. This lets us to evaluate whether
the minimum wage differentially impacts lower quality businesses. Second, we are able to use
exit data in close to real time, whereas BLS and Census data only become publicly available
after a lag. This allows researchers and policymakers to more quickly understand the impacts of
different economic policies. Third, we are able to observe granular data on businesses, whereas
the public versions of the Census and BLS data are aggregated to coarser geographic levels, such
as by county (depending on the variable the researcher is interested in). In principle, researchers
can access restricted business-level data via an extensive application process, but the current
waiting period for access even among approved applications is estimated to be two years. For
example, a researcher trying to understand the impact of a policy change in 2017 would not be
able to examine firm-level microdata from the Census until at least 2020. By using digital data,
researchers can measure the impacts in close to real time.

5

The rest of the paper proceeds as follows. We discuss the landscape of minimum wages
across the United States in recent years in Section II. Section III discusses the data and empirical
evidence, as well as graphical evidence. Section IV reports the main results, and Section V
concludes.
II. The Minimum Wage in Recent Years
The current federal minimum wage of $7.25 is binding for roughly 2.6 million hourly
workers (U.S. Bureau of Labor Statistics, 2016a), with the restaurant industry having the highest
percent of employees at the minimum (U.S. Bureau of Labor Statistics, 2016b). In addition to the
$7.25 federal minimum wage rate, 29 states and 41 cities have introduced higher than federal
minimum wage. For example, San Francisco is set to increase its minimum wage to $15 in July
2018 from its current wage of $12.25.
We focus our analysis on the Bay Area, a region comprising of 101 cities surrounding the
San Francisco Bay. The Bay Area is home to more than 7.5 million people, and includes the
major cities and metropolitan areas of San Jose, San Francisco, and Oakland. Among the 41
cities and counties that have changed their minimum wage ordinances at the local level since
2012, 15 were in the Bay Area.2 We document 21 total local changes during our sample period
from 2008 through 2016, with four additional cities set to increase their minimum beginning in
2017. Beyond the wide variation in minimum wage, focusing on a single region potentially
allows us to better control for macroeconomic trends and attitudes towards labor standards.

2

See http://laborcenter.berkeley.edu/minimum-wage-living-wage-resources/inventory-of-us-city-and-countyminimum-wage-ordinances/
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Figure 1 depicts the changes for the state of California and 11 cities in the state of
California that have increased their minimum wage since 2008.3 In cities with separate minimum
wages for large (usually defined as over 500 employees) and small companies, we use the
minimum wage for small companies. This is because the majority of full-service and limitedservice restaurants have fewer than 500 employees (U.S. Census Bureau, 2014). At the state
level, the minimum wage was set at $8 in the beginning of the sample, increased to $9 in 2014,
and then to $10 in 2016.
III.

Data and Empirical Strategy

A. Restaurant Data
Our underlying restaurant data are obtained from Yelp, as part of an ongoing economic
research initiative done in collaboration with the company. Yelp was founded in 2004 in San
Francisco and is now the dominant review platform in the US. On Yelp, users can leave text
reviews and ratings (from 1 to 5) for individual businesses, ranging from dry cleaners to dentists.
However, it is perhaps best known as a review platform for restaurants.
We start with the universe of all Yelp reviews for the Bay Area since 2008, and limit the
dataset to only reviews for full-service and limited-service restaurants. Based on the review-level
data, we form an unbalanced panel dataset at the restaurant-month level, where a restaurant
enters the panel when it becomes active on Yelp (either by the owner registering the business, a
reviewer registering the business, or receiving the first review), and leaves the panel after it has
been marked as having been closed on Yelp.

3

Four additional cities (San Leandro, Cupertino, Los Altos, San Mateo) are slated to increase their minimum wage
above the state level in 2017.
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The indicator for restaurant exit is crowdsourced. On each restaurant’s Yelp page, users
have the option of updating the restaurant’s business details, including tagging it as having
closed or moved. Any suggested changes are then verified by Yelp moderators before being
marked as such on the restaurant’s profile page. In practice, timing of exit through Yelp may also
be more accurate than official administrative data, which contains nontrivial reporting lags and
errors. In the review data, we exclude filtered reviews, which are deemed by Yelp’s algorithm as
more likely to be fake or untrustworthy (Luca & Zervas, 2016). The dataset contains basic
information about the restaurant, including the type of cuisine (e.g., “New American”,
“Chinese”), the price category of the restaurant (denoted by dollar signs ranging from $ to $$$$,
with four dollar signs being the most expensive)4, the exact location, and also time-varying
characteristics such as the running average rating, the number of reviews, and exit status.5
Yelp coverage of restaurants is close to universal in the Bay Area. Comparing Yelp data
to administrative data obtained for the city of San Francisco,6 the number of restaurants active at
the end of 2016 is 6,087 and 5,808 based on the San Francisco administrative and Yelp data,
respectively. Exit statistics generated from the two datasets are similar and consistent with
previous research. For example, a common statistic that the restaurant industry focuses on is the
rate of closure within one year of entry. Based on the administrative data, 19.8 percent of
restaurants exit within one year of entry, whereas Yelp data indicates 20.9 percent. Other
research on the restaurant industry has demonstrated similar numbers ranging from 23 percent in

4

Price category is a crowd sourced element. Upon reviewing a restaurant, users are able to designate dollar signs
based on the following criteria: $= under $10, $$=11–30, $$$=31–60, $$$$= over $61.
5
We constructed these variables such that they capture the measure at the end of the month, for example, the
running average of the restaurant at the end of the month, or the displayed rating at the end of the month.
6
SF OpenData is the central clearinghouse for data published by the City and County of San Francisco, and includes
a database of registered businesses that pay taxes, including their date of entry and exit. We restricted to the NAICS
code of 722 (full-service restaurants and limited-service restaurants).
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Dallas, Texas (Cline Group, 2003) to around 26 percent in Columbus, Ohio (Parsa, Self, Njite, &
King, 2005).
We present two descriptive statistics of the data. The first set of statistics provides a
snapshot of the restaurants’ last appearance in the panel, i.e., at the end of 2016 or at the time of
exit (Table 1 Panel A). There are 35,173 unique restaurants in our dataset, with a mean number
of 184 reviews per restaurant and an average rating of 3.6.7 Among the entire universe of
restaurants, around 30 percent have closed. Restaurants remain in the panel for an average of 70
months8 and have an average price sign of 1.6 “dollar signs”.
The second set of statistics shows a summary at the monthly panel level (Table 1 Panel
B). A restaurant receives on average 2.5 new reviews each month with an average rating of 3.5.
The likelihood of exit in any month is 0.4 percent.
B. Graphical Evidence
We first present graphical evidence of the relationship between a restaurant’s operational
status and its rating. Figure 2a depicts a snapshot of the overall distribution of restaurant ratings
when last observed in the dataset. The modal rating is 3.5, and ratings are generally more
positive than negative; there are fewer than 5 percent of restaurants with ratings 2 and below,
whereas 40 percent of restaurants have an average rating of 4 or above. Figure 2b overlays the
distribution by whether the restaurant has closed. The mass of ratings for closed restaurants is
concentrated towards lower ratings relative to operating restaurants, suggesting that a
restaurant’s rating is correlated with closure

7

While Yelp displays ratings rounded to the nearest 0.5 on their website, we use unrounded version in the analysis.
(Whether we use the rounded or unrounded version of ratings does not affect the conclusions of our analysis.)
8
Note that this statistic may not accurately represent average lifespan of a restaurant since when the restaurant
becomes active on Yelp may not necessarily be the same as when the restaurant began operations.
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We further explore this by plotting the simple means of the monthly likelihood of exit by
displayed rating (which is the average rating rounded to the nearest 0.5). Figure 3 depicts a clear
negative relationship between the likelihood of exit and rating, again implying that restaurants
with lower ratings are closer to the margin of exit.
Next we explore the cross-sectional relationship between the likelihood of exit and the
minimum wage. Figure 4 plots the mean likelihood of exit by minimum wage, which shows a
distinctly positive correlation. However, it is possible that larger or wealthier cities implement
the minimum wage, and exit rates are systematically different (higher) in those cities as well. To
investigate this, we obtain the residuals from regressing the likelihood of exit on city dummies,
and plot the mean residuals against the minimum wage (Figure 5). While the slope is less
pronounced, there still remains a positive relationship between the minimum wage and the
likelihood of exit.
Figure 6 examines the likelihood of exit by restaurant rating and minimum wage. The
figure synthesizes our empirical strategy and our main result: at any rating level, the likelihood
of exit is higher when the minimum wage is higher. However, the increase in the likelihood of
exit is greater for lower rated restaurants, and there does not appear to be any penalty for the
highest rated restaurants. We confirm this finding using a regression framework in Section 4.
C. Empirical Strategy
The graphical evidence presented in Section 3.B suggests three things. First, restaurants
with lower ratings are more likely to exit. Second, higher minimum wages are correlated with
higher probabilities of exit. Third, the increase in the likelihood of exit is greater for lower rated
restaurants.

10

, We then use a difference-in-difference framework to empirically analyze the impact of
the minimum wage on restaurant exit decisions, in which exploit the temporal and spatial
variation in minimum wage increases at the city level across the Bay Area. The basic regression
model, estimated as a linear probability model, is as follow:
𝐸𝑥𝑖𝑡𝑖𝑗𝑡 = 𝛼𝑖 + 𝜙′𝑡 𝜆 + 𝛽𝑀𝑊𝑗𝑡 + 𝑋′𝑖𝑗𝑡 𝛿 + Ζ′𝑗𝑡 𝜌 + 𝜀𝑖𝑗𝑡

(1)

where 𝐸𝑥𝑖𝑡𝑖𝑗𝑡 is a binary variable denoting whether restaurant i in city j has exited by
time t. 𝑀𝑊𝑗𝑡 is the minimum wage (measured in dollar amounts) in that city, 𝛼𝑖 are restaurant
fixed effects, 𝜙′𝑡 is a vector of time controls, including year and quarter dummies to capture
variation in macroeconomic conditions and seasonal variation in restaurant demand. 𝑋′𝑖𝑗𝑡 are
time-varying restaurant measures, such as the number of ratings and lagged running average
rating.9 Ζ′𝑗𝑡 includes a host of county-level time-varying characteristics that may influence both
restaurant demand and minimum wage policies, including the percent of young workers between
ages 15 to 24, percent black, percent under the poverty line, the unemployment rate, and logged
per capita income. 𝜀𝑖𝑗𝑡 is the error term. In some specifications, we include city-specific time
trends to account for preexisting trends in local exit rates. We also include county-year fixed
effects in certain specifications to control for spatial heterogeneity in exit trends that are
unrelated to minimum wage policies. The estimated impact of a $1 increase in the minimum
wage is then given by 𝛽̂ . Standard errors are clustered by city to allow for serial correlation
within locale.

9

Restaurant characteristics that are constant over time, such as the price category, location, type of cuisine, are
controlled implicitly by restaurant fixed effects.
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We also enter the city-level minimum wage as the proportional increase over the state
mandate, 𝐺𝑎𝑝𝑗𝑡 . As an example, if the state minimum wage is $8 and the city minimum wage is
$9, the 𝐺𝑎𝑝 measure would be 12.5. This measure reflects both increases in minimum wage
within the city as well as relative to the state mandate.
We then estimate the heterogeneous effects of the minimum wage by including an
interaction term of the minimum wage with the restaurant’s rating. More specifically, our
estimating equation becomes:
𝐸𝑥𝑖𝑡𝑖𝑗𝑡 = 𝛼𝑖 + 𝜙 ′ 𝑡 𝜆 + 𝛽𝑀𝑊𝑗𝑡 + 𝛾𝑅𝑎𝑡𝑖𝑛𝑔𝑖𝑗𝑡 + 𝜃𝑀𝑊𝑗𝑡 ∗ 𝑅𝑎𝑡𝑖𝑛𝑔𝑖𝑗𝑡 + 𝑋′𝑖𝑗𝑡 𝛿 + Ζ′𝑗𝑡 𝜌 + 𝜀𝑖𝑗𝑡 (2)

where 𝜃̂ would provide an estimate of how the minimum wage affects exit by the
restaurant’s quality, as measured by its rating.
IV. Main Results
As in our graphical evidence, we first examine the relationship between a restaurant’s
likelihood of exit and its Yelp rating (Table 2). Cross-sectionally, a one-star increase in rating is
associated with a 0.09 percentage point decrease in the likelihood of exit in any given month
(column 1), which is consistent with Figure 3. After controlling for restaurant fixed and calendar
fixed effects, the coefficient increases to approximately -0.29 percentage point (Column 2). The
relationship remains stable when we include time-varying county characteristics, city-specific
time trends and county-year fixed effects (Columns 3-5). Our results imply a one-star increase in
rating is associated with a decline in the likelihood of exit of around 70 percent. This is not
necessarily a causal relationship – it is certainly possible that poor quality restaurants are both
more likely to exit and receive worse ratings. It could also be that lower ratings directly
contribute to restaurants exiting; as Luca (2011) shows, a one-star increase in Yelp rating leads
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to a 5 to 9 percent increase in restaurant revenue. Our objective is to test whether restaurants with
lower ratings tend to be closer to the margin of exit.
We find suggestive evidence that higher minimum wage increases restaurant exit (Table
3). Panel A reports the coefficients on the minimum wage entered as a dollar measure in the
regression model, whereas Panel B reports those on the Gap variable as defined in Section III.C,
which is a measure of how much the city minimum wage is above the state mandate. Crosssectionally, a one-dollar increase in the minimum wage is associated with a 0.09 percentage
point increase in the probability of exit, which represents a 22 percent increase (Panel A Column
1). However, the estimate falls to 0.04 percentage points and loses statistical significance when
we layer on restaurant and calendar fixed effects (Panel A Column 2). The estimate becomes
even more imprecise when we include time-varying county characteristics that may influence
both minimum wage policy and restaurant demand, city-specific time trends, and county-year
fixed effects (Panel A Columns 3-5)
We find similar results when we examine the impact of the minimum wage as the percent
increase over the state mandate, which may give a better measure of the “bite” of the minimum
wage. Depending on the specification, our estimates suggest that a 10-percent increase of the
local minimum wage over the state mandate would increase the overall exit rate ranges from
0.016 to 0.04 percentage points, which corresponds to an increase in the likelihood of exit of 4 to
10 percent. While the estimates are generally more precise than in Panel A, they only reach
statistical significance in certain specifications.
Overall impacts could mask underlying heterogeneous effects if the minimum wage
differentially affects restaurants of varying quality. To examine this, we include the interaction
effect between a restaurant’s rating and the minimum wage, as specified in Equation (2). Table 4
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reports the main results of our paper: the minimum wage increases the likelihood of exit, but the
impact falls for higher-rated restaurants. The estimates remain similar across the different
specifications. Based on the estimates in Column (2), the results would suggest that the impact of
a $1 rise in the minimum wage would increase the likelihood of exit for the median restaurant on
Yelp (i.e., a 3.5 star restaurant) by around 0.055 percentage points, which is approximately 14
percent. For a 5-star restaurant, this impacts falls to close to zero.
The results are consistent when we enter the minimum wage in the model as the percent
above the state mandate (Table 5). A one-star increase in Yelp rating is associated with a 0.26
percentage point decline in the likelihood of exit for a restaurant in a city with the minimum
wage equal to the state mandate, which is consistent with the results from Table 2. Further, the
impact of the minimum wage varies by restaurant quality: a 10 percent increase in the minimum
wage above the state mandate increases the likelihood of exit for a 3.5-star restaurant by 0.05
percentage points, translating into a 13.75 percent increase. The impact falls roughly by 0.09
percentage points for each star increase . The estimates are similar and statistically significant
with city-specific time trends and county-year fixed effects. Finally, Figure 7 plots the predicted
likelihood of exit by rating for different minimum wages from the specification in Table 4
Column 5, and echoes Figure 6. The figure shows that the predicted likelihood of exit is
generally higher across ratings when the minimum wage is higher, but the impact, as well as the
difference in impact across the three lines, shrinks as rating increases.
V. Further Investigation
A. Are Results Driven by Restaurant Prices?
If ratings are systematically correlated with prices – e.g., if cheap restaurants tend to
receive low ratings, and expensive restaurants high ratings – then our results in Tables 4 and 5
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may be confounded. Further, it could be that more expensive restaurants already pay wages
above the minimum, and hence are less affected by minimum wage hikes. Are the heterogeneous
effects we observe driven by how expensive the restaurant is rather than its quality?
We empirically examine this question by replacing 𝑀𝑊𝑗𝑡 ∗ 𝑅𝑎𝑡𝑖𝑛𝑔𝑖𝑗𝑡 in Equation 2 with
the interaction term of the restaurant’s price category (represented by dollar signs on Yelp) and
the minimum wage 𝑀𝑊𝑗𝑡 ∗ 𝑃𝑟𝑖𝑐𝑒𝑖 (Table 6). The coefficient on the interaction term is small and
statistically insignificant, suggesting that the effects of the minimum wage along the price
dimension are not significantly different (Column 1). When we include 𝑀𝑊𝑗𝑡 ∗ 𝑅𝑎𝑡𝑖𝑛𝑔𝑖𝑗𝑡 in the
model as well, the coefficient on 𝑀𝑊𝑗𝑡 ∗ 𝑃𝑟𝑖𝑐𝑒𝑖 remains insignificant, whereas the coefficient on
𝑀𝑊𝑗𝑡 ∗ 𝑅𝑎𝑡𝑖𝑛𝑔𝑖𝑗𝑡 are statistically significant and similar in magnitude to those in Table 5,
providing evidence that the heterogeneous effects observed earlier are driven by quality rather
than by the restaurant prices.
B. Impact on Entry
A natural follow-up question to our results on exit is the impact of the minimum wage on
entry. Dates on restaurant entry only became regularly recorded by Yelp at the end of 2009,
hence we restrict our entry analysis to the post-2010 period. To examine entry, we generate a
city-level panel dataset based on our restaurant-level dataset and estimate the analogous version
of Equation (1) using the entry rate as the dependent variable, weighted by the number of
restaurants on Yelp in that city.
Table 7 reports the results of this exercise. First, we find similar overall impacts of the
minimum wage on exit as our restaurant-level analysis (Columns 1-3). Next, we find that the
entry rate in fact declines with minimum wage increases – depending on the specification, the
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entry rate declines by 0.025 to 0.045 percentage points from a base of 0.6 percent from a $1
increase in the minimum wage, corresponding to an approximate 4 to 6 percent reduction. The
number of restaurants per capita falls as expected, but the estimates are not statistically
significant (Columns 7-9).
Our results suggest that higher minimum wages deter entry. Previous research on entry
has produced mixed findings. Using a border discontinuity approach and data from Dun and
Bradstreet Marketplace files, Rohlin (2011) finds that minimum wages hikes implemented
between 2003 and 2006 discouraged firm entry – a $1 increase in the minimum wage decreased
the share of new establishments in an area relative to its comparison area by approximately 6
percent. Draca and Machin (2011) find some suggestive evidence that net entry rates decline
after the imposition of a national minimum wage in the United Kingdom. In contrast, Aaronson
et al. (forthcoming) finds that a 10 percent increase in the minimum wage increases the entry rate
by roughly 14 percent from a mean of 8.7 percent using a similar border discontinuity approach
and QCEW data.
C. Impact on Survival
In addition to the overall monthly likelihood of exit, we examine the effect of the
minimum wage on restaurant time to exit. Since this relies on accurate coding of entry dates, we
also restrict the analysis to after 2010. We estimate a survival model where the dependent
variable is time to exit using a Weibull distribution (Table 8). The coefficients indicate that
overall, the minimum wage increases the hazard rate, but the estimates are not statistically
significant (Columns 1 and 3). However, when we interact the minimum wage with the
restaurant’s rating, we can see that the coefficient on the interaction term of minimum wage (or
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gap) with rating is negative and statistically significant, suggesting that the speed to exit is
accelerated for poorly rated restaurants (Columns 2 and 4).
V. Discussion
This paper presents several new findings. First, we provide suggestive evidence that
higher minimum wage increases overall exit rates among restaurants, where a $1 increase in the
minimum wage leads to approximately a 4 to 10 percent increase in the likelihood of exit,
although statistical significance falls with the inclusion of time-varying county-level
characteristics and city-specific time trends. This is qualitatively consistent but smaller than what
Aaronson et al. (forthcoming) find; they show that a 10 percent raise in the minimum wage
increases firm exit by approximately 24 percent from a base of 5.7 percent. Differences in
sample and specifications may account for the differences between our study and theirs.
Next, we examine heterogeneous impacts of the minimum wage on restaurant exit by
restaurant quality. The textbook competitive labor market model assumes identical workers and
firms who therefore are equally likely to share in the minimum-wage generated employment and
profit losses. However, models that depart from the standard competitive model to allow for
heterogeneous workers and firms suggest that a minimum wage increase would cause the lowest
productivity firms to exit the market (Albrecht & Axell, 1984; Eckstein & Wolpin, 1990; Flinn,
2006). We show that there is, in fact, considerable and predictable heterogeneity in the effects of
the minimum wage, and that the impact on exit is concentrated among lower quality restaurants,
which are already closer to the margin of exit. This suggests that the ability of firms to adjust to
minimum wage changes could differ depending on firm quality. Finally, we provide evidence
that higher minimum wages deter entry, and hastens the time to exit among poorly rated
restaurants.
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Our findings suggest directions for future research. First, because most minimum wage
changes in our sample are relatively new, our results should be considered short-term impacts.
Second, while we find that the minimum wage reduces net entry slightly, it is unclear how
employment would be affected given that the scale of entering or incumbent restaurants could
change.10 Third, our results raise the possibility that higher rated restaurants may adjust to higher
minimum wages through other channels, such as substituting toward higher productivity workers
when faced with a minimum wage (Horton, 2017), especially if higher quality restaurants are
able to assortatively match with more productive workers (Eeckhout & Kircher, 2011; Mendes et
al., 2010).
Our results also demonstrate the potential for digital exhaust from online platforms to
complement standard data sources to provide unique insight in policy evaluations. Glaeser et al
(forthcoming) hypothesize that data from online platforms might provide dependent variables
that are more granular and closer to real time, as well as independent variables that provide
insight into dimensions of markets that were previously unobservable. Our analysis provides a
case study in this, showing how digital exhaust from Yelp can further our understanding of the
impact of the minimum wage.

10

The limited existing evidence on the interaction effect of firm dynamics and employment has been mixed.
Anderson et al. (forthcoming) find the minimum wage increases exit (and entry) but do not find any impacts on
employment. Draca and Machin (2011) find some evidence that minimum wages decreases net entry but no
significant effects on employment.
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Figure 1. Minimum wage increases in the San Francisco Bay Area
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Figure 2b. Closed restaurants have lower ratings
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Figure 3. Lower rated restaurants are more likely to exit
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Figure 4. Minimum wage and likelihood of exit
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Figure 6. Minimum wage increases exit, but more so for worse restaurants
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Table 1. Descriptive statistics
Number of restaurants
Number of ratings

35,173
2,392,766

Panel A: Summary statistics at the restaurant level (at time of last appearance
in panel)
Std
Variable
Mean
Dev
Min
Max
Obs.
Total number of ratings
184.4
327.1
10
9781
35,173
Rating
3.564
0.691
1
5
35,173
Closed
0.301
0.459
0
1
35,173
Price category
1.588
0.603
1
4
35,173
Age of restaurants (months) 67.73
36.52
1
107
35,173
Minimum wage ($)
10.49
1.534
8
13
35,173
Percent higher than state
mw (%)
9.839
12.84
0
36
35,173

Panel B: Summary statistics at the restaurant-month level
Std
Variable
Mean
Dev
Min
Incoming ratings
3.535
1.105
1
Number of incoming ratings 2.454
4.790
0
Average running rating
3.570
0.707
1
Exited (%)
0.464
6.792
0
Minimum wage ($)
9.033
1.291
8
Percent higher than state
7.346
11.77
0
mw (%)
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Max
5
690
5
100
13

Obs.
1,430,061
2,383,558
2,376,580
2,392,766
2,392,766

36.1

2,392,766

Table 2. Are lower rated restaurants more likely to exit?
Likelihood of Exit
(Mean = 0.4%)
(1)

(2)

(3)

(4)

(5)

-0.0938***

-0.2893***

-0.2910***

-0.2935***

-0.2917***

(0.0116)

(0.0277)

(0.0287)

(0.0280)

(0.0290)

Restaurant FE

x

x

x

x

Calendar FE
Time-varying county
characteristics
City-specific time trend

x

x

x

x

x

x

x

Rating

x

County-year FE

x

Standard errors are clustered at the city level
Number of observations = 2,392,766
Calendar fixed effects = dummies for season and year

Table 3. Overall minimum wage effects on restaurant exit
Likelihood of Exit
(Mean = 0.4%)
(1)

(2)

(3)

(4)

(5)

0.0929***

0.0444

0.0174

-0.0132

0.0263

(0.0079)

(0.0284)

(0.0197)

(0.0134)

(0.0181)

0.0062***

0.0045*

0.0026

0.0016

0.0040**

(0.0006)

(0.0024)

(0.0019)

(0.0017)

(0.0018)

Restaurant FE

x

x

x

x

Calendar FE
Time-varying county
characteristics
City-specific time trend

x

x

x

x

x

x

x

Panel A: Minimum Wage

Panel B: Gap

x

County-year FE

x

Standard errors are clustered at the city level
Gap is a measure of the proportional increase of the city minimum wage over the state mandate
Number of observations = 2,392,766
Calendar fixed effects = dummies for season and year
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Table 4. Heterogeneous effects of the minimum wage as a dollar measure
Likelihood of Exit (%)
(Mean = 0.4%)
(3)
(4)
0.2047***
0.1746**
(0.0730)
(0.0696)

(1)
0.1639***
(0.0208)

(2)
0.2336***
(0.0786)

0.0653
(0.0547)

0.1598
(0.1341)

0.1521
(0.1387)

0.1514
(0.1406)

0.1526
(0.1403)

-0.0190***
(0.0064)

-0.0527***
(0.0165)

-0.0520***
(0.0171)

-0.0522***
(0.0172)

-0.0521***
(0.0174)

Restaurant FE

x

x

x

x

Calendar FE
Time-varying county
characteristics
City-specific time trend

x

x

x

x

x

x

x

Minimum wage

Rating

Minimum Wage * Rating

(5)
0.2148***
(0.0732)

x

x

County-year FE
Standard errors are clustered at the city level
Number of observations = 2,370,963
Calendar fixed effects = dummies for season and year

Table 5. Heterogeneous effects of the minimum wage measured as the proportional
increase above the state mandate
Likelihood of Exit (%)
(Mean = 0.4%)
(3)
(4)
0.0338***
0.0325***
(0.0084)
(0.0081)

(1)
0.0170***
(0.0016)

(2)
0.0371***
(0.0096)

Rating

-0.0831***
(0.0101)

-0.2557***
(0.0218)

-0.2589***
(0.0208)

-0.2615***
(0.0207)

-0.2597***
(0.0206)

Gap * Rating

-0.0029***
(0.0004)

-0.0091***
(0.0021)

-0.0087***
(0.0019)

-0.0086***
(0.0019)

-0.0086***
(0.0019)

Restaurant FE

x

x

x

x

Calendar FE
Time-varying county
characteristics
City-specific time trend

x

x

x

x

x

x

x

Gap

(5)
0.0349***
(0.0082)

x

x

County-year FE
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Table 6. Are results driven by restaurant prices?
Likelihood of Exit (%)
0.4
(2)
(3)

(1)
Panel A
Minimum Wage

(4)

0.0125
(0.0300)

0.1921**
(0.0796)

0.1654**
(0.0758)

0.2029**
(0.0803)

0.0019
(0.0102)

0.0059
(0.0106)

0.0035
(0.0103)

0.0054
(0.0107)

0.1464
(0.1424)

0.1452
(0.1441)

0.1479
(0.1435)

-0.0516***
(0.0177)

-0.0518***
(0.0178)

-0.0519***
(0.0178)

0.0019
(0.0028)

0.0339***
(0.0080)

0.0330***
(0.0075)

0.0352***
(0.0076)

-0.0002
(0.0013)

0.0002
(0.0014)

-0.0001
(0.0013)

0.0000
(0.0013)

Rating

-0.2607***
(0.0211)

-0.2633***
(0.0210)

-0.2616***
(0.0210)

Gap * Rating

-0.0089***
(0.0019)

-0.0088***
(0.0018)

-0.0088***
(0.0019)

Minimum Wage * Price

Rating

Minimum Wage * Rating

Panel B
Gap

Gap * Price

Restaurant FE

x

x

x

x

Calendar FE

x

x

x

x

Time-varying county characteristics

x

x

x

x

City-specific time trend

x

x

x

County-year FE

Standard errors are clustered at the city level
Price indicates the price category of the restaurant, which ranges from 1 to 4
Gap is a measure of the proportional increase of the city minimum wage over the state
mandate
Number of observations = 2,370,963
Calendar fixed effects = dummies for season and year
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Table 7. Minimum wage effects on exit, entry, and number of restaurants

Minimum Wage

Gap

Restaurant FE
Calendar FE
Time-varying county
characteristics
City-specific time trend
County-year FE

(1)
0.0038
(0.0116)

Exit rate (%)
(Mean = 0.4)
(2)
-0.0030
(0.0126)

(3)
0.0185
(0.0138)

Entry rate (%)
(Mean = 0.6)
(4)
(5)
(6)
-0.0425***
-0.0251*
-0.0449**
(0.0139)
(0.0146)
(0.0193)

0.0018*
(0.0011)

0.0018
(0.0012)

0.0037***
(0.0013)

-0.0035***
(0.0010)

-0.0026***
(0.0009)

x
x
x

x

x

x

x

x
x

x
x

x
x
x

x
x

x
x

x

Restaurants per 10,000 pop
(Mean = 45.3)
(7)
(8)
(9)
-0.1989
-0.1149
-0.1470
(0.1478)
(0.1187)
(0.1534)

-0.0041*** -0.0102
(0.0015)
(0.0098)

x
x
x

x
x

Each cell represents a different regression. Regressions are weighted by the number of restaurants at the city level.
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-0.0096
(0.0117)

x

x

x
x

x
x

x
x

Standard errors are clustered at the city level
Gap is a measure of the proportional increase of the city minimum wage over the state mandate
Number of observations = 8,134
Calendar fixed effects = dummies for season and
year

-0.0026
(0.0079)

x

Table 8. The impact of the minimum wage on survival rates

Minimum wage

Minimum wage *
Rating

(1)
0.0333
(0.0429)

Hazard Rate (Failure = Exit)
(2)
(3)
0.4197***
(0.0854)

-0.1027***
(0.0199)

Gap

0.0046
(0.0036)

Gap * Rating

Rating

(4)

0.0309***
(0.0076)
-0.0071***
(0.0018)

0.8606***
(0.1707)

-0.0133
(0.0188)

Standard errors are clustered at the city level. Coefficients are reported.
Gap is a measure of the proportional increase of the city minimum wage over
the state mandate
Number of observations = 18,631
The survival model includes controls for the total number of ratings at exit or end
of panel, time-varying county level characteristics, price category of the
restaurant, and dummies for year of entry.
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Appendix 10

1200 WILMETTE AVENUE
WILMETTE, ILLINOIS 60091-0040
COMMUNITY DEVELOPMENT
DEPARTMENT

(847) 853-7550
FAX (847) 853-7701
TDD (847) 853-7634
EMAIL comdev@wilmette.com

Date:

April 4, 2018

To:

Michael Braiman, Assistant Village Manager

From:

Lucas Sivertsen, Business Development Coordinator

Subject:

Minimum Wage & Paid Sick Leave Interview Summary

The Minimum Wage & Paid Sick Leave Working Group asked Village staff to interview
area real estate brokers, municipalities and their businesses to help understand the
effects of the Cook County Ordinances. Questions for the interviews were developed by
the Working Group. Below is a summary of the responses to those interviews.
Municipality Interviews
Village staff reached out to municipal officials of surrounding communities who have
opted in to the Cook County Ordinances or who did not have an option because they are
not home rule. These communities include Glencoe, Winnetka, Skokie and Evanston.
Each of these contacts were made via phone calls placed with economic development
offices or municipal administration.
None of the communities agreed to respond to the survey questions. While Glencoe did
not formally respond to the questions, they did say too little time has passed to gain much
insight into the impact of the ordinances. In addition, no businesses had contacted
Glencoe since the ordinances became effective in July of 2017.
Skokie and Winnetka stated they did not wish to participate in the surveys after checking
with municipal administration (Winnetka letter attached). In those cases, they felt the
issue was still very sensitive in their business community. They did not want to spark
additional discourse by participating in the survey. Evanston did not respond to our
inquiries. None of the four communities wished to assist the Village in finding potential
businesses to survey.

Business Surveys
As instructed, all interviews were conducted over the phone and were collected
anonymously. An attempt was made to obtain an equal proportion of surveys from
business categories in other communities as exist in Wilmette. For example, if 20% of
the businesses in Wilmette are retailers, 20% of the survey responses would be from
retailers. This proved to be difficult, as most businesses did not wish to participate in the
survey.
Of the 70 businesses contacted only eight businesses agreed to be interviewed. Four
were retailers, two were restaurants and two were professional businesses. Many
questions were not answered because the business did not wish to answer the question
or were not sure how to answer the question.
Minimum Wage Question Results
•
•
•
•

Three retailers had less than 4 employees and were not subject to the ordinance
One retailer already paid above minimum wage
Two restaurants said they were impacted and increased prices, but did not want
to quantify
Two professional offices already paid above minimum wage

Sick Leave Question Results
•
•
•
•

One business started providing paid sick leave
Two businesses were unaware of the paid sick leave ordinance
Four businesses were already providing paid sick leave
One business did not respond to the question

Three businesses track sick time manually, three use computer software and one
outsources this function. The one business who outsources tracking is a professional
office with 22 employees. This business provided paid time and outsourced payroll prior
to the Cook County ordinance.
When asked if the minimum wage and paid sick leave ordinances would be a factor in
opening or relocating their business three of the eight businesses provided a response.
Two businesses said it would not be a factor and one business said it would account for
5-10% of their decision.
Broker Survey
Three commercial real estate brokers were interviewed. Each of them have listings
throughout the North Shore with a good understanding of local transactions. None of the
brokers had heard the issue brought up when discussing locations with clients. They
stated the most important factors tenants look for when selecting a location were the price
of rent, physical location, and access to parking. They did not think the existence of the
Cook County ordinances would have an impact in attracting or dissuading a tenant from
locating in a particular community.

Office of tire Village President
(847) 716-3541

February 13, 20-18

Mr. Bob Bielinksi
Village President, Village of Wilmette
1200 Wilmette Avenue
Wilmette, Illinois 60091

Re: Minimum Wage & Paid Sick Leave Surveys
Dear Bob:
Village Staff recently received contact from the Village of Wilmette regarding participation in a
survey about Cook County's Minimum Wage and Paid Sick Leave Ordinances, which became
effective in 2017. As you know, the Village of Winnetka is currently complying with both
ordinances and has not formally considered "opting-out" as some other nearby communities have
recently done.
Staff was informed that an ad hoc committee in Wilmette wished to survey our staff about the
impact of these ordinances; they also sought our assistance in contacting Winnetka businesses to
participate in a separate survey on the topic. Unfortunately, we are not able to assist Wilmette in
surveying about Cook County's ordinances at this time.
The Village of Winnetka has been engaged in ongoing and sensitive negotiations with Cook
County for over a year related to our Stormwater Management Program and potential
improvements to County Forest Preserve District property that may help us reach our flood
mitigation goals. We have signed a Memorandum ofUnderstanding (MOU) with the County, but
discussions continue and the process is not nearly complete.
While I know that some of our local businesses have expressed concerns about impacts from the
Minimum Wage and Paid Sick Leave Ordinances, the Village has been transparent to say that the
time is not ripe for us to evaluate opting-out. Our business community has been supportive of the
Stormwater Management Program, and in return, we have committed to evaluating the
Ordinances after concluding our negotiations. Unfortunately, we do not have a set timeline as to
when that will take place.

51 0 Green Bay Road, Winnetka, Illinois 60093

VILLAGE OF WINNETKA

Incorporated in 1869

February 13, 2018
Page 2

If you have questions, please reach out to me directly to discuss. I appreciate your understanding
of our flood mitigation priorities and the reasoning as to why we cannot participate or assist in
.your Committee's survey efforts at this time.
Sincerely,

Chris Rintz
Village President
cc: Robert M. Bahan, Village Manager
Megan E. Pierce, Assistant Village Manager
Michael Martella, Economic Development Coordinator
Terry Dason, Executive Director, Winnetka-Northfield Chamber of Commerce
Michael Braiman, Assistant Village Manager, Village of Wilmette
Lucas Sivertsen, Business Development Coordinator, Village of Wilmette

Appendix 11

MEMORANDUM

To:

Minimum Wage & Paid Sick Leave Working Group
Michael Braiman, Assistant Village Manager
John Prejzner, Assistant Director of Administrative Services

From: Gina Kennedy
Date: January 12, 2018
Re:

Summary of Recent Tax Law Changes Affecting Businesses in
Wilmette

Introduction
This past December Congress passed, and the President signed into law,
the "Tax Cuts and Jobs Act" (the "Act") which makes significant changes to the
federal income tax laws effective, generally, January 1, 2018. Proponents for
this legislation asserted that, by reducing the federal tax burden on businesses,
including small businesses, businesses will have additional capital to hire more
employees and increase existing employees' compensation. You have asked me
to summarize those changes to federal tax law most likely to have a significant
impact on businesses, particularly small businesses, in Wilmette.
Please keep in mind that the law is long and complex. (No one would
claim that it simplifies anything!) This memorandum will address only certain
widely applicable changes in tax law. There are, of course, hundreds of
additional changes that will affect some taxpayers, possibly significantly, that are
beyond the scope of this memorandum.
Be aware, too, that because of the size and scope of the Act, the speed
with which it was drafted, the lack of public hearings, and the abbreviated
consideration process, there are many provisions that are ambiguous or
conflicting, and others that will need further legislation to correct omissions or
errors that make them hard to interpret or difficult to apply. As yet, there has
been no guidance from the Internal Revenue Service, the Treasure Department
or from the Congressional committees responsible for crafting the legislation that
might clarify or elucidate the Act's provisions. Moreover, tax professionals have
had very little time since the Act's passage to digest it thoroughly. Accordingly,
no one can now state definitively what impact the Act will have on taxpayers,
generally or specifically.
Finally, please keep in mind that, no two taxpayers are exactly alike. Each
will be impacted slightly differently by the Act. In this memorandum I have

attempted to summarize how a hypothetical "typical" small business in Wilmette
will likely be affected by the Act; no actual business or individual should rely on
what is said in this memorandum.
This memorandum has been prepared for informational purposes
only, and is not intended to provide, and should not be relied upon, for tax,
legal or accounting advice. Every business entity and individual should
consult with its, or his or her, own tax, legal and accounting advisors.

Changes Affecting "C Corporations"

How a U.S. business is taxed, under the Internal Revenue Code (the
"Code"), depends on how it is organized. Typically, a business is organized as a
sole proprietorship, partnership, limited liability company or corporation. i In this
memorandum, businesses organized as partnerships, limited liability companies
or corporations that have elected to be taxable under chapter S of the Code ("S
Corporations") will be referred to as "Pass-Through Entities." Corporations that
are generally taxable under chapter C of the Code will be referred to in this
memorandum as "C Corporations." This section of the memorandum addresses
the impact of the Act on C Corporations for tax years beginning on or after
January 1, 2018.
Prior to the Act, C Corporations, like individual taxpayers, were subject to
federal income tax at graduated rates. The rate of tax increased as the
corporation's taxable income increased, with the top marginal rate being 35%.
The Act replaced these graduated rates with a flat rate of 21%. The Act also
repealed the corporate alternative minimum tax ("AMT") which was intended to
insure that all corporations, regardless of their eligibility to claim certain
deductions, exemptions, etc., pay at least a minimum amount of tax. This
reduction in the rate of tax generally applies, with some exceptions, to all C
Corporations regardless of the business in which they are engaged. ii These
changes to the Code are permanent. iii
The Act also permits C Corporations to deduct in full capital investments in
property (except as noted below), whether new or used, on or after January 1,
2018. Prior to the Act, such businesses were subject to depreciation rules that
effectively spread the deductibility of such expenses over a period of years
following the acquisition of property. Being able to take the full amount of a
capital expenditure into account up front is considerably more favorable to the
taxpayer than spreading the expense over a period of years. These changes do
not apply to investments in real estate, including investments in leasehold
improvements. Under the Act, these changes will be phased out beginning in
2023 and the prior depreciation rules will again be in effect.
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Another significant, widely applicable change involves a new limitation on
the deductibility of interest by some C Corporations. This limitation is not,
however, applicable to corporations that derive their income principally from the
performance of personal services or to small businesses (i.e., businesses whose
average annual gross receipts over a three year period do not exceed $25
million).
Finally, it is important to note that the Act does not limit the ability of C
Corporations to deduct any state and local taxes paid in the course of their
business. The Act's highly publicized limitations on the deductibility of state and
local taxes apply solely to taxes, paid by individual taxpayers, that are unrelated
to business activities.

Individual Taxpayers, Sole Proprietorships and Pass-Through Entities

The most widely publicized changes made by the Act are a reduction of
the tax rates and rate brackets applicable to individual taxpayers. These
changes apply not only to an individual taxpayer's wages, salaries, investments
and retirement earnings, but also to an individual taxpayer's business income
derived from a sole proprietorship or a Pass-Through Entity. Below are two
charts reflecting the rates in effect for tax years beginning before January 1,
2018, and the new rates in effect for certain tax years beginning on or after
January 1, 2018. iv
Married Taxpayers, Filing Jointly
Rates for 2017

Rates for 2018 - 2025

10%

$0 to 19,050

10%

$0 to 19,050

15%

$19,051 to
77,400
$77,401 to
156,150
$156,151 to
237,950
$237,951 to
424,950
$424,951 to
480,050
more than
$480,050

12%

$19,051 to
77,400
$77,401 to
165,000
$165,001 to
315,000
$315,001 to
400,000
$400,001 to
600,000
more than
$600,000

25%
28%
33%
35%
39.6%

22%
24%
32%
35%
37%
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Single Taxpayers
Rates for 2017

Rates for 2018 - 2025

10%

$0 to 9,525

10%

$0 to 9,525

15%

$9,526 to
38,700
$38,701 to
93,700
$93,701
to195,450
$195,451 to
424,950
$424,951 to
426,700
more than
$426,700

12%

$9,526 to
38,700
$38,701 to
82,500
$82,501 to
157,500
$157,501 to
200,000
$200,001 to
500,000
more than
$500,000

25%
28%
33%
35%
39.6%

22%
24%
32%
35%
37%

These changes to tax rates for individuals, unlike the corresponding
changes to C Corporation tax rates, are not permanent. They will expire
December 31, 2025, and the brackets and higher rates in effect for 2017 will be
reinstated unless new legislation is enacted extending these changes.
The Act also includes a new annual deduction from income equal to 20%
of an individual taxpayer's "qualified business income" from a sole proprietorship
or Pass-Through Entity, subject to some exceptions and limitations. This
deduction is available whether or not the taxpayer otherwise claims the standard
deduction or chooses to itemize his or her deductions on Schedule A. "Qualified
business income," for this purpose, generally is income from a trade or business
other than one which involves the performance of services in certain specified
fields (for example, health care, law, accounting, business consulting, financial
services, brokerage or investment management services and the like). v
This new deduction is complicated and there are numerous limitations
and exceptions that affect some taxpayers who derive "qualified business
income" from a sole proprietorship or Pass-Through Entity. In particular, S
Corporation shareholders may not be able to claim the deduction as readily as
other taxpayers whose businesses are conducted through partnerships or limited
liability companies. vi In general, many of these limitations and exceptions are
intended to prevent taxpayers from deducting any portion of their business
income that is in the nature of compensation for their own services rendered to
the business. A complete discussion of the twists and turns in this new
deduction is beyond the scope of this memorandum.
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Like the changes to tax rates for individuals, this 20% deduction of
"qualified business income" is not permanent. It will expire December 31, 2025.
Finally, although the Act imposes a limit on an individual taxpayer's
deduction of state and local taxes on Schedule A -- a provision that has attracted
a good deal of attention in the press and will likely affect many Wilmette residents
-- this limitation does not affect the ability of individuals doing business as a sole
proprietorship or Pass-Through Entity to deduct any state and local taxes related
to their business.

Miscellaneous Tax Changes

Obviously, the Act contains a multitude of other changes that will affect
businesses of one type or another, vii including a few businesses in Wilmette, but
probably will not affect our hypothetical "typical" small business. One additional
provision of the Act, however, warrants mention here. It affects the depreciation
recovery period for certain capital investments made by restaurants and retail
businesses. This provision affects all such businesses, whether they are C
Corporations or Pass-Through Entities. Prior to the Act, these businesses'
special recovery period for qualified leasehold improvements and qualified retail
improvements (what people commonly call "build-out costs") was 15 years, which
was shorter than the recovery period for most other leasehold improvements.
The Act repeals this special rule, but does not specify clearly what recovery
period applies in its stead. It is possible that the provision will be construed as
requiring restaurants and retail establishments to recover costs incurred after
December 31, 2017, over a period as long as 39 years. The change will not
affect these businesses' recovery period for qualified leasehold improvements
put in service before January 1, 2018. Nonetheless, this change could be
detrimental to some businesses, particularly new ones. Unfortunately, there is
too much uncertainty regarding this provision to say what its impact might be.

Effect of Federal Tax Law Changes on State Tax Obligations

Some of the changes discussed above will impact not only a business's
federal tax liability but also its state tax liability. Changes in the federal tax rates
don't have any effect on state taxes, but changes to the computation of federal
adjusted net income or taxable income, often do. Illinois, like many states, piggybacks off the federal tax computation of these amounts for both C Corporations
and individual taxpayers. For a C Corporation, Illinois begins with the
corporation's "taxable income" (currently, the figure on line 30 of the federal Form
1120). For an individual taxpayer, Illinois begins with his or her "adjusted gross
income" (currently, the figure on line 37 of federal Form 1040).
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Of the various federal tax law changes discussed above, the provision
allowing C Corporations to expense certain investments in property (until
December 31, 2025) and the provision affecting the depreciation of restaurant
and retail leasehold improvements will affect these businesses' state tax liability - the former favorably, the latter unfavorably. Conversely, the provision allowing
some individual taxpayers to deduct up to 20% of "qualified business income"
from Pass-Through Entities (until January1, 2025) will not affect their state tax
liability, as this deduction is taken after the computation of "adjusted gross
income" for federal purposes.
Summary
The changes in federal tax law effectuated by the Act are among the most
wide-ranging in recent decades. Overall, they will result in a significant reduction
in the federal tax obligations (and, in some cases, a corresponding reduction in
the state tax obligations) of businesses and their owners. While these benefits
are not evenly distributed across businesses -- larger businesses clearly stand to
gain more than smaller ones, in general, and certain classes of businesses are
favored over others -- most businesses and their owners will realize a substantial
increase in their after-tax income. As such, the effect of these changes has a
bearing on the issues under consideration by your committee and the Wilmette
Village Board.

i

Federal tax law recognizes sub-sets of these organizations -- such as REITs
and RICs -- and subjects them to special treatment for tax purposes. I will not be
addressing these sorts of businesses in this memorandum.
ii

To give a sense of how significant this rate reduction is, the Congressional
Budget Office estimated that this provision alone will reduce federal tax revenues
over the next ten years by $1.35 trillion.
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iii

"Permanent," in this context, means that the Act does not impose a sunset date
on these changes as it does in the case of other changes in the Code, most
notably the changes made to the taxation of individual taxpayers and PassThrough Entities. It does not mean that the changes cannot be repealed or
modified by future legislation.
iv

I have set out only the rates for single taxpayers and for married taxpayers filing
jointly, as these are the most common filing statuses. The Act made similar
changes to the rates applicable to other taxpayers.
v

The deduction may apply in some cases, however, to income from a service
trade or business if the taxpayer's taxable income does not exceed $315,000 (for
married individuals filing jointly) or $157,500 (for other individuals).
vi

It is unclear whether this was intentional on the part of the Act's authors. It may
have been a drafting error that could be corrected in subsequent legislation.
vii

In particular, there are significant changes directed at businesses like financial
institutions, financial investors and managers, real estate investors, insurance
companies, large manufacturers, and businesses with significant foreign source
income or operations abroad.
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Appendix 12

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

www.FallonResearch.com

(percentages may not add up to 100% due to rounding)

Q. 1. Would you say that the Village of Wilmette is going in the right direction, or has it gotten
off onto the wrong track?
67.8%
15.3
4.4
12.5

Right direction
Wrong track
Mixed/both (volunteered)
Unsure/no answer

Turning to a specific topic…
Q. 2. As you may or may not know, the minimum wage established by the State of Illinois that
businesses in the Village of Wilmette are required to pay employees is $8.25 per hour. Do you
think that this amount is too high, generally pretty fair or too low?
2.6%
27.1
65.7
4.6

Too high
Pretty fair
Too low
Unsure/no answer

Q. 3. How much news and information have you heard, read or seen about a minimum wage
ordinance that Cook County has adopted, which raised the minimum wage, so that it will
gradually go up to $13 per hour by the year 2020? Have you heard, read or seen a lot of news
and information about it, some news and information or nothing at all?
18.8%
56.1
23.7
1.4

A lot
Some
Nothing
Unsure/no answer

Q. 4. The Cook County ordinance requires local businesses to increase the minimum wage for
most employees except those in businesses with less than 4 employees, teens under age 18,
trainees during their first 90 days, and independent contractors. In general, do you think that the
Village of Wilmette should or should not follow the Cook County Minimum Wage Ordinance?
66.4% Should follow
26.7 Should not
6.9
Unsure/no answer
Q. 5. How much news and information have you heard, read or seen about a new paid sick leave
1

ordinance that Cook County has adopted, which requires businesses to provide most employees
with up to 40 hours of paid sick leave each year? Have you heard, read or seen a lot of news and
information about it, some news and information or nothing at all?
12.4%
32.7
54.2
.7

A lot
Some
Nothing
Unsure/no answer

Q. 6. In general, do you think the Village of Wilmette should or should not follow the Cook
County Ordinance requiring local businesses to provide paid sick leave annually to most
employees?
67%
24.6
8.4

Should follow
Should not
Unsure/no answer

Q. 7. Were you aware that the Wilmette Village Board voted to exempt local businesses from
Cook County’s minimum wage and paid sick leave ordinances?
44.8% Yes, aware
54.4 No, not aware
.8
Unsure/no answer
Q. 8. Does knowing that the Village has chosen not to follow the Cook County ordinances, so
businesses in Wilmette are not required to increase the minimum wage or offer paid sick leave to
employees, make your opinion of the Village of Wilmette more favorable, less favorable or does
it not affect your views?
15.2%
44.4
36.5
3.9

More favorable
Less favorable
No effect
Unsure/no answer

(ROTATED NEXT 2 QUESTIONS)
Q. 9. Since research shows that restaurant prices tend to increase following a raise in the
minimum wage, would you be more or less likely to patronize Wilmette restaurants if the
minimum wage is increased or does it have no effect on your decision?
10.3%
12.3
74.5
2.9

More likely
Less likely
No effect
Unsure/no answer

Q. 10. Since research shows that, in order to avoid losing wages, nearly half of food service
2

employees who are ill come to work sick if they don’t have paid sick leave, would you be more or
less likely to patronize Wilmette restaurants if local restaurants provide paid sick leave or does it
have no effect on your decision?
32.3%
8.4
55.6
3.7

More likely
Less likely
No effect
Unsure/no answer

Finally, I have a few short questions for statistical purposes...
Q. 11. I would like to read you a list of age groups. Please stop me when I get to the one you are
in.
30.7%
36.4
31.9
1

18 to 44
45 to 64
65 and older
Unsure/no answer

Q. 12. Do you have any children under 18 years of age in your household?
42.7% Yes
55.5 No
1.7
Unsure/no answer
Gender:
47.2% Male
52.8 Female
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GENDER:

Q. 1. Would you say that
the Village of Wilmette is
going in the right
direction, or has it gotten
off onto the wrong track?

AGE GROUP:
65 and
45 to 64
older
Col %
Col %
65.6%
66.4%

Male
Col %
69.7%

Female
Col %
66.1%

18 to 44
Col %
70.7%

Wrong track

13.6%

16.8%

10.2%

18.1%

Mixed/both

4.7%

4.2%

2.4%

8.2%

12.0%
100.0%

12.9%
100.0%

16.7%
100.0%

8.0%
100.0%

Right direction

DK/NA

Table Total

CHILDREN UNDER 18 WITHIN THE
HOUSEHOLD:

Q. 1. Would you say that
the Village of Wilmette is
going in the right
direction, or has it gotten
off onto the wrong track?

Col %
67.8%

17.5%

.0%

15.3%

2.2%

.0%

4.4%

14.0%
100.0%

.0%
100.0%

12.5%
100.0%

VOTING STATUS:
Not
Registered
registered
to vote
to vote
Col %
Col %
67.2%
75.7%

Table
Total

No
Col %
62.6%

Wrong track

11.9%

18.4%

.0%

15.4%

14.6%

15.3%

Mixed/both

5.3%

3.3%

20.0%

4.8%

.0%

4.4%

8.8%
100.0%

15.8%
100.0%

.0%
100.0%

12.7%
100.0%

9.7%
100.0%

12.5%
100.0%

DK/NA

Table Total

GENDER:

Q. 2. Do you think that
this amount is too high,
generally pretty fair or
too low?

DK/NA
Col %
100.0%

Yes
Col %
74.1%

Right direction

DK/NA
Col %
80.0%

Table
Total

Too high
Pretty fair
Too low
DK/NA

Table Total

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

Male
Col %
4.0%
33.1%
56.8%
6.1%
100.0%

Female
Col %
1.3%
21.8%
73.7%
3.2%
100.0%

18 to 44
Col %
3.2%
28.0%
61.8%
7.0%
100.0%

www.FallonResearch.com
@PFallonResearch

AGE GROUP:
65 and
45 to 64
older
Col %
Col %
3.4%
1.1%
29.9%
21.8%
64.7%
71.6%
1.9%
5.5%
100.0%
100.0%

Col %
67.8%

Table
Total
DK/NA
Col %
.0%
66.7%
33.3%
.0%
100.0%

Col %
2.6%
27.1%
65.7%
4.6%
100.0%

Page 1

CHILDREN UNDER 18 WITHIN THE
HOUSEHOLD:

Q. 2. Do you think that
this amount is too high,
generally pretty fair or
too low?

Too high
Pretty fair
Too low
DK/NA

Table Total

Yes
Col %
3.6%
30.5%
62.8%
3.1%
100.0%

No
Col %
1.9%
24.2%
68.7%
5.3%
100.0%

DK/NA
Col %
.0%
40.0%
40.0%
20.0%
100.0%

GENDER:
Male
Col %
Q. 3. How much news
and information have
you heard, read or
seen about a minimum
wage ordinance that
Cook County has
adopted, which raised
the minimum wage, so
that it will gradually go
up to $13 per hour by
the year 2020?

A lot
Some
Nothing
DK/NA

Table Total

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

Female
Col %

18 to 44
Col %

Table
Total

VOTING STATUS:
Not
Registered
registered
to vote
to vote
Col %
Col %
2.8%
.0%
25.8%
43.8%
66.4%
56.2%
4.9%
.0%
100.0%
100.0%

AGE GROUP:
65 and
45 to 64
older
Col %
Col %

Col %
2.6%
27.1%
65.7%
4.6%
100.0%

Table
Total
DK/NA
Col %

Col %

21.2%

16.6%

22.3%

21.6%

12.9%

.0%

18.8%

52.8%

59.0%

50.0%

65.1%

51.3%

66.7%

56.1%

23.7%

23.7%

25.3%

12.4%

34.7%

33.3%

23.7%

2.3%

.7%

2.4%

1.0%

1.1%

.0%

1.4%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

www.FallonResearch.com
@PFallonResearch

Page 2

CHILDREN UNDER 18 WITHIN THE
HOUSEHOLD:

Yes
Col %
Q. 3. How much news
and information have
you heard, read or
seen about a minimum
wage ordinance that
Cook County has
adopted, which raised
the minimum wage, so
that it will gradually go
up to $13 per hour by
the year 2020?

A lot
Some
Nothing
DK/NA

Table Total

No
Col %

DK/NA
Col %

Should follow
Should not
DK/NA

Table Total

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

Col %

24.8%

14.2%

20.0%

19.6%

8.5%

18.8%

56.5%

55.6%

60.0%

55.4%

64.6%

56.1%

17.9%

28.2%

20.0%

23.4%

26.9%

23.7%

.8%

2.0%

.0%

1.6%

.0%

1.4%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

Q. 2. Do you think that this amount is too high,
generally pretty fair or too low?
Too high
Pretty fair
Too low
DK/NA
Col %
Col %
Col %
Col %
Q. 4. In general, do you
think that the Village of
Wilmette should or
should not follow the
Cook County Minimum
Wage Ordinance?

Table
Total

VOTING STATUS:
Not
Registered
registered
to vote
to vote
Col %
Col %

Q. 3. How much news and information have you
heard, read or seen about a minimum wage
ordinance that Cook County has adopted, which
raised the minimum wage, so that it will gradually go
up to $13 per hour by the year 2020?
A lot
Some
Nothing
DK/NA
Col %
Col %
Col %
Col %

Table
Total
Col %

.0%

31.8%

86.3%

23.8%

60.9%

66.7%

69.6%

75.8%

66.4%

86.5%

62.3%

7.9%

52.0%

35.7%

28.2%

17.6%

.0%

26.7%

13.5%

5.9%

5.8%

24.2%

3.3%

5.1%

12.8%

24.2%

6.9%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

www.FallonResearch.com
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GENDER:
Male
Col %
Q. 4. In general, do you
think that the Village of
Wilmette should or
should not follow the
Cook County Minimum
Wage Ordinance?

Should follow
Should not
DK/NA

Table Total

Female
Col %

AGE GROUP:
65 and
45 to 64
older
Col %
Col %

18 to 44
Col %

Should not
DK/NA

Table Total

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

Col %

72.7%

67.2%

63.9%

68.6%

66.7%

66.4%

35.5%

18.8%

29.3%

31.7%

18.3%

33.3%

26.7%

5.1%

8.4%

3.5%

4.4%

13.1%

.0%

6.9%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

Yes
Col %
Should follow

DK/NA
Col %

59.4%

CHILDREN UNDER 18 WITHIN THE
HOUSEHOLD:

Q. 4. In general, do you
think that the Village of
Wilmette should or
should not follow the
Cook County Minimum
Wage Ordinance?

Table
Total

No
Col %

DK/NA
Col %

VOTING STATUS:
Not
Registered
registered
to vote
to vote
Col %
Col %

Table
Total

Col %

65.5%

68.0%

40.0%

66.5%

65.3%

66.4%

31.6%

22.5%

40.0%

26.5%

29.8%

26.7%

2.8%

9.5%

20.0%

7.0%

4.9%

6.9%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%
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GENDER:
Male
Col %
Q. 5. How much news
and information have
you heard, read or seen
about a new paid sick
leave ordinance that
Cook County has
adopted, which requires
businesses to provide
most employees with up
to 40 hours of paid sick
leave each year?

A lot
Some
Nothing
DK/NA

Table Total

Female
Col %

AGE GROUP:
65 and
45 to 64
older
Col %
Col %

18 to 44
Col %

Table Total

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

Some
Nothing
DK/NA

Col %

9.7%

15.6%

17.2%

4.4%

.0%

12.4%

29.5%

35.5%

27.7%

37.8%

31.7%

33.3%

32.7%

54.4%

54.1%

56.7%

45.1%

61.8%

66.7%

54.2%

.7%

.7%

.0%

.0%

2.2%

.0%

.7%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

Yes
Col %
A lot

DK/NA
Col %

15.4%

CHILDREN UNDER 18 WITHIN THE
HOUSEHOLD:

Q. 5. How much news
and information have
you heard, read or seen
about a new paid sick
leave ordinance that
Cook County has
adopted, which requires
businesses to provide
most employees with up
to 40 hours of paid sick
leave each year?

Table
Total

No
Col %

DK/NA
Col %

VOTING STATUS:
Not
Registered
registered
to vote
to vote
Col %
Col %

Table
Total

Col %

19.0%

7.1%

20.0%

12.4%

12.3%

12.4%

36.9%

29.8%

20.0%

33.6%

21.1%

32.7%

44.1%

61.8%

60.0%

53.2%

66.6%

54.2%

.0%

1.3%

.0%

.8%

.0%

.7%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%
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Q. 5. How much news and information have you
heard, read or seen about a new paid sick leave
ordinance that Cook County has adopted, which
requires businesses to provide most employees with
up to 40 hours of paid sick leave each year?
A lot
Some
Nothing
DK/NA
Col %
Col %
Col %
Col %
Q. 6. In general, do you
think the Village of
Wilmette should or
should not follow the
Cook County Ordinance
requiring local
businesses to provide
paid sick leave annually
to most employees?

Col %

Should follow
43.5%

70.1%

71.3%

.0%

67.0%

54.2%

24.6%

16.9%

100.0%

24.6%

2.2%

5.3%

11.8%

.0%

8.4%

100.0%

100.0%

100.0%

100.0%

100.0%

Should not
DK/NA

Table Total

GENDER:
Male
Col %
Q. 6. In general, do you
think the Village of
Wilmette should or
should not follow the
Cook County Ordinance
requiring local
businesses to provide
paid sick leave annually
to most employees?

Table
Total

Female
Col %

18 to 44
Col %

AGE GROUP:
65 and
45 to 64
older
Col %
Col %

Table
Total
DK/NA
Col %

Col %

Should follow
59.6%

73.6%

72.6%

59.2%

70.5%

66.7%

67.0%

33.2%

16.9%

23.7%

32.4%

16.4%

33.3%

24.6%

7.2%

9.5%

3.8%

8.4%

13.1%

.0%

8.4%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

Should not
DK/NA

Table Total

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older
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CHILDREN UNDER 18 WITHIN THE
HOUSEHOLD:

Yes
Col %
Q. 6. In general, do you
think the Village of
Wilmette should or
should not follow the
Cook County Ordinance
requiring local
businesses to provide
paid sick leave annually
to most employees?

No
Col %

DK/NA
Col %

Col %

Should follow
66.8%

67.3%

60.0%

67.0%

66.3%

67.0%

28.5%

21.1%

40.0%

24.6%

24.9%

24.6%

4.7%

11.5%

.0%

8.4%

8.7%

8.4%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

Should not
DK/NA

Table Total

Q. 3. How much news and information have you
heard, read or seen about a minimum wage
ordinance that Cook County has adopted, which
raised the minimum wage, so that it will gradually go
up to $13 per hour by the year 2020?
A lot
Some
Nothing
DK/NA
Col %
Col %
Col %
Col %
Q. 7. Were you aware
that the Wilmette Village
Board voted to exempt
local businesses from
Cook County's minimum
wage and paid sick
leave ordinances?

Table
Total

VOTING STATUS:
Not
Registered
registered
to vote
to vote
Col %
Col %

Yes, aware
No, not aware
DK/NA

Table Total

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

Q. 5. How much news and information have you
heard, read or seen about a new paid sick leave
ordinance that Cook County has adopted, which
requires businesses to provide most employees with
up to 40 hours of paid sick leave each year?
A lot
Some
Nothing
DK/NA
Col %
Col %
Col %
Col %

Table
Total
Col %

80.3%

46.1%

14.8%

24.2%

84.8%

67.9%

22.3%

.0%

44.8%

19.7%

52.6%

85.2%

75.8%

15.2%

32.1%

76.9%

50.0%

54.4%

.0%

1.4%

.0%

.0%

.0%

.0%

.8%

50.0%

.8%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%
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Q. 4. In general, do you think that the
Village of Wilmette should or should
not follow the Cook County Minimum
Wage Ordinance?
Should
Should not
DK/NA
follow
Col %
Col %
Col %
Q. 7. Were you aware
that the Wilmette Village
Board voted to exempt
local businesses from
Cook County's minimum
wage and paid sick
leave ordinances?

Yes, aware
No, not aware
DK/NA

Table Total

No, not aware
DK/NA

Table Total

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

Col %

51.0%

19.3%

42.6%

57.1%

26.5%

44.8%

55.1%

47.7%

74.7%

57.4%

41.5%

68.6%

54.4%

.0%

1.3%

6.0%

.0%

1.4%

4.9%

.8%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

Male
Col %
Yes, aware

Table
Total

44.9%

GENDER:

Q. 7. Were you aware
that the Wilmette Village
Board voted to exempt
local businesses from
Cook County's minimum
wage and paid sick
leave ordinances?

Q. 6. In general, do you think the
Village of Wilmette should or should
not follow the Cook County Ordinance
requiring local businesses to provide
paid sick leave annually to most
employees?
Should
Should not
DK/NA
follow
Col %
Col %
Col %

Female
Col %

18 to 44
Col %

AGE GROUP:
65 and
45 to 64
older
Col %
Col %

Table
Total
DK/NA
Col %

Col %

42.4%

46.9%

45.7%

56.1%

31.4%

33.3%

44.8%

56.0%

53.1%

53.0%

43.9%

67.5%

66.7%

54.4%

1.6%

.0%

1.3%

.0%

1.1%

.0%

.8%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%
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CHILDREN UNDER 18 WITHIN THE
HOUSEHOLD:

Yes
Col %
Q. 7. Were you aware
that the Wilmette Village
Board voted to exempt
local businesses from
Cook County's minimum
wage and paid sick
leave ordinances?

Yes, aware
No, not aware

DK/NA
Col %

35.8%

40.0%

46.3%

24.7%

44.8%

43.3%

62.8%

60.0%

52.8%

75.3%

54.4%

.0%

1.4%

.0%

.8%

.0%

.8%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

Q. 4. In general, do you think that the
Village of Wilmette should or should
not follow the Cook County Minimum
Wage Ordinance?
Should
Should not
DK/NA
follow
Col %
Col %
Col %
Q. 8. Does knowing that
the Village has chosen
not to follow the Cook
County ordinances, so
businesses in Wilmette
are not required to
increase the minimum
wage or offer paid sick
leave to employees,
make your opinion of the
Village of Wilmette
more...
Table Total

Col %

56.7%

DK/NA

Table Total

No
Col %

Table
Total

VOTING STATUS:
Not
Registered
registered
to vote
to vote
Col %
Col %

Q. 6. In general, do you think the
Village of Wilmette should or should
not follow the Cook County Ordinance
requiring local businesses to provide
paid sick leave annually to most
employees?
Should
Should not
DK/NA
follow
Col %
Col %
Col %

Table
Total

Col %

More favorable
3.3%

45.8%

10.2%

4.3%

48.8%

3.3%

15.2%

61.2%

10.3%

15.3%

60.6%

6.4%

27.1%

44.4%

33.9%

40.0%

48.5%

32.1%

43.3%

52.2%

36.5%

1.6%

3.9%

26.1%

3.1%

1.4%

17.4%

3.9%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

Less favorable
No effect
DK/NA

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

www.FallonResearch.com
@PFallonResearch

Page 9

GENDER:
Male
Col %
Q. 8. Does knowing that
the Village has chosen
not to follow the Cook
County ordinances, so
businesses in Wilmette
are not required to
increase the minimum
wage or offer paid sick
leave to employees,
make your opinion of the
Village of Wilmette
more...
Table Total

Female
Col %

AGE GROUP:
65 and
45 to 64
older
Col %
Col %

18 to 44
Col %

Table
Total
DK/NA
Col %

Col %

More favorable
20.9%

10.0%

11.6%

22.3%

10.9%

.0%

15.2%

39.9%

48.5%

47.9%

42.9%

43.2%

33.3%

44.4%

36.2%

36.9%

38.2%

32.8%

39.3%

33.3%

36.5%

3.0%

4.6%

2.4%

1.9%

6.6%

33.3%

3.9%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

Less favorable
No effect
DK/NA

CHILDREN UNDER 18 WITHIN THE
HOUSEHOLD:

Yes
Col %
Q. 8. Does knowing that
the Village has chosen
not to follow the Cook
County ordinances, so
businesses in Wilmette
are not required to
increase the minimum
wage or offer paid sick
leave to employees,
make your opinion of the
Village of Wilmette
more...
Table Total

No
Col %

DK/NA
Col %

VOTING STATUS:
Not
Registered
registered
to vote
to vote
Col %
Col %

Table
Total

Col %

More favorable
16.4%

14.0%

20.0%

15.0%

17.2%

15.2%

47.1%

43.1%

20.0%

44.6%

42.8%

44.4%

35.7%

37.1%

40.0%

36.3%

40.0%

36.5%

.8%

5.8%

20.0%

4.2%

.0%

3.9%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

Less favorable
No effect
DK/NA

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

www.FallonResearch.com
@PFallonResearch

Page 10

Q. 4. In general, do you think that the
Village of Wilmette should or should
not follow the Cook County Minimum
Wage Ordinance?
Should
Should not
DK/NA
follow
Col %
Col %
Col %
Q. 9. Since research
shows that restaurant
prices tend to increase
following a raise in the
minimum wage, would
you be more or less
likely to patronize
Wilmette restaurants if
the minimum wage is
increased or does it
have no effect on your
decision?
Table Total

Col %

More likely
12.9%

5.4%

5.1%

10.3%

4.5%

33.4%

5.1%

12.3%

81.7%

56.3%

75.9%

74.5%

.9%

4.9%

13.9%

2.9%

100.0%

100.0%

100.0%

100.0%

Less likely
No effect
DK/NA

GENDER:
Male
Col %
Q. 9. Since research
shows that restaurant
prices tend to increase
following a raise in the
minimum wage, would
you be more or less
likely to patronize
Wilmette restaurants if
the minimum wage is
increased or does it
have no effect on your
decision?
Table Total

Table
Total

Female
Col %

18 to 44
Col %

AGE GROUP:
65 and
45 to 64
older
Col %
Col %

Table
Total
DK/NA
Col %

Col %

More likely
6.8%

13.6%

7.0%

14.1%

9.6%

.0%

10.3%

14.9%

9.9%

16.4%

15.1%

4.4%

33.3%

12.3%

73.6%

75.3%

74.4%

68.5%

81.7%

66.7%

74.5%

4.7%

1.3%

2.1%

2.3%

4.4%

.0%

2.9%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

Less likely
No effect
DK/NA

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older
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CHILDREN UNDER 18 WITHIN THE
HOUSEHOLD:

Yes
Col %
Q. 9. Since research
shows that restaurant
prices tend to increase
following a raise in the
minimum wage, would
you be more or less
likely to patronize
Wilmette restaurants if
the minimum wage is
increased or does it
have no effect on your
decision?
Table Total

No
Col %

DK/NA
Col %

VOTING STATUS:
Not
Registered
registered
to vote
to vote
Col %
Col %

Table
Total

Col %

More likely
10.9%

10.3%

.0%

10.5%

8.7%

10.3%

14.1%

10.0%

40.0%

12.6%

7.7%

12.3%

72.2%

76.7%

60.0%

74.1%

79.7%

74.5%

2.8%

3.0%

.0%

2.8%

3.9%

2.9%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

Less likely
No effect
DK/NA

Q. 6. In general, do you think the
Village of Wilmette should or should
not follow the Cook County Ordinance
requiring local businesses to provide
paid sick leave annually to most
employees?
Should
Should not
DK/NA
follow
Col %
Col %
Col %
Q. 10. Since research
shows that, in order to
avoid losing wages,
nearly half of food
service employees who
are ill come to work sick
if they don't have paid
sick leave, would you
be more or less likely to
patronize Wilmette
restaurants if local...
Table Total

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

More likely
Less likely
No effect
DK/NA

Table
Total

Col %

43.1%

6.7%

20.8%

32.3%

8.8%

6.4%

11.6%

8.4%

44.7%

85.5%

55.2%

55.6%

3.4%

1.4%

12.5%

3.7%

100.0%

100.0%

100.0%

100.0%

www.FallonResearch.com
@PFallonResearch
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GENDER:
Male
Col %
Q. 10. Since research
shows that, in order to
avoid losing wages,
nearly half of food
service employees who
are ill come to work sick
if they don't have paid
sick leave, would you
be more or less likely to
patronize Wilmette
restaurants if local...

More likely
Less likely
No effect
DK/NA

Table Total

Female
Col %

AGE GROUP:
65 and
45 to 64
older
Col %
Col %

18 to 44
Col %

Table Total

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

Less likely
No effect
DK/NA

Col %

40.5%

35.2%

34.4%

28.2%

.0%

32.3%

9.9%

7.1%

4.8%

9.6%

10.9%

.0%

8.4%

62.8%

49.2%

57.8%

55.3%

52.4%

100.0%

55.6%

4.2%

3.1%

2.1%

.8%

8.5%

.0%

3.7%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

Yes
Col %
More likely

DK/NA
Col %

23.1%

CHILDREN UNDER 18 WITHIN THE
HOUSEHOLD:

Q. 10. Since research
shows that, in order to
avoid losing wages,
nearly half of food
service employees who
are ill come to work sick
if they don't have paid
sick leave, would you
be more or less likely to
patronize Wilmette
restaurants if local...

Table
Total

No
Col %

DK/NA
Col %

VOTING STATUS:
Not
Registered
registered
to vote
to vote
Col %
Col %

Table
Total

Col %

33.9%

32.0%

.0%

33.1%

22.1%

32.3%

4.8%

10.9%

20.0%

8.8%

3.9%

8.4%

58.5%

52.7%

80.0%

54.2%

74.1%

55.6%

2.8%

4.4%

.0%

3.9%

.0%

3.7%

100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

www.FallonResearch.com
@PFallonResearch
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CHILDREN UNDER 18 WITHIN THE
HOUSEHOLD:

AGE GROUP:

GENDER:

Male
Female

Table Total

18 to 44
Col %
47.9%
52.1%
100.0%

65 and
older
Col %
38.0%
62.0%
100.0%

45 to 64
Col %
53.2%
46.8%
100.0%

GENDER:

AGE
GROUP:

18 to 44
45 to 64
65 and older
DK/NA

Table Total

Male
Col %
31.1%
41.0%
25.7%
2.2%
100.0%

Female
Col %
30.3%
32.2%
37.5%
.0%
100.0%

DK/NA
Col %
100.0%
.0%
100.0%

CHILDREN UNDER
18 WITHIN THE
HOUSEHOLD:
Table Total

Yes
No
DK/NA

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

Female
Col %
43.2%
56.8%
.0%
100.0%

No
Col %
46.0%
54.0%
100.0%

CHILDREN UNDER 18 WITHIN THE
HOUSEHOLD:

Yes
Col %
50.1%
48.6%
1.3%
.0%
100.0%

GENDER:

Male
Col %
42.2%
54.1%
3.7%
100.0%

Yes
Col %
46.6%
53.4%
100.0%

No
Col %
16.7%
26.9%
56.5%
.0%
100.0%

DK/NA
Col %
.0%
40.0%
.0%
60.0%
100.0%

DK/NA
Col %
100.0%
.0%
100.0%

VOTING STATUS:
Not
Registered
registered
to vote
to vote
Col %
Col %
30.5%
32.2%
35.1%
53.3%
33.2%
14.6%
1.1%
.0%
100.0%
100.0%

AGE GROUP:

18 to 44
Col %
69.8%
30.2%
.0%
100.0%

45 to 64
Col %
57.1%
41.0%
1.9%
100.0%

www.FallonResearch.com
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65 and
older
Col %
1.7%
98.3%
.0%
100.0%

VOTING STATUS:
Not
Registered
registered
to vote
to vote
Col %
Col %
46.2%
60.3%
53.8%
39.7%
100.0%
100.0%

DK/NA
Col %
.0%
.0%
100.0%
100.0%

Table
Total

Col %
47.2%
52.8%
100.0%

Table
Total

Col %
30.7%
36.4%
31.9%
1.0%
100.0%

VOTING STATUS:
Not
Registered
registered
to vote
to vote
Col %
Col %
40.6%
70.8%
57.6%
29.2%
1.9%
.0%
100.0%
100.0%

Table
Total

Col %
42.7%
55.5%
1.7%
100.0%
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GENDER:

VOTING STATUS:
Table Total

Registered to vote
Not registered to vote

Male
Col %
90.8%
9.2%
100.0%

MINIMUM WAGE & PAID SICK LEAVE STUDY
Village of Wilmette, Illinois
4/11/2018 - 4/14/2018
N=303, +/- 5.62%
Adults 18 Years of Age or Older

Female
Col %
94.6%
5.4%
100.0%

18 to 44
Col %
92.5%
7.5%
100.0%

AGE GROUP:
65 and
45 to 64
older
Col %
Col %
89.5%
96.7%
10.5%
3.3%
100.0%
100.0%

www.FallonResearch.com
@PFallonResearch

CHILDREN UNDER 18 WITHIN THE
HOUSEHOLD:
DK/NA
Col %
100.0%
.0%
100.0%

Yes
Col %
88.1%
11.9%
100.0%

No
Col %
96.2%
3.8%
100.0%

DK/NA
Col %
100.0%
.0%
100.0%

Table
Total

Col %
92.8%
7.2%
100.0%
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REPORT ON INVESTIGATION OF RESIDENT SURVEY INCIDENT
A recent incident raised doubts about the fairness of the telephone survey recently
conducted by the Village's Minimum Wage and Paid Sick Days Working Group. The
survey was conducted over three days -- April 11, 12, and 13 -- by Fallon Research. It
was intended to elicit residents' input concerning the question underlying the work of the
Working Group -- whether the Village Board should "opt-in" to Cook County's Minimum
Wage and Paid Sick Days Ordinances. This memorandum states the facts that Michael
Braiman, Assistant Village Manager, and I gathered during our investigation of this
incident. After this statement of facts, I set forth my (not Mr. Braiman's) conclusions.
THE FACTS
The incident involved a telephone call made by a Fallon Research pollster to a Wilmette
resident. The details of the call are not in dispute. After an introductory statement, the
pollster asked the resident, "Would you say that the Village of Wilmette is going in the
right direction, or has it gotten off onto the wrong track?" Of several choices listed by the
pollster, the resident selected, "Wrong track". The pollster then responded that the survey
was over. The resident challenged the pollster, "What do you mean it's over? I thought
you were going to ask me questions." The pollster explained simply that "we've filled our
quota." The resident persisted, "If I had answered Wilmette is headed in the right
direction, would you have more questions for me? Is it over because I said Wilmette is
headed in the wrong direction?" The pollster then hung up.
The resident reasonably concluded, based on this exchange, that her "wrong track"
answer was the reason for the discontinuation of the survey. And if some or all "wrong
track" respondents were excluded from the survey process, the results might be flawed - biased in favor of residents who think the Village is going in the "right direction" and
against those who believe it's on the "wrong track".
This incident was brought to my attention by Mr. Braiman on Thursday, April 19 and again
by a resident (not the one involved in the call) on Friday, April 20. We decided to
investigate promptly by speaking to Paul Fallon himself to get the details of the survey
process.
Our telephone conversation with Paul Fallon occurred on Monday, April 23. A summary
of the conversation that I prepared immediately thereafter is as follows:
"The last day of interviewing was April 14. Paul wasn't exactly sure of the
time of day when the survey ended and said he doubted that he could
recover this information.
1

"As the process drew to a close, a group of interviewers were speaking to
respondents. At some point, the manager of the process observed that the
quota of 300 respondents had been met, and he/she stopped further
interviewing. The surveys of two people were terminated mid-stream
because the quota of 300 had been reached. Paul would not identify these
respondents or their phone numbers, citing the promise of
confidentiality. Before the manager was able to totally effectuate the
shutdown, a total of 303 interviews had actually been completed.
"The first question on the survey was asked solely for three reasons: (1) to
ease respondents into the process of responding to the questions; (2) to
help weed out respondents who were not Wilmette residents; and (3) to help
interviewers identify whether the respondent was a male or female (there
was a quota for each gender, based on Wilmette's demographic
composition). Four interviews of male respondents were terminated midstream during the interview process because the quota for males was
reached before the quota for females was reached. Again, Paul declined
to disclose their names or phone numbers.
"Paul insisted repeatedly that no survey was terminated mid-stream based
on the respondent's answer to the first question, and that the survey results
are valid and he stands behind them.
"Paul agreed to see if he could determine the time when the survey was cut
off and how that process was handled by the manager. He also said he
would check whether he would be available for the Village Board's May 15
meeting."
Later in the same day, Mr. Fallon phoned Mr. Braiman and related the following additional
information: First, the pollsters are not made aware of the specific quota being met
(male/female or # of respondents); thus, they are unable to inform the resident of the
reason for terminating the call (the computer simply tells them a quota has been met and
new or newly initiated surveys are stopped by the supervisor). Second, they try not to
exceed 1% of the number of surveys paid for (in this instance, the Village paid for 300,
and 1% is 303). Third, Mr. Fallon is not available to attend the May 15th Village Board
meeting.
The resident who initially contacted me about this situation stated that she could furnish
me the name and contact information for the resident involved in this incident, but added,
"They only ask that their identity be kept confidential." I responded that I would appreciate
receiving the contact information for purposes of our investigation, and I agreed that "I
will respect the person's concern about confidentiality." The name and contact
information were then furnished to me.
I contacted the resident on April 23. She was cooperative and forthcoming. After several
back-and-forth emails, she and I identified the date, time, duration, and originating
2

telephone number of the survey call, based on her phone records. The phone call
occurred on April 13 at 5:00 p.m. and lasted for 73 seconds (which is consistent with the
time that would be required for the pollster to read the opening statement and for the
pollster and the resident to have the brief conversation summarized above). According
to the resident's phone records, the originating phone number was 847-519-2002 and
came from Hoffman Estates.
As stated above, Mr. Fallon declined to furnish information about specific calls during our
conversation on April 23. He insisted that providing this information would violate the
confidentiality pledge made to respondents at the outset of the calls and would also violate
the ethics of the polling profession. However, Mr. Braiman and I continued to press for
information that, in our opinion, was not confidential, and Mr. Fallon ultimately divulged
(on April 26) that the survey ended in the afternoon of April 13 (not on April 14 as originally
stated) and that 847-519-2002 was one of three originating numbers used by Fallon
Research to make the calls. Prior to Mr. Fallon's providing this supplemental information
on April 26, neither Mr. Braiman nor I furnished him information we had learned from the
resident about the date, time, and originating number of the call.
CONCLUSIONS
1. Fallon Research's procedure of terminating survey interviews mid-stream without
explanation upon reaching a quota did not serve the Village well. In this case, the
interviewee and other residents who became aware of the incident reasonably
concluded that the survey was terminated based on the interviewee's answer to
the first question. That conclusion logically leads to questions about possible bias
of the survey. I feel compelled to make this comment about Fallon Research: This
firm was representing to interviewees that they "have been retained by the Village
of Wilmette to conduct a public survey". It should have been more sensitive to how
residents might react to a mid-stream, unexplained termination of the survey and
how this action might affect residents' opinion of the Village and the survey. I was
quite disappointed by this aspect of Fallon Research's performance.
2. Despite this, I believe Fallon Research's explanation that the survey was
terminated because the quota was reached, not because of the respondent's
"wrong track" response. Significantly, the call involved in this incident occurred
late in the afternoon on the final day of the survey, and this fact supports Fallon
Research's explanation that the interview was terminated because the "quota" was
reached. While I wish that Fallon Research would have provided Mr. Braiman and
me with more detailed information regarding the name, phone number, date, and
time of surveys terminated mid-stream because of the quota, I somewhat
understand their confidentiality and ethics concerns. (Mr. Braiman and I did not
3

request information about any respondent's answers to questions, as this
information would clearly be confidential.)
3. Other

factors

point

to

the

conclusion

set

forth

in

paragraph

2:

a. The explanation of Fallon Research for asking the "right direction/wrong
track" question is plausible -- the question is a device that facilitates the
interview process. No importance is attached to respondents' answers to
this question, and a "right direction" answer was not a criterion for
proceeding to the balance of the survey questions. Indeed, 15.3% of
respondents gave the "wrong track" answer, but the pollsters continued and
completed their interviews. Moreover, the 15.3% "wrong track" response
rate was consistent with a survey conducted by the Village late last year in
which 14.1% of respondents gave the "wrong track" answer to the same
question. This similar rate of response indicates that "wrong track"
respondents were not excluded from the second survey, and they
participated in accordance with their rate of representation in the
community.
b. Fallon Research was well-aware of the Working Group's desire for an
objective, neutral, valid survey. This was emphasized to Mr. Fallon
repeatedly by Mr. Braiman and me as the Working Group framed the
questions, and he himself emphasized it by pushing back against the
wording of some of the questions submitted by the Working Group for
inclusion in the survey. The idea that Fallon Survey would conduct the
survey in a manner that might undermine this goal makes no sense. Fallon
Research has a professional reputation to protect and had no reason to put
it in jeopardy.
c.

Neither Fallon Research nor the Working Group had any reason to know
whether excluding "wrong direction" respondents would tilt the survey
results one way or another. In other words, if Fallon Research were trying
to slant the outcome of the survey, excluding "wrong track" respondents
would be a highly uncertain way to accomplish this. Consider these
possibilities: Some respondents who favor "opting in" to the County
minimum wage and paid sick days ordinances may have given the "wrong
track" answer because they disagree with the Village Board's earlier
decision to "opt out" of the County Ordinances, while other respondents who
oppose "opting in" may have given the "wrong track" answer because the
Village is now considering whether to "opt in".
4

d. Finally, no other residents have come forward to report similar incidents,
even though this incident received widespread publicity.

John Jacoby, Chair, Working Group
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From:
To:
Subject:
Date:

Jeff Lehn
Braiman, Michael
Re: Village of Wilmette Minimum Wage and Paid Sick Leave Working Group
Monday, March 5, 2018 3:47:59 PM

Dear Michael,
Good afternoon! I hope you are well on this overcast Monday. I’m writing in response to John Prejzner’s email
of last week about the work of the Wilmette Minimum Wage and Paid Sick Leave Working Group. Thanks for
reaching out to Wilmette clergy for input. Please let me know if I can be of any further help to the Working
Group or if you’d like me to elaborate on anything I’ve shared.
My name is Jeff Lehn and I’m a Presbyterian pastor serving First Presbyterian Church (located at the corner of
9th and Greenleaf). I’ve only been in my role of senior pastor for a year, but have already come to love and
appreciate our community a great deal.
First, let me thank you for serving on this Work Group. I’m grateful that, even though the Village Board voted
to opt out of Cook County’s minimum wage and sick leave provisions last year, we are now going to be
studying it.
I’m not a policymaker and don’t pretend to understand the full range of issues involved in raising the minimum
wage or offering paid sick leave for local businesses. But I do speak from the perspective of my Christian faith,
which calls for abundant life for all God’s children. Where all have enough to reach their potential, take care of
their family, share their gifts with the world, make it a more loving, kind and hopeful place. I know it’s the
desire of each one of you on this Working Group. I also know it’s the desire of employees who work in local
businesses making the current minimum wage and without paid sick days.

We are all blessed beyond measure to live in a community like Wilmette with tremendous wealth
and resources. In 2015, the annual median household income in the Village was $132,110. In
contrast, people who work fulltime at the level of the current minimum wage make only $17,000
per year. (As you know, minimum wage laws across the country have lagged way behind inflation
over the past 50 years.) While it is financially impossible for most of these workers to live in our
community, they still work in local businesses and deserve to be valued and supported by all of
us.
My hope is that the Village Board changes its mind and courageously opts back into the Cook
County minimum wage and paid sick leave changes. We would be setting a compelling example
on the North Shore. And other communities may feel pressure to follow suit. Instead of
conforming to the decisions of our neighbors, we ought to step out boldly. Why not us?
Mother Teresa once said that the problem with the world is that we’ve forgotten we belong to
one another. I think she was right. Our call is to see ourselves in relationship with all of God’s
children, including those struggling to get by, working two jobs making minimum wage just to pay
the rent and put food on the table each month. Raising wages is the most effective way to end
hunger and reduce poverty.
As a Christian pastor, I could cite many passages from our scriptures and theological tradition
about the call to support the last, the lost and the least among us. From the prophet Isaiah, the
teachings of Jesus, and so on. But I’ll refrain from doing so (for the sake of brevity) and just share
that I think we are ultimately judged by how we treat, care for and remunerate our most
vulnerable citizens.

Opting back into the Cook County changes will not usher in utopia. But it will help a little bit. It
will put more money in the pockets of the poor in our community and surrounding communities.
For a single mom raising two children it will make a big difference. And it will make a powerful
symbolic statement that the Village of Wilmette wants to do better.
You have my prayers for wisdom, courage and hope in the days ahead. Please let me know if I
can be of any further help. Again, thanks for reaching out and for reading my comments.
With gratitude and lots of hope,
Jeff
Jeffrey Lehn
Pastor
First Presbyterian Church of Wilmette
600 Ninth Street
Wilmette, IL 60091
jlehn@fpcw.org
847.256.3010 x12
I always hope to return emails in a timely fashion, but please know my Sabbath is Friday and I typically don’t respond to email on
that day or on Saturday.

From: "Prejzner, John" <prejznerj@wilmette.com>
Date: Wednesday, February 28, 2018 at 1:39 PM
To: "Braiman, Michael" <braimanm@wilmette.com>
Subject: Village of Wilmette Minimum Wage and Paid Sick Leave Working Group
Good Afternoon,
Attached is a letter on behalf of the Wilmette Minimum Wage and Paid Sick Leave Working Group.
The working group is seeking information that will assist the Village Board in making policy decisions
regarding minimum wages and sick days for employees of Wilmette businesses. The Working Group
is seeking your input about the proposed changes which are outlined in the attached info table.
To provide any comments you may have please contact Michael Braiman at (847) 853-7506 or
braimanm@wilmette.com.
Thank you,
John Prejzner
Assistant Director of Administrative Services
(847) 853-7502

From:
To:
Subject:
Date:

Sam Gordon
Braiman, Michael; John Jacoby; bfabes@ccachicago.org
Minimum wage and paid sick leave
Wednesday, February 28, 2018 1:57:06 PM

Dear Mr. Braidman:
As a Wilmette resident of almost 38 years, and as a Rabbi in this community, I am writing to support the Cook
County ordinance regarding minimum wage and paid sick leave. I believe that Wilmette should not “opt out” of this
ordinance. My own faith tradition throughout the Hebrew Bible instructs us to care for the laborer and worker. We
are commanded to treat others with dignity and insure equality and justice.
I believe that it is incumbent upon us to provide a living wage that is adequate to provide for working families. In
addition, one should not need to choose between one’s health and the ability to financially provide for one’s family.
I very much value the unique qualities of the Wilmette community. Those who work in our Village are not
strangers. They are part of our Village. I would urge the Board to adopt the Cook County ordinance and apply it to
all those who work within Wilmette.
Thank you for your consideration.
Sincerely,
Rabbi Sam Gordon
Rabbi Samuel N Gordon
Congregation Sukkat Shalom
1001 Central Ave
Wilmette, IL. 60091
847-251-2675
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Work Area Profile Report
All Jobs
Total All Jobs

Total All Jobs

2015
Count
Share
7,257
100.0%

Jobs by Worker Age

Age 29 or younger
Age 30 to 54
Age 55 or older

2015
Count
Share
1,694
23.3%
3,536
48.7%
2,027
27.9%

Jobs by Earnings

$1,250 per month or less
$1,251 to $3,333 per month
More than $3,333 per month

2015
Count
Share
2,131
29.4%
2,492
34.3%
2,634
36.3%

Jobs by NAICS Industry Sector

Agriculture, Forestry, Fishing and Hunting
Mining, Quarrying, and Oil and Gas Extraction
Utilities
Construction
Manufacturing
Wholesale Trade
Retail Trade
Transportation and Warehousing
Information
Finance and Insurance
Real Estate and Rental and Leasing
Professional, Scientific, and Technical Services
Management of Companies and Enterprises
Administration & Support, Waste Management and Remediation
Educational Services
Health Care and Social Assistance
Arts, Entertainment, and Recreation
Accommodation and Food Services
Other Services (excluding Public Administration)
Public Administration

2015
Count
Share
16
0.2%
0
0.0%
0
0.0%
206
2.8%
44
0.6%
131
1.8%
1,275
17.6%
9
0.1%
135
1.9%
461
6.4%
283
3.9%
437
6.0%
0
0.0%
151
2.1%
1,363
18.8%
634
8.7%
468
6.4%
779
10.7%
569
7.8%
296
4.1%

Jobs by Worker Race

White Alone
Black or African American Alone
American Indian or Alaska Native Alone
Asian Alone
Native Hawaiian or Other Pacific Islander Alone
Two or More Race Groups

2015
Count
Share
5,948
82.0%
717
9.9%
21
0.3%
484
6.7%
5
0.1%
82
1.1%

Jobs by Worker Ethnicity

Not Hispanic or Latino
Hispanic or Latino

2015
Count
Share
6,410
88.3%
847
11.7%

Jobs by Worker Educational Attainment

Less than high school
High school or equivalent, no college
Some college or Associate degree
Bachelor's degree or advanced degree
Educational attainment not available (workers aged 29 or younger)

2015
Count
Share
630
8.7%
1,186
16.3%
1,574
21.7%
2,173
29.9%
1,694
23.3%

Jobs by Worker Sex

Male
Female

2015
Count
Share
3,046
42.0%
4,211
58.0%
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WORKING FAMILIES

TASK FORCE

Final Report
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April 4th, 2016

Note: The following is an excerpt from the full report.

EXECUTIVE SUMMARY
After passing an ordinance that will provide more than 400,000 Chicago workers with a raise over the next five
years, Mayor Emanuel launched the Working Families Task Force to identify additional reforms to strengthen the
protections in place for the city’s workers. In addition, nearly 82 percent of Chicago voters supported the adoption
of paid sick days for workers citywide via a non-binding referendum held in February 2015. The Task Force
examined three issue areas: (1) paid sick leave, (2) schedule predictability for shift workers, and (3) paid family
and medical leave. After 6 months of research, community engagement, and deliberation, the task force is
proposing a framework for expanding access to sick leave and family and medical leave while recommending
further research and discussion on schedule predictability before any legislative action is taken.
The following is a summary of Task Force recommendations:
Paid Sick Leave
The Task Force recommended a framework that would provide workers with paid sick leave while having a
nominal impact on employer costs. This proposal would:
•
Allow workers to accrue and use up to 5 earned sick days over the course of 1 year.
•
Workers would earn sick time at a rate of 1 hour earned for every 40 hours worked. This approach
ensures that employees earn and accrue sick time at a proportional rate based on hours worked.
•
Accrued sick leave could be used by new employees after an initial 6-month probationary period.
•
Allow employees to roll over up to 2.5 unused sick days to the following year.
•
Exempt employers that offer combined leave benefits such as Paid Time Off (PTO) from these
requirements as long as employees could accrue and use up to 5 days of PTO within a calendar year.
•
This framework would not require the pay out of unused sick days by the employer and it would also
exempt sick leave benefits that are negotiated as part of a collective bargaining agreement.
A cost model developed by the Civic Consulting Alliance found that this framework would lead to less than a 0.71.5% increase in labor costs for most employers.
Family and Medical Leave (FMLA)
The Task Force’s proposed framework would allow employees to bank a portion of their earned paid sick time to
use exclusively for FMLA-eligible purposes. Only companies that are subject to federal FMLA requirements and
only employees eligible for federal FMLA benefits would be qualified for this benefit. Qualified employees could
bank up to 5 days of accrued sick leave for FMLA-related purposes only (such as child birth and the treatment of
serious illnesses). In the same year as accessing banked FMLA days, employees would be allowed, at minimum,
to take up 7.5 days in a calendar year.
Scheduling Practices
Over three months, the Task Force reviewed research, data, and testimonials to better understand the impact that
scheduling practices have had on workers and their families. Existing and proposed legislation focused on a variety
of provisions that try to address the core objective of increasing stability for working families, each from different
angles. Toward that end, there was general agreement within the Task Force that efforts should be made to better
understand and reduce unwanted and harmful levels of hour unpredictability for employees – both with regard to
income levels and unpredictable schedules – while simultaneously not limiting the exercising of mutually desired
flexibility between employers and employees. However, the group believes further examination is warranted before
any legislation is proposed, given the high levels of complexity with the issue. Therefore, the task force did not
recommend any specific policy proposals to be implemented by legislation, but rather focus on continuing the
conversation with key stakeholders.
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Additional recommendations
The Task Force proposed additional recommendations to support and incentivize businesses to adopt paid leave
policies. These recommendations include creating a City recognition programs for businesses with family friendly
policies, and supporting further research into models that expand access to family leave for employees that
reduce the cost burden on employers.
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2 – PAID SICK LEAVE
2.1 – Context
Paid sick leave policies, also known as earned sick leave, provide workers with the ability to take time off when
they are too sick to work, or if they need to provide care to a sick family member. These policies help families
economically by preventing lost income due to illness, and also mitigate the negative effects on public health.
Studies suggest that paid sick leave reduces health care costs by promoting usage of primary and preventive
care instead of emergency services. Earned sick leave policies encourage individuals to take advantage of
17
preventative service – individuals are 40% more likely to obtain the flu vaccine, 16% more likely to use
18
outpatient services, 20% less likely to use the ER,
and more likely to have a mammogram, pap smear,
19
and a regular doctor’s visit. In addition, several
studies have found that workers who come to work
sick generally experience twice the number of heart
20
related health incidences and were the primary cause
of 70% of norovirus outbreaks, the most common
21
related food-borne illness. Further, paid sick leave
policies have been associated with reducing the
22
spread of illness, sending fewer sick children to
23
24
school, and reduced occupational injuries.
Some employers argue that these policies generate
benefits for the employer by improving retention,
reducing absenteeism, and improving productivity at
work.
Access to paid sick leave provided by employers on a voluntary basis has increased in the US in recent years,
25
rising from 50% in 1992 to 61% in 2015, but there is a significant divide in terms of who gets paid sick leave and
who does not. In particular, while 82% of management and professional occupations have access to paid sick
leave, only 40% of service occupations do so. Much lower access to the same benefits is provided to part-time
26
workers.
As a result, millions of American workers are
going to work sick. In many employment
situations, employees face pressure to work
even while contagious, either because of the
threat of disciplinary action by their employer,
or because they simply cannot afford to take
unpaid time off.
Recent surveys and polls have indicated that
there is popular support for a change to the
status quo. In addition to the non-binding
referendum in the City of Chicago discussed
above, national surveys have indicated that a
significant majority of Americans believe that
earned sick leave is an important benefit for
27
both employees and employers.
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2.2 – Impact in Chicago
According to one study, 42 percent of private-sector workers in Chicago, or roughly 460,000 people, do not have
access to paid sick days. Such workers are predominantly low-wage – more than three quarters of Chicago
workers earning less than $20,000 per year lack access to paid sick days. In contrast, roughly half of employees
earning between $20,000 and $35,000 have access to paid sick days, and four fifths of workers who earn more
than $65,000 per year have access.
Disparities in access also exist by occupational category. In Chicago, between 70-80% of employees in service
sector occupations (e.g. food preparation and service, personal care and service) do not have access to paid sick
days. Additional industrial sectors where employees have limited access to sick leave include construction (71%),
28
transportation and material moving (56%), maintenance and cleaning (56%), and production (53%).
The Task Force’s focus groups provided insights into the benefits and challenges of paid sick leave policies. As
discussed previously, employees consistently considered earned sick leave as their most important priority, not
only for personal use but also to care for dependents. Those employees that currently lack access to paid sick
leave indicated that they have and will continue to work while sick, due both to their inability to afford the loss of
income and fear of reprisals from employers. When employees took unpaid time off due to illness, they were
sometimes required to provide a doctor’s note. This requirement was said to present logistical and financial
barriers, particularly when required for absences of only one to two days. Employees also reported instances of
being disciplined, varying from fewer scheduled hours to the termination of their employment.
As discussed previously, from the employers’ perspective, the Task Force heard from both those that do not offer
paid sick leave and those that do. Employers that do not offer paid sick leave expressed reticence on a number of
themes identified in the overarching concerns discussed above (e.g. costs, administrative complexity, and
potential abuse). Some indicated that they simply could not offer it due to economic factors. Others did not offer
certain benefits as part of collective bargaining agreements with their workforce.

11 of 38

Note: The following is an excerpt from the full report.

In contrast, employers that do offer paid sick leave did so for various reasons, including to improve staff retention
in a competitive employment environment and to reduce the likelihood that employees would show up to work
sick. Many employers did indicate, however, that the division between paid sick time and vacation time may not
be necessary. Instead, they provide a combined paid time off policy, which they have found to address both the
issues surrounding complexity and limiting the potential for abuse. As discussed above, the Task Force also
heard numerous examples of different treatment for salaried vs. hourly employees – in particular, salaried
employees were much more likely to receive paid sick leave than hourly employees.
2.3 – Current Legislation
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At least 145 countries ensure access to paid sick days for short- or long-term illnesses, with 127 providing a week
29
or more annually, through a combination of government programs and mandates on employers. In the United
States, by contrast, there is no such national requirement – proposed legislation exists (H.R. 932, the Healthy
Families Act) but has not been enacted into law. Instead, legislative action in the United States has taken place at
the state and municipal level. Over the last decade, more than 20 cities, five states, and one county have passed
legislation that mandates sick leave (see Exhibit 5 for a sample of municipal and state laws).
Currently, there is no Illinois law requiring private employers to provide their workers sick leave, paid or unpaid,
although many employers do grant it as an employee benefit. In 2015, Sen. Toi Hutchinson introduced SB1836,
the Healthy Workplace Act, to require paid sick leave statewide. Its provisions include:




All employees who work in Illinois would have the ability to earn paid sick leave;
The hours would begin to accrue at the commencement of employment and could be used 120 days
following commencement of employment;
For every 30 hours worked the employee would accrue one hour of earned sick time, up to a maximum of
30
56 hours (or 7 standard work-days) of paid sick time during a 12 month period.

As previously discussed, there has also been proposed legislation in Chicago. The 2014 ordinance introduced by
Ald. Moreno and Ald. Foulkes garnered the backing of a majority of Aldermen, and would have allowed all eligible
employees to earn one hour of sick time for every 30 hours worked, with a cap of five to nine days a year
depending on the size of their employer. The draft ordinance was not voted on, however, and so expired at the
conclusion of the previous Council term.
2.4 – Possibilities for Expanding Paid Sick Leave to Paid Family and Medical Leave
In addition to paid sick leave, a number of employee participants in the Task Force’s focus groups identified paid
family and medical leave as a critical priority for the stability of their families. When employees do not have
access to paid family and medical leave, they are often forced to choose between important family obligations,
such as caring for a newborn or an elderly parent, or going to work for the compensation necessary to support
themselves and their loved ones. Such difficult choices are likely not as common as those alleviated by earned
sick leave policies, but many Task Force members felt that they are no less worthy of consideration in public
policy discussions. The United States is the only industrialized nation without mandated paid family and medical
supports, and it is not a commonly offered benefit: nationally, only 13% of private sector employees have access
to paid family and medical leave, with the Midwest slightly lower at 12%. Moreover, workers with higher wages
are significantly more likely to have access to paid family leave: while only 5% of employees in the lowest quartile
of wage-earners have access to paid sick leave, 21% of workers in the highest quartile do. Even for unpaid family
leave, the same disparity exists, with rates of 78% and 93%, respectively, for the lowest and highest wage
31
quartiles.
Only three American states have paid parental leave in effect – California, New Jersey, and Rhode Island – while
a fourth, Washington, has enacted legislation but has yet to set a timetable for implementation. These states offer
the benefit usually through existing state temporary disability insurance programs.
Taking the focus group comments and this information into consideration, the Task Force considered the
possibility that a paid sick time policy could simultaneously increase access to paid family and medical leave. In
conjunction with an earned sick leave policy, this idea could be applied in one or both of the following two forms of
coverage. First, the eligible usages for paid sick leave could be expanded to include all FMLA-eligible usages,
including the care of a newborn, newly-adopted, or newly-placed child (for either parent, if applicable). Second,
unused time at the conclusion of the year could be maintained specifically for FMLA-eligible usages.
2.5 – Recommendations
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The Task Force reviewed research, data, and testimonials to better understand the impact paid sick leave policies
have on businesses and employees. Based on this information, the Task Force reached general consensus
among a significant majority of members on the following eight key principles regarding paid sick leave that
should be considered in future discussions by policy makers and stakeholders on the issue.
1. Employee Eligibility – An employee that completes 80 hours of work within 120 days of employment
should be eligible to accrue earned sick days from the employer.
Rationale:
Based on the discussions in the focus groups, the Task Force concluded that a uniform, easy to understand
eligibility criteria would be administratively simpler. This eligibility criterion would capture all employees who
regularly work roughly five hours per week or more for a given employer.
2. Waiting Period Before Usage – Eligible employees should begin to accrue benefits from the
commencement of employment, but should not be eligible to use earned sick leave until sometime
ranging from 120 – 180 days after the commencement of employment.
Rationale:
The Task Force wanted to respond to the concerns employers expressed in the focus groups regarding
temporary and seasonal employees, as well as new hires. However, the Task Force did not want to define
what constitutes temporary or seasonal, and instead decided to address the issue by recommending a
waiting period before usage would be allowed. By delaying usage of paid sick days until 120 – 180 days
after the commencement of employment, paid sick leave would not be available to employees traditionally
considered short-term, seasonal, and/or temporary employees.
Moreover, this waiting period would address business concerns about new employees who do not complete
their probationary period (typically 90 – 180 days), especially with regard to unsatisfactory employees
abusing any accrued paid sick time. At the same time, since accrual would still begin at the commencement
of employment, employees who do make it beyond the probationary period would thus have access to
whatever time they accrued in their first 120 – 180 days. Such a policy is also consistent with existing
legislation addressing paid sick leave in the United States.
3. Accrual Rate – Employees should earn one hour of paid sick leave per every 40 hours worked.
Rationale:
The Task Force wanted to ensure that both full- and part-time employees would have access to paid sick
time, but felt that the difference in weekly hours worked should be recognized. As such, rather than
recommending that employees be given a set number of days or hours of earned sick leave, the Task Force
concluded that pro-rating sick time based on hours worked was a reasonable solution. The
recommendation is consistent with the prevailing norm in existing legislation addressing paid sick leave in
the United States.
4. Cap for Accrued Hours – At minimum, employees should be able to earn and use up to 40 hours of paid
sick leave per year, with no differing tiers based on employer size.
Rationale:
The Task Force recognized that different employers have different economic situations, and as such
considered ways in which to distinguish between firms. However, the Task Force ultimately concluded that,
as a matter of policy recommendation, a single tier was preferable, as any tiered system would impose
undue administrative complexity and tracking; both for government and businesses, and especially with
regard to businesses that operate at or near the demarcating line.
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The Task Force concluded that 40 hours was a reasonable cap for yearly accrual, as a full time employee
would accrue roughly 40 hours, or a full work week, of paid sick time in less than a year’s time.
5. Rolling Over Unused Sick Time – Employees should, at minimum, be allowed to roll over up to 20 hours
of unused sick days at the end of the year for use in the immediate following year.
Rationale
This recommendation will ensure that employees who have accrued sick time can take advantage of
earned leave early in the calendar year if they or one of their dependents gets sick. “Use it or lose it”
policies can have an unintended incentive for employees to max out their benefits to avoid “losing” a
benefit. This roll over proposal would help avoid this incentive and ensure that a reasonable amount of
earned sick leave is available to employees at the height of flu season in the beginning of the year.
6. Rolling Over Sick Time for Paid Family and Medical Leave – Employees should be allowed to roll over,
bank, and use at minimum up to 40 hours of unused sick days at the end of the year for future (but within a
specified duration) FMLA-eligible uses, which include:





The birth of a son or daughter, and to care for the newborn child;
The placement with the employee of a child for adoption or foster care, and to care for the newly
placed child;
To care for an immediate family member (spouse, child, or parent – but not a parent "in-law") with a
serious health condition;
32
When the employee is unable to work because of a serious health condition.

Only those employers that are currently subject to FMLA requirements would be subject to this provision.
Rationale
This recommendation would provide employees with the ability to plan for major life events, such as the
birth of a child or a major surgery, by providing them with some paid family and medical leave while not
dramatically adding to costs. For example, if an employee worked full-time and accrued 40 hours over the
course of a year and used 20 of them (within the estimated ranges of average paid sick day usage on a
33
national level), they could only bank the remaining 20 hours toward FMLA-uses. Moreover, this policy
could assist in addressing the potential for employees to abuse paid sick days by eliminating the incentive
to “use or lose” benefits.
7. No Payout of Unused Accrued Sick Leave – Employers should not be obligated to pay out any hours for
accrued unused or banked sick leave.
Rationale
The Task Force concluded that ascribing a cash value to earned sick leave would pose an undue burden on
businesses (both due to additional costs and because it would require them to carry these accruing costs
on their balance sheets), and would not align with the stated reasons for providing all employees with paid
sick leave. Namely, earned sick leave would alleviate the public health concerns involved with employees
going to work while sick, as well as allow employees to avoid difficult choices between caring for sick
dependents and going to work. Neither of these would be better served by requiring sick days to be cashed
out.
8. Interaction with Existing Paid Time Off Policies – Employers that offer employees equivalent paid sick
time benefits through paid time off (PTO) policies should not be mandated to make adjustments to their
policies. Equivalent PTO policies would allow employees to accrue an equal or greater number of hours
(or days) of paid sick time per year as defined by state or local policy. If days are given up front such as
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at the beginning of each calendar year, they should be at least equal to the minimum cap for paid sick
leave accrual as defined by local or state policy.
Rationale
The Task Force did not want to require businesses that already offer such policies to change their practices,
or to impose additional burdens upon such businesses. The Task Force also heard from several employers
who offer PTO as a way to simplify the administration of benefits, and who said that any requirement to shift
back to a defined allocation between paid sick time and vacation would require them to change existing
policies, that result in a net loss of paid time off.
Concerns
The following concerns with the above recommendations were discussed and raised by some members of the
Task Force:
Cost and complexity














Employers believed that paid sick leave could increase administrative complexity by requiring new
software or processes, forcing employers to spend greater time on administration, and increase the
complexity of staffing and scheduling.
Some members preferred recommending that one hour be accrued per every 30 hours worked as a way
to align with other legislative models, while others suggested tying the accrual rate to the definition of fulltime work under the Affordable Care Act given that it may be changed legislatively in the future.
Some task force members would have preferred to create a detailed list of exclusions and definitions for
temporary, seasonal, holiday, and other non-eligible employees, in order to lower costs for employers
who rely on these occupations.
Some task force members preferred a waiting period longer than that of the recommendation, as a way to
both lower costs and incentivize employees toward longer tenures at an employer. However, several
other task force members registered concern that any waiting period would be detrimental to maintaining
a healthy workplace, and would have preferred a waiting period of 90 days or less.
Some task force members believed that any legislation – state or local – should mirror existing employer
exemptions found in minimum wage legislation, but others felt strongly that all employees who met the
hours-worked criteria should be eligible.
Some members felt that the provision on capping the amount of hours that can roll over each year at 20
was irresponsible, as it would penalize employees who did not use their sick days and make it difficult if
an extensive medical leave were required early in the following year. Moreover, they worried that such a
provision would incentivize employees to take any hours in addition to that threshold as “personal days”
at the end of the year.
Some members were concerned about not further distinguishing benefits between full and part-time
employees and would have preferred ranges based on hours of employment, while other members were
concerned about any employers being exempt from standards.

Further analysis desired



Some task force members wanted more analysis to be done on how banking paid sick time toward FMLA
uses would interact with existing PTO policies before issuing it as a recommendation.

Impact on small businesses


Some members raised concerns about a single tier having a deleterious impact on small businesses that
do not have the cash flow or the experience to implement a sick leave regime, although it was noted by
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some that the amount of revenue – rather than the number of employees – would be a more accurate
indicator of the potential for deleterious impact.
Some members were concerned about not further distinguishing benefits between sizes of businesses
and would have preferred ranges based on size of employment.

Cost Model
While considering the recommendations described above, the Task Force asked for a cost analysis to be done to
determine the recommendations’ potential cost implications for businesses. The model was built based on the
model used in the Mayor’s Minimum Wage Working Group. It relied upon the best publicly available sources of
data, including:




34

Bureau of Labor Statistics data on wages in the Chicago metropolitan statistical area
35
Bureau of Labor Statistics data on the projected inflation in wages and healthcare, as well as
36
Congressional Budget Office estimates of the Consumer Price Index
37
Estimates of benefit costs to employers from the Bureau of Labor Statistics and major payroll and
38
accounting firms

Using this information, the cost model provided an estimate of the potential costs. Because of its underlying
assumptions, the numbers it produced were not meant to be taken as the certain outcome of any policy, but
instead as a tool for the Task Force to use when evaluating its proposals. Using the Task Force recommendations
discussed above (in particular, a 40 hour cap with one hour accrued for every 40 hours worked and a 20 hour cap
on time rolling over from year to year), the model projected that for a full-time, non-tipped worker making the
median hourly wage in the Chicago area in 2016, the proposals would cost employers:





0.8-1.5% of base wages
0.7-1.3% of compensation costs under current law for large companies
0.7-1.5% of compensation costs under current law for small companies
The ranges are based on different assumptions about usage, ranging from 40% (low) to 80% (high). For
reference, national estimates on usage range from two days in leisure and hospitality to four days in
39
professional services which would be between 40% to 80% of the proposed cap.

The cost of the Task Force’s proposal on banking paid sick days toward days that could be used for FMLAeligible purposes was not included in the model as data on usage of paid FMLA leave in the United States is less
commonly available. Initial estimates would indicate that these costs would be significantly lower than those of
paid sick leave, but further study on this issue is encouraged.
It should be noted that the model was meant to capture the additional costs imposed on companies by the
proposed policies, and does not cover the already existing costs employers incur to replace sick employees when
they take unpaid time off. Moreover, it did not include any potential cost-savings to employers, which could result
due to improved employee morale, decreased turnover, or increased productivity. While any potential costsavings are not included in the model given the lack of data available specific to the Chicago region, the task
force considered studies that outline these potential benefits (found at the end of this report).

17 of 38

Note: The following is an excerpt from the full report.

18 of 38

Appendix 16

San Francisco’s Paid Sick Leave Ordinance:
Outcomes for Employers and Employees
Robert Drago and Vicky Lovell

About This Report
This study examines the effects of San Francisco’s recent paid sick days legislation on
employees and employers. New survey evidence is presented on how paid sick days
are being used, the costs and benefits for employees and employers, and rates of employer compliance.The research represents part of a broader body of work undertaken
by the Institute for Women’s Policy Research on the costs and benefits of proposed
paid sick days legislation. The research was made possible by grants from the Public
Welfare Foundation, the Ford Foundation, and the Annie E. Casey Foundation.

About the Institute for Women’s Policy Research
The Institute for Women’s Policy Research (IWPR) conducts rigorous research and disseminates its findings to address the needs of women, promote public dialogue, and
strengthen families, communities, and societies. The Institute works with policymakers,
scholars, and public interest groups to design, execute, and disseminate research that illuminates economic and social policy issues affecting women and their families, and to
build a network of individuals and organizations that conduct and use women-oriented
policy research. IWPR’s work is supported by foundation grants, government grants and
contracts, donations from individuals, and contributions from organizations and corporations. IWPR is a 501(c)(3) tax-exempt organization that also works in affiliation with
the women’s studies and public policy programs at George Washington University.

Acknowledgments
The authors would like to thank the many individuals who contributed their time and
effort to make this report possible. Deborah Leff, former President of the Public Welfare Foundation, provided core funding for this project, as well as ongoing support and
encouragement. Anna Wadia and Helen Neuborne of the Ford Foundation provided additional grant support and valuable guidance on the report and its release. IWPR Senior Research Associate Jeff Hayes and Research Analyst Claudia Williams conducted the
data analysis, and Senior Research Associate Kevin Miller provided helpful comments on
the draft report.
The authors thank the members of the project’s advisory group: Dr. Jennifer Greene
of the University of Illinois at Urbana-Champaign, Dr.William H. Dow of the University
of California at Berkeley’s School of Public Health, Mr. Greg Asay of the San Francisco
Office of Labor Standards Enforcement, Dr. Rajiv Bhatia of the San Francisco Department of Public Health, Mr. Rael Silva of Young Workers United, Ms. Sasha Hammad of
Public Interest Projects, Ms. Shelley Waters Boots of SWB Strategic Solutions LLC, Dr.
Gregory Acs of the Urban Institute, Ms. Sara Flocks of the California Labor Federation,
and Dr. Jonathan Heller of Human Impact Partners.
The following individuals collaborated with IWPR in writing the employer survey questions : Dr. William H. Dow of the University of California at Berkeley Population Center and School of Public Health, Dr. Arindrajit Dube of the University of Massachusetts
at Amherst, and Dr. Carrie Hoverman Colla of the Dartmouth University Center for
Health Policy Research. The authors also thank Randy Albelda of the University of Massachusetts at Boston, Ellen Bravo of Family Values @ Work,Vicki Shabo of the National
Partnership for Women and Families, and Melissa Josephs of Women Employed for their
valuable comments on the draft report.

Board of Directors
Lenora Cole, Chair
University of Maryland University College
Esmeralda O. Lyn,Vice Chair
Hofstra University
Carol Greene Vincent,Treasurer
Pricewaterhouse Coopers LLP
Cynthia Lloyd, Secretary
Population Council
Bill Baer
Bloomingdale’s
Mariam Chamberlain
National Council for Research on Women
Bob Corti
Avon Foundation
Ellen Delany
Delany, Siegel, Zorn & Associates Inc.
Holly Fechner
Covington & Burling LLP
Lynn Gitlitz
Business Development Consultant
David A. Goslin
American Institutes for Research
Ellen Karp
Anerca
Susan Meade
Phillips Oppenheim
Emily van Agtmael
Van Agtmael Interiors
Sheila W. Wellington
New York University
Marcia Worthing

Heidi Hartmann, President
Institute for Women’s Policy Research
Barbara Gault,Vice President
Institute for Women’s Policy Research

Heidi Hartmann, IWPR President, and Barbara Gault, IWPR Executive Director, provided guidance and feedback throughout the course of the project. Vicky Lovell, former
IWPR Acting Director of Research, initiated the project during her time at IWPR.
IWPR A138, February 2011
ISBN 978-1-933161-03-7
$10.00
© Copyright 2011 by the Institute for Women’s
Policy Research, Washington, DC.
All rights reserved.
Printed in the United States of America.

Institute for Women’s Policy Research
1200 18th Street NW, Suite 301
Washington, DC 20036
202/785-5100 • 202/833.4362 fax
www.iwpr.org

San Francisco’s Paid Sick Leave Ordinance:
Outcomes for Employers and Employees
Robert Drago, Ph.D. and Vicky Lovell, Ph.D.

Table of Contents
Executive Summary ......................................................................................................................... 1
Introduction...................................................................................................................................... 3
Background .......................................................................................................................................5
Paid Sick Days Promote Health at Low Cost for Employees and Their Families .......................5
Paid Sick Days Provide Benefits at Low Cost to Employers ......................................................5
Paid Sick Days Improve Public Health........................................................................................6
Findings: Workers and the Paid Sick Leave Ordinance ................................................................7
Paid Sick Days Are Important for Workers .................................................................................7
How Was the PSLO Used? ..........................................................................................................8
Workers and Their Families Benefited from the PSLO.............................................................11
Few Workers Were Negatively Affected by the PSLO...............................................................12
Employees Report That Most Employers Are Compliant .........................................................13
Employers and the Paid Sick Leave Ordinance ...........................................................................17
Few Employers Had to Change Policies for the PSLO..............................................................17
Employers Had Little Difficulty Implementing the PSLO........................................................17
Employer Benefits from the Paid Sick Leave Ordinance..........................................................19
Net Effects and Employer Support for the PSLO......................................................................20
Conclusion: How Well Is the Paid Sick Leave Ordinance Working?..........................................25
Appendix A: Methodology for the Survey of Workers.................................................................27
Appendix B: Methodology for the Survey of Employers.............................................................29
Notes.................................................................................................................................................35

List of Tables and Figures
Table 1. Percentage and Characteristics of Workers Reporting the Need for PSD.............................8
Table 2. Median Number of PSD Used and Share of Workers Not Using PSD
in the Last 12 Months............................................................................................................9
Table 3. Reasons for Using Leave, of Workers Using PSD in the Last 12 Months ..........................10
Table 4. Workers’ Reported Benefits from PSD ...............................................................................11
Table 5. Possible Negative Effects of Increased PSD .......................................................................13
Table 6. Employees Reporting Improper Implementation of the PSLO...........................................14
Table 7. Characteristics of Workers Who Were Asked for Documentation for Using PSD..............15
Table 8. Firms Providing PSD Before and After the PSLO..............................................................17
Table 9. Firms’ Reports of Difficulty Implementing the PSLO .......................................................18
Table 10. Effect of PSLO on the Predictability of Absence..............................................................20
Table 11. Effect of PSLO on Profitability ........................................................................................21
Table 12. Employer Changes to Compensation in Response to the PSLO.......................................22
Table 13. Percentage of Firms Supporting the PSLO .......................................................................24
Figure 1. Characteristics of Workers Reporting the Need for PSD ....................................................7
Figure 2. Median Number of PSD Used in the Last 12 Months.........................................................8
Figure 3. Share of Workers Who Did Not Use PSD in the Last 12 Months .......................................9
Figure 4. Workers Who Benefited Most from the PSLO....................................................................4
Figure 5. Firms Reporting Hiring Replacements for Workers Using PSD .......................................19
Figure 6. Firms Supporting the PSLO ..............................................................................................23
Appendix Table A: Sample Sizes and Weighted Distribution, Worker Survey.................................27
Appendix Table B: Sample Sizes and Weighted Distribution, Employer Survey.............................29
Appendix Table 1: Workers Who Can Use for Specified Purpose and Earn at the Required Rate........30
Appendix Table 2: How Firms Changed Their PSD Policies in Response to the PSLO ..................32
Appendix Table 3: Firms Rarely Hire Replacement Workers...........................................................33
Appendix Table 4: Effect of the PSLO on Business Operations.......................................................34

Executive Summary
The nation’s first policy allowing all workers to earn and use paid sick days was implemented
in San Francisco in 2007. In general, surveys of workers and employers suggest that the law
is functioning well. Most employers support the law and relatively few report adverse effects.
Among employees, 59,000 or 17 percent of San Francisco’s workforce, worked in firms that
offered no paid sick days in the past, but are now covered, and more than half of all San
Francisco employees who now have paid sick days report some benefit due to the law. Evidence suggests that it is rare for employees to misuse paid sick days. More education and
enforcement may be needed to address remaining instances of employer non-compliance.
This report provides results from recent surveys of 727 employers and 1,194 employees
working in San Francisco regarding the effects of the Paid Sick Leave Ordinance (PSLO).
For workers, survey results find:
❚ Despite the availability of either five or nine sick days under the PSLO, the typical worker
with access used only three paid sick days during the previous year, and one-quarter of
employees with access used zero paid sick days.
❚ More than half of San Francisco employees with access reported benefitting from the
PSLO either because their employer became more supportive of usage, the number of sick
days provided increased, or they were better able to care for themselves or family members.
❚ Black, Latino, and low-wage workers were those who most often benefitted from the law,
but were also those most likely to report employer non-compliance.
❚ Parents with paid sick days were more than 20 percent less likely to send a child with a
contagious disease to school than parents who did not have paid sick days.
For employers, survey results show:
❚ Employer profitability did not suffer. Six out of seven employers did not report any negative
effect on profitability as a result of the PSLO.
❚ Most employers reported no difficulty providing sick days to their employees under the
ordinance. Approximately one-third of employers reported any difficulties implementing
the PSLO, and only one-sixth needed to introduce an entirely new paid sick days policy
because of the law. However, some employers (also around one-sixth) are in violation of
the law and still did not offer paid sick days at the time of the survey.
❚ Employers are supportive. Two-thirds of employers support the PSLO and one-third are
“very supportive.”
Rates of utilization well below the caps of five and nine days suggest that employees view
paid sick days as a form of insurance—a valuable benefit when illness strikes, but saved
until then and only used as needed. For employers, the findings imply that they will never
pay for many paid sick days earned under the PSLO.
The findings that many employees benefitted from the PSLO, and were more often able to
keep ill children at home, as well as high levels of employer support, imply that the PSLO
generated health benefits. Health care costs for employers and the public should have declined both because sick individuals and their children could get low-cost preventive care,
and by reducing the spread of contagious illnesses in workplaces and schools.
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Introduction
As of mid-2010, paid sick days policies had been considered in nearly half the states, several cities, and in
Congress,1 but in only one case had a universal policy been enacted. In November 2006, San Francisco
voters approved an ordinance allowing any and all workers to earn and use paid sick days (PSD) (Exhibit
1).2 The Paid Sick Leave Ordinance (PSLO) allows workers to earn paid sick days after three months on
the job, to earn up to a maximum of five days per year in small firms and nine days per year in larger firms,
and to use those days for their own health needs, as well as those of other family members (including a
“designated person”).

Exhibit 1:
Key Provisions of the San Francisco Paid Sick Leave Ordinance
❚ Workers begin to accrue leave 90 calendar days after the date of hire.
❚ Workers earn one hour of paid leave for every 30 hours of paid work, accumulating a maximum of nine
days in firms with 10 or more employees and five days in smaller firms.
❚ Leave may be used for workers’ own illness, injury, health conditions, and medical appointments, and
to care for family members or a “designated person.”
❚ Unused leave (up to the maximum of five or nine days) carries over from one year to the next.
❚ It is unlawful for employers to retaliate against workers for requesting or using leave under the PSLO.
❚ Employers are required to post information about the PSLO and maintain records on hours worked and
PSD used.
❚ The San Francisco Office of Labor Standards Enforcement has authority to enforce the PSLO and levy
penalties.3

Under the PSLO, the number of paid sick days that can be carried over from year to year is capped at
nine days for large and five days for small employers. The PSLO cap minimizes employer costs while
encouraging workers to use paid sick days when needed.
Both San Francisco city officials and San Francisco employer groups have characterized the PSLO as
having a low impact on employers and being relatively easy to implement, but to date no empirical research has been available to guide policy development elsewhere.4 This report provides evidence from
workers and benefits managers about the effect of San Francisco’s policy. These data can instruct businesses, employees, and decision leaders in other areas who are considering similar policies.
The IWPR survey of employees was conducted by telephone by David Binder Research in January and
February 2010. The sample frame was based on zip codes inside and outside San Francisco and included
both land-line and cell phone numbers. Survey respondents were at least 18 years old and had worked an
average of at least 10 hours per week for at least three months for a private-sector San Francisco firm at
some time after February 2007. Interviews were completed with 1,194 workers.
The IWPR survey of employers was conducted by telephone by National Research LLC in July through
December 2009. The sample was stratified by non-profit status and firm size, and was targeted at benefits
managers. Interviews were completed with 727 San Francisco firms, and the overall response rate was
19 percent among eligible phone numbers attempted.
Appendices A and B describe the surveys and methodology of this report in detail.
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Background
Research suggests that paid sick days policies could create various benefits and costs for workers, employers,
and the general public.

Paid Sick Days Promote Health at Low Cost for Employees and Their Families
Paid sick days reduce the prevalence of employees attending work when they or a family member are ill.
Workers recover from health problems faster when they can take time to recuperate.5 As such these policies are like insurance: Many people do not become ill in a given month or even year, but if they work
long enough, at some point they will need paid sick days, and use them if they are available.
One criticism of paid sick days legislation is that it is unnecessary because workers already stay home
when they or other family members are ill. But in many employment situations, workers face the pressures
of “presenteeism,” or the practice of workers being on the job when they have a contagious illness.6 Research indicates that paid sick days policies reduce presenteeism.7 Some workers report going to work
while sick because they can’t afford to take unpaid time off, which should also occur less frequently
under paid sick days policies because employees do not lose earnings while they are out sick.8
Policies that support employees’ health needs may also reduce stress, increase loyalty, and improve
morale,9 thereby improving the quality of employees’ lives and improving their performance on the job.
Sending children to school or child care when they have a contagious illness is equivalent to presenteeism
for workers: It spreads disease to other children and their families, as well as to teachers.10 Having paid
leave is the primary factor in parents’ decisions about staying home when their children are sick,11 and
research suggests that having paid sick days is more effective than vacation leave in allowing parents to
stay home with sick children.12 These effects may exist because some vacation leave policies are not flexible enough to be used when children become sick.
The paid sick days legislation in San Francisco might involve costs for employees. For example, employers
could legally reduce all employees’ wages,13 or require that all employees work harder to make up for
paid sick days. However, if employers obstruct paid sick days policies by requiring individual employees
to make up for lost time, or requiring medical certification of illness when it is not legally permitted, or
docking employee wages for time out of work that is supposed to be paid, they are out of compliance
with the law.

Paid Sick Days Provide Benefits at Low Cost to Employers
Some employers are concerned about the possible implementation costs and increased paperwork of paid
sick days legislation. For employers paying workers on an hourly basis, existing work hours tracking systems may need to be expanded to count earned paid sick days. Additionally, payroll costs can increase
directly among employers who provided unpaid sick days in the past and need to switch to a paid sick
days approach, or if the employer needs to hire replacement workers when employees are out sick. Some
people fear that an increase in payroll costs due to paid sick days legislation will lead employers, and
particularly small businesses, to engage in less hiring or to lay-off existing employees.14
Employers also enjoy benefits from paid sick days. Personnel experts note that the costs of presenteeism
include not just lost productivity—sick workers are paid their full salary, but can’t perform at their peak—
but also a greater likelihood of injuries and mistakes.15 Employers can experience “an even greater reduction in productivity” if an illness spreads through a workplace because of presenteeism.16 Research
following the 2009 H1N1 pandemic in the United States suggested that more than one-quarter of private
sector employees who contracted the disease did so because of others coming to work while infected,17
causing unnecessary suffering, deaths, and productivity losses. Paid sick days may allow workers to address their health needs more quickly and miss less work overall.
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Paid sick days are likely to improve job satisfaction. Higher job satisfaction is in turn associated with
higher business profitability, and employment benefits affect job satisfaction.18
Paid sick days offer an additional benefit to employers in terms of scheduling. Absences that are not
planned in advance are more difficult and costly for employers to deal with than scheduled time off—
and are nearly half again as expensive in terms of lost productivity.19 Workers with the right to use paid
sick days may be more likely to let their managers know in advance about time needed for family health
care or medical appointments, rather than calling in at the last minute.
Finally, workers with paid sick days are less likely than others to switch jobs, and workers with paid leave
are more likely to return to work after serious health problems.20 Turnover is costly to employers, involving
expenses for advertising, interviewing, testing, and training new workers.21
Some employers may respond to paid sick days by trying to contain costs or expand revenues. For example, an employer might lay employees off, reduce employee compensation or other benefits (e.g.,
vacation days), require that employees work harder in order to cover for any lost but paid working time,
or raise prices.

Paid Sick Days Improve Public Health
Public health may improve due to paid sick days. As mentioned earlier, presenteeism leads employees to
attend work while contagious, needlessly spreading disease and adversely affecting public health. Sending
children to school or child care when they have a contagious illness spreads disease to children, teachers,
and their families.22
Some researchers expect that paid sick days policies will have longer-term positive effects by increasing
preventive care, reducing emergency room visits by allowing people to go to the doctor during working
hours, and improving the management of chronic diseases, such as diabetes. These effects could reduce
health care costs for workers and their families, employers, and the public, but it is difficult to calculate
a dollar value for these effects with available data.
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Findings: Workers and the Paid Sick Leave Ordinance
Paid Sick Days Are Important for Workers
The IWPR employee survey asked whether employees needed paid sick days, and found that more than two-thirds of all workers
had wanted to stay home in the previous year either because they were sick or they needed to care for a sick family member
(Figure 1 and Table 1). Some workers were more likely to need paid sick days than others:
❚ Single mothers and workers with chronic health conditions were the most likely to report needing paid sick days;23
❚ Women and workers in the prime working years (ages 25 to 54 years old) were somewhat more likely than the average worker
to need paid sick days; and
❚ Latino workers were less likely than white, black, or “other” workers to report needing paid sick days.
Clearly, the need for paid sick days is common among employees, even though many do not need paid sick days during a given year.

Figure 1. Characteristics of Workers Reporting the Need for PSD

100%

90%

80%

Percent of Workers Needing Paid Sick Days

70%

60%

50%

40%

30%

0%

Source: IWPR analysis of employee survey data.
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Chronically Ill

Single Mothers

Mothers

Parents

White

Other

Latino

Black

Women

Men

55 and Older

25 to 54 Years

10%

All Workers

20%

How Was the PSLO Used?

Table 1. Percentage and Characteristics of Workers
Reporting the Need for PSD
Needed Didn't Need
PSD
Total
PSD
68.9%
31.1% 100.0%

All Workers

The median worker – the one who took more
paid sick days than one half of all workers but
fewer than the other half – reported using just
three days of paid sick days in the previous year
(Table 2 and Figure 2). This is far fewer days
than the PSLO provides.24 If this pattern holds
in future years, the law’s restriction on days that
can be carried over from year to year implies
that employees will never use and employers
will never pay for many paid sick days
earned under the PSLO. This finding makes
sense if the PSLO is functioning as a form of
insurance: for example, many individuals pay
for but do not use health insurance in a given
year and, among those who use it, it is rare for
an individual to use each and every benefit provided in a given plan. The finding also fits national estimates, which find covered workers in
small firms use an average of 2.2 days per year,
and those in large firms use 3.1 days per year.25

N
1,176

Age
25 to 54 Years
55 or Over

73.4%
51.5%

26.6%
48.5%

100.0%
100.0%

723
347

64.4%
74.4%

35.6%
25.6%

100.0%
100.0%

630
546

63.2%
60.8%
69.8%
71.8%

36.8%
39.2%
30.2%
28.2%

100.0%
100.0%
100.0%
100.0%

84
108
196
747

72.8%
67.3%

27.2%
32.7%

100.0%
100.0%

302
874

75.9%
67.7%

24.1%
32.3%

100.0%
100.0%

146
1,030

78.0%
68.5%

22.0%
31.5%

100.0%
100.0%

35
1,141

78.1%
66.5%

21.9%
33.5%

100.0%
100.0%

277
888

63.1%
68.1%
75.2%
69.9%

36.9%
31.9%
24.8%
30.1%

100.0%
100.0%
100.0%
100.0%

188
294
363
331

66.9%
69.0%

33.1%
31.0%

100.0%
100.0%

217
948

Sex
Men
Women

Race and Ethnicity
Black
Latino
Other
White

Parents
With Children
No Children

Mothers
Mother
Not a Mother

Single Mothers
Single Mother
Not a Single Mother

Some workers were more or less likely than
others to use paid sick days (Figure 3). Worker
groups that were the least likely to use paid
sick days included:

Workers with Chronic Health Conditions
With Chronic Health Condition
No Chronic Health Condition

❚ Workers age 55 and older;
❚ Men;
❚ Latinos; and
❚ Single mothers.

Wage Quartiles
Bottom Wage Quartile
Second Wage Quartile
Third Wage Quartile
Top Wage Quartile

Union Member
Union
Non-Union
Source: IWPR analysis of employee survey data.

Figure 2. Median Number of PSD Used in the Last 12 Months
3

0
Note: For subsample of workers reporting access to paid sick days.
Source: IWPR analysis of employee survey data.
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Union Members

Chronically Ill

Single Mothers

Mothers

Parents

White

Other

Latino

Black

Women

Men

55 and Older

1

25 to 54 Years

2
All Workers with PSD

Median Number of Paid Sick Days Used

4

All in all, more than one-quarter of all workers
with access did not use PSD during the last year.

Table 2. Median Number of PSD Used and Share of
Workers Not Using PSD in the Last 12 Months

Among the workers who used some paid sick days:
❚ Workers with chronic health conditions used
one more paid sick day than other workers, for
an average of five days;26 and
❚ Single mothers used just three days.
These results suggest that in general the PSLO
is effective in providing sick days to those who
need them most. There appears to be an exception for the single mothers who report a greater
need for but actually use fewer days, perhaps due
to fears of (illegal) employer penalties for missing too many days or a more urgent need to save
days in case a child becomes sick, or because
they tend to change jobs frequently so will not
have accumulated as many sick days as other
employees.27
The survey also asked workers to list reasons for
using paid sick days during the previous year,
and permitted multiple answers. Workers responded that the primary reason for using paid
sick days was due to their own health: More than

WORKERS WHO
USED PSD IN THE
LAST 12 MONTHS

ALL WORKERS
Median Number Share Not
of PSD Used Using PSD
All Workers

Median Number
of PSD USED

N

3.0

25.4%

4.0

624

3.0
2.0

21.6%
36.4%

4.0
4.0

425
148

2.0
3.0

27.1%
23.4%

4.0
4.0

314
310

Black
Latino
Other
White

3.0
3.0
2.0
3.0

21.5%
29.4%
24.5%
23.7%

4.0
4.0
3.0
4.0

49
53
113
394

Parents

3.0

20.6%

4.0

164

Mothers

3.0

19.3%

4.0

82

Age
25 to 54 Years
55 and Older

Sex
Men
Women

Race and Ethnicity

Single Mothers

2.0

23.9%

3.0

17

Chronically Ill

4.0

24.7%

5.0

146

Union Member

3.0

23.2%

4.0

136

Note: For subsample of workers reporting access to paid sick days.
Source: IWPR analysis of employee survey data.

70%

60%

50%

40%

0%

Note: For subsample of workers reporting access to paid sick days.
Source: IWPR analysis of employee survey data.
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Union Member

Chronically Ill

Single Mothers

Mothers

Parents

White

Other

Latino

Black

Women

Men

10%

55 and Older

20%

25 to 54 Years

30%
All Workers With PSD

Percent of Workers Who Did Not Use Any PSD in the Last 12 Months

Figure 3. Share of Workers Who Did Not Use PSD in the Last 12 Months

four out of five workers
who took paid sick days
reported using it for their
own health needs (Table
3).28 In addition:
❚ One-third used paid sick
days to visit a doctor or
dentist;29
❚ One out of five workers
used the time to care for
a sick child;
❚ One out of six used paid
sick days to care for an
adult relative; and
❚ One out of 10 workers
used the time for another
purpose, such as a mental
health day, a family reason including death, or a
vacation.30
Workers who used paid sick
days varied by their family
circumstances and other demographic characteristics.
Specifically:
❚ Older workers who took
paid sick days were
somewhat less likely than
prime-working-age individuals to use paid sick
days for their own health
needs. They were more
likely to care for an adult
relative while taking paid
sick days, and more often
used paid sick days for
doctor visits;

Table 3. Reasons for Using Leave, of Workers Using PSD
in the Last 12 Months
Own
Health

Visit their
Doctor

Care for
a Child

Care for
an Adult

Other

N

All Workers

82.8%

32.8%

19.9%

16.1%

10.7%

656

Age
25 to 54 Years
55 or Over

83.7%
82.6%

31.0%
40.5%

23.7%
8.1%

13.7%
19.2%

10.3%
11.2%

446
154

Sex
Men
Women

85.3%
80.0%

34.2%
31.3%

16.3%
24.1%

18.7%
13.0%

11.4%
9.9%

330
326

Race and Ethnicity
Black
Latino
Other
White

72.8%
76.9%
72.7%
89.8%

43.9%
39.6%
27.4%
32.4%

33.7%
26.5%
26.1%
13.8%

14.0%
23.3%
14.4%
13.3%

9.1%
9.7%
8.9%
11.5%

52
56
121
412

Parents
With Children
No Children

66.7%
89.9%

31.2%
33.6%

60.0%
2.2%

19.1%
14.7%

9.7%
11.1%

181
475

Mothers
Mother
Not a Mother

60.9%
87.0%

29.9%
33.4%

67.6%
10.8%

11.3%
17.0%

6.0%
11.6%

93
563

Single Mothers
Single Mother
Not a Single Mother

58.5%
83.7%

32.1%
32.9%

86.3%
17.5%

3.6%
16.5%

2.6%
11.0%

21
635

Workers with Chronic Health Conditions
With Chronic Health Conditions
87.7%
No Chronic Health Conditions
81.7%

37.6%
31.9%

14.6%
21.5%

16.7%
15.4%

12.7%
10.0%

153
498

Wage Quartiles
Bottom Wage Quartile
Second Wage Quartile
Third Wage Quartile
Top Wage Quartile

79.7%
74.5%
89.4%
87.4%

29.6%
40.4%
32.4%
28.3%

18.7%
24.0%
16.2%
20.6%

12.9%
14.6%
16.1%
20.3%

7.0%
13.9%
12.2%
9.0%

82
171
223
180

Union Member
Union
Non-Union

77.4%
83.9%

40.3%
31.3%

28.5%
18.1%

9.9%
16.9%

12.5%
10.4%

137
517

Source: IWPR analysis of employee survey data.

❚ Men who used paid sick days were more likely than women to use paid sick days for their own health needs or to care for an
adult family member, while women were more likely to use paid sick days to care for a child;
❚ Parents who used paid sick days were much less likely than other workers to use it for their own health, with more than half
taking time to care for their children. Mothers were particularly likely to use paid sick days to care for their children31 and particularly unlikely to use it for their own health needs. Parents were also slightly more likely than other workers to take paid sick
days to care for an adult relative. In fact, one in ten parents reported using PSD to care for both a child and an older relative;
❚ Workers with chronic health conditions who took paid sick days were more likely than other workers to use paid sick days for
their own health needs and were more likely than other workers to use PSD to visit a doctor; and
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❚ Of all racial/ethnic groups, black workers who took paid sick days were the least likely to use it for their own health, but the
most likely to take it to visit a doctor or to care for a child. Latino workers who used paid sick days were the most likely of all
race/ethnic groups to use the leave to care for an adult and were more likely than workers overall to use PSD to see a doctor.
These findings suggest that many employees make trade-offs when using paid sick days. Workers with caregiving commitments,
whether for children or other adults in need, tend to use paid sick days to care for others, perhaps using less time for their own health
needs. The PSLO is designed to permit this sort of flexibility, so it supports families in ways that traditional sick days systems—permitting absence only for one’s own illness or injury—formally do not.32 Further, much of the caregiving for others and many of the
doctor visits are likely preventive in nature, indicating that access to paid sick days is likely to improve health over time, improve job
performance, and reduce future absences.33

Workers and Their Families Benefited from the PSLO
Most employees had access to paid sick days before the PSLO went into effect.34 The employer survey found that two-thirds of
employers offered paid sick days prior to the PSLO (see below). These employees (and their employers) might have expected
little change in sick days policies under the law. Seen in this light, it is surprising that, among employees who had the same employer before and after the PSLO went into effect and who report access to paid sick days, more than half of workers (53.9 percent) reported one or more of the following benefits of the PSLO: their employer became more supportive of using PSD, they
gained additional PSD, or they were better able to care for their own or their families’ health needs (Table 4). In addition:
❚ More than one-quarter of workers
noted that their employer became
more supportive of their taking PSD
because of the PSLO;
❚ Black, Latino, older, and low-wage
workers were among those reporting
stronger employer support of paid sick
days following implementation of the
PSLO;
❚ One out of four workers (25.1 percent)
reported that they were better able to
care for their own and their families’
health needs because the PSLO was
adopted;
❚ Workers of color, including 29.1 percent of black workers and 31.2 percent
of Latino workers; older workers (34.0
percent); mothers (27.3 percent); and
union members (33.8 percent) were
more likely to report better management of health needs; and
❚ One out of 10 workers said that they
had more days of paid sick leave after
the PSLO was implemented than before. Latino and low-wage workers
were the most likely to report this, and
mothers were the least likely.

Table 4. Workers’ Reported Benefits from PSD
Better Able to Care
Employer
for Own or Families’ At Least
More Supportive More Days
Health Needs One Benefit

N

All Workers

28.2%

11.4%

25.1%

53.9%

671

Age
25 to 54 Years
55 or Over

26.7%
34.1%

10.1%
13.6%

21.1%
34.0%

57.5%
43.5%

391
230

Sex
Men
Women

28.4%
28.1%

11.2%
11.8%

23.1%
27.5%

53.8%
54.0%

349
322

Race/Ethnicity
Black
Latino
Other
White

41.0%
31.0%
32.7%
25.8%

12.3%
18.6%
9.3%
10.3%

29.1%
31.2%
30.6%
21.9%

45.4%
40.8%
49.8%
57.7%

51
60
113
425

Parents

28.9%

11.1%

26.3%

53.6%

164

Mothers

29.7%

6.6%

27.3%

53.9%

83

Chronically Ill

26.6%

8.2%

24.8%

52.0%

168

Union Members

27.9%

12.1%

33.8%

47.0%

153

Low-Wage Workers 32.2%

19.5%

29.6%

44.5%

73

Note: Data are for workers employed by the same firm before and after the PSLO was implemented.
Source: IWPR analysis of employee survey data.

This evidence regarding gains from the PSLO suggests the law is generally functioning as intended to level the playing field
across employers and spread the insurance benefits of paid sick days to many employees who needed, but did not have, paid sick
days prior to the PSLO.
The PSLO had a positive effect on parents’ ability to care for their children. Parents who had paid sick days were much less likely
to report sending a sick child to school in the last year because the parent could not stay home with the child. This experience was
very common among parents—two-thirds (66.4 percent) reported their child had gone to school while sick:
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❚ Most parents who lacked paid sick days (75.9 percent) had sent a sick child to school; while
❚ Half of parents who had paid sick days had done so (53.8 percent). The reduction in the behavior is over 20 full percentage points.
It should be noted that those who believe they lack paid sick days are in fact covered by the law. Although knowledge of paid sick
days coverage dramatically reduces the rates of sick children being sent to school, the rates of parents sending a contagious child
to school remain high even among those who know they have access to the PSLO. This may reflect a pressure that workers feel
not to take many sick days even when they are available, or parents whose children became ill after all available paid sick days
were used up.
One of the major reasons for passing the PSLO was the hope that it would particularly benefit employees who interact with the
public. Anecdotal evidence suggested that, before the PSLO was adopted, many workers in low-wage occupations that involve
public contact—food service, for instance—were not able to stay home when they were sick.35 Presenteeism among these workers
could lead to the spread of disease among the general public.
Evidence from the employee survey suggests the PSLO had precisely this intended effect (Figure 4). Specifically:
❚ More than one-third (34.8 percent) of workers who dealt directly with the public—in food service, health care, or retail situations,
for example—reported that their employers were more supportive of workers’ use of paid sick days because of the PSLO.36
❚ One out of eight workers with public contact (13.2 percent) reported that the PSLO reduced the level of presenteeism—sick
workers on the job—in their workplace.
At the same time, however, workers who had direct contact with the public were more than half again as likely to go to work
when they were sick, even after the PSLO was adopted (24.3 percent), compared to other workers (14.1 percent).37

Figure 4. Workers Who Benefited Most from the PSLO
50%

Six out of seven workers reported that
their employer did not reduce raises,
bonuses, or other benefits to implement the PSLO (Table 5). Specifically:

40%
Percent of Workers Reporting This Benefit

Few Workers Were
Negatively Affected
by the PSLO

❚ Four out five workers (78.3 percent)
reported that there were no increased
work demands in their workplace because of the PSLO; and

Employees Who Work
With the Public
Other Employees

30%

❚ Overall, two-thirds of workers (67.8
percent) reported that their employer did not increase work demands, reduce work hours, or
reduce compensation in response to
the PSLO.

20%

10%

Employer More
Supportive of Using PSD

Employer Gave
More PSD

Better Able to Care for
Own/Family Health

Summary: Worker
Benefits From the PSLO

Note: Data are for workers employed by the same firm before and after the PSLO was implemented.
Source: IWPR analysis of employee survey data.
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Low-wage workers were more likely
than higher-wage workers to report
that their employers took action to reduce costs in implementing the
PSLO;38 however, many low-wage
workers also reported having benefitted from the PSLO (see Table 4).

Table 5. Possible Negative Effects of Increased PSD
Layoffs, Total
Hours Reduced

Fewer Raises/
Bonuses, Other
Benefits Reduced

All Workers

15.2%

14.1%

21.7%

32.2%

784

Firm Size
Less Than 10
10 to 24
25 to 99
100 or More

18.1%
18.7%
8.4%
13.2%

17.8%
19.6%
10.1%
11.2%

19.4%
24.9%
19.4%
19.1%

34.9%
41.0%
23.8%
28.3%

202
127
152
303

Industry
Information and Professional and Business Services
Financial Activities
Educational and Health Services
Leisure and Hospitality
Other Services
Other

14.6%
9.3%
16.5%
18.7%
13.4%
18.8%

11.5%
5.8%
11.3%
24.3%
20.6%
16.7%

17.9%
17.7%
25.0%
25.3%
26.6%
22.0%

27.5%
24.8%
38.6%
38.3%
36.2%
32.3%

211
96
158
79
106
120

Wage Quartile
Bottom Wage Quartile
Second Wage Quartile
Third Wage Quartile
Top Wage Quartile

28.4%
20.5%
8.8%
5.4%

23.1%
17.9%
11.4%
6.0%

32.0%
24.8%
18.9%
13.3%

51.1%
36.7%
27.6%
16.6%

101
192
254
237

Union Member

14.7%

17.4%

33.1%

37.0%

167

Part-Time

25.4%

16.0%

24.5%

36.3%

177

Temporary or Seasonal Worker

23.2%

20.0%

18.2%

35.3%

91

9.4%

11.5%

14.2%

23.4%

545

Has Paid Vacation Days or PTO

14.3%

14.7%

23.1%

32.1%

615

Has Health Insurance

13.2%

12.4%

21.8%

30.0%

696

Has Paid Sick Days
No PSD/Not All Uses/Not Enough
Don't Know

8.5%
27.5%
14.9%

12.5%
18.6%
12.9%

16.9%
28.1%
25.8%

24.5%
43.8%
35.3%

374
209
189

College Graduate

Increased Work Workers Paid in at
Work Demands Least One Way

N

Note: Data are for workers employed by the same firm before and after the PSLO was implemented.
Source: IWPR analysis of employer survey data.

Employees Report That Most Employers Are Compliant
Most workers reported that their employers were implementing the PSLO (Table 6). Relatively small shares of workers who had
used paid sick days reported the following violations:
❚ Having to “make up” paid sick days (one out of 10) or find a replacement for their time off (one out of eight);
❚ Being threatened with loss of wages for using paid sick days (one out of 13) or actually losing wages (one out of 38); and
❚ Being assigned fewer or less desirable work hours or worse tasks because they used paid sick days (one out of 20).
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Table 6. Employees Reporting Improper Implementation of the PSLO
Given
Had to
Threatened
Fewer/Worse Employer
Not in
Had to
Had
Make up
With wage
Hours or Retaliates Compliance
Make Up
to Find
Hours or Find Loss or Was Lost
Worse
for Use of With the
Hours Replacement Replacement Written Up Wages
Tasks
PSD
PSLO

N

All Workers

11.3%

13.9%

20.3%

6.3%

2.6%

4.5%

9.7%

23.7%

477

Age
Age 25 to 54 Years
Age 55 or Over

12.8%
7.0%

14.2%
9.3%

21.3%
14.8%

6.2%
8.1%

2.4%
2.9%

4.8%
4.3%

10.1%
9.2%

25.2%
16.6%

331
133

Sex
Men
Women

7.7%
15.4%

10.6%
17.5%

15.7%
25.5%

3.9%
8.9%

1.8%
3.4%

3.6%
5.5%

7.6%
12.1%

18.6%
29.3%

234
243

Race/Ethnicity
Black
Latino
Other
White

19.2%
32.8%
12.7%
6.2%

32.0%
16.9%
15.0%
11.2%

34.9%
38.6%
23.5%
14.7%

21.5%
10.4%
11.6%
1.6%

13.7%
5.0%
1.3%
1.7%

10.4%
3.9%
7.4%
2.6%

26.0%
16.7%
14.9%
4.4%

40.6%
44.9%
27.3%
17.3%

37
30
85
315

Parents

14.9%

10.8%

23.3%

5.7%

3.1%

6.1%

9.5%

27.1%

131

Mothers

16.4%

13.9%

28.1%

8.8%

4.3%

4.3%

9.3%

30.1%

66

Chronically Ill

8.7%

15.0%

20.0%

4.0%

3.9%

5.0%

10.0%

26.2%

115

Union Members

7.1%

19.4%

24.5%

12.1%

0.0%

7.0%

17.0%

29.4%

99

Firm Size
Less Than 10
10 to 24
25 to 99
100 or More

8.2%
22.0%
12.4%
7.6%

18.2%
22.2%
11.9%
9.5%

23.8%
33.6%
17.5%
14.6%

4.4%
8.1%
6.8%
6.0%

3.6%
0.5%
2.1%
3.3%

7.8%
5.8%
3.6%
2.8%

8.6%
13.4%
8.0%
9.6%

27.5%
38.9%
18.0%
18.5%

86
77
109
205

Industry
Information and Professional
and Business Services
Financial Activities
Educational and Health Services
Leisure and Hospitality
Other Services
Other

14.4%
6.9%
12.3%
1.2%
13.1%
14.7%

13.8%
6.0%
12.3%
22.6%
16.3%
17.6%

20.7%
10.2%
22.2%
23.8%
22.0%
26.0%

6.5%
0.0%
7.4%
0.0%
9.7%
14.4%

2.5%
1.5%
3.7%
0.0%
4.1%
3.8%

4.2%
0.0%
8.6%
3.5%
1.6%
8.7%

9.6%
1.5%
18.8%
3.5%
9.7%
14.2%

22.8%
11.7%
34.1%
27.4%
23.4%
26.0%

169
53
101
37
64
48

Wage Quartiles
Bottom Wage Quartile
Second Wage Quartile
Third Wage Quartile
Top Wage Quartile

20.0%
8.8%
8.5%
11.4%

35.7%
16.8%
10.7%
3.3%

39.9%
21.7%
15.7%
13.3%

20.0%
7.3%
3.3%
0.9%

2.6%
4.3%
2.1%
1.7%

7.0%
7.2%
3.5%
2.0%

26.9%
10.1%
6.0%
3.7%

44.2%
25.4%
19.5%
15.3%

45
118
172
142

Note: Data are for workers who used PSD in the last 12 months.
Source: IWPR analysis of employee survey data.
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Women, black, and Latino workers; parents;
and low-wage workers were more likely to
report having to “make up” their PSD or
find a worker to fill in for their leave. Workers in the leisure and hospitality industry
and “other” industries were the most likely
to report one of these situations.
The PSLO allows employers to require confirmation from a health care practitioner
when workers use paid sick days for more
than three consecutive days, but workers’ reports suggest that some employers request
documentation for shorter leaves. For instance, two-fifths of low-wage workers who
took paid sick days reported that they had
been asked to show that they needed the
time off—but only one-fourth had taken a
total of more than three days (Table 7).
Although half of workers benefited from the
PSLO, and most employers implemented
paid sick days, implementation was not always perfect. Most workers reported that
they could use paid sick days when they
were ill themselves, and two-thirds reported
that they could use paid sick days to care for
family member or to see a doctor (see Appendix Table 1). Similarly, around twothirds of workers accrued paid sick days at
the required rate of one hour for every 30
hours of work. However, 29.0 percent of
workers reported either not having all uses
available or not accruing sick days at the required rate, and an additional 26.9 percent
were not certain whether they were covered
by paid sick days as required by the PSLO.
In particular:
❚ Men were less likely than women, and
older workers less likely than younger
workers, to report that they could use PSD
to care for a family member;
❚ Latino and black workers were less likely
to report having full PSLO benefits;
❚ Parents, and particularly single mothers,
were less likely than other workers to report that they could use PSD for their own
health needs, and relatively few single
mothers (29.9 percent) report having all
the required elements of the PSLO.

Table 7. Characteristics of Workers Who Were Asked
for Documentation for Using PSD
Yes

No

N

All Workers

23.9%

76.1%

709

Firm Size
Less Than 10
10 to 24
25 to 99
100 or More

21.3%
31.8%
24.3%
21.5%

78.7%
68.2%
75.7%
78.5%

145
114
159
291

Industry
Information and Professional
and Business Services
Financial Activities
Educational and Health Services
Leisure and Hospitality
Other Services
Other

17.4%
15.5%
23.8%
30.9%
29.0%
34.5%

82.6%
84.5%
76.2%
69.1%
71.0%
65.5%

234
77
145
58
103
82

Wage Quartiles
Bottom Wage Quartile
Second Wage Quartile
Third Wage Quartile
Top Wage Quartile

38.6%
29.4%
17.7%
10.3%

61.4%
70.6%
82.3%
89.7%

91
189
242
187

Union Member
Union
Non-Union

41.0%
20.3%

59.0%
79.7%

140
565

Part-Time
Part-Time
Full-Time

39.8%
22.1%

60.2%
77.9%

114
595

Temporary or Seasonal Worker
Temporary/Seasonal
Not Temporary/Seasonal

37.2%
22.7%

62.8%
77.3%

66
629

College Graduate
College Graduate
Not College Graduate

11.7%
39.5%

88.3%
60.5%

523
181

Has Paid Vacation or PTO
Has Paid Vacation/PTO
No Paid Vacation/PTO

23.2%
28.8%

76.8%
71.2%

629
70

Has Health Insurance
Has Health Insurance
No Health Insurance

22.0%
44.0%

78.0%
56.0%

655
51

Note: Data are for workers who used PSD in the last 12 months.
Source: IWPR analysis of employer survey data.
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Employers and the Paid Sick Leave Ordinance
Few Employers Had to Change Policies for the PSLO
Patterns of employer sick leave provision and compliance reflected in the employer survey are consistent with reports from employees. As was found in the employee survey results, it should be the case that most employers already offered paid sick days
policies. Other employers should have responded to the ordinance with a new or expanded paid sick days policy. The employee
survey results also suggest that non-compliance will be concentrated among small businesses. The employer survey results fit
these expectations.
Two-thirds of San Francisco’s employers offered paid sick days before the PSLO went into effect, according to employer reports
(Table 8). In response to the PSLO:
❚ Approximately one out of six firms enacted a new paid sick days policy. A similar share increased their existing PSD accrual
rate, and one-sixth of employers expanded the share of their workforce covered by paid sick days (Appendix Table 2); and
❚ Overall, one-third of employers made at least one of these three changes, and most employers (two out of three) were unaffected by the PSLO.
According to the employer survey, the PSLO
Table 8. Firms Providing PSD Before and After the PSLO
expanded paid sick days coverage to more
Provided PSD
Provides
than 59,000 San Francisco workers, or 17 perFirm Characteristics
Before the PSLO
PSD Now
cent of all San Francisco employees; although
All Firms
65.1%
82.1%
it is important to recall (see Table 4, above)
that half of all employees reported some benNumber of Employees
efit from the ordinance.39
1 to 9
63.3%
78.4%
10 to 24
25 to 49
50 or More

66.1%
74.3%
83.6%

92.0%
97.5%
99.4%

Industry
Accommodation and Food Service
Construction
Education, Health Care, and Social Services
Finance, Insurance, and Real Estate
Professional, Scientific, and Technical Services
Retail and Wholesale Trade
Other Services
Other

23.6%
29.8%
67.7%
87.0%
79.9%
61.5%
54.5%
79.6%

62.1%
69.3%
89.2%
93.2%
85.3%
77.9%
78.5%
91.6%

Wage Levels
Low-Wage Firms
High-Wage Firms

51.1%
71.4%

69.7%
87.1%

San Francisco’s smallest firms were the least
responsive to the PSLO. Among employers
with fewer than 10 workers, one-quarter implemented or expanded a paid sick days policy in response, but one-third did not have a
paid sick days policy at the time of the survey. On the other hand, nearly all firms with
10 or more workers offered paid sick days at
the time of the survey, and more than half had
enacted one or more changes in response to
the PSLO.
Firms that enacted a new paid sick days policy in response to the PSLO tended to be:
❚ In the construction and accommodation and
food service industries;
❚ Low-wage firms; and
❚ Firms with low work hours.

Firms Work-Hours
Low-Hours Firms
High-Hours Firms

52.6%
78.6%

73.7%
88.7%

Female Workforce
More Than 80 Percent of Employees Are Women
Other Firms

67.7%
56.8%

82.3%
80.8%

Diverse Workforce
50% or More of Employees Are Non-White
Other Firms

Employers Had Little Difficulty
Implementing the PSLO

72.9%
48.7%

84.5%
76.1%

Has Unionized Workers
Some Employees Are Union Members
No Union Members

80.4%
64.4%

91.8%
81.7%

As discussed earlier, employers may report
costs around implementing the PSLO or increased benefits costs, particularly if they
need to hire replacements for employees
using paid sick days. The employer survey
asked about implementation issues and hiring
replacements, with benefits costs implicitly
accounted for in a question regarding profitability (see following page).

Note: At least one worker in “low-wage firms” earns less than $10 per hour; all employees in “highwage firms” earn more than $15 per hour. More than 30 percent of employees in “low-hours firms”
work less than 10 hours per week; in “high-hours firms,” all employees work at least 30 hours per week.
Source: IWPR analysis of employee and employer survey data.

17
San Francisco’s Paid Sick Leave Ordinance

San Francisco employers reported little to moderate difficulty in implementing the PSLO (Table 9). Specifically:
❚ Half reported that it was “not difficult” or “not too difficult” to understand the requirements of the PSLO, and another one out
of seven did not know;
❚ Half reported that it was “not difficult” or “not too difficult” to administer the PSLO, and another one out of seven did not
know; and
❚ Half reported that it was “not difficult” or “not too difficult” to reassign or delay work while workers used paid sick days, and
another one out of 10 did not know.
Table 9. Firms’ Reports of Difficulty Implementing the PSLO
SHARE OF FIRMS REPORTING:
Understanding the Requirements
of the PSLO

Firm Characteristics
All Firms

“Not too “Somewhat
Difficult” Difficult”
or “Not
or “Very
Difficult” Difficult” “Don’t Know”

Administering the PSLO
“Not too “Somewhat
Difficult” Difficult”
or “Not
or “Very
Difficult” Difficult” Don’t Know”

Reassigning or Delaying Work
“Not too “Somewhat
Difficult” Difficult”
or “Not
or “Very
Difficult” Difficult” Don’t Know”

52.0%

34.6%

13.4%

53.9%

31.4%

14.7%

48.2%

42.7%

9.0%

49.3%
57.4%
66.6%
65.4%

34.1%
39.9%
29.4%
30.9%

16.6%
2.7%
3.9%
3.6%

53.7%
53.8%
53.7%
56.5%

28.3%
41.0%
42.5%
39.8%

18.0%
5.2%
3.9%
3.7%

45.0%
57.5%
61.6%
59.2%

44.2%
39.6%
34.8%
36.5%

10.8%
2.8%
3.6%
4.4%

44.4%
53.0%

50.0%
46.1%

5.5%
0.9%

36.6%
41.0%

57.9%
53.2%

5.5%
5.8%

40.7%
53.7%

59.0%
40.5%

0.3%
5.8%

60.6%

23.2%

16.2%

69.9%

12.6%

17.5%

51.1%

39.7%

9.3%

51.5%

27.9%

20.6%

68.1%

17.1%

14.8%

58.7%

33.7%

7.7%

63.7%
44.8%
55.2%
41.8%

30.8%
39.8%
34.2%
32.2%

5.5%
15.4%
10.6%
26.0%

55.3%
55.8%
56.2%
40.5%

33.8%
26.3%
31.4%
33.1%

10.9%
17.9%
12.4%
26.4%

49.8%
54.6%
34.0%
41.0%

40.1%
29.9%
55.8%
50.8%

10.0%
15.5%
10.2%
8.2%

Wage Levels
Low-Wage Firms
High-Wage Firms

55.5%
57.6%

37.5%
22.0%

7.0%
20.4%

57.0%
58.1%

30.7%
20.7%

12.3%
21.2%

52.7%
50.9%

38.7%
36.3%

8.6%
12.8%

Firms Work-Hours
Low-Hours Firms
High-Hours Firms

56.5%
47.9%

30.3%
34.3%

13.1%
17.8%

56.7%
47.7%

28.4%
32.7%

14.9%
19.6%

49.1%
46.8%

42.7%
41.9%

8.2%
11.3%

Female Workforce
More Than 80 Percent of
Employees Are Women
Other Firms

52.1%
53.0%

36.6%
27.3%

11.3%
19.6%

54.6%
53.5%

34.0%
22.3%

11.4%
24.2%

45.8%
56.6%

45.0%
35.0%

9.3%
8.4%

Diverse Workforce
50 Percent or More of
Employees Are Non-White
Other Firms

54.8%
47.7%

28.8%
43.5%

16.4%
8.9%

58.9%
45.9%

22.6%
44.8%

18.5%
9.3%

46.0%
51.7%

42.5%
43.6%

11.6%
4.6%

Union Workforce
Some Employees Are
Union Members
No Union Members

47.2%
52.2%

49.5%
33.8%

3.3%
13.9%

47.8%
54.2%

48.9%
30.5%

3.3%
15.3%

46.2%
48.3%

51.0%
42.3%

2.8%
9.3%

Number of Employees
1 to 9
10 to 24
25 to 49
50 or More
Industry
Accommodation and
Food Service
Construction
Education, Health Care, and
Social Services
Finance, Insurance, and
Real Estate
Professional, Scientific, and
Technical Services
Retail and Wholesale Trade
Other Services
Other

Note: At least one worker in “low-wage firms” earns less than $10 per hour; all employees in “high-wage firms” earn more than $15 per hour. More than 30
percent of employees in “low-hour firms” work less than 10 hours per week; in “high-hours firms,” all employees work at least 30 hours per week.
Source: IWPR analysis of employer survey data
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It is possible that one response to these difficulties lay in non-compliance, and one-quarter of employers who reported difficulties
implementing the PSLO also reported providing no paid sick days in the survey.
Smaller firms reported finding it easier to administer the PSLO, but more difficult to adjust workload for absent workers. They
were also much more likely to answer that they did not know whether it was difficult to understand or implement the PSLO or to
manage workload when workers used paid sick days. The restaurant and hospitality industry showed higher rates of difficulty
implementing the PSLO, perhaps because few employers had paid sick days before the ordinance, or because they often needed
to hire replacement workers.
Employers were also asked about hiring replacement workers to cover for workers using paid sick
days. Few did so; nine out of 10 firms answered
that they never or rarely hired replacements when
workers used paid sick days (Figure 5 and Appendix Table 3). The hospitality industry was the only
industry that significantly used replacements,
with just under one-third of firms reporting that
they brought in outside workers “always” or “frequently” to replace workers using paid sick days.
However, hospitality firms that actually provided
paid sick days reported rarely using replacement
workers; the firms that did not offer paid sick
days were more likely to use this staffing
strategy.40 The generally low rates of replacement
hiring are consistent with the finding that employees reported increased work demands as the most
common employer response to the PSLO (21.7
percent overall, and 25.3 percent in the leisure
and hospitality industry; see Table 5).

Figure 5. Firms Reporting Hiring Replacements for
Workers Using PSD
Percent of Firms Answering “Frequently” or “Always”
O%

1O%

2O%

3O%

4O%

5O%

6O%

7O%

8O%

9O%

10O%

9O%

10O%

All Firms

1 to 9 Employees

10 to 24 Employees

25 to 49 Employees

50 or More Employees

Employer Benefits from the
Paid Sick Leave Ordinance

Accommodation and Food Service

Employer reports of cost-savings or improved
employee performance should be limited to the
minority of employers who implemented or improved policies in response to the PSLO. It follows that most employers will report only
minimal changes in these aspects of business performance, and the data reflect this pattern.

Construction

Education, Healthcare, and Social Services

Finance, Insurance, and Real Estate

Most employers reported that the PSLO had no
effect on the predictability of employee absence,
employee morale, customer service, or employees
coming to work sick (Table 10 and Appendix
Table 4). Approximately one out of seven did not
know if complying with the PSLO had affected
these aspects of their business.

Professional, Scientific, and Technical Services

Retail and Wholesale Trade

Other Services

Other

O%

1O%

2O%

3O%

4O%

5O%

Source: IWPR analysis of employer survey data.
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6O%

7O%

8O%

Table 10. Effect of PSLO on the Predictability of Absence
Impact on Predictability of Employee Absences
Better
About the Same
Worse
Don't Know
All Firms

3.8%

75.5%

6.9%

13.9%

Number of Employees
1 to 9
10 to 24
25 to 49
50 or More

3.8%
3.3%
5.3%
3.3%

75.7%
74.8%
76.0%
72.8%

3.5%
17.1%
15.0%
18.7%

16.9%
4.8%
3.7%
5.2%

1.6%
20.2%
3.5%
5.4%
6.4%
0.4%
1.9%
1.6%

65.8%
54.8%
67.5%
84.4%
81.0%
78.1%
67.4%
83.8%

11.8%
15.9%
11.8%
2.8%
1.8%
6.1%
3.5%
12.0%

20.7%
9.2%
17.2%
7.4%
10.8%
15.4%
27.3%
2.6%

Wage Levels
Low-Wage Firms
High-Wage Firms

1.8%
5.3%

76.7%
76.3%

7.0%
4.7%

14.5%
13.8%

Firms Work-Hours
Low-Hours Firms
High-Hours Firms

5.4%
4.4%

70.5%
79.3%

10.9%
5.5%

13.3%
10.8%

Female Workforce
More Than 80 Percent of Employees Are Women
Other Firms

4.8%
0.2%

73.8%
80.8%

7.3%
6.0%

14.1%
13.0%

Diverse Workforce
50 Percent or More of Employees Are Non-White
Other Firms

5.0%
1.8%

77.4%
72.1%

2.7%
13.0%

14.9%
13.1%

Has Unionized Workers
Some Employees Are Union Members
No Union Members

6.2%
3.6%

74.2%
75.5%

14.6%
6.5%

5.1%
14.3%

Industry
Accommodation and Food Service
Construction
Education, Health Care, and Social Services
Finance, Insurance, and Real Estate
Professional, Scientific, and Technical Services
Retail and Wholesale Trade
Other Services
Other

Note: At least one worker in “low-wage firms” earns less than $10 per hour; all employees in “high-wage firms” earn more than $15 per hour. More than 30
percent of employees in “low-hour firms” work less than 10 hours per week; in “high-hours firms,” all employees work at least 30 hours per week.
Source: IWPR analysis of employer survey data.

Net Effects and Employer Support for the PSLO
As shown below (Table 11), most employers—more than two out of three—reported no impact on profitability, whereas an additional one-seventh reported they did not know if there were any effects. The group that reported positive profitability effects is
very small (0.6 percent), and a larger group reported negative effects (14.2 percent). Overall, six out of every seven San Francisco
employers did not report negative profitability effects from the PSLO.
The industries where reports of adverse profitability effects occurred most frequently were in accommodation and food service,
construction, retail and wholesale trade, and other services. Not surprisingly, these are the same industries where new paid sick
days were implemented most frequently in response to the PSLO (see Table 8).
Although respondents in this minority of industries reported perceived profitability declines, higher coverage in these industries
is especially likely to result in public health gains. Excepting construction, new paid sick days coverage in these industries should
have generated substantial public health benefits due to employees working closely with customers. A check revealed that profitability declines were not associated with reports of policy change in response to the PSLO (three-quarters of respondents reporting policy change also reported no impact on profits).
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Table 11. Effect of PSLO on Profitability
Better

Impact on Profitability
About the Same
Worse

Don't Know

All Firms

0.6%

70.6%

14.2%

14.6%

Number of Employees
1 to 9
10 to 24
25 to 49
50 or More

0.6%
0.2%
2.0%
0.4%

70.3%
71.0%
73.8%
70.4%

12.0%
22.7%
19.9%
18.4%

17.0%
6.2%
4.3%
10.9%

Industry
Accommodation and Food Service
Construction
Education, Health Care, and Social Services
Finance, Insurance, and Real Estate
Professional, Scientific, and Technical Services
Retail and Wholesale Trade
Other Services
Other

0.0%
5.7%
2.1%
1.1%
0.1%
0.0%
0.0%
0.4%

64.9%
62.2%
70.4%
78.6%
78.2%
71.3%
45.9%
76.2%

17.4%
25.6%
6.9%
7.9%
10.1%
16.0%
24.0%
17.4%

17.7%
6.6%
20.6%
12.4%
11.6%
12.7%
30.1%
6.1%

Wage Levels
Low-Wage Firms
High-Wage Firms

1.1%
0.6%

63.2%
76.3%

15.9%
10.4%

19.8%
12.7%

Firms Work-Hours
Low-Hours Firms
High-Hours Firms

1.2%
0.7%

68.8%
70.9%

17.3%
16.7%

12.8%
11.8%

Female Workforce
More Than 80 Percent of Employees Are Women
Other Firms

0.8%
0.2%

68.0%
77.6%

16.1%
9.2%

15.1%
12.9%

Diverse Workforce
50 Percent or More of Employees Are Non-White
Other Firms

0.3%
1.3%

71.0%
69.5%

14.4%
14.9%

14.3%
14.3%

Has Unionized Workers
Some Employees Are Union Members
No Union Members

1.1%
0.6%

56.0%
71.3%

32.5%
13.3%

10.4%
14.8%

Note: At least one worker in “low-wage firms” earns less than $10 per hour; all employees in “high-wage firms” earn more than $15 per hour. More than 30
percent of employees in “low-hour firms” work less than 10 hours per week; in “high-hours firms,” all employees work at least 30 hours per week.
Source: IWPR analysis of employer survey data.

Some firms may have reported no adverse profitability effects because they found ways to contain costs or improve revenues
while implementing the PSLO. However, more than eight in 10 employers report that they did not make any of the changes asked
about in the survey. Further, only 14.1 percent of employees reported that their employer reduced compensation or benefits (see
Table 5), while a very similar proportion of employers (12.8 percent) reported reductions in employee compensation (Table 12).
Specifically, 2.8 percent reduced vacation leave; 7.1 percent converted vacation leave to paid time off or paid sick days; and 7.1
percent reduced raises or bonuses.
A smaller proportion of employers (10.9 percent) said they increased prices in response to the PSLO (results not shown). These
employers were concentrated in the same industries where the PSLO led to the most dramatic expansion in coverage, and where
employers reported adverse profitability effects—accommodation and food services, construction, retail and wholesale trade,
and other services. In at least some cases, these employers were able to pass along these costs to customers.
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Table 12. Employer Changes to Compensation in Response to the PSLO

Decreased
Vacation Time

Converted
Vacation to
PTO or PSD

Reduced
Raises or
Bonuses

All Firms

2.8%

7.1%

7.1%

12.8%

6.6%

80.6%

Number of Employees
1 to 9
10 to 24
25 to 49
50 or More

1.4%
8.8%
5.9%
5.4%

5.0%
15.5%
11.8%
11.6%

6.2%
11.7%
9.8%
5.5%

10.1%
22.7%
21.5%
17.7%

7.6%
4.2%
2.7%
1.8%

82.3%
73.1%
75.9%
80.6%

5.1%
15.6%
0.4%
0.9%
1.5%
1.0%
2.4%
6.3%

6.9%
19.8%
12.1%
5.1%
8.0%
2.8%
3.7%
9.0%

10.0%
15.6%
20.6%
0.1%
4.3%
1.2%
11.1%
7.8%

16.4%
34.5%
30.1%
6.0%
9.4%
4.1%
13.2%
13.1%

20.7%
0.0%
2.3%
1.0%
1.8%
5.9%
18.7%
3.4%

62.8%
65.5%
67.6%
92.9%
88.8%
89.9%
68.1%
83.4%

Wage Levels
Low-Wage Firms
High-Wage Firms

4.7%
1.8%

4.3%
8.0%

6.6%
6.7%

11.4%
13.1%

10.0%
2.5%

78.7%
84.4%

Firms Work-Hours
Low-Hours Firms
High-Hours Firms

2.2%
3.2%

10.5%
6.6%

8.1%
9.2%

18.9%
13.0%

12.7%
3.4%

68.4%
83.6%

Female Workforce
More Than 80 Percent of Employees Are Women
Other Firms

3.7%
0.5%

7.8%
5.3%

6.9%
8.1%

12.6%
13.7%

7.9%
2.8%

79.5%
83.5%

Diverse Workforce
50 Percent or More of Employees Are Non-White
Other Firms

1.5%
5.4%

5.9%
9.3%

6.4%
9.2%

10.6%
17.4%

2.9%
12.0%

86.6%
70.6%

Has Unionized Workers
Some Employees Are Union Members
No Union Members

3.8%
2.8%

6.9%
7.1%

8.2%
7.1%

12.1%
12.8%

3.2%
6.8%

84.7%
80.4%

Firm Characteristics

Industry
Accommodation and Food Service
Construction
Education, Health Care, and Social Services
Finance, Insurance, and Real Estate
Professional, Scientific, and Technical Services
Retail and Wholesale Trade
Other Services
Other

One or More of These Responses
Yes
Don't Know
No

Note: At least one worker in “low-wage firms” earns less than $10 per hour; all employees in “high-wage firms” earn more than $15 per hour. More than 30
percent of employees in “low-hours” firms work less than 10 hours per week; in “high-hours firms,” all employees work at least 30 hours per week.
Source: IWPR analysis of employer survey data.

Two out of three firms were “supportive” or “very supportive” of the PSLO, of which one-third reported being “very supportive”
(Figure 6 and Table 13). The same four industries where reported profitability issues emerged were also those with the lowest
levels of support for the PSLO—accommodation and food services, construction, retail and wholesale trade, and other services.
However, even in these industries, more than 60 percent of employers in accommodation and food services and in retail
and wholesale trade are supportive, whereas fewer than 30 percent of employers in the construction industry report not
being supportive.41 Most employers supported the PSLO.
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Figure 6. Firms Supporting the PSLO
Percent of Firms Answering “Very Supportive” or “Supportive”
O%

1O%

2O%

3O%

4O%

5O%

6O%

7O%

8O%

9O%

8O%

9O%

All Firms

1 to 9 Employees
10 to 24 Employees
25 to 49 Employees
50 or More Employees

Accommodation and Food Service
Construction
Education, Healthcare, and Social Services
Finance, Insurance, and Real Estate
Professional, Scientific, and Technical Services
Retail and Wholesale Trade
Other Services
Other
O%

1O%

2O%

3O%

4O%

5O%

6O%

7O%

Source: IWPR analysis of employer survey data.
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Table 13. Percentage of Firms Supporting the PSLO

Firm Characteristics

Share of Firms Stating Specified Level of Support
Very
Somewhat
Not Supportive
Don't Know

All Firms

33.9%

34.5%

23.6%

8.0%

Number of Employees
1 to 9
10 to 24
25 to 49
50 or More

34.9%
27.3%
38.7%
33.3%

33.7%
39.5%
32.5%
35.0%

22.0%
31.5%
24.3%
23.0%

9.4%
1.7%
4.4%
8.7%

Industry
Accommodation and Food Service
Construction
Education, Health Care, and Social Services
Finance, Insurance, and Real Estate
Professional, Scientific, and Technical Services
Retail and Wholesale Trade
Other Services
Other

12.0%
7.7%
52.2%
59.9%
30.3%
34.4%
29.3%
28.5%

53.7%
40.3%
32.9%
23.4%
43.2%
27.4%
21.7%
32.5%

31.6%
28.1%
12.3%
12.2%
16.0%
30.9%
35.6%
29.4%

2.7%
23.8%
2.6%
4.6%
10.5%
7.2%
13.4%
9.6%

Wage Levels
Low-Wage Firms
High-Wage Firms

30.8%
37.6%

40.7%
31.4%

20.3%
19.8%

8.2%
11.2%

Firms Work-Hours
Low-Hours Firms
High-Hours Firms

27.2%
34.4%

39.5%
32.2%

26.3%
24.1%

7.0%
9.3%

Female Workforce
More Than 80 Percent of Employees Are Women
Other Firms

32.0%
39.0%

34.0%
37.4%

24.5%
21.1%

9.5%
2.4%

Diverse Workforce
50 Percent or More of Employees Are Non-White
Other Firms

39.2%
28.0%

32.0%
37.1%

21.9%
27.2%

7.0%
7.8%

Has Unionized Workers
Some Employees Are Union Members
No Union Members

23.1%
34.5%

19.9%
35.3%

49.3%
22.3%

7.8%
8.0%

Note: At least one worker in “low-wage firms” earns less than $10 per hour; all employees in “high-wage firms” earn more than $15 per hour. More than 30 percent
of employees in “low-hours firms” work less than 10 hours per week; in “high-hours firms,” all employees work at least 30 hours per week.
Source: IWPR analysis of employer survey data.

Among the minority of employers who were not supportive of the PSLO, most (two-thirds) reported hiring replacement workers
always or frequently.
The generally high levels of support may reflect the fact that paid sick days are simply becoming a way of doing business in the
city, rather than the burden some expected to see.
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Conclusion:
How Well Is the Paid Sick Leave Ordinance Working?
San Francisco’s Paid Sick Leave Ordinance expanded paid sick leave to thousands of employees, according to both employee and employer reports, although only one in six employers implemented a new paid
sick days policy to comply with the ordinance.42 Most San Francisco employers reported that implementing the PSLO was not difficult and that it did not negatively affect their profitability. Half of San Francisco
workers benefited directly from the PSLO in terms of their ability to use paid sick days—even though
more than one-third of workers said they did not use any paid sick days in the previous year. Thus, the
evidence presented in this report suggests that the PSLO is functioning as intended to level the playing
field across employers and spread the benefits of paid sick days to employees who previously needed
but did not have paid sick days.
The PSLO created costs for a relatively small share of employers and employees. Only one in seven employers reported adverse effects on profitability, and a similar proportion of employees reported fewer
raises or bonuses or reductions in other benefits. In part, it appears that many employers offset potential
costs by having co-workers fill in when others were absent, rather than hiring replacement workers. Of
course, these employers may ultimately benefit due to reductions in employee turnover, and by having a
healthier and more productive workforce.
The finding that so few employers were adversely affected contradicts speculation from employer groups
that paid sick days policies would increase costs among employers who already had paid sick days systems
in place.43 The reason this speculation turned out to be unfounded is simple: employees in San Francisco
use fewer than half of the sick days available under the PSLO, and employers will never pay for many of
these unused days. This finding is not surprising, given the way that workers earn paid time off under the
PSLO. Employees can earn a maximum of up to five or nine paid sick days, and carry up to that many
days over from one year to the next. This structure gives employees an incentive to treat paid sick days
as a form of insurance, saving paid sick days in case they need the time for their own illness or that of a
family member. Many workers will end up not having to use any paid sick days in a given year.
Workers’ reports of their reasons for using paid sick days suggest that many employees make strategic
trade-offs in taking this leave. For instance, workers with caregiving commitments, whether for children
or other adults in need, tend to use paid sick days to care for others, not themselves. This underscores the
importance of the PSLO’s design, as compared to sick leave policies that can be used only for a worker’s
own illness or injury.
Employer and worker reports suggest that some challenges remain in order to fully implement the PSLO;
however, extending public and employer education about the law and employer compliance are paramount. Although most employers appear to be in compliance with the requirements of the PSLO and are
supportive of the law, a significant minority of workers report that they still lack paid sick days (see Appendix Table 1). And nearly one in five employers report that they do not offer paid sick days. Finally, it
appears that many employers and workers are not familiar with the requirements of the PSLO, despite
the outreach conducted by several public agencies to familiarize employers and workers with the law.44
If there is a bottom line to San Francisco employer responses to the PSLO, it does not necessarily lie in
perceptions of costs, benefits, or profitability, but in whether they support the law. Although most businesses already provide paid sick days in the United States, employer organizations have often opposed
mandates such as the PSLO.45 However, two-thirds of employers in the only city with experience with a
paid sick days mandate for all workers are supportive of the policy.
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Appendix A: Methodology for the Survey of Workers
The survey of workers was conducted by telephone by David Binder Research in January and February 2010. The sample frame
was constructed by David Binder Research based on zip codes inside and outside San Francisco and included both land-line and
cell phone numbers. The survey was designed by the Institute for Women’s Policy Research. Survey respondents were at least 18
years old and had worked an average of at least 10 hours per week for at least three months for a private-sector San Francisco
firm at some time after February 2007. Interviews were completed with 1,194 workers.
The Institute for Women’s Policy Research imputed missing wage data and created post-stratification weights using Stata’s raking
procedure to represent the demographic (gender, age, ethnicity, and education) and employment (industry, wage, and work hours)
characteristics of private-sector San Francisco workers in 2008 according to the American Community Survey.
Appendix Table A: Sample Sizes and Weighted Distribution, Worker Survey

Total

Sample
Size
1,194

Weighted
Distribution
100.0%

Sample
Size

Weighted
Distribution

Industry
Information and Prof. and Business Services
Financial Activities
Educational and Health Services
Leisure and Hospitality
Other Services
Other

353
128
240
117
164
173

28.1%
14.6%
14.9%
12.3%
11.2%
19.0%

Wage Quartiles
Bottom Wage Quartile
Second Wage Quartile
Third Wage Quartile
Top Wage Quartile

189
296
372
337

26.6%
24.8%
23.6%
25.0%

Union Member
Union
Non-Union

220
963

17.1%
82.9%

281
913

16.1%
83.9%

154
1,017

14.2%
85.8%

Age
18 to 24 Years
25 to 54 Years
55 or Over

41
733
420

6.4%
68.4%
25.2%

Gender
Men
Women

639
555

55.2%
44.8%

Race and Ethnicity
Black
Latino
Other
White

86
108
197
761

5.7%
15.9%
25.4%
53.0%

Parents
Has Children
No Children

307
887

28.5%
71.5%

Mothers
Mother
Not A Mother

Part-Time
Part-Time
Not Part-Time

150
1,044

14.0%
86.0%

Single Mothers
Single Mothers
Others

Temporary or Seasonal Worker
Temporary or Seasonal Worker
Not Temporary or Seasonal Worker

35
1,159

3.6%
96.4%

Workers with Chronic Health Conditions
Has Chronic Health Condition
No Chronic Health Condition

College Graduate
College Graduate
Not a College Graduate

856
328

57.4%
42.6%

281
902

20.2%
79.8%

Union Member
Union Member
Non-Union

Has Paid Vacation or PTO
Has Paid Vacation or PTO
No Paid Vacation or PTO

890
275

76.2%
23.8%

220
963

17.1%
82.9%

Firm Size
Less Than 10
10 to 24
25 to 99
100 or More

Has Health Insurance
Has Health Insurance
No Health Insurance

1,034
154

84.2%
15.8%

320
197
248
429

28.1%
17.6%
21.1%
33.3%

Source: IWPR analysis of employee survey data.
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Appendix B:
Methodology for
the Survey of Employers
The 2009 Bay Area Employer Health Benefits
Survey (BAEHBS) was conducted by telephone
by National Research LLC in July through December 2009.46 The survey was designed by
William H. Dow, Arindrajit Dube, and Carrie
Hoverman Colla of the University of California
Berkeley as part of an evaluation of San Francisco’s Health Care Security Ordinance
(HCSO); staff of the Institute for Women’s Policy Research collaborated on writing the questions about the PSLO. The sample frame was
based on the 2007 Dun and Bradstreet database
of businesses. The sample was stratified by nonprofit status and firm size, and the survey was
targeted at benefits managers. Interviews were
completed with 727 San Francisco firms.47 The
overall response rate was 19 percent among eligible phone numbers attempted.
The Institute for Women’s Policy Research created post-stratification weights using Stata’s
raking procedure to represent the firm-size and
industry distribution of San Francisco establishments in 2008 according to the U.S. Census Bureau’s County Business Patterns data.

Appendix Table B: Sample Sizes and Weighted
Distribution, Employer Survey
Sample
Size

Weighted
Distribution

Offers Paid Sick Days
Paid Sick Days
No Paid Sick Days
Total

682
36
718

84.2%
15.8%
100.0%

Number of Employees
1 to 9
10 to 24
25 to 49
50 or more
Total

190
206
145
186
727

77.2%
13.9%
4.6%
4.3%
100.0%

Industry
Accommodation and Food Service
Construction
Education, Health Care, and Social Services
Finance, Insurance, and Real Estate
Professional, Scientific, and Technical Services
Retail
Other
Total

80
37
86
91
197
46
190
727

12.0%
4.4%
11.3%
12.9%
19.9%
12.4%
27.1%
100.0%

Wage Levels
Low-Wage Firms
Other Firms
High-Wage Firms
Total

167
192
368
727

19.6%
24.0%
56.5%
100.0%

Firms Work-Hours
Low-Hours Firms
Other Firms
High-Hours Firms
Total

166
239
300
705

19.9%
33.1%
47.0%
100.0%

Hires Temporary Workers
Hires Temporary Workers
Does Not Hire Temporary Workers
Total

138
412
550

14.9%
85.1%
100.0%

Offers Health Insurance
Offers Health Insurance
No Health Insurance
Total

630
97
727

60.8%
39.2%
100.0%

Firm Has More Than 80 Percent Women?
More Than 80 Percent Women
Other Firms
Total

109
596
705

24.3%
75.7%
100.0%

25% or More of Employees Are Workers of Color
More Than 25 Percent Workers of Color
Other Firms
Total

473
254
727

64.0%
36.0%
100.0%

Source: IWPR analysis of employer survey data.
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Appendix Table 1: Workers Who Can Use for Specified Purpose and Earn at the Required Rate
Has PSD for Own Health
Yes
No Don't Know

Has PSD for Family Care
Yes
No Don't Know

Yes

Has PSD To See Doctor
No
Don't Know

All Workers

79.3%

15.4%

5.3%

63.2%

25.2%

11.6%

68.8%

24.9%

6.4%

Age
Age 25 to 54 Years
Age 55 or Over

80.8%
78.1%

14.3%
17.8%

5.0%
4.1%

66.2%
56.9%

22.8%
31.8%

10.9%
11.4%

70.0%
66.2%

23.5%
28.6%

6.5%
5.3%

Sex
Men
Women

78.0%
80.9%

16.9%
13.5%

5.0%
5.6%

60.1%
67.0%

29.0%
20.5%

10.9%
12.5%

67.4%
70.5%

27.3%
21.9%

5.3%
7.6%

Race/Ethnicity
Black
Latino

87.3%
76.4%

10.6%
20.2%

2.1%
3.4%

72.7%
57.8%

20.1%
33.9%

7.2%
8.3%

69.5%
55.3%

25.3%
36.8%

5.3%
8.0%

Other

80.8%

12.7%

6.5%

66.2%

23.1%

10.7%

72.8%

21.9%

5.3%

White

78.6%

15.4%

6.0%

61.9%

24.2%

13.9%

70.1%

22.7%

7.1%

Parents

75.2%

17.9%

7.0%

68.4%

23.5%

8.1%

71.4%

23.8%

4.8%

Mothers

77.0%

18.5%

4.5%

72.5%

21.4%

6.1%

77.1%

19.3%

3.6%

Single Mothers

67.5%

28.9%

3.6%

59.8%

34.4%

5.8%

53.9%

43.5%

2.6%

Chronically Ill

77.1%

19.6%

3.3%

56.0%

30.9%

13.1%

70.5%

24.5%

5.1%

Union Members

86.0%

11.0%

3.1%

62.1%

26.6%

11.2%

63.8%

30.8%

5.4%

Source: IWPR analysis of employer survey data.
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Appendix Table 1 (cont.): Workers Who Can Use for Specified Purpose and Earn at the Required Rate

Yes

Has All PSD Uses
No Don't Know

Accrues at Least 1/30 Hours
Yes
No Don't Know

Has All Uses and Accrues
Yes
No Don't Know

N

All Workers

53.3%

31.2%

15.6%

64.3%

19.1%

16.6%

44.1%

29.0%

26.9%

1,172

Age
Age 25 to 54 Years
Age 55 or Over

56.2%
47.1%

28.6%
37.5%

15.1%
15.4%

66.0%
67.2%

17.2%
20.8%

16.8%
12.0%

46.4%
43.2%

26.6%
34.9%

27.0%
21.9%

721
342

Sex
Men
Women

51.2%
55.7%

33.7%
28.1%

15.0%
16.2%

61.2%
68.2%

21.0%
16.8%

17.8%
15.1%

40.4%
48.6%

31.4%
26.1%

28.2%
25.3%

623
549

Race/Ethnicity
Black
Latino

52.3%
44.3%

35.8%
41.8%

11.9%
13.9%

64.0%
60.8%

15.5%
23.9%

20.5%
15.3%

40.1%
33.5%

35.9%
42.0%

24.1%
24.5%

86
108

Other

55.3%

31.0%

13.8%

66.1%

16.7%

17.2%

46.0%

25.3%

28.7%

194

White

54.6%

27.6%

17.8%

64.5%

19.1%

16.4%

46.9%

25.6%

27.5%

745

Parents

58.1%

30.7%

11.1%

63.6%

21.5%

14.8%

47.6%

30.0%

22.4%

305

Mothers

62.0%

29.6%

8.5%

69.9%

17.8%

12.2%

54.1%

28.9%

17.0%

149

Single Mothers

42.8%

51.3%

5.8%

47.5%

24.7%

27.8%

29.9%

40.0%

30.0%

35

Chronically Ill

47.8%

35.7%

16.5%

65.2%

20.9%

13.9%

41.7%

32.5%

25.8%

276

Union Members

50.1%

35.9%

14.1%

71.4%

13.0%

15.6%

45.3%

27.7%

27.0%

218
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Appendix Table 2: How Firms Changed Their PSD Policies in Response to the PSLO

Provides
PSD

Firm Characteristics

All Firms

Increased Expanded
the Accrual an Existing
Enacted a Rate for an Policy to
New PSD
Existing Cover More
Policy
Policy
Workers

Firm Made Changes?

One or
More

No

Not Sure if
Changes
Were Made

82.1%

17.0%

15.8%

17.1%

30.6%

63.7%

5.7%

1 to 9

78.4%

15.1%

11.9%

11.3%

24.3%

70.0%

5.8%

10 to 24

92.0%

25.9%

30.0%

32.2%

49.8%

45.6%

4.6%

25 to 49

97.5%

23.2%

27.6%

38.8%

49.9%

47.4%

2.7%

50 or More

99.4%

15.8%

25.8%

46.5%

58.4%

31.1%

10.5%

Number of Employees

Industry
Accommodation and Food Service

62.1%

38.5%

17.4%

23.3%

46.0%

30.3%

23.7%

Construction

69.3%

39.5%

50.0%

28.2%

66.3%

29.9%

3.8%

Education, Health Care, and Social Services

89.2%

21.5%

13.6%

14.2%

32.6%

66.3%

1.1%

Finance, Insurance, and Real Estate

93.2%

-6.2%

8.2%

8.4%

10.8%

87.3%

1.9%

Professional, Scientific, and Technical Services

85.3%

5.4%

10.9%

13.7%

20.7%

76.3%

3.0%

Retail and Wholesale Trade

77.9%

16.4%

15.6%

17.3%

32.4%

65.7%

1.9%

Other Services

78.5%

24.0%

33.6%

27.9%

49.7%

41.1%

9.2%

Other

91.6%

12.0%

9.4%

16.6%

24.3%

72.4%

3.3%

Low-Wage Firms

69.7%

18.6%

19.0%

17.4%

35.0%

57.7%

7.3%

High-Wage Firms

87.1%

15.7%

15.3%

14.3%

26.4%

70.3%

3.3%

Wage Levels

Firms Work-Hours
Low-Hours Firms

73.7%

21.1%

14.8%

16.7%

30.9%

62.8%

6.2%

High-Hours Firms

88.7%

10.1%

13.9%

15.2%

24.1%

72.1%

3.8%

More Than 80 Percent of Employees Are Women

82.3%

14.6%

16.2%

17.9%

30.1%

62.5%

7.5%

Other Firms

80.8%

24.0%

14.6%

15.4%

32.9%

66.9%

0.2%

50 Percent or More of Employees Are Non-White

84.5%

11.6%

16.4%

13.1%

24.7%

73.7%

1.6%

Other Firms

76.1%

27.4%

14.3%

23.1%

40.8%

48.3%

10.9%

Some Employees Are Union Members

91.8%

11.4%

32.8%

48.8%

62.0%

37.1%

0.8%

No Union Members

81.7%

17.3%

14.9%

15.5%

29.1%

65.0%

5.9%

Female Workforce

Diverse Workforce

Has Unionized Workers

Note: At least one worker in “low-wage firms” earns less than $10 per hour; all employees in “high-wage firms” earn at least $15 per hour. More than 30 percent
of employees in “low-hours firms” work less than 10 hours per week; in “high-hours firms,” all employees work at least 30 hours per week.
Source: IWPR analysis of employer survey data.
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Appendix Table 3: Firms Rarely Hire Replacement Workers
Share of Firms Hiring Outside Replacements for Workers Using PSD:
Firm Characteristics

Always

Frequently

Rarely

Never

Don't Know

All Firms

1.2%

7.2%

23.6%

65.6%

2.4%

Number of Employees
1 to 9
10 to 24
25 to 49
50 or More

0.7%
3.3%
3.3%
1.5%

7.4%
7.7%
2.5%
8.0%

21.0%
28.8%
35.8%
38.9%

68.1%
59.6%
57.0%
50.3%

2.8%
0.5%
1.3%
1.3%

Industry
Accommodation and Food Service
Construction
Education, Health Care, and Social Services
Finance, Insurance, and Real Estate
Professional, Scientific, and Technical Services
Retail and Wholesale Trade
Other Services
Other

1.6%
0.0%
1.1%
0.0%
1.7%
1.4%
0.0%
2.4%

30.8%
6.9%
4.3%
4.8%
2.0%
1.4%
10.0%
4.4%

25.5%
22.7%
28.5%
36.6%
34.1%
8.5%
8.3%
21.3%

41.9%
70.5%
65.9%
57.1%
57.5%
88.6%
72.8%
69.8%

0.2%
0.0%
0.2%
1.5%
4.8%
0.2%
8.9%
2.1%

Wage Levels
Low-Wage Firms
High-Wage Firms

1.1%
1.0%

14.4%
2.1%

12.5%
24.1%

66.4%
70.6%

5.6%
2.1%

Firms Work-Hours
Low-Hours Firms
High-Hours Firms

2.6%
0.7%

13.9%
3.4%

19.2%
25.3%

62.4%
66.6%

2.0%
4.0%

Female Workforce
More Than 80 Percent of Employees Are Women
Other Firms

1.0%
2.0%

9.1%
2.2%

25.5%
16.4%

62.5%
76.5%

2.0%
3.0%

Diverse Workforce
50 Percent or More of Employees Are Non-White
Other Firms

0.6%
2.3%

6.5%
9.4%

19.3%
26.8%

72.1%
59.1%

1.4%
2.5%

Has Unionized Workers
Some Employees Are Union Members
No Union Members

5.1%
1.0%

5.2%
7.3%

27.1%
23.4%

62.0%
65.8%

0.5%
2.5%

Note: At least one worker in “low-wage firms” earns less than $10 per hour; all employees in “high-wage firms” earn more than $15 per hour. More than 30
percent of employees in “low-hours firms” work less than 10 hours per week; in “high-hours firms,” all employees work at least 30 hours per week.
Source: IWPR analysis of employer survey data.
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Appendix Table 4: Effect of the PSLO on Business Operations
Impact on Employee Morale
About the
Don't
Same Worse Know

Impact on Customer Service
Better

About the
Don't
Same
Worse Know

Impact on Presenteeism
Better

About the
Don't
Same Worse Know

Firm Characteristics

Better

All Firms

3.2%

82.9%

0.9% 13.0%

1.2%

81.9%

2.6% 14.3%

3.3%

80.4%

3.4% 12.9%

Number of Employees
1 to 9
10 to 24
25 to 49
50 or More

2.3%
4.4%
8.6%
7.5%

81.6%
89.1%
83.2%
83.5%

0.2% 15.9%
3.0% 3.5%
3.3% 4.9%
3.5% 5.5%

0.9%
1.9%
4.2%
0.3%

81.1% 0.9% 17.1%
82.4% 10.3% 5.4%
86.0% 5.6% 4.2%
89.0% 1.9% 8.9%

2.1%
6.6%
9.4%
5.5%

81.4%
77.0%
77.1%
77.5%

1.5% 15.0%
9.4% 7.0%
9.9% 3.7%
7.8% 9.1%

2.8%
5.6%

76.6%
73.6%

0.8% 19.7%
8.6% 12.2%

2.4%
0.0%

73.8% 4.1% 19.7%
83.1% 11.2% 5.6%

4.9%
6.1%

69.9% 4.6% 20.5%
77.3% 10.0% 6.6%

3.1%

77.8%

1.1% 17.9%

1.4%

80.4%

0.7% 17.5%

2.2%

78.1%

2.8% 16.9%

Industry
Accommodation and
Food Service
Construction
Education, Health Care,
and Social Services
Finance, Insurance, and
Real Estate
Professional, Scientific,
and Technical Services
Retail and Wholesale Trade
Other Services
Other

6.7%

84.6%

0.1%

8.6%

2.4%

87.6%

1.4%

8.6%

0.6%

88.7%

2.8%

2.0%
2.1%
1.6%
4.2%

87.0%
82.5%
80.1%
91.9%

0.7% 10.2%
0.6% 14.8%
0.0% 18.3%
1.2% 2.8%

0.9%
0.0%
0.8%
1.3%

87.3%
84.4%
68.1%
85.2%

0.7% 11.2%
1.4% 14.2%
2.1% 29.1%
7.3% 6.1%

2.9%
1.3%
10.7%
1.8%

86.0%
82.9%
68.8%
82.6%

0.6% 10.5%
4.7% 11.0%
0.6% 19.9%
7.0% 8.7%

Wage Levels
Low-Wage Firms
High-Wage Firms

3.0%
2.7%

85.9%
82.6%

1.6% 9.4%
0.7% 14.0%

2.0%
0.7%

82.2%
83.8%

2.5% 13.3%
1.2% 14.3%

2.4%
4.2%

84.8%
80.9%

3.6% 9.3%
1.8% 13.1%

Firms Work-Hours
Low-Hours Firms
High-Hours Firms

6.3%
1.7%

79.5%
85.8%

1.1% 13.1%
1.3% 11.3%

0.8%
1.3%

82.2%
84.5%

3.7% 13.4%
2.6% 11.6%

3.0%
4.9%

77.3%
82.3%

5.5% 14.2%
2.0% 10.8%

Female Workforce
More Than 80 Percent of
Employees Are Women
Other Firms

3.5%
2.4%

82.4%
84.4%

1.2% 12.9%
0.2% 13.0%

1.6%
0.1%

81.0%
84.5%

3.3% 14.1%
0.5% 14.9%

2.7%
5.3%

80.6%
79.5%

4.1% 12.6%
1.3% 13.9%

Diverse Workforce
50 Percent or More of
Employees Are Non-White 3.8%
Other Firms
2.8%

82.9%
81.7%

0.7% 12.5%
1.0% 14.5%

0.7%
2.1%

83.0%
79.1%

1.3% 15.0%
4.5% 14.3%

4.0%
2.5%

82.4%
77.2%

1.1% 12.5%
6.5% 13.8%

Has Unionized Workers
Some Employees Are
Union Members
No Union Members

84.7%
82.8%

2.8% 9.9%
0.8% 13.1%

0.3%
1.3%

91.9%
81.4%

4.0% 3.9%
2.5% 14.8%

2.3%
3.4%

89.4%
79.9%

4.7% 3.6%
3.4% 13.4%

2.6%
3.3%

7.9%

Note: At least one worker in “low-wage firms” earns less than $10 per hour; all employees in “high-wage firms” earn more than $15 per hour. More than 30 percent
of employees in “low-wage firms” work less than 10 hours per week; in “high-hours firms,” all employees work at least 30 hours per week.
Source: IWPR analysis of employer survey data.
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The lack of paid sick leave as a barrier to cancer
screening and medical care-seeking: results from
the National Health Interview Survey
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Abstract
Background: Preventive health care services, such as cancer screening can be particularly vulnerable to a lack of
paid leave from work since care is not being sought for illness or symptoms. We first describe the prevalence of
paid sick leave by broad occupational categories and then examine the association between access to paid sick
leave and cancer testing and medical care-seeking in the U.S. workforce.
Methods: Data from the 2008 National Health Interview survey were analyzed by using paid sick leave status and
other health-related factors to describe the proportion of U.S. workers undergoing mammography, Pap testing,
endoscopy, fecal occult blood test (FOBT), and medical-care seeking.
Results: More than 48 million individuals (38%) in an estimated U.S. working population of 127 million did not
have paid sick leave in 2008. The percentage of workers who underwent mammography, Pap test, endoscopy at
recommended intervals, had seen a doctor during the previous 12 months or had at least one visit to a health care
provider during the previous 12 months was significantly higher among those with paid sick leave compared with
those without sick leave after controlling for sociodemographic and health-care-related factors.
Conclusions: Lack of paid sick leave appears to be a potential barrier to obtaining preventive medical care and is a
societal benefit that is potentially amenable to change.
Keywords: Cancer screening, Pap test, Mammography, FOBT, Colonoscopy, Paid sick leave, Health benefits

Background
Paid sick leave is paid time taken off from work by individuals to attend to their own or their family member’s
illness or other medical needs without loss of pay or job
loss. Paid sick leave in the Unites States is a provision by
the employer and not an insurance option. Currently in
the United States there are no federal legal requirements
for paid sick leave [1]. The Federal Family and Medical
Leave Act (FMLA) provides up to 12 weeks of unpaid
leave for specified medical conditions for employees of
companies with 50 or more employees [2], but FMLA
does not apply to workers who need time off for routine
or preventive medical care. Both San Francisco and
Washington, DC have passed legislation guaranteeing
paid sick leave to workers in their cities. In addition,
* Correspondence: LBP6@CDC.GOV
1
Epidemiology and Applied Research Branch, DCPC, CDC, 4770 Buford
Highway, NE, Mailstop K-55, Atlanta, GA 30341-3717, USA
Full list of author information is available at the end of the article

measures providing sick leave have passed in Milwaukee,
WI and Seattle, WA but have not yet been enacted [3].
Concern about the lack of paid sick leave was heightened during the 2009 H1N1 influenza outbreak when the
Centers for Disease Control and Prevention recommended that workers remain at home if they were sick
with flu-like symptoms to control the spread of infection
[4], and emergency legislation guaranteeing temporary
sick leave was introduced in the House of Representatives
[5]. In addition to the potential for reducing the spread of
infection, the ability to take sick leave is likely to have an
effect on a much wider range of health conditions and
care-seeking both for workers and their families.
Preventive health services, including cancer screening,
can be particularly vulnerable to a lack of paid leave
since, by definition, preventive care is not sought for illness or symptoms. The United States Preventive Services
Task Force (USPSTF) and the American Cancer Society
recommend regular screening for the prevention of

© 2012 Peipins et al.; licensee BioMed Central Ltd. This is an Open Access article distributed under the terms of the Creative
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breast, colorectal and cervical cancers for early detection
or removal of precancerous lesions [6,7]. However,
screening rates for breast, cervical, and colorectal cancer
in the US remain lower for people with lower income
and education, without health insurance, and Hispanic
ethnicity [7-10]. The USPSTF also recommends screening for high blood pressure and further screening for
diabetes for those with high blood pressure [11]. This
screening is typically part of a medical care visit.
Although the lack of health insurance coverage and
access to preventive care have been broadly examined,
[12-15] we are not aware of research to assess the effect
of paid sick leave on the use of cancer screening services. In 2008, the Task Force on Community Preventive
Services completed a systematic review of research on
client-directed interventions to increase cancer screening [16]. The research examined did not address paid
sick leave but did include other efforts to reduce out-ofpocket expenses. The Task Force concluded that there
was sufficient evidence to show that reducing out-ofpocket costs increased the use of mammography but the
evidence was judged insufficient to determine the effectiveness of similar interventions for cervical or colorectal
cancer screenings. The aims of this analysis are to (1)
describe the prevalence of paid sick leave by broad occupational categories and other occupationally-related
groupings and (2) examine the association between

Figure 1 Study samples flow chart, NHIS 2008.
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access to paid sick leave and cancer testing and medical
care-seeking in the U.S. working population.

Methods
Study population

We used data from the 2008 National Health Interview
Survey (NHIS), a multi-purpose health survey of a
probability-based sample of the U.S. civilian noninstitutionalized population conducted by the CDC’s National
Center for Health Statistics (NCHS). The majority of the
interviews were conducted in person by trained interviewers from the U.S. Census Bureau, and 25% were
completed by telephone. The interviewed sample for
2008 consisted of 74,236 persons in 29,421 families from
28,790 households yielding a household response rate of
approximately 85%, a conditional sample adult response
rate of 74%, and a final adult sample size of 11,826 with
a sample adult response rate of 63% [17].
The focus of this analysis was currently employed
adults who were 18 years of age and older. This group
included adults currently working for pay at a job or
business in the prior week or adults working at a job or
business but not at work in the prior week. We
excluded workers who were self-employed, working
without pay, working in a family business, looking for
work, or not working (Figure 1).
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Occupational characteristics

Respondents were asked about the kind of work they did
(occupation) and the current job or work situation
(employed by a private company or federal, state or local
government). Two-digit codes based on the Standard
Occupational Classification [18] were assigned to each
verbatim response by NCHS [19]. We collapsed the
occupations into 5 general categories that included
management occupations (codes 01–04), professional/
technical occupations (codes 05–31), service occupations
(codes 32–52), sales and office administrative support
occupations (codes 53–64), and a general production
category that included construction, production, transportation and maintenance occupations as well as
farming, forestry and fishing occupations (codes 65–93).
Information was obtained on the number of people who
worked at the respondent’s current job location. The possible response categories of 1–9 employees, 10–24
employees, 25–49 employees, 50–99 employees, 100–249
employees, 250–499 employees, 500–999 employees and
1,000 or more employees were collapsed into 4 groups
(Table 1). Currently working respondents reported how

many years they had worked at a main job or business.
Years at work were categorized as 0–1, 2–5, 6–15 and 16
or more. Respondents answered ‘yes’ or ‘no’ to the question, “Do you have paid sick leave on this main job or
business?”
Cancer tests and medical care seeking

Respondents were asked if they had ever had a colorectal exam, the type of exam, when they had the
exam and the reasons for the exam. We classified
respondents who reported having had a colonoscopy
during the past 10 years or sigmoidoscopy during the
past 5 years for any reason as having had an endoscopy within recommended screening guidelines. Although FOBT is currently recommended with
sigmoidoscopy [6], the use of sigmoidoscopy represents
only a small fraction of endoscopic screening procedures, and this recommendation in 2008 may not be
reflected in the data used for this analysis. We used
the definition of screening by sigmoidoscopy during
the past 5 years to permit comparisons with other
published estimates. In addition, respondents were

Table 1 Percent of U.S. workforce with paid sick leave by occupational characteristics, NHIS, 2008
Characteristics

NHIS sample

Estimated # of
U.S. workers

% with paid
sick leave*

95% CI

Estimated # of workers
with no sick leave

All workers

11,826

127,067,000

61.9

60.7-63.1

48,352,000
1,915,200

Occupation
Management

874

10,120,800

81.1

77.5-84.2

Professional/Technical

3,281

35,349,700

79.0

77.1-80.7

7,442,100

Services

1,997

21,028,300

41.2

38.3-44.1

12,373,000

Sales/Office

2,873

30,406,100

64.3

62.3-66.3

10,843,800

Production**

2,423

27,492,200

53.9

51.4-56.4

14,818,500

Private

9,577

104,319,000

57.0

55.7-58.3

44,858,100

Federal

306

3,063,100

91.5

86.6-94.7

260,200

State

858

8,967,500

81.5

77.5-85.0

1,655,200

Local

975

10,717,600

85.3

82.2-87.9

1,578,500

0-1

3,250

35,737,500

45.1

42.9-47.3

19,632,200

2-5

3,542

38,651,600

60.3

58.1-62.4

15,353,000

6-15

3,115

32,914,500

71.9

69.8-73.9

9,236,480

16+

1,704

18,662,600

79.4

76.8-81.7

3,854,130

< 10

2,073

22,388,100

41.6

39.0-44.1

13,086,000

10-49

3,084

34,408,900

53.1

50.8-55.4

16,136,000

50-249

2,878

31,806,300

69.4

67.0-71.7

9,737,850

250+

2,485

32,820,100

79.4

77.4-81.3

6,760,420

Class of worker

Years on the job

Number of employees

* Percentages are weighted to the population of workers.
** Production category includes Production, Agricultural, Forest and Fishery workers.
CI indicates confidence interval.
Totals in categories may not sum to all worker totals because of missing and unknown values.
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asked if they had ever used an FOBT home kit, and
the date of their most recent test. Respondents, who
had never had this test or had not had one during the
prior year as recommended by national guidelines,
were classified as not having the test. Women were
asked if they had had a mammography and a Pap
smear or Pap test, when they had the tests and the
reasons for the test. Women who reported having had
a mammogram during the prior 2 years or a Pap test
during the prior 3 years as part of a routine exam
were classified as having had a mammogram or Pap
test respectively [6].
Respondents were asked if they had seen or talked
to a general practice, internal medicine or family doctor during the prior 12 months and how many times
during the prior 12 months they had seen a doctor or
other health care professional in a doctor’s office, clinic
or location other than a hospital, emergency room, or
dental office or spoken to one by telephone. For this
analysis we dichotomized the number of doctor visits
as no visits versus one or more visits during the prior
12 months.
Age groups and gender

For analyses of cancer testing, we included working
women 40 years and older in the analysis of mammography. During the time of this survey, recommendations
for mammography included women from age 40 to
49 years [20]. All adult working women (18 years of age
or older) were included in analyses of Pap testing. Colorectal cancer analyses (endoscopy and FOBT) focused on
adults 50 years of age or older. Analyses of the outcomes
of those individuals who had seen or spoken with a doctor and the number of visits included all working adults
18 years of age and older. Figure 1 presents a chart of
population sub-groups for analyses. We assumed that
most adults who were healthy enough to work could potentially benefit from early cancer detection, regardless of
age, and therefore we did not apply an upper age limit
for the use of any cancer screening test.
Other covariates

All variables were self-reported. These included age (classified by 10 year age groups), education (less than high
school, high school or GED, some college and college
graduates), race/ethnicity (Hispanic, non-Hispanic white,
non-Hispanic black, and non-Hispanic other), poverty
ratio (<100%, 100% to <200%, 200% to <400%, 400% or
more), insurance status (private, public only, private and
public, not covered and unknown), usual source of medical care (yes, no, and only emergency room care) and
marital status (never married, married/partnered, and
widowed/divorced). Missing data for income was
imputed by using multiple imputation [17].
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Statistical analysis

We used descriptive statistics to examine the distribution of occupational characteristics of the U.S. workforce
with and without paid sick leave. In addition, we used
the chi-square test to examine the association of having
paid sick leave with the uptake of various cancer tests,
the number of physician visits and whether members of
this population have been seen by a doctor during the
prior year. We used six multivariate logistic regression
models that show the association between sick leave status and various socio-demographic characteristics with
each of the cancer tests, number of physician visits, and
whether members saw a doctor during the prior year.
To enable easy interpretation of the models’ results, we
computed and presented adjusted percentages (predicted
margins), which are derived from the logistic regression
model [21]. Overall associations were assessed with the
Wald F statistic, and differences between categories
within each adjusted variable were tested using general
linear contrasts of the percentages.
To generalize the results to the population, each respondent was assigned a sampling weight. The weights
accounted for selection probability and non-response. A
P-value of less than 0.05 was considered statistically significant. We considered an estimate to be unstable and
recommend caution in interpretation if the relative
standard error, (calculated as [standard error/estimated
percentage] x 100), was more than 30%. All statistical
analyses were performed by using SAS 9.2 with
SUDAAN release 10 (Research Triangle Institute, Research Triangle Park, NC) to adjust for the complex
sampling design of the NHIS.

Results
More than 48 million currently employed U.S. workers
reported having no paid sick leave at their main job or
business (Table 1). The percentage of workers with paid
sick leave varied by class of worker, years on the job and
number of employees at the respondent’s location of
work. Service occupations had the lowest percentage of
workers with paid sick leave (41%), and management
workers had the highest percentage (81%) among occupational categories. The percentage of workers with paid
sick leave was lower among private vs. all levels of the
public sector. As years on the job and number of
employees in a work location increased, the percentage
of workers with paid sick leave increased.
Table 2 presents the relationship between having paid
sick leave and cancer testing and medical care seeking.
The percentage of workers who underwent mammography, Pap test, endoscopy at recommended intervals,
had seen a doctor during the prior 12 months or had at
least one visit to a health care provider during the prior
12 months was significantly higher among those with
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Table 2 Percentages and 95% CIs of U.S. workers
undergoing cancer tests and medical care-seeking by
paid sick leave, NHIS, 2008
Paid Sick Leave
Cancer test

n

Has sick leave

Doesn't have
sick leave

%

95% CI

%

95% CI

p*

Mammography

2,555

83.6

81.5-85.5

75.8

72.1-79.2

<0.001

Pap Test

5,218

89.9

88.7-91.0

86.4

84.5-88.1

<0.001

Endoscopy

3,224

52.7

50.1-55.3

43.1

39.7-46.5

<0.001

Home FOBT

3,208

9.2

7.8-10.8

9.7

7.9-11.9

0.68

# physician visits 11,504

84.0

82.8-85.2

72.0

70.3-73.7

<0.001

69.1

67.6-70.4

57.9

56.1-59.8

<0.001

in past year
Seen doctor in

11,533

past year
FOBT, fecal occult blood test; CI, confidence interval;
Mammography within past 2 years, women age >39.
Endoscopy for adult workers within past 5 years for flexible sigmoidoscopy or
10 years for colonoscopy.
Home FOBT for adult workers within past year age > 49.
# physician visits and seen doctor in past 12 months for all workers.
p* values are based on an chi square test for association.

paid sick leave as compared with those without sick
leave. The percentage of workers who reported having
an FOBT within the prior year was less than 10% and
did not vary by sick leave status.
After adjusting for sociodemographic and health
related characteristics (Table 3), the associations between
paid sick leave and mammography, Pap test and endoscopy remained statistically significant. The unadjusted
and adjusted proportions of cancer tests by sick leave
were quite similar. Working women 40 years of age and
older with sick leave were more likely to have had a
mammogram within the prior 2 years (83.3%; 95% CI,
81.2–85.2) than those without sick leave (77.0%; 95% CI,
72.9–79.9). No associations found between age, education, poverty ratio, health insurance status, race/ethnicity and mammography use. However, associations still
remained for marital status and having a usual source
for medical care. Married or partnered workers were
more likely to have had a mammography than those
who were widowed or divorced (83.2% vs 77.1%,
p < 0.01) adjusting for covariates. Workers without a
usual source of care were less likely to report a mammogram (57.1%; 95% CI, 47.5–66.2) than workers who
had a usual source of care (82.7%; 95% CI, 81.0–84.3).
Among working women, we saw a small but statistically significant difference in Pap test reporting by paid
sick leave status (91.9% vs. 89%, P < 0.04). A significant
difference in reported Pap testing was also seen for age
with the highest proportion of Pap tests being reported
by the youngest workers (aged 18–29 years) when compared with all other age groups (p < 0.001). Widowed or
divorced workers were less likely to report having had a

Pap test (88.2%) than married or partnered workers
(92.0%), (P < 0.01). In addition, workers with a usual
source of care (93.5%; 95% CI, 92.6–94.3) were more
likely to have reported a Pap test compared with workers
without a usual source of care (68.8%; 95% CI, 63.8–
73.5). No associations with Pap testing were seen for
education, poverty ratio, health insurance, or race/
ethnicity.
A similar pattern was observed for endoscopy reporting. A larger proportion of workers with paid sick leave
reported having had an endoscopy (52.5%; 95% CI, 49.9–
55.0) than workers who lacked sick leave (43.5%; 95% CI
40.1–47.1). Higher proportions of workers aged 60–
69 years or older reported endoscopy compared with
those aged 50–59 years (P < 0.001). Married workers
were significantly more likely to have had an endoscopy
(51.7%; 95% CI, 49.0–54.3) than workers who were
widowed or divorced (44.8%; 95% CI, 41.4–48.2). Having
a usual source of care was significantly associated with
reporting an endoscopy (P < 0.001). No association was
found between education, poverty ratio, health insurance
or race/ethnicity and endoscopy. Only age and marital
status were statistically and significantly associated with
home FOBT. Workers aged 50–59 years were less likely
to have reported an FOBT home test than workers aged
60–69 years (P < 0.001) or workers 70 years of age and
older (P = 0.02). Contrary to results for other cancer testing, widowed or divorced workers were more likely to
report a home FOBT test (P = 0.01). Finally, workers
with a usual source of care were more likely than to report a home FOBT than workers without a usual source
of care (10.0%; 95% CI, 8.9–11.4 vs. 2.0%; 95% CI,
0.75–5.2).
Table 4 presents results for medical-care-seeking
among working men and women. The overall proportion
of workers reporting having seen a doctor during the
prior year in any setting was higher than the proportion
of workers who had at least one physician visit in an
office or clinic setting. Only sick leave, age, and marital
status significantly predicted having seen a doctor during
the prior year or having had at least one physician visit.
Workers with sick leave were more likely to have had at
least one physician visit in an office or clinic (68.4%; 95%
CI, 66.9–69.8) than those without sick leave (59.2%; 95%
CI 57.3–61.0). A similar relationship was observed for
workers seeking medical care in any setting including an
emergency room. As expected, older workers (6069 years of age and 70 years of age or older) were more
likely to report having seen a physician at least once in a
clinic or office than workers 50-59 years of age (83.4%;
95% CI, 80.4–86.1 and 83.2%; 95%CI 76.4–88.4 vs.
72.1%; 95% CI, 69.8–74.4). This relationship was also
observed for having seen a doctor during the prior year
in any setting. Widowed or divorced workers reported
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Table 3 Adjusted population percentages and 95% CIs of U.S. workers undergoing cancer tests, NHIS, 2008
Characteristics

Mammography
(n = 2,545)

Pap Test
(n = 4,505)

PM*

95% CI

P**

Yes

83.3

81.2-85.2

<0.001

No

77.0

72.9-79.9

Endoscopy (n = 3,210)

95% CI

P**

91.9

90.6-93.0

<0.04

89.9

88.1-91.4

PM*

Home FOBT
(n = 3,194)

95% CI

P**

52.5

49.9-55.0

<0.001

43.5

40.1-47.1

PM*

PM*

95% CI

9.3

8.0-10.9

9.6

7.7-11.8

P**

Sick leave
0.83

Age years
18-29

-

30-39

-

40-49

79.6

50-59
60-69
70+

0.29

<0.001

<0.001

-

<0.001

97.0

95.5-98.0

91.6

89.7-93.1

-

-

-

76.6-82.3

88.4

86.2-90.3

-

-

81.5

78.7-83.1

87.3

84.3-89.8

46.0

43.5-48.6

7.8

6.6-9.2

84.4

81.2-88.0

83.1

78.2-87.0

56.9

53.0-60.6

12.7

10.4-15.3

84.0

74.2-90.4

70.1

55.5-81.5

60.7

52.7-68.2

13.7

9.5-19.4

Hispanic

80.7

77.0-84.0

90.4

88.0-92.3

49.2

44.9-53.6

9.4

7.3-12.2

Non-Hispanic White

80.8

78.3-83.1

92.2

90.9-93.4

50.5

47.6-53.4

9.6

8.1-11.3

Non-Hispanic Black

81.2

76.1-85.4

88.0

84.6-90.7

46.5

40.9-52.2

7.9

5.5-11.3

Non-Hispanic Asian

87.3

80.3-92.1

90.9

86.7-93.8

51.3

42.9-59.6

10.4

6.0-17.4

Non-Hispanic Other

81.9

64.6-91.9

94.1

85.5-97.7

48.2

31.9-64.8

14.8

6.6-30.0

Never married

77.7

71.6-82.8

91.5

89.1-93.5

42.5

36.0-49.2

9.1

6.1-13.3

Married/partnered

83.2

80.9-85.3

92.0

90.6-93.1

51.7

49.0-54.3

8.5

7.2-10.1

Widowed/Divorced

77.1

74.0-80.0

88.2

85.8-90.2

44.8

41.4-48.2

12.2

10.2-14.7

< high school

80.5

77.5-83.2

91.8

90.0-93.3

49.8

46.1-53.5

10.2

8.3-12.6

High school/GED

79.8

75.7-83.4

90.9

88.7-92.7

50.3

46.1-54.5

8.9

6.7-11.8

Some college

84.3

80.5-87.6

91.4

89.1-93.2

49.4

44.9-53.9

8.6

6.5-11.3

College graduate

77.8

72.2-82.5

89.7

87.1-91.9

46.0

41.0-51.2

8.9

6.5-12.0

missing

86.5

80.5-91.0

91.4

88.0-94.0

53.6

46.9-60.2

10.4

7.2-14.9

< 100%

84.0

78.3-88.4

92.1

88.8-94.5

43.3

37.3-49.4

6.7

4.4-10.1

100% to <200%

76.7

71.6-81.1

89.9

87.3-92.0

52.1

46.5-57.6

11.5

8.5-15.3

200% to <400%

82.2

78.9-85.1

91.3

89.3-93.0

52.0

47.7-56.3

10.4

8.1-13.4

400% or more

82.4

79.1-85.3

90.8

89.0-92.3

49.8

46.1-53.4

9.7

7.6-12.2

Unknown

80.5

76.5-84.1

91.7

89.5-93.5

48.2

43.5-52.9

7.9

5.9-10.6

Private

80.4

76.9-83.5

90.4

88.3-92.1

48.2

44.6-51.8

9.9

7.9-12.2

Public only

79.4

75.1-83.2

91.8

89.6-93.6

51.6

47.1-55.9

8.9

7.0-11.2

Public and Private

84.4

81.4-87.0

90.7

88.6-92.4

51.1

47.1-55.1

10.1

7.8-12.9

Not covered

80.0

75.6-83.9

91.9

89.6-93.7

46.7

41.8-51.6

8.2

6.0-11.1

Unknown

78.1

50.6-92.5

97.3

91.9-99.1

51.0

32.5-69.2

6.9

2.0-20.8

Yes

82.7

81.0-84.3

93.5

92.6-94.3

51.7

49.5-53.9

10.0

8.9-11.4

No

57.1

47.5-66.2

68.8

63.8-73.5

20.6

15.5-26.8

2.0

0.75-5.2

Race/ethnicity
0.48

0.90

0.79

0.69

Marital status
0.00

0.01

0.002

0.02

Education
0.08

0.70

0.51

0.80

Poverty ratio
0.20

0.71

0.12

0.14

Health insurance
0.25

<0.001

Usual Source of Care

0.2

<0.001

0.44

<0.001

0.76

***
<0.001
***

FOBT, fecal occult blood test; CI, confidence interval;
Mammography in past 2 years, women age > 39 home FOBT, adult workers in past year, age > 49 screening endoscopy, adult workers within past 5 years for
flexible sigmoidoscopy or 10 years for colonoscopy.
*PM, predicted marginals from multivariate logistic models including all variables in Table 3.
p** values are based on an overall Wald F Chi Square test for association from multivariate logistic regression models.
*** relative standard error is greater than 30%, interpret estimate with caution.
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Table 4 Adjusted population percentages and 95% CIs of U.S. workers visiting a physician, NHIS 2008
Characteristics

# Physician Visits (n=11,504)
(in clinic or office)

Seen doctor in past year (n=11,533)
(in any setting including ER)

PM*

95% CI

P**

PM*

95% CI

P**

Yes

68.4

66.9-69.8

<0.001

84.6

82.4-84.9

<0.001

No

59.2

57.3-61.0

72.8

71.2-74.4

18-29

55.9

53.1-58.7

75.0

72.5-77.4

30-39

59.9

57.7-62.0

74.8

72.9-76.6

40-49

66.7

64.5-69.0

80.1

78.1-82.0

50-59

72.1

69.8-74.4

84.2

82.2-86.1

60-69

83.5

80.4-86.1

93.4

91.5-94.9

70+

83.2

76.4-88.4

93.5

89.2-96.2

Hispanic

63.8

61.4-66.1

79.2

77.1-81.2

Non-Hispanic White

65.1

63.5-66.7

79.5

78.2-80.2

Non-Hispanic Black

64.2

61.3-67.0

79.4

76.8-81.8

Non-Hispanic Asian

67.9

63.4-72.0

79.9

76.1-83.2

Non-Hispanic Other

63.4

51.7-73.6

77.9

66.9-86.1

Never married

64.0

61.8-66.2

78.1

76.0-80.0

Married/partnered

65.8

64.2-67.4

80.1

79.3-82.0

Widowed/Divorced

61.4

58.5-64.2

75.9

73.4-78.2

Sick leave

Age years
<0.001

<0.001

Race/ethnicity
0.54

0.99

Marital status

Education

0.01

0.48

<0.001

0.21

< high school

66.2

64.2-68.2

80.9

79.2-82.5

High school/GED

64.3

62.0-66.6

79.2

77.1-81.2

Some college

64.4

61.9-66.8

79.1

76.8-81.3

College graduate

63.5

60.9-66.0

78.5

76.2-80.6

missing

64.7

60.9-68.4

77.7

74.2-80.8

< 100%

64.1

61.1-67.1

80.6

77.6-83.4

100% to <200%

65.6

62.8-68.4

80.0

77.6-82.2

200% to <400%

64.2

62.0-66.3

80.8

78.9-82.6

400% or more

65.1

63.0-67.0

77.7

76.0-79.4

Unknown

65.1

62.5-67.6

79.2

77.0-81.3

Private

66.2

64.3-68.0

80.6

78.6-82.4

Public only

63.6

61.3-65.8

79.2

77.1-81.2

Public and Private

64.2

62.1-66.3

79.1

76.3-79.9

Not covered

65.5

62.6-68.2

79.5

77.1-81.8

Unknown

58.6

49.2-67.2

86.1

78.8-91.1

Poverty ratio
0.91

0.11

Health insurance
0.26

0.12

*PM, predicted marginal from logistic regression model using all variables in Table 4.
p** values are based on an overall Wald Chi Square test for association from multivariate logistic regression models.
ER is Emergency Room.

the lowest proportions of medical care-seeking as compared with married or partnered workers. No significant
relationship was seen for education, poverty level, race/
ethnicity or poverty level and medical care seeking.

Conclusions
Out of an estimated U.S. working population of 127 million in 2008, more than 48 million (38%) lack paid sick
leave. Approximately 60% of private-sector workers and
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more than 80% of state and local government workers
had paid sick leave. Our analysis shows that it was workers in service or production occupations, those in the
private sector, and those in smaller firms with fewer
years on the job who were less likely to report having
sick leave. Furthermore, our results from this nationally
representative sample demonstrate that sick leave could
be a significant barrier to cancer testing and medical
care seeking.
Both unadjusted and adjusted proportion of workers
undergoing mammography, Pap test, endoscopy and
medical care-seeking were significantly higher for those
with paid sick leave than those who lacked paid sick
leave. It was only for home FOBT that we did not see an
association with paid sick leave. Compared with endoscopy which requires contact with a physician and time
away from work, testing for blood in the stool with an
FOBT test kit is performed at home. In addition, the
proportion reporting home FOBT was much smaller
than the proportion reporting endoscopy.
Screening behavior is affected by a myriad of factors
that vary within different populations. We adjusted for
sociodemographic factors that have been shown to be
barriers or facilitators of cancer testing or medical careseeking in the United States. Race/ethnicity, education,
age, household income, marital status, usual source of
care and health-care coverage have been associated with
colorectal cancer screening [10,12,13], mammography
[9,13], and Pap testing [13] in population-based surveys,
including the NHIS and a random sample of Medicare
beneficiaries [22]. Our study population, which included
only U.S. working men and women, is likely to differ in
important ways from the U.S. population as a whole or
the Medicare population. Consistent with previous research, we also reported a significant contribution of age
and marital status to models of cancer screening or
medical care-seeking as outcomes, but saw no significant
differences in cancer screening by health insurance status or poverty. This could be due to a population of
working men and women having less variability in insurance status and poverty level than a general population.
Among working adults, lack of paid sick leave may pose
a more significant barrier to cancer testing and medical
care-seeking than lack of insurance or poverty.
This analysis has some limitations. For example, data
are based on self-report and respondents may have incorrectly reported their screening use and the timing of
that screening. A recent meta-analysis of the accuracy of
self-reports of cancer screening concluded that national
survey data overestimate the prevalence of screening
and mask disparities by race and ethnicity because of
differences in reporting accuracy [23]. In addition, the
survey seeks information only on paid sick leave and no
other leave such as paid personal or annual leave, and
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the survey does not capture any restrictions on the use
of sick leave for preventive health care. Workers may
have personal leave or vacation leave but may not consider or report these categories as paid sick leave. Thus,
we may have underestimated the proportion of workers
with leave that could be counted for cancer screening.
However, our estimates of worker’s access to paid sick
leave were similar to the Bureau of Labor Statistics
(BLS) estimates of 61% for private-industry workers and
89% of state and local workers during 2008 [24]. Differences are primarily due to differences in survey design.
Whereas the NHIS is a survey of randomly chosen individuals from households who are representative of the
noninstitutionalized U.S. population, the BLS estimates
are obtained from the National Compensation Survey,
an employer-based survey representing a random selection of establishments chosen from state unemployment
insurance records [25].
Barriers to cancer screening and routine medical careseeking involve a complex web of individual, community,
health care system and societal characteristics. In the
working population, a person’s occupation is the source
of his or her income and medical insurance coverage,
and of other benefits such as paid sick leave, worker’s
compensation, paid vacation, and retirement benefits
[26]. In short, a person’s occupation is the source of
some of the most critical elements determining their
health and well-being. And in the United States, access
to these benefits is largely determined by the type of occupation. The percentage of workers with access to paid
sick leave is lowest among service workers, workers in
construction and maintenance, transportation workers,
and part-time workers, and highest among managers
and professional workers. This occupational structure
disproportionately affects women who are more likely to
be low-wage and part-time workers [27].
Lack of paid sick leave can be considered within the
category of out-of-pocket costs for medical care. Those
without sick leave who take work time off for preventive
services may lose pay. High deductibles and other forms
of cost sharing have been associated with underuse of
preventive services [28,29], specifically colorectal cancer
screening [30] and mammography [31,32]. Lack of paid
sick leave appears to be a potential barrier to obtaining
needed medical care and a societal benefit that is potentially amenable to change.
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  Arise	
  Chicago	
  
Worker	
  Center	
  Members	
  on	
  Why	
  Chicago	
  Needs	
  #PaidSickDays	
  

I	
  have	
  a	
  special	
  needs	
  child.	
  She	
  
needs	
  specialized	
  care.	
  But	
  her	
  
childcare	
  doesn’t	
  take	
  sick	
  kids.	
  
I	
  need	
  paid	
  sick	
  days	
  to	
  take	
  
care	
  o f	
  her.	
  I’ve	
  also	
  missed	
  
doctor	
  appointments	
  because	
  I	
  
couldn’t	
  take	
  a	
  day	
  off.	
  

I	
  started	
  working	
  third	
  shift	
  
when	
  my	
  daughter	
  was	
  12.	
  	
  
I	
  can’t	
  count	
  the	
  number	
  of	
  
times	
  I	
  had	
  to	
  leave	
  her	
  home	
  
sick	
  alone	
  o vernight.	
  	
  
I	
  never	
  missed	
  a	
  day	
  in	
  8	
  years.	
  
After	
  taking	
  1	
  sick	
  d ay	
  in	
  8	
  
years,	
  I	
  was	
  fired.	
  

As	
  a	
  worker	
  and	
  mother,	
  one	
  of	
  
the	
  hardest	
  things	
  I	
  experienced	
  
was	
  not	
  being	
  able	
  to	
  be	
  with	
  
kids	
  when	
  they	
  were	
  sick	
  
because	
  I	
  didn’t	
  have	
  paid	
  sick	
  
days.	
  

I	
  work	
  at	
  a	
  factory.	
  We	
  need	
  to	
  
be	
  healthy	
  to	
  focus	
  on	
  our	
  work	
  
on	
  not	
  get	
  hurt.	
  	
  Paying	
  for	
  paid	
  
sick	
  days	
  w ill	
  cost	
  an	
  employer	
  
less	
  than	
  paying	
  for	
  an	
  accident	
  
and	
  workers	
  compensation.	
  

I	
  never	
  felt	
  comfortable	
  calling	
  
in	
  to	
  w ork	
  sick.	
  If	
  you	
  don’t	
  
have	
  someone	
  else	
  lined	
  up	
  to	
  
cover	
  your	
  shift,	
  don’t	
  bother	
  
calling.	
  You	
  just	
  go	
  in	
  sick.	
  

My	
  husband	
  got	
  sick	
  and	
  had	
  
an	
  operation.	
  He	
  felt	
  pressured	
  
to	
  go	
  back	
  to	
  work	
  before	
  he	
  
was	
  ready.	
  Some	
  time	
  after	
  
that,	
  I	
  got	
  sick.	
  Later	
  we	
  were	
  
both	
  fired	
  after	
  13	
  years.	
  

“82%	
  of	
  voters	
  in	
  Chicago	
  voted	
  for	
  paid	
  sick	
  days.	
  
That	
  speaks	
  to	
  the	
  desire	
  and	
  the	
  need	
  that	
  exists	
  for	
  paid	
  sick	
  days.”	
  	
  ~Martina	
  
www.arisechicago.org	
  

	
  

	
  	
  Arise	
  Chicago	
  	
  
Worker	
  Center	
  Members	
  on	
  Why	
  Chicago	
  Needs	
  #FairScheduling	
  

	
  	
   	
  	
   	
  	
  	
   	
  	
  	
   	
  	
  	
   	
  	
  	
   	
  	
  	
  	
   	
  	
   	
  

	
  

We	
  need	
  to	
  be	
  seen	
  not	
  just	
  as	
  
workers,	
  but	
  as	
  people,	
  as	
  
parents.	
  I	
  can’t	
  predict	
  when	
  my	
  
daughter	
  might	
  have	
  an	
  
emergency—like	
  when	
  she	
  
swallowed	
  a	
  coin.	
  I	
  need	
  
flexibility	
  to	
  care	
  for	
  her	
  without	
  
repercussions.	
  	
  

	
  	
  

I	
  was	
  expected	
  to	
  work	
  at	
  a	
  
moment’s	
  notice.	
  My	
  schedule	
  
changed	
  day	
  to	
  day.	
  	
  My	
  boss	
  
would	
  even	
  come	
  to	
  m y	
  home	
  at	
  
1	
  or	
  2am	
  pleading	
  with	
  m e	
  to	
  
come	
  to	
  work.	
  
	
  

My	
  husband’s	
  gets	
  his	
  schedule	
  
the	
  day	
  of	
  his	
  shift,	
  and	
  his	
  hours	
  
change	
  week	
  to	
  week.	
  His	
  hours	
  
even	
  change	
  during	
  work—come	
  
in	
  early,	
  leave	
  early,	
  stay	
  late.	
  
And	
  if	
  you	
  don’t	
  stay	
  late,	
  they	
  
punish	
  you	
  by	
  taking	
  you	
  off	
  the	
  
schedule	
  for	
  weeks.	
  

	
  	
  

I	
  worked	
  with	
  many	
  single	
  
mothers.	
  Not	
  having	
  set	
  days	
  or	
  
hours	
  of	
  work	
  made	
  it	
  difficult	
  for	
  
all	
  of	
  us	
  to	
  pick	
  up	
  our	
  kids	
  from	
  
school	
  or	
  plan	
  for	
  their	
  care.	
  

Arise	
  Chicago	
  Worker	
  Center	
  members	
  representing	
  car	
  wash,	
  restaurant,	
  
retail,	
  and	
  cleaning	
  industries	
  participated	
  in	
  the	
  city’s	
  first	
  Working	
  Families	
  
Task	
  Force	
  Focus	
  Group	
  discussing	
  the	
  need	
  for	
  paid	
  sick	
  days	
  and	
  fair	
  
scheduling.	
  They	
  were	
  joined	
  by	
  representatives	
  from	
  partner	
  organizations	
  
sitting	
  on	
  the	
  Task	
  Force	
  and	
  representatives	
  from	
  the	
  city	
  of	
  Chicago.	
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